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Message by Minister
It is with great pride that I present the second Multidimensional Poverty Index (MPI) Report 2019-20, a pivotal 
document that offers a comprehensive analysis of geographical deprivations in Pakistan through a multidimensional 
lens. This report is a testament to our ongoing commitment to addressing poverty in all its forms and ensuring 
that no citizen is left behind.

The MPI provides a nuanced understanding of poverty, going beyond income measures to include various 
deprivations in health, education, and living standards. By adopting this holistic approach, we are better equipped 
to identify the specific needs of our population and tailor our policies accordingly. In addition, by focusing on 
multidimensional poverty, we are taking significant steps towards fulfilling our national and international 
commitments to sustainable and inclusive development.

The findings of this report reveal critical insights into the state of poverty across Pakistan. Notably, over the years, 
the MPI reduced in rural areas but increased in urban areas. Provincial variations have reduced, nevertheless, 
there is a need for urgent targeted interventions address the unique challenges faced by different regions and 
communities. As a result, we have started an equity-based initiative initiative in the 20 poorest districts of Pakistan, 
11 belong to Balochistan, 5 to Sindh, 3 to Khyber Pakhtunkhwa, and 1 to Punjab.

I extend my heartfelt gratitude to the Poverty Committee, the provincial members of the committee, and our 
esteemed partners, including the OPHI and UNICEF, for their invaluable contributions to this report. Their 
collaboration and expertise have been crucial in providing a detailed and accurate portrayal of poverty in Pakistan.

As we move forward, the insights from the MPI Report 2019-20 will serve as a critical guide in shaping our 
poverty alleviation strategies. Our mission is to create a Pakistan where every individual, regardless of their 
socio-economic background, has the opportunity to lead a dignified and fulfilling life. This report is not just a 
reflection of our current state but a beacon for our future endeavours.

Although, data was collected in 2020, but due to problems in the data and re-estimation the report was delayed. 
However, the numbers are still valid since we will have new estimates by 2026-27. Together, we can address 
the multifaceted nature of poverty and ensure that development is inclusive, equitable, and sustainable. Let us 
continue to work collaboratively towards a Pakistan where prosperity is shared by all.

Prof Ahsan Iqbal Chaudhary
Federal Minister 
Ministry of Planning Development and Special Initiatives
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Message by Deputy Chairman
As we traverse the landscape of sustainable development, the essence of eradicating poverty in 
all its forms and dimensions stands as a paramount goal. The Multi-dimensional Poverty Report is 
a comprehensive assessment of poverty, transcending traditional monetary measurements and 
encompassing a spectrum of dimensions affecting human well-being. The report meticulously examines 
and delves into the various facets that constitute deprivation, illuminating crucial insights and pathways 
toward a more inclusive and equitable society.

This report serves as a pivotal milestone in our collective journey towards achieving the Sustainable 
Development Goals (SDGs). Its findings and analyses pave the way for informed policy decisions, 
targeted interventions, and collaborative efforts aimed at alleviating multi-dimensional poverty at its core. 
Through rigorous research, data-driven assessments, and an unwavering commitment to addressing 
societal disparities, the team has crafted a document that not only elucidates the complexities of 
poverty but also fosters a deeper understanding of the challenges ahead.

I extend my heartfelt gratitude to the dedicated team behind this report whose relentless dedication 
and expertise have culminated in this invaluable resource. Their commitment to advancing the agenda 
of sustainable development through research and analysis is commendable. This report is more than 
a publication; it signifies our shared commitment to ensuring no one is left behind. Its insights will 
undoubtedly serve as a compass guiding our efforts towards building a more resilient, inclusive, and 
prosperous future for all.

I encourage all stakeholders, policymakers, academia, civil society organizations, and individuals 
passionate about eradicating poverty to engage with this report, harness its insights, and join hands in 
our collective pursuit of a more just and equitable world.

Dr. Mohammad Jahanzeb Khan
Deputy Chairman, Planning Commission
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Message by Secretary
The Multi-Dimensional Poverty Report comprehensively assesses the various dimensions and 
complexities of poverty prevalent in Pakistan. It meticulously examines not only the monetary aspects 
but also delves into the social, health, and educational facets, providing a holistic view of poverty’s 
nuanced nature. This report stands as a testament to our unwavering commitment to eradicating 
poverty and fostering sustainable development in our nation.

The findings encapsulated within this report stem from rigorous research, extensive data analysis, 
and collaborative efforts involving stakeholders from diverse sectors. It serves as a roadmap, guiding 
our collective endeavours towards targeted interventions and policies aimed at uplifting marginalized 
communities and ensuring no one is left behind on our journey towards prosperity. This landmark 
publication stands as a testament to our collective dedication to the Sustainable Development Goals 
(SDGs) and the overarching vision of a more equitable and inclusive society. We believe that through 
informed insights, strategic planning, and concerted action, we can create meaningful change and 
empower every individual to live a life of dignity and opportunity.

Mr. Awais Manzur Sumra
Secretary 
Ministry of Planning Development and Special Initiatives
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Message by OPHI
It has been a privilege to work on Pakistan’s updated national Multidimensional Poverty Index (national MPI) in 
collaboration with the Poverty Estimation Committee, Provincial members and the SDGs section, and the Planning 
Commission, with the support of the United Nations Children’s Fund (UNICEF) Pakistan.

This report presents the first update of Pakistan’s national MPI based on the Pakistan Social and Living Standards 
Measurement Survey (PSLM) 2019-20. Pakistan’s official national MPI, which was first launched in 2016 using data 
2004/5 to 2014/15, gives a comprehensive picture of multidimensional poverty aligned with the 2030 Agenda for 
Sustainable Development, is reported as SDG indicator 1.2.2, and complements Pakistan’s national monetary poverty 
data. 

This MPI report sheds light on the multiple deprivations in health education and living standards experienced by 
the poor – nationally, by province and district as well as age cohort.  It  finds that three out of ten people in 2019-20 
are multidimensionally poor (30.5%), that each poor person is deprived in nearly half of the possible deprivations 
simultaneously (48%). The level of multidimensional poverty varies greatly across the four provinces, 28 divisions and 
127 districts. For example, across districts, the multidimensional poverty rate varies from 2.6% in Islamabad to 95.1% 
in Sherani. Such poverty is predominantly rural: 87.5% of poor people in Pakistan (60 million out of the 69 million poor 
people) live in rural areas, signaling the attention required to these areas.  Deprivations in school attendance and 
women’s education, energy, housing and services are key priorities cutting across all most regions. 

This report also tracks changes in multidimensional poverty over time from 2014/15 to 2019/20, using a harmonized 
dataset, and finds that the incidence of poverty nationally dropped by 3.2 percentage points in that five year period, and 
that there were significant reductions in all provinces except Sindh. The fastest reduction occurred in Balochistan – a 
pro-poor result.  While 2019-20 data do not reflect important subequent events including the pandemic and flooding, 
they do provide very detailed information at the district level that can still guide policy. 

In recent years Pakistan used the results of the national MPI in the fight against poverty. It is our hope that this first 
update of Pakistan’s MPI will support public action to eradicate poverty in all its dimensions, guiding the allocation of 
resources, coordinating policy and prioritising strategic and coherent multisectoral interventions that accelerate impact.

I would like to thank the Poverty Estimation Committee team for their dedication and hard work while computing the 
MPI and drafting this report and especially M Ali Kemal for his patient and excellent leadership, as well as the team 
of UNICEF Pakistan. I would also like to thank Dr Rizwan ul Haq, who led the work of the OPHI team. It has been a 
pleasure to work with this entire team and we look forward to seeing how this evidence is used for policy going forward. 

Professor Sabina Alkire
Director,
Oxford Poverty and Human Development Initiative (OPHI)



9

Message by UNICEF
UNICEF is immensely proud to launch Pakistan’s second Multidimensional Poverty Index (MPI) Report in 
partnership with the Ministry of Planning, Development & Special Initiatives.

Since the first report in 2014 by Alkire and Santos, in collaboration with UNDP, the MPI Report has come to 
be recognized globally as a key index for measuring poverty. It covers the multiple practical deprivations that 
are faced by people living in poverty and provides specific guidance to governments and other stakeholders 
to address these issues.

The report is important to UNICEF’s work as it provides critical insights into the multiple dimensions of 
poverty that affect children’s lives, including access to education, healthcare, and living standards. UNICEF 
is therefore able to use the MPI to tailor interventions to address the specific needs of children, ensuring 
they receive adequate support and opportunities to survive, thrive and reach their full potential. UNICEF 
hopes to see the estimation of poverty for children included in future iterations of the MPI Report to ensure 
an understanding of the specific challenges faced by children.

The index has been used a crucial measurement in the 2030 Sustainable Development Goals (SDGs), 
namely Goal Area 1: To End poverty in all its forms everywhere and Reduce inequalities. As such, the index 
represents a core indicator for all governments committed to achieving these goals.

Globally, the reduction in poverty since 2015 has been both uneven and insufficient to meet the SDG 
targets. According to the United Nations Statistics Division, if current trends continue, 575 million people 
globally will still be living in extreme poverty by 2030, and only one third of countries will have halved their 
national poverty levels.

In a local reflection of global trends, Pakistan overall is not on track to meet target 1.2 of the SDGs – to cut 
the incidence of the multidimensional poverty by half from 2015 to 2030. However, in a positive sign, Punjab 
is on track, and Balochistan and Khyber Pakhtunkhwa have made significant strides in reducing poverty.

Our hope is that this report will provide both guidance and motivation to reduce poverty in Pakistan, and be 
used by a wide range of stakeholders, including the Government of Pakistan, non-governmental and inter-
governmental organizations, professionals, activists and students.

Abdullah A. Fadil
UNICEF Representative, Pakistan
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Message by Head of Poverty Committee
As Chair of the Poverty Estimation Committee, I am pleased to present this comprehensive report 
aimed at evaluating and addressing the multi-dimensional aspects of poverty within the country. This 
report stands as a crucial milestone in our commitment towards achieving the Sustainable Development 
Goals (SDGs) by comprehensively understanding and tackling poverty in all its dimensions.

The report presents a meticulous analysis of various dimensions of poverty, encompassing not only 
income-based measures but also crucial socio-economic factors that influence the quality of life and 
well-being of individuals and communities across Pakistan. It identifies key areas of concern, highlights 
disparities, and offers actionable insights to inform policy-making and targeted interventions.

The collaborative efforts of the team have culminated in a document that serves as a valuable resource 
for policymakers, development practitioners, and all those committed to eradicating poverty and 
fostering inclusive growth and development.

This report signifies our collective commitment to leave no one behind and underscores the importance 
of a holistic approach towards poverty alleviation. It will serve as a guiding tool to shape policies 
and interventions that address the multi-faceted nature of poverty and contribute to building a more 
equitable and prosperous society for all.

Dr. Aliya H. Khan 
Head,
Poverty Estimation Committee
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Foreword
It is indeed pleasure to unveil Multidimensional Poverty Index estimates for the year 2019-20. The first 
report unwraps MPI estimates from 2004-05 till 2014-15. In the second report same methodology is 
adopted, though with minor changes in selection of PSLM indicators. 

MPI is district wise estimates that provides an opportunity to select deprived districts and well off 
districts and overtime improvement in it. It provides an opportunity to review the policies that if they are 
impacting the overall MPI and its dimensions.

A tangible decline in MPI to 30.5 percent (including FATA) shows efforts that aimed at socio economic 
uplifting the marginalized and vulnerable areas out of deprivation. The only worrisome component is 
increase in urban MPI, though rural MPI is declining at significant rate, though rural MPI is still higher 
than urban MPI.

It is pivotal to address the increase in urban MPI. Academia and Think tanks may examine the 
determinants of MPI, especially changes in MPI with all those macro and micro factors which are not 
included in the MPI estimation. 

Thanks to the poverty committee, provincial members of the committee, UNICEF and OPHI for giving 
technical inputs. We would appreciate UNICEF’s support in editing, designing and printing the report.

M. Ali Kemal
Chief SDGs
Ministry of Planning Development and Special Initiatives
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Executive Summary
Introduction

The main goal of the Sustainable Development Goals (SDGs), “End poverty in all its forms, everywhere,” 
recognises the importance of the Multidimensional Poverty Index (MPI) alongside other measures. In 
Pakistan, the performance of the social sector does not match with the income growth of the country, 
measured by GDP1 growth, which makes the MPI particularly relevant.

A multidimensional analysis of poverty recognises the diversity of people’s needs and can enable a 
better understanding of how best to support people to escape – or not fall into – poverty. The basis for a 
multidimensional lens can be found in the capability approach to human development, as articulated by 
Amartya Sen. Capabilities are defined as “the various combinations of functioning (beings and doings) 
that the person can achieve”, with poverty being understood as the absence of freedoms necessary to 
achieve capabilities that are fundamentally valuable. This conceptualisation of poverty is reinforced by 
the legal frameworks, obligations and moral values associated with fundamental human rights.

The current report produces the latest MPI estimates based on Pakistan Social and Living Standards 
Measurement (PSLM) 2019-20 data.

Methodology

Measurement Design

The unit of identification refers to the entity identified as poor or non-poor – usually the individual or the 
household. In the case of Pakistan’s MPI, the unit of identification is the household. Information on the 
members of a household is considered together, all of whom receive the same deprivation score. This 
acknowledges intra-household sharing and support. The unit of analysis in which results are reported 
and analysed is the individual. Pakistan’s MPI consists of three dimensions – education, health, and 
living standards – and 14 indicators all of which reflect the country’s context. Changes in the PSLM 
2019-20 necessitated changes in two indicators used in the previous MPI for Pakistan.

The weights used in this report assign 1/3 of the MPI’s total weight to each of the three core dimensions: 
education, health, and living standards. Within education, different indicators are normally weighted 
equally with some adjustments to this nested weighting structure, which are explained as follows. 
Years of schooling is weighted at 1/6 (16.67%). The other 50% of the education domain focuses on 
schooling, giving 3/4 of the weight directly to child school attendance at 1/8 (12.5%), and the remaining 
weight to the quality of that schooling, assessed by the indicator of educational quality at 1/24 (4.17%). 
Health indicators are assigned equal weights of 11.11%. Within the dimension of living standards, 
the indicators of water, sanitation, electricity, cooking fuel, assets, and land and livestock are each 
weighted at 1/21 (4.76%), while walls and overcrowding are weighted at 1/42 (2.38%) each because 
both represent different aspects of the housing component of living standards. Overall, the weights add 
up to 100%.

Alkire-Foster Methodology

Sabina Alkire and James Foster’s 2011 methodology for measuring multidimensional poverty identifies 
the extent of poverty by considering the intensity of deprivations which the poor suffer from (A), as well 
as the percentage of the population who are identified as poor (H). Mathematically, the MPI combines 
two aspects of poverty (MPI = H x A). 1) Incidence of poverty (H): the percentage of people who are 
identified as multidimensionally poor, or the poverty headcount. 2) Intensity of poverty (A): the average 
percentage of dimensions in which poor people are deprived.

Within the adjusted headcount ratio methodology, a person is categorised as poor according to the MPI 

1  Gross Domestic Product (GDP)
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(“MPI poor”) in two steps. First, they are categorised as deprived or non-deprived in each indicator, 
by considering whether their achievements exceed a deprivation cut-off. In the second step, a poverty 
cut-off is used (denoted as “k” in this study), i.e. 33.3%. This threshold is used to identify a person 
as multi-dimensionally poor.). All MPI poor individuals are then aggregated to calculate (H). With 
respect to the calculation of the intensity of poverty (denoted as A in the formula above), the weighted 
deprivation scores of all individuals categorised as multi-dimensionally poor in a country’s population 
are aggregated and then averaged.

There are two notable features of the MPI. First, it can be expressed as a product of two components: 
the share of the population who are multi-dimensionally poor, or the multidimensional headcount ratio 
(H), and the average deprivation scores among the poor, or the intensity of poverty (A). A second 
notable feature of the MPI is that, if the entire population is divided into m mutually exclusive and 
collectively exhaustive groups, the overall MPI can be expressed as a weighted average of the MPI 
values of m subgroups, where weights represent their respective population shares.

The poverty cut-off, in our estimates has been determined to be one-third of the indicators. The number 
of indicators considered is 14, and a person who is deprived in at least one-third of these weighted 
indicators is considered multidimensionally poor. A person may be considered intensely poor if they are 
deprived in at least 50% of the indicators.

Data

The data used in this report is drawn from the PSLM survey. The PSLM surveys are designed to 
provide social and economic indicators at both the provincial and district levels. The focal population 
of these surveys comprises populations in all urban and rural areas of Pakistan’s four provinces, as 
well as the capital, Islamabad, and excluding military restricted areas. The sample size for the PSLM 
surveys at the district level is approximately 195,000 households. A two-stage stratified sample design 
was adopted in these surveys.

Some adjustments were required in the 2019-20 survey due to changes to district boundaries or 
districts that could not be sampled. Additionally, some changes were necessary in the education and 
health indicators due to changes in the questions and data quality issues.

Main Results

This chapter presents the levels of deprivation and MPI results using data from the 2019-20 PSLM 
survey. It is important to note that the results represent poverty levels just before and at the onset of 
the COVID-19 pandemic.

National MPI 2019-20 Key Results

The headcount ratio (H) of multidimensional poverty is 30.5%. Since this estimate is based on a sample, 
it contains a margin of error. Thus, the data also reflects a 95% confidence interval. The intensity of 
poverty (A), which reflects the share of deprivations each poor person experiences on average – their 
average deprivation score - is 48.0%. That is, each poor person is, on average, deprived in almost 
half of the weighted indicators. Since the MPI is the product of (H) multiplied by (A), it yields a value 
of 0.146. This means that multidimensionally poor people in Pakistan experience 14.6% of the total 
deprivations that would be experienced if all people were deprived in all indicators.

70% of poor people have deprivation scores of less than 50%, whereas only 6% have a deprivation 
score greater than 70%. Around 30% of the population is poor and lives in a household deprived of 
years of schooling – as 30.5% of the population are poor that means that almost all poor people are 
deprived because either a male, or a female, or both aged 10 and above have not completed 5 years of 
schooling. High deprivations are also present in cooking fuel, assets, and education quality. Indicators 
in the health dimension are relatively lower, while deprivation in electricity tends to be the lowest.
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Uncensored headcount ratios represent the proportion of people who are deprived for each of the MPI’s 
indicators, irrespective of their poverty status. These are calculated without applying the second cut-
off criterion used to categorise an individual as multidimensional poor, i.e. whether he/she is deprived 
in one-third of the weighted indicators. More than half of the population in Pakistan are deprived in 
cooking fuel (53.9%) and gendered years of schooling (52.2%). Around one-third of the population 
is deprived in education quality, land and livestock and assets. Less than 10% of the population is 
deprived of electricity (3.9%), assisted delivery (5.6%) and ante-natal care (8.6%).

National MPI by Rural and Urban Areas

Poverty in rural areas is much higher than in urban areas – affecting 40.9% in rural areas as compared 
to 10.5% in urban areas. Although the intensity of deprivation is higher, overall, in rural Pakistan, this 
discrepancy is not nearly as great as the difference in the poverty headcount between rural and urban 
areas. Given that 87.5% of poor people live in rural areas, these should be a clear priority for poverty 
reduction programmes.

Recall that the MPI is the sum of all deprivations of all poor people. This is important for policy because 
reducing any deprivation of any poor person will reduce the MPI. When considering the weighted 
percentage contribution of each indicator, it must be borne in mind that the weights assigned to most 
of the health and education indicators are higher than those assigned to the indicators concerning 
living standards. Also, urbanites are coded as non-deprived in land and livestock, hence they have 
relatively higher contributions from other indicators. While the three dimensions are equally weighted, 
their contributions to the MPI are not equal in the data. Education is clearly the greatest contributor to 
multidimensional poverty in both urban and rural areas – contributing over 50% to MPI overall, followed 
by living standards and health. At the indicator level, the greatest contribution, in both urban and rural 
areas, arises from deprivations in years of schooling and child school attendance. Rural areas have 
additional deprivations in cooking fuel, sanitation, and immunization as compared to urban areas.

The results suggest that there should be a clear integrated strategy to reduce poverty for both urban 
and rural areas, with a focus on education. In rural areas, poverty reduction efforts should focus on 
replacing solid cooking fuel with clean energy; improving sanitation facilities; housing; assets; and land 
and livestock.

National MPI by Provinces

Multidimensional poverty is highest in Balochistan, reaching 60.2%; followed by Sindh and Khyber 
Pakhtunkhwa (KPK), at about 40%; and is lowest in Punjab, at 19%. In all four provinces, poverty in 
rural areas is significantly higher than in urban centres.

At the provincial level, the education dimension again proves to be the main contributor to MPI for all the 
provinces of Pakistan, with a contribution of around 50%. The contribution of the education dimension 
is 55% in Punjab while for Balochistan it is 48%. Within the education dimension, (gendered) years 
of schooling has the highest contribution among the indicators for all provinces. Its contribution is 
highest in Punjab (35.7%), whereas for other provinces the contribution varies from 32% to 32.6%. The 
contribution of school attendance is the lowest in Balochistan as compared to other provinces (11.4% 
as compared to 13.4%). In Balochistan and Sindh, the share of sanitation and immunization are higher 
compared to other provinces, while the share of cooking fuel is relatively higher in KPK and Punjab. For 
KPK the contribution of antenatal care is relatively higher as compared to other provinces.

Child schooling remains a recommended focus area for poverty reduction efforts. Moreover, the 
provision of clean cooking fuel seems to be a priority area all across Pakistan. For Balochistan and 
Sindh, immunization programmes for children need to be included in the list of the priority areas to 
reduce multidimensional poverty.
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National MPI by Divisions

Poverty levels across the 28 divisions vary significantly in Pakistan, ranging from 0.018 in Rawalpindi 
division to 0.489 in Mirpur Khas division. In terms of the incidence of MPI, more than 78% of people 
are poor in Mirpur Khas but only 4% in Rawalpindi.

Overall, the results follow the same trend which we observe for the provinces – Balochistan is the 
poorest followed by Sindh while among the least poor divisions, the majority are from Punjab province 
followed by KPK. Four of the five poorest divisions belong to Balochistan while five of the poorest ten 
divisions are from Sindh. There is also great disparity in Sindh: the Karachi division is also in Sindh, 
and it is among the five least poor divisions in Pakistan.

We observe some regularities, whereby the least poor divisions had a similar indicator composition, and 
the poorest divisions were also similar to each other. We, however, find that some indicator priorities 
vary between divisions with very similar poverty levels.

In total, there are 69 million poor people in Pakistan. Punjab is the most populated province in the 
country while Balochistan is the least and the divisions in each of these provinces follow this pattern. 
Among all the poor in Pakistan, more than 50% reside in the top eight divisions. Four out of these eight 
divisions are from Punjab; three are from Sindh; one is from KPK; and none are from Balochistan. 
The poorest division in Pakistan in terms of the number of poor people is D.G. Khan where around 
6.2 million people are poor, followed by Hyderabad (around 5.9 million) and Bahawalpur (more than 5 
million).

National MPI by District

A total of 127 districts were covered by the 2019-20 survey. The range of levels of poverty across 
Pakistan could not be wider. District poverty levels range from 2.6% in Islamabad to 95.1% in Sherani, 
making visible the incredible disparity between areas. Note however that due to smaller sample sizes, 
the confidence intervals are quite large for most of the poorest districts in Pakistan. The ten poorest 
districts belong to Balochistan and Sindh, while the least poor districts mainly belong to Punjab, 
especially districts from north and centre of the province. The situation in Balochistan is very grave as 
the least poor districts in the province are Gawadar with around 32% poor people followed by Quetta, 
the provincial capital, with around 42% poor people. The newly merged districts in KPK province, 
previously known as the Federally Administered Tribal Areas (FATA), show significant variation in the 
incidence of poverty, ranging from 87.4% in Bajaur to 55.4% in Kurram.

The patterns observed at the division level can be seen at the district level as well; education, especially 
years of schooling, proved to be the main contributor across all districts. The relative contributions of 
the ‘health and living standards’ dimension increased for the poorest districts.

Changes in Multidimensional Poverty Over Time

Both data sets were harmonized to accurately determine the changes over time. The analysis 
uses the same geographic areas and indicator definitions as the PSLM 2014-15 data set to ensure 
synchronization.  The harmonised MPI – which exactly matches the specifications in PSLM 2014-15 
– is a bit lower (0.141 instead of 0.146) as is the national headcount ratio (29.6% instead of 30.5%).

Changes in the Multidimensional Poverty Index and its Components Over Time

It is evident that MPI, (H) and (A) significantly declined by a modest amount over five years. The MPI 
reduced from 0.162 to 0.141 (0.021), while the headcount ratio (H) fell by 3.2 percentage points, from 
32.8% to 29.6%. Intensity (A) fell by 1.6 percentage points – from 49.4% to 47.8%. The MPI, Incidence 
(H) and Intensity (A) all showed a statistically significant decline with a 1% level of significance. Similar 
trends are observed across provinces, i.e., decreasing MPI, (H), and (A), with the exception of MPI 
and (H) in Sindh. We note also that Balochistan was the poorest province and had the fastest absolute 
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reduction – a positive finding. KPK was next then Punjab. However, Sindh, which was less poor than 
KPK in 2014, had no significant reduction in MPI and is now the 2nd poorest province.

SDG target 1.2 aims to cut the incidence of the MPI by half within 15 years, from 2015 to 2030. To 
achieve this aim, the incidence would need to fall from 32.8% in 2014-15 to 16.4% in 2029-30. And 
the MPI value would need to fall from 0.162 to 0.081. The national reductions are not on track to halve 
poverty in 15 years by either MPI, (A), or (H) values, with the exception of Punjab. However, looking 
at MPI values, both KPK and Balochistan, as well as Punjab, are on track to halve their values in 
15 years. This is because the MPI considers a reduction of intensity among the poor in addition to a 
reduction in incidence.

In rural areas, all three components of the MPI experienced statistically significant reductions (at one 
percent level of significance). On the other hand, in urban areas the MPI values and incidence had 
no statistically significant change and appear clearly to not have declined, whereas intensity declined 
by 1.5%. The urban trends must be interpreted alongside the population share, which increased from 
34.9% to 37%, driven by migration; the migration of poor households to urban areas can impact poverty 
patterns. A statistically significant decline in the MPI, incidence and intensity are observed in the rural 
areas for Balochistan, Punjab and KPK provinces. In Sindh, MPI declined but it is not statistically 
significant, and neither is the increase in incidence. On a positive note, the reduction in poverty intensity 
in Sindh is statistically significant. In urban areas, results are similar for Balochistan and KPK in that all 
values are statistically insignificant at one, five and ten percent levels of significance although by point 
estimates MPI and incidence declined while intensity increased (all insignificantly). An insignificant 
increase in MPI and incidence is observed in Punjab, but the decrease in intensity is statistically 
significant. Statistically significant increases in the MPI, incidence and intensity are observed in Sindh. 
In terms of population shares, the patterns nationally are by and large mirrored in the provinces.

Changes in National Censored Headcount Ratios

Censored headcount ratios measure the percentage of people who are both multidimensionally poor 
and who are deprived in each indicator. Generally, trends indicate that censored headcount ratios 
have significantly declined over time in 11 indicators, including in relation to sanitation, overcrowding, 
antenatal care, clean energy, solid cooking fuel use, immunisation and years of schooling (which reflects 
improvements in gender equity as well). Two indicators, water and land & livestock, had no significant 
change, and educational quality deprivations increased. In terms of education quality, deprivations for 
children aged 4-16 increased visibly and significantly.

In the rural areas, there is a stark increase in the education quality deprivations, along with a slight 
increase in land and livestock deprivations among poor people. It is true that education quality has 
shown an enormous deterioration in the number of poor people in urban areas deprived in the indicator. 
However there have also been significant increases in deprivations related to school attendance and 
years of schooling.

Changes in National Uncensored Headcount Ratios

Uncensored headcount ratios represent the proportion of people who are deprived in all of the MPI’s 
indicators, irrespective of whether they are multidimensionally poor or not. Improvements are evident 
in most of the indicators over time. Overcrowding, sanitation and cooking fuel are the indicators that 
have the greatest absolute reduction in terms of uncensored headcount ratios. On the other hand, 
education quality, years of schooling, and land and livestock show an increase in the proportion of 
people deprived in these indicators. As seen above, there were reductions in these indicators among 
the poor – which is a positive development – but there are significant increases in deprivations among 
the non-poor.
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Changes in MPI Over Time in Divisions and Districts

Out of 28 divisions, 23 have experienced a decline in MPI, while the decline is significant for 13 
divisions. Karachi is the only division in Pakistan that has observed a significant increase in MPI value. 
Sibi had the biggest significant decline followed by D.I. Khan, Nasirabad, and Larkana. In Punjab, apart 
from Lahore and D.G. Khan all divisions have shown a significant reduction in MPI values, while in KPK 
and Sindh, only one division each has shown a significant decline. Overall, the trend partly favours the 
poor regions.

Changes over time analysis is possible for 110 districts. In total 33 districts in Pakistan showed a 
significant decline in MPI (an additional 54 had an insignificant decrease), while a significant increase 
may be observed in 6. D.G. Khan is the only district where MPI neither increased nor decreased. 
Between 2014-15 and 2019-20 of the 33 districts with a significant decrease in the MPI, 13 were in 
Punjab, 10 were in Balochistan, seven were in KPK, and three were in Sindh.

Changes in Incidence Over Time in Divisions and Districts

Only 10 divisions have a significant decline in the poverty rate or incidence of multidimensional 
poverty. Results for the incidence of poverty at the division level in Pakistan are largely the same 
as we observed for the MPI. However, unlike MPI, there is no significant reduction in incidence for 
Larkana and Nasirabad. Karachi is the only division with a significant increase in incidence. In Punjab 
all divisions except DG Khan and Lahore have a significant decrease while for other provinces, the 
results are more mixed.

Among the districts, 83 have shown a decline in the incidence of poverty of which 28 are statistically 
significant (13 from Punjab, seven from Balochistan, six from KPK, and two from Sindh). For 27 
districts there was an increase in the incidence of the MPI. between 2014-15 and 2019-20, which 
was significant for only 4 districts - two each from Sindh (Karachi and Shaheed Benazirabad) and 
Balochistan (Khuzdar and Kalat).

Changes Over Time in Number of Poor People

In Pakistan, the number of poor people has decreased by 3.6 million between 2014-15 and 2019-20. 
In terms of changes in the number of poor people at the provincial level in Pakistan, in Punjab the 
number of poor people has reduced by 5.2 million, whereas in other provinces, the population of poor 
people has increased. The highest increase in number of poor people (0.69 million) was in Balochistan, 
followed by Sindh (0.48 million) and KPK (0.36 million) during the reference period. In Punjab the poor 
population has decreased in all but one division, while for KPK three divisions have experienced a 
decrease in the number of poor people. For both Sindh and Balochistan, the number of poor people 
decreased in two divisions in each province.

Conclusions

This report serves two primary purposes. First, it provides a detailed snapshot of the situation around 
multidimensional poverty in Pakistan. Second, it is a policy tool that should be used for monitoring to 
support sustainable poverty reduction in the long run by ensuring the accurate targeting of vulnerable 
groups, and by guiding budget allocations. The overall objective is to meet SDG target 1.2, which 
requires the reduction of poverty in all its dimensions by at least by half by 2030.

Our hope therefore is that students, journalists, and civil servants will use the data from this MPI report 
to develop participatory action plans in which poor people are empowered to escape poverty, and 
sustainable solutions are implemented. Naturally, the underlying hope is that, using the evidence and 
data on poverty in Pakistan, with commitment and dedication, poverty reduction will accelerate so that 
the next update of the MPI shows even larger reductions.
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Chapter 1 Introduction
The main goal of the Sustainable Development Goals (SDGs), “End poverty in all its forms, everywhere,” 
recognises the importance of the Multidimensional Poverty Index (MPI) alongside poverty indicators 
such as those based on national definitions and extreme poverty ($(PPP2) 2.15/Day). In Pakistan, the 
performance of the social sector does not match with the income growth of the country, measured by 
GDP3 growth. Therefore, the MPI estimates are pertinent for long term. 

Multidimensional poverty, which was estimated for the first time in 2014-15 in Pakistan, encompasses 
a variety of indicators which relate to the deprivations experienced by poor people in their daily lives – 
such as poor health, lack of education, and inadequate living standards. There has been a downwards 
trend among the three components and the overall index since 2004-05. This data started a new 
debate on poverty that arises from a misperception about poverty measures. The fact that Pakistan’s 
MPI and its incidence is higher than the Cost of Basic Needs (CBN) based poverty index, and that 
MPI data are available at the district level, make it superior. Nevertheless, the MPI also supports CBN 
poverty reduction, because better health, education and productivity are the essential determinants of 
monetary poverty reduction in the long run. Both measures complement each other, and CBN based 
poverty estimates remain a core outcome indicator of poverty.

A multidimensional analysis of poverty recognises the diversity of people’s needs – from health outcomes 
to political freedoms. This approach can enable a better understanding of how best to support people 
to escape – or not fall into – poverty. It can facilitate better targeting of interventions by enabling them 
to account for both the variety of deprivations people face as well as long- and short-term needs.

The basis for a multidimensional lens can be found in the capability approach to human development, as 
articulated by Amartya Sen. Capabilities are defined as “the various combinations of functioning (beings 
and doings) that the person can achieve”. Poverty is therefore understood as capability deprivations; 
the absence of freedoms necessary to achieve capabilities that are fundamentally valuable for human 
dignity. However, not all of the dimensions identified by Sen are incorporated in the MPI.

This conceptualisation of poverty is reinforced by the legal frameworks, obligations and moral values 
associated with fundamental human rights, which are themselves multidimensional. Human rights 
encompass the right to a reasonable standard of living, food, housing, health, education, and social 
security, as well as the right to take part in cultural, civil and political life, including the rights to freedom 
of association, assembly and expression.

Adopting the capability approach, therefore, not only introduces a range of dimensions that can be 
targeted by development programmes but also highlights how the delivery of anti-poverty strategies 
can contribute to the realisation of rights and changes to other dimensions of poverty. The meaningful 
participation of people living in poverty in the development process can fulfil people’s right to self-
determination. Supporting transparent budgetary and other governmental processes is consistent with 
the freedom to seek, receive and impart information. Development interventions can impact multiple 
dimensions of poverty – dimensions that should be better understood to maximise their impact for the 
people being left furthest behind.

The current report produces the latest MPI estimates based on Pakistan Social and Living Standards 
Measurement (PSLM) 2019-20 data. The estimates cannot be directly compared with the 2014-15 
data, in part due to different coverage. In particular, in the 2019-20 data the Federally Administrated 
Tribal Areas (FATA) and their component districts are presented as part of the province of Khyber 
Pakhtunkhwa (KPK) with which it merged in 2018; the 2019-20 data also include Kech/Turbat but not 
some other districts as detailed in Section 1.3. Furthermore, adjustments to two indicators (access to 
health care and educational quality) were required in computing the recent estimates of MPI and to 
compare them across time (details in Section 1.3 below). This is essential to compute robust estimates.

2  Purchasing Power Parity (PPP)
3  Gross Domestic Product (GDP)
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Chapter 2 contains the main results which show that the current MPI is 30.5%. Chapter 3 contains 
a harmonised comparison between the MPI estimates of 2014-15 and 2019-20, which shows the 
continuous declining trend.

Methodology
The Alkire-Foster (2011) method is used to construct and estimate MPI. This chapter outlines the 
report’s methodology, describes the MPI and its relevant properties, and presents the data used for its 
derivation. Examples and figures in this chapter are based on PSLM 2019-20 data unless otherwise 
specified.

1.1   Measurement Design
 
This report is the second national MPI report for Pakistan, whereas the first MPI report was launched 
in 2016 based on PSLM 2014-15 data. The selection of the dimensions, indicators, deprivation cut-offs 
and weights of Pakistan’s MPI were based on thorough discussions and provincial consultations with 
government officials, academics, civil society organisations and experts in the field. The report consists 
of a set of dimensions, indicators, and cut-offs that reflect the government’s priorities as expressed 
in the National Plans, and which can be implemented using the PSLM survey dataset. This section 
elaborates on the choice of these parameters.

1.1.1   Unit of Identification and Analysis

The unit of identification refers to the entity identified as poor or non-poor – usually the individual or 
the household. In the case of Pakistan’s MPI, the unit of identification is the household. Information on 
the members of a household is considered together, resulting in the same deprivation score for each 
member. This approach acknowledges intra-household sharing and support; for example, educated 
household members reading to others, or multiple members being affected by the severe health 
conditions of a single household member. In addition, this allows the measure to include indicators 
that are specific to certain age groups or genders, for instance, school attendance, or antenatal care.

The unit of analysis in which results are reported and analysed is the individual. This means that, for 
example, the headcount ratio denotes the percentage of people who are identified as poor, rather than 
the percentage of households identified as poor, thereby valuing each citizen equally.

1.1.2   Dimensions, Indicators and Cut-Offs

Pakistan’s MPI consists of three dimensions – education, health, and living standards – and 14 
indicators. It builds upon the global MPI, retaining the same three core dimensions. The choice of 
indicators reflects the country’s context and priorities, as well as the data available in the PSLM surveys. 
In total, 14 indicators are used in this national index, of which 7 indicators are the same as those used 
in the global MPI.

Ideally the questions used for the official national MPI should not change between survey waves. 
However, changes in the PSLM 2019-20 necessitated changes in two indicators used in the previous 
MPI for Pakistan. The former indicator of access to health facilities had to be dropped, and the definition 
of ‘educational quality’ was adjusted to improve the accuracy; these are described in Section 1.3 
below. Due to changes in these two indicators the 2019-20 results are not directly comparable to those 
of 2014-15, hence, Chapter 3 presents the strictly harmonised and rigorous analyses of change.
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1.1.3   Weights

The weights used in this report assign 1/3 of the MPI’s total weight to each of the three core dimensions: 
education, health and living standards. Within education, different indicators are normally weighted 
equally with some adjustments to this nested weighting structure, which are explained as follows. 
Years of schooling is weighted at 1/6 (16.67%). The other 50% of the education domain focuses on 
schooling, giving 3/4 of the weight directly to child school attendance at 1/8 (12.5%), and the remaining 
weight to the quality of that schooling, assessed by the indicator of educational quality at 1/24 (4.17%). 
Health indicators are assigned equal weights of 11.11%. Within the dimension of living standards, 
the indicators of water, sanitation, electricity, cooking fuel, assets, and land and livestock are each 
weighted at 1/21 (4.76%), while walls and overcrowding are weighted at 1/42 (2.38%) each because 
both represent different aspects of the housing component of living standards. Overall, the weights add 
up to 100%.

1.2   Alkire-Foster Methodology
The global MPI, developed by Alkire and Santos (2010, 2014) in collaboration with UNDP4 , first appeared 
in the 2010 Human Development Report. It represents one particular adaptation of the adjusted 
headcount ratio (M_0) proposed by Alkire and Foster (2011) and elaborated by Alkire, Foster, Seth, 
Santos, Roche and Ballon (2015). This section outlines the methodology and its relevant properties 
used in the subsequent sections of this report to understand changes in multidimensional poverty in 
Pakistan.1.2.1   The Multidimensional Poverty Index: An Adjusted Headcount Ratio Within the adjusted 
headcount ratio methodology, a person is categorised as poor according to the MPI (“MPI poor”) in two 
steps. First, they are categorised as deprived or non-deprived in each indicator, by considering whether 
their achievements exceed a deprivation cut-off. The deprivation cut-off represents the minimum level 
of achievement someone must show to be considered non-deprived in each MPI indicator. Based on 
this cut-off, a deprived individual receives a score of 1 while those who are not deprived receive a 
score of 0. These scores are multiplied by the weights previously assigned to each indicator, and then 
summed up to calculate the individual’s weighted deprivation score across all indicators.

In the second step, a second cut-off is used. This is the poverty cut-off (denoted as “k” in this study), 
i.e. 33.3%. This threshold is used to identify a person as multi-dimensionally poor. Hence, those 
individuals whose weighted deprivation scores are equal to or greater than 33.3% will be identified as 
multi-dimensionally poor. While those whose score does not exceed 33.3% will be identified as non-
poor. These cut-off rates are described in more detail below.

All individuals categorised as MPI poor according to the dual cut-off methodology are then aggregated 
to calculate the poverty headcount ratio (denoted as H in the formula above). With respect to the 
calculation of the intensity of poverty (denoted as A in the formula above), the weighted deprivation 
scores of all individuals categorised as multi-dimensionally poor in a country’s population are aggregated 
and then averaged.

Finally, the value of the headcount (H) and intensity (A) of poverty are multiplied to calculate the MPI, 
as illustrated in the formula above.

4  United Nations Development Programme (UNDP)
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Table 1: Pakistan’s National MPI - Indicators, Deprivation Cut-Offs, and Weights

Dimension Indicator Deprivation Cut-off Weights

Education

Years of schooling
Deprived if no man OR no woman in the household 
above 10 years of age has completed 5 years of 
schooling

1/6 = 16.67%

Child school 
attendance

Deprived if any school-aged child is not attending 
school (between 6 and 11 years of age) 1/8 = 12.5%

Educational quality
Deprived if any child is not going to school because 
of quality issues (not enough teachers, schools 
are far away, too costly, no male/female teacher, 
substandard schools)

1/24 = 4.17%

Health

Immunisation

Deprived if any child under the age of 5 is not fully 
immunised according to the vaccinations calendar 
(households with no children under 5 are considered 
non-deprived)

1/9 = 11.11%

Antenatal care
Deprived if any woman in the household who has 
given birth in the last 3 years did not receive antenatal 
check-ups (households with no woman who has given 
birth are considered non-deprived)

1/9 = 11.11%

Assisted delivery

Deprived if any woman in the household has given 
birth in the last 3 years attended by untrained 
personnel (family member, friend, traditional birth 
attendant, etc.) or in an inappropriate facility (home, 
other) (households with no woman who has given birth 
are considered non-deprived)

1/9 = 11.11%

Standard of 
Living

Water

Deprived if the household has no access to an 
improved source of water according to MDG  standards, 
considering distance (less than a 30-minute return 
trip): tap water, hand pump, motor pump, protected 
well, mineral water

1/21 = 4.76%

Sanitation
Deprived if the household has no access to adequate 
sanitation according to MDG5 standards: flush system 
(sewerage, septic tank and drain), privy seat

1/21 = 4.76%

Walls Deprived if the household has unimproved walls (mud, 
uncooked/mud bricks, wood/bamboo, other) 1/42 = 2.38%

Overcrowding Deprived if the household is overcrowded (4 or more 
people per room) 1/42 = 2.38%

Electricity Deprived if the household has no access to electricity 1/21 = 4.76%

Cooking fuel
Deprived if the household uses solid cooking fuels 
for cooking (wood, dung cakes, crop residue, coal/
charcoal, other)

1/21 = 4.76%

Assets

Deprived if the household does not have more than 
two small assets (radio, TV, iron, fan, sewing machine, 
video cassette player, chair, telephone, watch, air 
cooler, bicycle) OR no large asset (refrigerator, air 
conditioner, tractor, computer, motorcycle), AND has 
no car.

1/21 = 4.76%

Land and livestock 
(only for rural 

areas)

Deprived if the household is deprived in land AND 
deprived in livestock, that is: 

a) Deprived in land: the household has less than 2.25 
acres of non-irrigated land AND less than 1.125 acres 
of irrigated land

b) Deprived in livestock: the household has less than 2 
cattle, fewer than 3 sheep/goats, fewer than 5 chickens 
AND no animal for transportation (urban households 
are considered non-deprived)

1/21 = 4.76%

5  Millenium Development Goals (MDG)
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1.2.2   Properties of the Multidimensional Poverty Index

This section outlines some of the features of the MPI that are especially useful for policy analysis. The 
first is that the MPI can be expressed as a product of two components: the share of the population who 
are multi-dimensionally poor, or the multidimensional headcount ratio (H), and the average deprivation 
scores among the poor, or the intensity of poverty (A).

This feature of the MPI has interesting policy implications for inter-temporal analysis. All reductions 
in the MPI occur because some deprivation experienced by a person categorised as ‘poor’ has been 
solved. A certain reduction in the MPI may manifest either as a reduction of H (if removing a certain 
deprivation means that the person is no longer poor) or by reducing A (if removing this deprivation 
means that the person is still MPI poor but now experiences fewer deprivations). This difference cannot 
be understood merely by looking at the MPI’s overall value. If a reduction in the MPI occurs merely by 
reducing the number of people who are marginally poor, then H decreases but A may not. On the other 
hand, if a reduction in the MPI occurs by reducing the deprivation experienced by the poorest of the 
poor, then A decreases, but H may not.

A second notable feature of the MPI is that, if the entire population is divided into m mutually exclusive 
and collectively exhaustive groups, the overall MPI can be expressed as a weighted average of the 
MPI values of m subgroups, where weights represent their respective population shares.

This feature, also known as “subgroup decomposability”, is useful for understanding the contribution of 
different subgroups to overall poverty levels.6  It is essential to note that the contribution of a subgroup 
to overall poverty depends both on the poverty level of that subgroup and on the subgroup’s population 
share. Relevant population subgroups in Pakistan include populations in rural/urban areas, provinces 
and districts, as well as demographic groups.

Breaking down poverty in this way allows a closer analysis of multidimensional poverty, one which 
clearly reveals each indicator’s contribution to poverty, as well as the changes in these contributions 
over time. It identifies the regions and groups which are the poorest and determines whether they have 
‘caught up’ or ‘fallen behind’ over time.

1.2.3   Poverty and Deprivation Cut-Offs

As discussed above, thresholds are used to decide whether a person is multidimensionally poor, using 
the Alkire-Foster measurement framework. This involves: (a) a deprivation cut-off for each indicator, 
where a person is considered deprived in each indicator if their score falls below the cut-off; and (b) a 
cross-indicator cut-off (or poverty cut-off), where a person is identified as poor if the weighted sum of 
their deprivations meets or exceeds the poverty cut-off.

6  See Foster, Greer and Thorbecke (1984) for a discussion of this aspect of the MPI.

Sabina Alkire and James Foster’s methodology for measuring multidimensional poverty 
identifies the extent of poverty by considering the intensity of deprivations which the poor 
suffer from (A), as well as the percentage of the population who are identified as poor (H). 
Mathematically, the MPI combines two aspects of poverty:

MPI = H x A

1) Incidence of poverty (H): the percentage of people who are identified as multidimensionally 
poor, or the poverty headcount.

2) Intensity of poverty (A): the average percentage of dimensions in which poor people are 
deprived.
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The poverty cut-off, in our estimates has been determined to be one-third of the indicators. The number 
of indicators considered is 14, and a person who is deprived in at least one-third of these weighted 
indicators is considered multidimensionally poor. A person may be considered intensely poor if they 
are deprived in at least 50% of the indicators. We assess the robustness of Pakistan’s MPI in terms of 
changes in the poverty cut-off and in the weights of indicators (See Appendix-A).

1.3   Data
The data used in this report is drawn from the PSLM survey. The PSLM surveys are designed to 
provide social and economic indicators at both the provincial and district levels.7 The focal population 
of these surveys comprises populations in all urban and rural areas of Pakistan’s four provinces, as 
well as the capital, Islamabad, and excluding military restricted areas. The sample size for the PSLM 
surveys at the district level is approximately 195,000 households. A two-stage stratified sample design 
was adopted in these surveys.

The PSLM project was initiated in 2004 continued until 2015 as the main source of information for 
tracking Pakistan’s progress on the Millennium Development Goals (MDGs). After the adoption of the 
Sustainable Development Goals (SDGs) in 2015, the questionnaire was amended and some of the 
sections were modified. Furthermore, the sampling frame was updated based on the 2017 census 
of Pakistan and the updated version was used for the PSLM 2019 survey. This led to a five-year gap 
between the last two waves of the PSLM survey.

Some adjustments are required due to changes to district boundaries or districts that could not be 
sampled. We address these three issues: boundary changes, districts that were excluded in 2014-15 
and districts that were excluded in 2019-20 in the following way:

1. Three districts, Sohbatpur, Shaheed Sikandarabad, and Duki, were created from larger 
previous districts. These are listed in the 2019-20 results tables but were re-combined 
manually into the 2014-15 districts (Jafarabad, Kalat, and Loralai) in order to assess trends 
over time.

2. Furthermore, in 2014-15 the then extent areas of FATA were not included in the PSLM. 
However, in 2019-20 the data for FATA and its component districts are presented as part 
of the province of KPK with which it merged in 2018. The comparison over time does not 
include these districts.

3. Data were not available for Kech/Turbat in 2014-15 but are available in 2019-20, so these 
data are included in 2019-20 results tables, but not in comparisons over time.

4. Data were not available for Chagai, Jhal Magsi, Musakhel and Zhob districts in 2019-20 
(these were available in 2014-15). Hence these are not present in 2019-20 district level 
results nor in the harmonised trends over time. Divisional and provincial results in both 
cases are the population-weighted average of the remaining districts.

Furthermore, as detailed above, two indicator changes were necessary in the 2019-20 MPI. First, 
in the education dimension, the indicator of educational quality had to change due to changes in 
questions in the recent survey, which made it impossible to construct the indicator included in the 
previous report. Recall that the education quality indicator assesses the reason that children aged 4 to 
16 are not attending school. It covers a wider age range than the school attendance indicator (which 
covers children aged 11-16). In PSLM 2014-15 there were two sets of questions capturing the quality 
of education. The first occurred in section C (education status) and second in section J (benefits from 
services and facilities).

In section J the respondent was asked, for a number of services, “How many times do you use this 
service usually?” One of the services included in the list was ‘school’. In the question it was not clear 

7  More details can be obtained at: http://www.pbs.gov.pk/content/pakistan-social-and-living-standards-measurement.
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whether the desired response would be based on the respondent’s own experience, or on the overall 
experience of all children in the household. In PSLM 2019-20 the category ‘school’, was replaced 
by three categories – primary, middle and high school. The change made it impossible to construct 
a comparable indicator. We therefore discarded responses from section J in the quality of education 
indicator in 2019-20.

For PSLM 2014-15, in section C, there were two questions related to the quality of education. The first 
question stated, “Did (Name) have any problems(s) with educational institution/school?” If the answer 
was yes, the respondent indicated the type of problems. In PSLM 2019-20, this question was missing. 
As a consequence, this question could not be used for the quality of education indicator in 2019-20.

In PSLM 2014-15, the second question from section C was, “Why is (Name) not currently attending/
never attended an educational institute?” In PSLM 2019-20, however, two separate questions were 
included to capture related information. The first question related to those children who had never 
attended school and asked, “Why didn’t (Name) ever attend school/institution?” The second question 
pertained to those who previously attended but later left school and asked, “Why did (Name) leave 
school/institution?” The response structure for these two questions was identical to the PSLM 2014-15. 
The MPI had defined a household to be deprived if any children never attended school or left school 
because the school was ‘too expensive’, ‘too far away’ ‘substandard’ or had a ‘shortage of female/male 
teachers’. Therefore, only these last questions could be used for the construction of the ‘education 
quality’ indicator. The weight of the education quality indicator – 1/24, or 1/8 the total weight of the 
education dimension – remained unchanged. However, as will be discussed below, deprivations in this 
indicator increased considerably.

Additionally, the previous national MPI’s health dimension included an indicator of access to health 
facilities. The current MPI is not able to include this indicator due to data quality issues found in the 
responses owing to the subjective nature of the questions on which the indicator was based. The 
weight of the health dimension is unchanged in that it still obtains the same one-third of the total weight. 
However, the weights of the indicators in the health dimension have been reweighted and are now 
assigned equal weights.
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Chapter 2   Main Results
This chapter presents the levels of deprivation and MPI results using data from the 2019-20 PSLM 
survey. It is important to note that the results represent poverty levels just before and at the onset of 
the COVID-19 pandemic. Global projections have indicated that poverty levels will have increased due 
to the effects of the pandemic – with worst case scenario simulations projecting a reversal of poverty 
levels to what they were almost 10 years ago.8 The subsequent flooding in Pakistan will also have 
exacerbated poverty in affected areas.

The chapter begins with an account of the level of multidimensional poverty nationally, followed by its 
composition by indicator, presented using censored headcount ratios, which focus on deprivations of 
the poor. Later it presents the uncensored headcount ratios which provide an overview of the spread 
of deprivations among the entire population irrespective of people’s poverty status. Finally, we discuss 
the contribution of each deprivation to the overall poverty level, indicating key policy focus areas for 
future poverty-reduction efforts.

2.1   National MPI Key Results
Figure 1 outlines MPI for 2019-20, as well as the value of its components: the proportion of people 
identified as multi-dimensionally poor (H) and the intensity of poverty (A). As the table shows, the 
headcount ratio (H) of multidimensional poverty is 30.5%. Since this estimate is based on a sample, 
it contains a margin of error. Thus, the table also reflects a 95% confidence interval, which may be 
interpreted as indicating that we are 95% confident that Pakistan’s true multidimensional poverty 
headcount ratio is between 29.6% and 31.4% of the population.

The intensity of poverty (A), which reflects the share of deprivations each poor person experiences 
on average – their average deprivation score - is 48.0%. That is, each poor person is, on average, 
deprived in almost half of the weighted indicators.

Since the MPI is the product of (H) multiplied by (A), it yields a value of 0.146. This means that 
multidimensionally poor people in Pakistan experience 14.6% of the total deprivations that would be 
experienced if all people were deprived in all indicators.

Figure 1: Incidence, Intensity and Multidimensional Poverty Index (MPI) – 2019-20

30.5% 48.0% 0.146

(H)

(A)

Source: Authors’ calculations based on data from the 2019-20 PSLM survey

8  UNDP and OPHI 2020, 1- Overall, Covid-19 may set progress back 3-10 years.
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Figure 2 shows the percentage of poor people who have deprivation scores of different levels. It is 
clear from the figure that 70% of poor people have deprivation scores of less than 50%, whereas only 
6% have a deprivation score greater than 70%.

Figure 2: Intensity Gradient Among the Poor in Pakistan

10%

23%

30%

33%-39.99%
40%-49.99%
50%-59.99%
60%-69.99%
70%+

06%

31%

Source: Authors’ calculations based on data from the 2019-20 PSLM survey

But how are people poor? What deprivations do they experience? Figure 3 shows the censored 
headcount ratios – the percentage of the population who are poor and deprived in each indicator. 
Around 30% of the population is poor and lives in a household deprived of years of schooling – as 
30.5% of the population are poor that means that almost all poor people are deprived because either 
a male, or a female, or both aged 10 and above have not completed 5 years of schooling. High 
deprivations are also present in cooking fuel, assets, and education quality. Indicators in the health 
dimension are relatively lower, while deprivation in electricity tends to be the lowest.

Figure 3: Censored Headcount Ratios in Pakistan

      
Source: Authors’ calculations based on data from the 2019-20 PSLM survey
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We next consider deprivations in each indicator that are experienced by both poor and non-poor people. 
These are reflected in the uncensored headcount ratios, which are presented in Figure 4. Uncensored 
headcount ratios represent the proportion of people who are deprived for each of the MPI’s indicators, 
irrespective of their poverty status. These are calculated without applying the second cut-off criterion 
used to categorise an individual as multidimensional poor, i.e. whether he/she is deprived in one-third 
of the weighted indicators. The results capture the deprivation experiences of the entire population, 
poor and non-poor. They fail to account for the experience of multidimensional poverty and thus do not 
provide the necessary information for policy efforts focused for the poor. However, they can be useful 
to indicate if certain issues plague the population more globally.

More than half of the population in Pakistan are deprived in cooking fuel (53.9%) and years of schooling 
(52.2%). Around one-third of the population is deprived in education quality, land and livestock and 
assets. Less than 10% of the population is deprived of electricity (3.9%), assisted delivery (5.6%) and 
ante-natal care (8.8%).

Figure 4: Uncensored Headcount Ratios in Pakistan

Source: Authors’ calculations based on data from the 2019-20 PSLM survey

2.2  National MPI by Rural and Urban Areas
Figure 5 presents the headcount ratio (H) and the intensity of poverty (A) for urban and rural areas. 
Poverty in rural areas is much higher than in urban areas – affecting 41.9% in rural areas as compared 
to 10.5% in urban areas. Although the intensity of deprivation is higher, overall, in rural Pakistan, this 
discrepancy is not nearly as great as the difference in the poverty headcount between rural and urban 
areas. It is worth noting, moreover, that a little less than two-thirds of Pakistan’s population of 225 
million9 live in rural areas, while 87.5% of poor people (60 million out of 69 million) live in rural areas 
suggesting that these areas should be a clear priority for poverty reduction efforts going forward.

9  Population numbers are based on UN population estimates (UNPD, 2022) and weighted sample of PSLM 2019-20.
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Figure 5: Multidimensional Poverty by Rural/Urban Areas, 2019-20

National 30.5% 48.0% 0.146

Rural 41.9% 48.7% 0.204

Urban 10.5% 42.9% 0.045

(H)

(A)

Source: Authors’ calculations based on data from the 2019-20 PSLM survey

To better understand the level of poverty and how it can be reduced, we now analyse the contribution 
of all 14 indicators to the MPI. The indicators that carry higher weights will have relatively higher 
contributions given their censored headcount ratios. Recall that the MPI is the sum of all deprivations of 
all poor people – so it is the weighted sum of all censored headcount ratios. This is important for policy 
because reducing any deprivation of any poor person will reduce the MPI.

Figure 6 presents the weighted percentage contribution of each indicator to illustrate the composition 
of multidimensional poverty at the national level, and in rural and urban areas. It must be borne in 
mind that the weights assigned to most of the health and education indicators are higher than those 
assigned to the indicators concerning living standards. Also, urbanites are coded as non-deprived in 
land and livestock, hence they have relatively higher contributions from other indicators.

As all three core dimensions (education, health, and living standards) are equally weighted, one might 
expect their three indicator sets to contribute relatively equally to multidimensional poverty. However, 
this is not the case.

Figure 7 also reveals different profiles for urban and rural poverty. In terms of dimensions, education 
is clearly the greatest contributor to multidimensional poverty in both areas – contributing over 50% to 
MPI overall, followed by living standards and health. The education dimension in urban areas, however, 
contributes around two-third in the MPI while for rural areas its contribution is around 50%. The living 
standard dimension contributes around 25% in rural areas as compared to 20% in urban areas.

At the indicator level, the greatest contribution, in both urban and rural areas, arises from deprivations 
in years of schooling and child school attendance, although the contributions of these indicators are 
quite high in urban areas as compared to rural areas. Rural areas have additional deprivations in 
cooking fuel, sanitation, and immunization as compared to urban areas.

The results suggest that there should be a clear integrated strategy to reduce poverty for both urban 
and rural areas. Investment in children’s education is an essential component to an integrated policy 
package. This would not only reduce the share of school attendance in the MPI and potentially improve 
immunisation rates, but it could also, in the short term, reduce the share of years of schooling in 
the index. Complementary and integrated policies in rural areas should prioritize poverty reduction 
efforts by focusing on replacing solid cooking fuels with clean energy, improving sanitation facilities, 
enhancing housing conditions, and increasing access to assets, land, and livestock.
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Figure 6: Percentage Contribution of Each Indicator to MPI by Area

Source: Authors’ calculations based on data from the 2019-20 PSLM survey

Figure 7: Rural and Urban Uncensored Headcount Ratios*, 2019-20

Note: *Percentage of people who are deprived in each indicator, whether poor or not

Source: Authors’ calculations based on the 2019-20 PSLM survey

As this Figure shows, in rural areas the greatest deprivations are found in cooking fuel (77.2%) 
followed by years of schooling (62.7%), land and livestock (53.3%) and educational quality (40.4%). 
In urban areas deprivations are highest in terms of years of schooling, followed by education quality, 
overcrowding, and assets. Hence differentiated policies are essential.
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2.3   National MPI by Province
Figure 8 presents estimates for the MPI, including (H) and (A), at the provincial level. Multidimensional 
poverty is highest in Balochistan, reaching 60.2%; followed by Sindh and KPK, at about 40%; and 
is lowest in Punjab, at 19%. In all four provinces, poverty in rural areas is significantly higher than in 
urban centres. However, there are stark differences between Sindh and KPK. Poverty in rural areas in 
Sindh reaches 69.5% - almost the same level as Balochistan at 71.5%. But in KPK, it is only figure says 
45.2%. Using the population distribution based on the weighted sample, the majority of the population 
lives in rural areas in Pakistan, and this is also the case in all the provinces except for Sindh where 53% 
of the population lives in urban areas, while it is only 16% in KPK. High incidence of poverty in Sindh 
may be attributed to the fact that more than one-third of the population lives in Karachi where more 
than 93% of residents live in urban areas.

Figure 12 illustrates the breakdown of multidimensional poverty at the provincial level. Once again, 
the education dimension proves to be the main contributor to MPI for all the provinces of Pakistan, 
with a contribution of around 50%. The contribution of the education dimension is 55% in Punjab 
while for Balochistan it is 48%. Within education dimension, (gendered) years of schooling has 
the highest contribution among the indicators for all provinces. Its contribution is highest in Punjab 
(35.7%), whereas for other provinces the contribution varies from 32% to 32.6%. The contribution of 
school attendance is the lowest in Balochistan as compared to other provinces (11.4% as compared 
to 13.4%). In Balochistan and Sindh, the share of sanitation and immunization are higher compared to 
other provinces, while the share of cooking fuel is relatively higher in KPK and Punjab. For KPK, the 
contribution of antenatal care is relatively higher as compared to other provinces.

The poverty reduction strategy for provinces should be focused on child schooling through enrolling 
and securing the attendance of out of school children in schools across all four provinces. Moreover, 
the provision of clean cooking fuel seems to be a priority area all across Pakistan. For Balochistan and 
Sindh, immunization programmes for children need to be included in the list of the priority areas to 
reduce multidimensional poverty.

Figure 8: Multidimensional Poverty by Province

National 30.5%

(H)

(A)

48.0% 0.146

Punjab 19.9% 45.3% 0.090

Sindh 40.3% 49.7% 0.200

KPK 39.8% 48.5% 0.193

Balochistan 60.2% 50.4% 0.303

Source: Authors’ calculations based on data from the 2019-20 PSLM survey
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Figure 9: MPI by National, Rural/Urban and Provincial Levels, 2019-20
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Figure 10: Headcount Ratio (H) by National, Rural/Urban and Province, 2019-20
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Figure 11: Intensity (A) by National, Rural/Urban and Provincial Levels, 2019-20
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Figure 12: Percentage Contribution of Indicators by Province

Source: Authors’ calculations based on data from the 2019-20 PSLM survey

2.4   National MPI by Division
Provinces are further divided into 28 administrative divisions.10  Analysis at the division level enables 
us to have an in-depth analysis within the provinces. It is evident from Figure 13 that poverty levels 
across divisions vary significantly in Pakistan, ranging from 0.018 in Rawalpindi division to 0.489 in 
Mirpur Khas division. In terms of the incidence of MPI, more than 78% of people are poor in Mirpur 
Khas but only 4% in Rawalpindi.

Overall, the results follow the same trend which we observe for the provinces – Balochistan is the 
poorest followed by Sindh while among the least poor divisions, the majority are from Punjab province 
followed by KPK. Four of the five poorest divisions belong to Balochistan while five of the poorest ten 
divisions are from Sindh. There is also great disparity in Sindh: the Karachi division is also in Sindh, 
and it is among the five least poor divisions in Pakistan.

Sampling errors, shown as black stripes in the graph below, reflect uncertainty in the household 
surveys. The overlap of the black stripes guides us to decide whether the MPIs of any two divisions are 
significantly different from each other at five percent level of significance. From Figure 13, it is clear that 
the MPI of Mirpur Khas is not significantly different from that of Nasirabad while its MPI is significantly 
different from Kalat division. This implies that we cannot say for sure which division in Pakistan is the 
poorest, because their confidence intervals overlap.

10  Islamabad is not regarded as a division in Pakistan but is included in this figure for the purpose of comparison.
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Figure 13: Multidimensional Poverty by Divisions

Source: Authors’ calculations based on data from the 2019-20 PSLM survey

We present the absolute contribution of indicators to MPI by division in Figure 14 ordered by the level 
of MPI from least poor to poorest.

We observe some regularities, whereby the least poor divisions had a similar indicator composition, and 
the poorest divisions were also similar to each other. We, however, find that some indicator priorities 
vary between divisions with very similar poverty levels. For example, for Karachi, school attendance, 
education quality and water contribute more to MPI than in Lahore, where ante-natal care; assisted 
delivery; overcrowding; cooking fuel; and land and livestock contribute more. Among the divisions 
with moderate levels of MPI (from D. G. Khan to Sukkar in Figure 13), Quetta is distinct in having the 
largest contribution in immunization and water, while antenatal care proves to be a greater challenge 
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for Bannu and Malakand. Among the five poorest divisions, we see that access to water in Nasirabad 
and Sibi; immunization and education quality in Zhob; and improved sanitation in Mirpur Khas, Sibi and 
Kalat each pose much greater challenges in these divisions than others.

Figure 14: Absolute Contribution of Indicators to MPI by Division

Source: Authors’ calculations based on data from the 2019-20 PSLM survey
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Figure 15: Percentage Contribution of Indicators to MPI by Division

Source: Authors’ calculations based on data from the 2019-20 PSLM survey

Apart from level of poverty, it is important to identify how many people are poor for planning purposes 
to eradicate poverty. In total, there are 69 million poor people in Pakistan. As Punjab is the most 
populated province in the country while Balochistan is the least, so is the case with the divisions in 
these provinces. Among all the poor in Pakistan, more than 50% reside in top eight divisions as shown 
in the Figure 16 -- four out of these eight divisions are from Punjab; three are from Sindh; one from 
KP; and none from Balochistan. The poorest division in Pakistan in terms of number of poor people is 
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Figure 16: Number of Poor People by Division (000)
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2.5   National MPI by District
Disaggregating the national MPI of Pakistan by district provides us with in-depth insights about the 
levels and composition of poverty within divisions in each province. In the PSLM 2019-20 a total of 127 
districts were covered.

The range of levels of poverty across Pakistan could not be wider. The incidence of poverty, reflecting 
a 95% confidence interval among the districts, is presented in Figure 17 ordered such that the district 
with the highest MPI is at the bottom while the lowest MPI district is at the top.

District poverty levels range from 2.6% in Islamabad to 95.1% in Sherani, making visible the incredible 
disparity between areas. Note however that due to smaller sample sizes, the confidence intervals are 
quite large for most of the poorest districts in Pakistan. Hence confidence intervals overlap for many 
of the poorest districts. A similar finding can be observed for the ten least poor districts, in that the 
incidence of poverty is not significantly different among them.

D.G. Khan where around 6.2 million people are poor, followed by Hyderabad (around 5.9 million) and 
Bahawalpur (almost 5 million).
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Figure 17: Incidence of MPI by District (Ranked by MPI)

Source: Authors’ calculations based on data from the 2019-20 PSLM survey

The ten poorest districts belong to Balochistan and Sindh, while least poor districts mainly belong to 
Punjab, especially districts from north and centre of the province. The situation in Balochistan is very 
grave as the least poor districts in the province are Gawadar with around 32% poor people followed 
by Quetta, the provincial capital, with around 42% poor people. The newly merged districts in KPK 
province, previously known as FATA, show significant variation in the incidence of poverty, ranging 
from 87.4% in Bajaur to 55.4% in Kurram.
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Figure 18: Absolute Contribution of Each Indicator to MPI by District
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Figure 19: Percentage Contribution of Each Indicator to MPI by District

Source: Authors’ calculations based on data from the 2019-20 PSLM survey
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Figure 19: Percentage Contribution of Each Indicator to MPI by District

Source: Authors’ calculations based on data from the 2019-20 PSLM survey

Figures 18 and 19 display the indicator composition of the MPI at the district level in Pakistan, ranked 
from the least poor at the top to the poorest at the bottom. A consistent pattern observed across divisions 
in Pakistan is also evident at the district level: education, particularly years of schooling, emerges as the 
main contributor across all districts. Interestingly, the contribution of child school attendance is notably 
high (over 20%) in all districts of Karachi and Islamabad.

For the poorest districts, the relative contributions of the health and living standards dimensions increase. 
Among the five poorest districts, all with an MPI exceeding 0.500, the health dimension contributes 
significantly across all indicators, except in Tharparkar. In Tharparkar, living standards—especially 
electricity—stand out as the most significant contributor compared to the rest of Pakistan. Surprisingly, 
the health dimension’s contribution in Tharparkar is relatively low, warranting further validation through 
other data sources.

Figure 20: National Level GIS District Map Showing MPI Incidence
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Figure 21: Province Level GIS District Maps showing MPI Incidence
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Chapter 3   Changes in Multidimensional Poverty 
Over Time
This chapter examines the evolution of multidimensional poverty in Pakistan between the PSLM 2014-
15 and 2019-20 surveys at the national, provincial, divisional, district levels. Both data sets were 
harmonized to accurately determine the changes over time. The analysis uses the same geographic 
areas and indicator definitions as the PSLM 2014-15 data set to ensure synchronization.11 The 
harmonised MPI – which exactly matches the specifications in PSLM 2014-15 – is a bit lower (0.141 
instead of 0.146) as is the national headcount ratio (29.6% instead of 30.5%).

The PSLM 2019-20 specifications are more accurate for policy use going forward, but trends are vital 
to understanding how poverty has evolved. National as well as sub national in-depth analysis was also 
carried out to examine the changes in MPI, intensity, and incidence along with changes by indicator for 
the different areas of Pakistan.

3.1   Changes in the Multidimensional Poverty Index and its Components Over 
Time
Table 2 provides an overview of the change in MPI, incidence (H) and intensity (A) between 2014-15 
and 2019-20. It is evident that all three significantly declined by a modest amount over five years. 
The MPI reduced from 0.162 to 0.141 (0.021), while the headcount ratio (H) fell by 3.2 percentage 
points, from 32.8% to 29.6%. Intensity (A) fell by 1.6 percentage points – from 49.4% to 47.8%. The 
MPI, Incidence (H) and Intensity (A) all showed a statistically significant decline with a 1% level of 
significance.

Table 2: Change Over Time in (H), (A) and the MPI, 2014-15 to 2019-20

Cutoff (k=33%) MPI Incidence (H) Intensity (A)

2014-15 0.162 32.8% 49.4%

2019-20 0.141 29.6% 47.8%

Change -0.021*** -3.2%*** -1.6%***

Source: Authors’ calculations based on data from the PSLM 2014-15 and 2019-20

Note: *** 1% level of significance, ** 5% level of significance, and * 10% level of significance.

Similar trends are observed across provinces, i.e., decreasing MPI, (H), and (A), with the exception of 
MPI and (H) in Sindh. The reduction in all three components of the MPI index is statistically significant 
(at one percent level of significance) in Balochistan, Punjab and KPK, whereas neither the reduction in 
MPI nor the increase in incidence were significant in Sindh, however, the reduction in intensity in Sindh 
is statistically significant. We note also that Balochistan was the poorest province and had the fastest 
absolute reduction – a positive finding. KPK was next then Punjab. However, Sindh, which was less 
poor than KPK in 2014, had no significant reduction in MPI and is now the 2nd poorest province – a 
cause for concern.12 

11  Please see detailed notes in Section 2.3. In 2018, the Federally Administered Tribal Areas (FATA) were merged in the KPK province 
as districts. In 2014-15 these areas were not part of the sampling frame of the PSLM survey, but these areas were included in the 
sampling frame of the PSLM 2019-20 survey. Therefore, for the changes over time analysis, districts belonging to FATA – which was 
poorer than KPK in 2014-15 according to estimates from a separate dataset reported in the 2016 National MPI Report for Pakistan – 
are unfortunately not able to be included in this analysis. Other districts that unfortunately do not have data for both periods include 
Kech/Turbat, Chagai, Jhal Magsi, Musakhel and Zhob.

12  Trends in all disaggregation must be interpreted alongside any changes in the population shares. In this period, the population 
of KPK increased and that of Punjab decreased the most – roughly two percentage points in each case - while the population of 
Balochistan increased and Sindh decreased by roughly one percentage point each.
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Table 3: Changes in Headcount Ratio and MPI Figures Over Time Across Provinces

                               Punjab Pop share

Cut-off (k=33%) MPI Incidence (H) Intensity (A)

2014-15 0.112 24.6% 45.6% 56.1

2019-20 0.090 19.9% 45.3% 54.2

Change -0.022*** -4.7%*** -0.3%***

Sindh

Cut-off (k=33%) MPI Incidence (H) Intensity (A)

2014-15 0.209 39.8% 52.5% 25.0

2019-20 0.200 40.3% 49.7% 24.0

Change -0.009 0.5% -2.8%***

KPK

Cut-off (k=33%) MPI Incidence (H) Intensity (A)

2014-15 0.205 41.3% 49.5% 13.9

2019-20 0.169 35.4% 47.6% 15.9

Change -0.036*** -5.9%*** -1.9%***

Balochistan

Cut-off (k=33%) MPI Incidence (H) Intensity (A)

2014-15 0.378 67.5% 56.0% 5.0

2019-20 0.303 60.2% 50.4% 5.8

Change -0.075*** -7.3%** -5.6%***

Source: Authors’ calculations based on data from the PSLM 2014-15 and 2019-20

Note: *** 1% level of significance, ** 5% level of significance, and * 10% level of significance.

How does one assess the speed of these changes? Recall that the SDG target 1.2 aims to cut the 
incidence of the MPI by half within 15 years, from 2015 to 2030. To achieve this aim, the incidence would 
need to fall from 32.8% in 2014-15 to 16.4% in 2029-30. And the MPI value would need to fall from 
0.162 to 0.081. Hence if the reduction would be linear in absolute terms (perhaps an over-optimistic 
assumption), then in the covered period of five years, incidence should have fallen a minimum of 5.5 
percentage points – or more if one might expect the initial period to have reduced faster – and MPI by 
0.027. Therefore, the national reductions are not on track to halve poverty in 15 years by either MPI, 
(A), or (H) values, with the exception of Punjab. Punjab reduced its MPI value from 24.6% to 19.9% 
in five years. If that trend were to continue it would more than halve the MPI value within 15 years. 
However, looking at MPI values, both KPK and Balochistan, as well as Punjab, are on track to halve 
their values in 15 years. This is because the MPI considers a reduction of intensity among the poor in 
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addition to a reduction in incidence. The MPI captures progress among the poorest of the poor, and in 
a positive development both Balochistan and KPK had strong progress in reducing deprivations among 
people who were poor and stayed poor.

The MPI, incidence and intensity trends in rural and urban areas are presented in Table 4. In rural areas, 
all three components of the MPI experienced statistically significant reductions (at one percent level 
of significance). On the other hand, in urban areas the MPI values and incidence had no statistically 
significant change and appear clearly to not have declined, whereas intensity declined by 1.6%. The 
decline in intensity in Urban areas is statistically significant at the one percent level whereas the increase 
in the MPI values and incidence in urban areas is statistically insignificant. The urban trends must be 
interpreted alongside the population share, which increased from 34.9% to 37%. This may partly be 
driven by internal or international migration, or other demographic changes. If poorer rural inhabitants 
migrated to urban areas for example, then this obviously would slow urban poverty reduction trends.

Overall, neither urban nor rural areas advanced at a pace that would halve MPI values or its incidence 
in 15 years.

Table 4: MPI, (H) and (A) Over Time, Urban/Rural Areas, 2014-15 to 2019-20

Rural Urban

 2014-15  2019-20 Absolute 
change 2014-15 2019-20 Absolute 

change

MPI 0.227 0.198 -0.029*** 0.042 0.045 0.003

H 45.4% 40.8% -4.6%*** 9.4% 10.4% 1.0%

A 50.0% 48.5% -1.5%*** 44.5% 42.9% -1.6%***

Population share 65.1 63.0 34.9 37.0

Source: Authors’ calculations based on data from the PSLM 2014-15 and 2019-20

Note: *** 1% level of significance, ** 5% level of significance, and * 10% level of significance.

Table 5 and Table 6 present changes over time across rural and urban areas within all provinces. A 
statistically significant decline in the MPI, incidence and intensity are observed in the rural areas for 
Balochistan, Punjab and KPK provinces. In Sindh, MPI declined but it is not statistically significant, and 
neither is the increase in incidence. On a positive note, the reduction in poverty intensity in Sindh is 
statistically significant.

In urban areas, results are similar for Balochistan and KPK, in that all values are statistically insignificant 
at one, five and ten percent levels of significance although by point estimates MPI and incidence 
declined while intensity increased (all insignificantly). An insignificant increase in MPI and incidence 
is observed in Punjab, but the decrease in intensity is statistically significant. Statistically significant 
increases in the MPI, incidence and intensity are observed in Sindh.
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Table 5: MPI, (H) and (A) Over Time in Rural Areas by Province, 2014-15 to 2019-20

MPI H A Population 
Share

Punjab

 2014-15 0.153 33.4% 45.9% 67.0
 2019-20 0.126 27.6% 45.8% 63.4
Absolute change -0.026*** -5.8%*** -0.1%
p value 0.000 0.000 0.612

Sindh

 2014-15 0.368 68.8% 53.5% 50.1
 2019-20 0.357 69.5% 51.4% 47.2
Absolute change -0.011 0.7% -2.1%***
p value 0.385 0.75 0.000

KPK

 2014-15 0.240 48.1% 49.8% 82.0
 2019-20 0.196 40.8% 48.0% 81.8
Absolute change -0.044*** -7.3%*** -1.8%**
p value 0.000 0.000 0.011

Balochistan

 2014-15 0.464 80.7% 57.5% 71.5
 2019-20 0.364 71.5% 50.9% 72.9
Absolute change -0.100*** -9.2%*** -6.6%***
p value 0.000 0.007 0.000

Source: Authors’ calculations based on data from the PSLM 2014-15 and 2019-20

Note: *** 1% level of significance, ** 5% level of significance, and * 10% level of significance.

Table 6: MPI, (H) and (A) Over Time in Urban Areas by Province, 2014-15 to 2019-20

MPI H A Population 
Share

Punjab

 2014-15 0.028 6.6% 42.0% 33.0
 2019-20 0.027 6.4% 42.2% 36.6
Absolute change -0.001 -0.2% 0.2%
p value 0.782 0.752 0.612

Sindh

 2014-15 0.049 10.6% 46.1% 49.9
 2019-20 0.061 14.2% 42.6% 52.8
Absolute change 0.012* 3.6%** -3.4%***
p value 0.089 0.014 0.000

KPK

 2014-15 0.045 10.3% 43.7% 18.0
 2019-20 0.046 11.1% 41.2% 18.2
Absolute change 0.001 0.8% -2.5%**
p value 0.923 0.669 0.034

Balochistan

 2014-15 0.160 34.4% 46.7% 28.5
 2019-20 0.141 29.8% 47.4% 27.1
Absolute change -0.019 -4.6% 0.7%
p value 0.388 0.284 0.647

Source: Authors’ calculations based on data from the PSLM 2014-15 and 2019-20

Note: *** 1% level of significance, ** 5% level of significance, and * 10% level of significance.
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In terms of population shares, the patterns nationally are by and large mirrored in the provinces, 
with declines in rural populations and increases in urban populations. The exception is KPK, where 
population shares in both areas are quite stable over this period.

3.2  Changes in National Censored Headcount Ratios13 
The section elucidates the changes in censored headcount ratios for each indicator. Censored 
headcount ratios measure the percentage of people who are both multidimensionally poor and who are 
deprived in each indicator. Figure 22 depicts the percentage of the population for whom the censored 
headcount ratios change.

Generally, trends indicate that censored headcount ratios have significantly declined over time in 11 
indicators. Reductions were led by sanitation which reduced from 20.2% to 14.6%. Hence 6.1% of the 
population of Pakistan obtained basic sanitation in this five-year period. Overcrowding also reduced 
by 5.3% of the population – from to 20% to 14.7%. Very positively, the deprivations in antenatal care 
among poor people reduced by 4.9 percentage points from affecting 11.5% to 6.6% of the population. In 
terms of clean energy, there were substantial gains as those lacking access to electricity fell from 5.4% 
to 3.5% while solid cooking fuel use also declined from 30.8% to 26.5%. Children lacking immunisation 
also progressed; the censored headcount ratio of deprivations declined from 9.2% to 7.5%. In terms 
of gender, it was encouraging that deprivations in years of schooling declined by 2.6 percentage 
points, from 23.2% to 20.6%. While the magnitude of the reduction is modest, it does reflect gendered 
improvements in schooling, as both a male and a female in the household must have completed five 
years of schooling in order for deprivations to decrease. Two indicators, water and land & livestock, 
had no significant change, and educational quality deprivations increased. These results show solid if 
modest improvement, but with large gains evident relative to starting levels of deprivation in sanitation 
and antenatal care.

In terms of education quality, deprivations for children aged 4-16 increased visibly and significantly. 
While this is stark, please recall that the educational quality has a very light weight and takes only 1/8 of 
the weight of the education dimension, while years of schooling and school attendance together weight 
7/8. The increase is in part due to a definitional change required by the incomparability between the 
surveys in 2014-15 and 2019-20 as detailed in Chapter 1. The indicator is based on two sub-questions 
which are asked to the parents of children who are not attending school. One asks the reason for never 
attending school (if the child never did), while the other asks the reason for leaving the school (if the 
child dropped out). If the reasons are related to school being too costly, too far, availability of male/
female teachers, and quality of teaching, the child is classified as deprived. In 2019-20 as compared 
to 2014-15, there was a huge increase in the responses related to children never attending school due 
to education being too expensive. This rose from 9.4% to 82.5% among households with children out 
of school. This change led to a significant increase in the deprivation of the education quality indicator. 
The trend is visible in both urban and rural areas as well as in all four provinces. Note that while the 
school attendance variable covers children aged 11 to 16, educational quality is assessed for children 
aged 4 to 16 who are not attending school.

To further investigate the reasons for the increase in the urban poverty numbers, the change in censored 
headcount ratios is presented for both rural and urban areas (see Figure 23 and Figure 24). In the rural 
areas, there is a stark increase in the education quality deprivations, along with a slight increase in land 
and livestock deprivations among poor people. It is true that education quality has shown an enormous 
deterioration in the number of poor people in urban areas deprived in the indicator. However there have 
also been significant increases in deprivations related to school attendance and years of schooling. 
Once again, these may be due to rural-urban migration (two percentage points change in population 
share), in which households with pre-existing deprivations migrated into urban areas; further analysis 
is required.

13 Censored Headcount Ratios are the percent of the population who are poor (because they are deprived in at least one-third of 
weighted indicators, in this case) and are deprived in that indicator. They can be contrasted with Uncensored Headcount Ratios, which 
show the percentage of the population who are deprived regardless of whether they are poor – so they include deprivations of non-poor 
people.  Censored headcount ratios are always less than or equal to uncensored headcount ratios.
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Figure 22: Absolute Change in National Censored Headcount Ratios, 2014-15 to 2019-20

Source: Authors’ calculations based on vdata from the PSLM 2014-15 and 2019-20

Note: *** 1% level of significance, ** 5% level of significance, and * 10% level of significance

Numbers shown after the labels are censored headcount ratios of the indicator in the PSLM 2014-15

Figure 23: Absolute Change in Rural Censored Headcount Ratios, 2014-15 to 2019-20

Source: Authors’ calculations based on data from the PSLM 2014-15 and 2019-20

Note: *** 1% level of significance, ** 5% level of significance, and * 10% level of significance

Numbers shown after the labels are censored headcount ratios of the indicator in 2014-15.
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Figure 24: Absolute Change in Urban Censored Headcount Ratios, 2014-15 to 2019-20

Source: Authors’ calculations based on data from the PSLM 2014-15 and 2019-20.

Note: *** 1% level of significance, ** 5% level of significance, and * 10% level of significance

Numbers shown after the labels are censored headcount ratios of the indicator in the PSML 2014-15.

3.3   Changes in National Uncensored Headcount Ratios
Figure 25 represents the proportion of people who are deprived in all of the MPI’s indicators, irrespective 
of whether they are multidimensionally poor or not. As the figure reveals, improvements are evident in 
most of the indicators over time. Overcrowding, sanitation and cooking fuel are the indicators that have 
the greatest absolute reduction in terms of uncensored headcount ratios. On the other hand, education 
quality, years of schooling, and land and livestock show an increase in the proportion of people deprived 
in these indicators. The rise of deprivations in years of schooling and education quality are particularly 
concerning; they suggest that among non-poor people, a larger percentage live in households where 
a child is not attending school due to the poor quality of education or where a male and female aged 
10 years and above have not each completed five years of schooling. As seen above, there were 
reductions in these indicators among the poor – which is a positive development – but there are 
significant increases in deprivations among the non-poor, which may relate to demographic changes in 
the population including the splitting of households that leaves older less educated household members 
behind and in need of additional support.
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Figure 25: Uncensored Headcount Ratios for Pakistan, 2014-15 to 2019-20

Source: Authors’ calculations based on data from the PSLM 2014-15 and 2019-20

Note: *** 1% level of significance, ** 5% level of significance, and * 10% level of significance

Numbers shown after the labels are uncensored headcount ratios of the indicator in the PSLM 2014-15 survey.

3.4   Changes in MPI Over Time in Divisions and Districts
Out of 28 divisions, 23 have experienced a decline in the MPI, while the decline is significant for 13 
divisions. Karachi is the only division in Pakistan that has observed a significant increase in MPI value. 
Sibi had the biggest significant decline followed by D.I. Khan, Nasirabad, and Larkana as shown in 
the figure below. In Punjab, apart from Lahore and D.G. Khan all divisions have shown a significant 
reduction in MPI values, while in KPK and Sindh, only one division each has shown a significant 
decline.

What is evident from Figure 26 is that overall, the trend partly favours the poor. regions with significant 
reductions are in stronger colours while pale divisions have no significant change. We see that Sibi, 
which was the poorest division, had the fastest reduction followed by D.I. Khan. Nasirabad, the 2nd 
poorest reduced MPI more slowly than D.I. Khan but still did well, while Larkana had the 4th fastest 
reduction. However very poor divisions like Mirpur Khas in Sindh and Kalat in Balochistan had no 
significant reduction at all.
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Figure 26: Change Over Time in MPI Among Divisions in Pakistan

Source: Authors’ calculations based on data from the PSLM  2014-15 and 2019-20

Changes Over Time in Districts

Changes over time analysis is possible for 110 districts. Those districts which were not covered in either 
of the two surveys due to security reasons and were part of the sampling frame were left out in the 
changes over time analysis14. Three newly constructed districts, Sohbatpur, Shaheed Sikandarabad, 
and Duki, were part of other districts during the PSLM 2014-15 survey. These districts have been 
merged back into their parent districts in 2019-20 and the results are compared accordingly.15  We, 
however, included these districts while comparing the national, provincial and divisional level estimates 
for both surveys.

In total 33 districts in Pakistan showed a significant decline in the MPI (an additional 54 had an 
insignificant decrease), while a significant increase may be observed in 6 (Figure 27 portrays districts 
with a significant change in a stronger colour). D.G. Khan is the only district where MPI neither increased 
nor decreased. Between 2014-15 and 2019-20 of the 33 districts with a significant decrease in the MPI, 
13 were in Punjab, 10 were in Balochistan, seven were in KPK, and three were in Sindh as shown in 
Figure 27. Unfortunately, six districts have a significant increase in the MPI – four from Balochistan and 
two from Sindh, including Karachi.

14  Please see detailed notes in Chapter 3. Kech/Turbat was not covered in 2014 but is part of the PSLM 2019-20 survey; Chagai, 
Jhal Magsi, Musakhel and Zhob are not part of the 2019 survey while these districts were enumerated in the previous survey. The 
harmonized sample drops these districts as well as those pertaining to FATA.

15  Changes over time analysis is carried out based on the number of districts in the PSLM 2014-15 survey. At the time of the recent 
PSLM survey three new districts were formed by splitting three 2014-15 districts. We compared newly the constructed districts by 
merging them with their parent districts to compare the results.  New districts are Sohbatpur (previously part of Jaffarabad); Shaheed 
Sikandarabad (parent district was Kalat); and Duki (cropped from Loralai).
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Figure 27: Change Over Time in the MPI Among Districts in Pakistan

Source: Authors’ calculations based on data from the PSLM  2014-15 and 2019-20

3.5   Changes in Incidence Over Time in Divisions and Districts
Changes Over Time in Divisions

Only 10 divisions have a significant decline in the poverty rate or incidence of multidimensional poverty 
between 2014-15 and 2019-20 in Pakistan as depicted in Figure 28. Results for the incidence of poverty 
at the division level in Pakistan are largely the same as we observed for the MPI – D.I. Khan has 
shown the greatest decrease followed by Sibi. However, unlike MPI, there is no significant reduction 
in incidence for Larkana and Nasirabad. Karachi is the only division with a significant increase in 
incidence. In Punjab all divisions except D. G. Khan and Lahore have a significant decrease while for 
other provinces, the results are more mixed.
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Figure 28: Change Over Time in Incidence of Poverty (H) Among Divisions in Pakistan

Source: Authors’ calculations based on data from the PSLM  2014-15 and 2019-20

Changes Over Time in Districts

Among the districts, 83 have shown a decline in the incidence of poverty of which 28 are statistically 
significant (13 from Punjab, seven from Balochistan, six from KPK, and two from Sindh) as shown 
in Figure 29. For 27 districts there was an increase in the incidence of the MPI between 2014-15 
and 2019-20, which was significant for only 4 districts - two each from Sindh (Karachi and Shaheed 
Benazirabad) and Balochistan (Khuzdar and Kalat). In terms of the magnitude, the incidence of poverty 
declined the most in Kohlu, but since the number of observations are very small (only 540 in Kohlu) 
the margin of error is large in the recent survey, the result should be cross checked with other data 
sources.
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Figure 29: Change Over Time in Incidence of Poverty (H) Among Districts in Pakistan

Source: Authors’ calculations based on data from the PSLM  2014-15 and 2019-20

Other notable districts in terms of declining poverty are the poor districts in Balochistan and Sindh 
where more than 60% people were MPI poor in 2014-15.

3.6   Changes Over Time in Number of Poor People
In Pakistan, the number of poor people has decreased by 3.6 million between 2014-15 and 2019-20.

In terms of changes in the number of poor people at the provincial level in Pakistan, in Punjab the 
number of poor people has reduced by 5.2 million,16 whereas in other provinces, the population of poor 
people has increased. The highest increase in number of poor people (0.69 million) was in Balochistan, 
followed by Sindh (0.48 million) and KPK (0.36 million) during the reference period.

In Punjab the poor population has decreased in all but one division, while for KPK three divisions have 
experienced a decrease in the number of poor people. For both Sindh and Balochistan, the number of 
poor people decreased in two divisions in each province. In terms of the magnitude of change across 
the divisions, around 1.1 million more poor people live in Karachi division as compared to those who 
lived there in 2014-15. This increase may be attributed to the migration of poor people from other parts 
of Pakistan to Karachi as noted by Ishfaq et al (2016), who wrote that Karachi, as the largest city of 
Pakistan, attracts many migrants with low and uncertain incomes. The data also shows an increase of 
more than 3 million people in Karachi during this period. Shaheed Benazirabad, Peshawar, Makran, 

16  These numbers are computed from the retained sample of the PSLM dataset, scaled to the population of Pakistan, which is estimated 
using population numbers based on UN population estimates (UNPD, 2022) and weighted samples of PSLM 2014-15 and 2019-20.
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and Quetta are the other divisions with an increase of more than a quarter million poor people over this 
period. In Peshawar, Quetta and Makran the increase in the number of poor people may be attributed 
to migration as the total population has increased while the incidence of poverty has decreased. In 
Shaheed Benazirabad, however, the increase in poor people can be attributed to an increase of 7.5 
percentage points in the incidence of poverty.

The largest number of poor people left poverty in Larkana division where 1.3 million fewer poor people 
were found in 2019-20 as compared to 2014-15. However, the decline in incidence in Larkana division 
was only 6 percentage points, while there is a decrease of around 1.5 million people in the division. 
Bahawalpur division, situated in the Southern Punjab, also witnessed a decline of more than a million 
poor people during the period of interest.

Chapter 4
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Chapter 4   Conclusions
This report serves two primary purposes. First, it provides a detailed snapshot of the situation around 
multidimensional poverty in Pakistan. Second, it is a policy tool that should be used for monitoring to 
support sustainable poverty reduction in the long run by ensuring the accurate targeting of vulnerable 
groups and by guiding budget allocations. The overall objective is to meet SDG target 1.2, which 
requires the reduction of poverty in all its dimensions.

In Pakistan 30.5% of people are multidimensional poor, with an intensity of 48.0%. The MPI has a 
value of 0.146. This means that multidimensional poor people in Pakistan experience 14.6% of the 
total deprivations that would be experienced if all people were deprived in all indicators. MPI in rural 
areas is significantly higher than in urban areas. Out of 225 million Pakistanis, 69 million are MPI poor, 
and 61 million live in rural areas17 of the country.

Provincial results show a stark difference between the provinces. More than 60% of people in 
Balochistan are poor, while in Punjab this number is less than 20%. Around 40% of the population in 
Sindh and KPK is MPI poor.

Provinces are further divided into divisions in Pakistan. We observe tremendous differences in terms 
of poverty levels among the divisions. Mirpur Khas division has more than 78% of people experiencing 
multidimensional poverty as compared to only 4% in Rawalpindi division. Overall, for divisions, the 
results follow the same trend that we observe observe for the provinces – divisions in Balochistan are 
the poorest followed by those in Sindh; among the least poor divisions, the majority are from Punjab 
followed by KPK. Four of the five poorest divisions belong to Balochistan while five of the poorest ten 
divisions are from Sindh.

Apart from the level of poverty, it is important to identify how many people are poor for planning 
purposes. In total, there are 69 million poor people in Pakistan. Punjab is the most populous province 
in the country and Balochistan is the least and this pattern holds true at the division level as well. 
Among all the poor in Pakistan, more than 50% reside in eight divisions, four of which are from Punjab, 
three are from Sindh, one is from KPK, and none are from Balochistan. In terms of the number of poor 
people, D G Khan hosts more than 6 million poor, followed by Hyderabad (5.8million) and Bahawalpur 
(4.9 million).

The ten poorest districts belong to Balochistan and Sindh, while the least poor districts mainly belong 
to Punjab, especially districts from the north and centre of the province. The situation in Balochistan 
is very grave as in the least poor district in the province, Gawadar, 32% of people are poor; this is 
followed by the provincial capital of Quetta where 42% of people are living in multidimensional poverty. 
The newly merged districts in KPK province, previously known as FATA, show significant variation in 
the incidence of poverty, ranging from 87.4% in Bajaur to 55.4% in Kurram.

In Pakistan the main contributor to poverty is years of schooling and child school attendance. The 
combined contribution of these two indicators is around 47%. Other indicators with a sizeable 
contribution are cooking fuel, assets, education quality, assisted delivery and antenatal care. Although 
years of schooling and child school attendance is proved to be the main contributor in Pakistan across 
the divisions, the priority indicators vary between divisions with similar poverty levels. Among the 
poorest divisions, access to water is a big challenge in Nasirabad and Sibi; in Zhob its immunization 
and education quality; and sanitation in Mirpur Khas, Sibi and Kalat.

As with divisions, across districts education, especially years of schooling, proved to be the main 
contributor to the MPI. The contribution of child school attendance is found to be quite high (more 
than 20%) in all districts of Karachi and Islamabad. The relative contributions of the ‘health and living 
standard’ dimension increased in the poorest districts. Among the five poorest districts – Khuzdar, 

17  Two third of the population lives in the rural areas.
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Kohistan, Sherani, Awaran, and Tharparkar – with an MPI of more than 0.500 – contributions of all 
three indicators of the health dimension are quite high as compared to the other parts of Pakistan with 
the exception of Tharparkar, where the living standards indicators, especially electricity, are even more 
problematic.

In terms of changes over time, all three components of the MPI significantly declined by a modest 
amount over five years. The MPI reduced from 0.162 to 0.141 (0.021), while (H) fell by 3.2 percentage 
points, from 32.8% to 29.6%. (A) fell by 1.6 percentage points – from 49.4% to 47.8%. Among the 
provinces, Balochistan was the poorest province and had the fastest absolute reduction followed by 
KPK and Punjab. However, Sindh, which was less poor than KPK in 2014, had no significant reduction 
in MPI and (H), and is now the 2nd poorest province – a cause for concern.

At a national level, the pace of poverty reduction from 2014-15 to 2019-20 is not sufficient for Pakistan 
to be on track to halve poverty in 15 years by either the MPI or (H). Looking at the MPI, both KPK and 
Balochistan, as well as Punjab, are on track to halve MPI in 15 years. This is because MPI considers 
a reduction in intensity among the poor in addition to a reduction in incidence. MPI captures progress 
among the poorest of the poor, and in a positive development both Balochistan and KPK made strong 
progress in reducing deprivations among people who were poor and stayed poor, so each carried fewer 
deprivations in the later period. However, this is not the case for the provincial trends of incidence, with 
the exception of Punjab. Punjab reduced (H) from 24.6% to 19.9% in five years. If that trend were to 
continue Punjab would more than halve incidence (H) within 15 years.

Overall, neither urban nor rural areas improved at a pace that would halve the MPI or its incidence in 
15 years. In rural areas, all three components of the MPI experienced statistically significant reductions 
(at one percent level of significance). In urban areas the MPI and (H) had no statistically significant 
change and appear not to have declined, whereas intensity declined by 1.5%. The urban trends must 
be interpreted alongside the population share, which increased from 34.9% to 37%. This may partly be 
driven by internal or international migration, or other demographic changes. If poorer rural inhabitants 
migrated to urban areas for example, then this obviously would slow urban poverty reduction trends.

Among the divisions, the overall trend favours the poor. Out of 28 divisions, 23 experienced a decline in 
the MPI, and the decline is significant for 13 divisions. Karachi is the only division in Pakistan that has 
observed a significant increase in the MPI. In Punjab, apart from Lahore and D. G. Khan all divisions 
have shown a significant reduction in the MPI, while in KPK and Sindh, only one division each has 
shown a significant decline. Sibi had the fastest significant decline followed by D.I. Khan, Nasirabad, 
and Larkana. Results for the incidence of poverty at the division level in Pakistan are largely the same 
as we observed for the MPI – D.I. Khan has shown the greatest decrease followed by Sibi. Only 10 
divisions have shown a significant decline in Incidence. Karachi is the only division with a significant 
increase in incidence.

Among the districts, out of 110 districts for which changes over time analysis was possible, 33 have 
showed a significant decline in MPI while a significant increase may be observed in 6. Unfortunately, 
six districts have experienced a significant increase in the MPI – four from Balochistan and two from 
Sindh, including Karachi. In terms of (H), 83 districts have shown a decline, of which 28 are statistically 
significant (13 from Punjab, seven from Balochistan, six from KPK, and two from Sindh). Four districts, 
however, have shown significant increases in (H) – two each from Sindh (Karachi and Shaheed 
Benazirabad) and Balochistan (Khuzdar and Kalat).

In terms of censored and uncensored headcount ratios, 11 out of 14 indicators have shown significant 
decline. Education quality, which carries only one-eighth the weight of the education dimension, is the 
only indicator with a significant and visible increase between the surveys in 2014-15 and 2019-20.

In the current report, two indicators used in the previous report to compute MPI were adjusted. The 
indicator of access to health facilities was not included due to data quality issues affecting the questions 
on which the indicator was based. The indicator of education quality had to be modified due to changes 
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in questions included in the PSLM 2019-20 survey. There were additional changes in the coverage 
of districts. Because of these, the present results cannot be compared with the previous MPI report. 
To transparently document comparable trends, the above-mentioned changes over time analysis is 
included in this report and shows precisely how poverty reduced between 2014-15 and 2019-20. The 
changes over time results are based on a harmonized sample (dropping districts that were not present 
in both years). Chapter 2 presents the best estimates for 2019-20 on the largest set of districts and 
should be used for policy development going forward.

Indeed, the central motivation of estimating MPI and sharing the results is to spark public action – by 
national, provincial and local governments, by the private sector, Non-Governmental Organisations 
(NGOs), and local citizens. The work of reducing multidimensional poverty – especially in the wake of 
tragic recent events such as the flooding – will need to be shared among different groups. Our hope is 
that this report will be drawn upon to shape such responses.

The MPI results have clearly identified vulnerable groups, their levels of MPI and the incidence of 
poverty by province, division and district. One can identify the set of poorest regions and ensure that 
poverty reduction activities are prioritised in them. In this way MPI data can and should be used to 
target activities in the poorest places. Certain indicator topics can also be analysed. For example, 
all health indicators have proven to be worse off in the poorest districts, namely, Khuzdar, Kohistan, 
Sherani, Awaran, and Tharparkar. Deprivations in education have proved to be the main contributor to 
the MPI across all districts.

This report has also profiled the provinces, divisions, and districts in which the highest number of poor 
people live. For example, of the 69 million poor people in total who live in Pakistan, around 20 million 
poor people live in just four divisions: D G Khan, Hyderabad, Bahawalpur, and Malakand. Information 
about the number and distribution of poor people is also necessary for budgeting, as well as planning 
and programme design.

For each area – district, division or province – the indicator composition of poverty is shown and 
discussed. This information is vital because patterns vary across districts, and high-impact interventions 
will be most cost effective when they respond to the actual profiles of deprivations. Recall that if 
any deprivation of any poor person is solved, MPI will always go down. Our hope therefore is that 
students, journalists, and civil servants will use the data from this MPI report to develop participatory 
action plans in which poor people are empowered to escape poverty, and sustainable solutions are 
implemented. Naturally, the underlying hope is that, using the evidence and data on poverty in Pakistan, 
with commitment and dedication, poverty reduction will accelerate so that the next update of the MPI 
shows even larger reductions.

References:
1. Alkire, S. and Foster, J. (2011). ‘Counting and multidimensional poverty measurement’, 

Journal of Public Economics, 95(7), 476–487.

2. Ishfaq, S., Ahmed, V., and Hassan, D. (2016). Internal migration and labour mobility in 
Pakistan. In South Asia Migration Report 2017 (pp. 339-360). Routledge India.

3. United Nations Population Division Data Portal. https://population.un.org/dataportal/home. 
Accessed 05 December 2022.

4. Pakistan Ministry of Planning, Development and Reform, United Nations Development 
Programme Pakistan & OPHI. (2016). Multidimensional Poverty in Pakistan. Islamabad.

 



71

Appendix

Appendix



72

Multidimensional Poverty Index Report | 2019-20

Appendix-A: Robustness analysis
We carry out the Robustness analysis to ensure that the MPI results are not sensitive to the k cut-off 
and to examine to what extend the results are convergent in terms of the MPI. The district rankings 
of MPI in Pakistan were compared with alternative specifications considering the standard errors. For 
example, if one district is significantly poorer than the other district at a given k cut-off and it holds true 
for the other k cut-offs, then the pairwise comparisons for these districts are considered robust. For 
the national MPI we used three poverty cut-offs – 20%, 33% and 40%, and observed that more than 
87% of statistically significant district rankings are identical taking the k cut-off of 33% as the baseline 
specification.  

Table A1. Pairwise comparisons (PWC) of the MPI using k cut-offs of 20%, 33% and 40%

Number of districts Possible 
comparisons

PWC consistent 
across all 

specifications

PWC significant 
by the k cut-

off of 33% and 
consistent across all 

specifications

126 7,875 6,818/7,875= 86.6% 5,526/5,915=93.4%

Source: Authors’ calculations based on data from the 2019-20 PSLM survey

Considering the standard errors, the pairwise comparisons for national MPI at the district level show 
that the rankings are robust.
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Appendix-C: Multidimensional Poverty by National, Rural/Urban and Province

Area

MPI Incidence (H, %) Intensity (A, %)
Popul-
ation 
Share 

(%)

Number 
of Poor 
(thous-

and)
Value

Confidence 
Interval 
(95%)

Value
Confidence 

Interval 
(95%)

Value
Confidence 

Interval 
(95%)

National 0.146 0.141 0.151 30.5 29.6 31.4 48.0 47.7 48.3 100.0 68,679

Rural 0.204 0.198 0.210 41.9 40.7 43.0 48.7 48.4 49.1 63.7 60,088

Urban 0.045 0.041 0.049 10.5 9.7 11.3 42.9 42.3 43.5 36.3 8,591

Punjab18 0.090 0.085 0.095 19.9 18.9 20.9 45.3 44.9 45.8 53.0 23,726

Sindh 0.200 0.189 0.212 40.3 38.1 42.5 49.7 49.2 50.3 23.5 21,335

KPK 0.193 0.180 0.205 39.8 37.6 41.9 48.5 47.7 49.4 17.8 15,921

Balochistan 0.303 0.282 0.325 60.2 56.3 64.0 50.4 49.6 51.2 5.7 7,697

Source: Authors’ calculations based on data from the 2019-20 PSLM survey

18  Although Islamabad is the capital territory and is not part of any province, the PSLM data includes it in Punjab.
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