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Preface
This meta-analysis study aims to consolidate the impact, knowledge, and lessons learned from the Emergency 
Social Safety Net (ESSN) implementation, and to assess to what extent the methodologies, practices, and ap-
proaches developed over the course of the ESSN can be transferred to other countries with a similar context.

The study is composed of three focus areas: 
Focus Area 1 gathers lessons learned from the design and implementation of the ESSN and is structured in five 
thematic areas: SGD 17 and partnership, design and structure, adequacy of the instruments, technology, exit strat-
egy and graduation options. 

Focus Area 2 dives into the vulnerability assessment and targeting of the ESSN and introduces a Refugee Multidi-
mensional Poverty Index to be used in vulnerability assessments and to improve targeting systems.

Focus Area 3 analyses the intended and unintended impacts of the ESSN on beneficiaries and non-beneficiaries 
from a variety of angles.

This paper covers Focus Area 2 and 3. Focus Area 1 is presented in ‘Meta-Analysis of the impact and lessons learned 
for implementation of the Emergency Social Safety Net (ESSN) programme in Turkey (2016–20). Part 1: Focus Area 1’.
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Introduction to Focus Area 2

In 2019, the World Food Programme in Turkey de-
signed a Multidimensional Poverty Index (MPI) based 
on data collected in wave 3 of its Comprehensive 
Vulnerability Monitoring Exercise (CVME), the CVME 
MPI. The purpose of the CVME MPI was to support 
programme targeting, to monitor programme out-
comes, and to provide evidence-based recommen-
dations for Emergency Social Safety Net (ESSN) pro-
grammatic adjustments. 

As part of the meta-analysis of the ESSN programme 
in Turkey, this focus area report provides a review of 
the multidimensional measure used for the vulnera-
bility analysis and its relationship with the ESSN pro-
gramme’s targeting approach. It also analyses the po-
tential adjustments needed to create a refugee-specific  
MPI for a possible use in other contexts.

The first section of this chapter provides a desk re-
view of the available MPI analysis, with a review and 
assessment of the CVME MPI used by the ESSN and 
the World Food Programme’s (WFP) Multidimen-
sional Deprivation Index (MDDI), currently under 
development at WFP HQ. Based on this assessment 
and derived recommendations for improvements, 
section 2 provides results of the development of a 
refugee-specific MPI. The third section analyses how 
the eligibility criteria for inclusion in the ESSN pro-
gramme match the poverty profiles of households 
and reviews the performance of the Social Assistance 
and Solidarity Foundations (SASF) discretionary al-
lowance, which was introduced to compensate for the 
inevitable shortcomings of a demographically-based 
targeting model. This chapter ends with some con-
cluding remarks and recommendations.

SUMMARY OF KEY POINTS

1.	 The CVME MPI and MDDI are viable first at-
tempts at measuring the vulnerabilities of ref-
ugees in Turkey and beyond through a multi-
dimensional approach.

2.	 Following a thorough review, this report high-
lights key strengths and weaknesses – mostly 
relating to the weighting structure of the in-
dex and the selection of indicators – in both 
indices that the proposed Refugee MPI (RMPI) 
addresses and builds upon.

3.	 Taking into account both normative and sta-
tistical considerations, the proposed RMPI 
measures the poverty of refugees in 12 indi-
cators across five dimensions using a nested 
weighting structure (where every dimension 
and every indicator within each dimension are 
weighted equally).

4.	 The RMPI is based on a more stringent appli-
cation of the Alkire-Foster method, resulting 
in an index that is parsimonious (using as few 
indicators as possible to ensure ease of anal-
ysis for policy purposes), inclusive of different 
reference populations in each dimension, and 
robust to reasonable alternatives in key selec-
tion criteria of the index, such as setting the 
poverty cutoff line to 20%. This ensures confi-
dence in the main findings. 

5.	 Over three-fifths of the population is identified 
as multidimensionally poor, an incidence of 
multidimensional poverty of 61%. The majori-
ty of the multidimensionally poor face poverty 
intensities of up to 35%, which is encouraging 
news as this indicates that most poor house-
holds face poverty intensities in proximity to 
the poverty cutoff line of 20%. This finding will 
allow policy makers to design a clear response 
strategy.
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6.	 The new index also proves useful for target-
ing purposes because it is designed to cap-
ture multidimensional poverty for all types of 
household demographics, which are the main 
eligibility criteria of the ESSN programme. 
The finding that more households were mul-
tidimensionally poor than non-poor among 
ESSN beneficiaries in four eligibility criteria 
(single female, single parent, elderly house-
holds and households with a disabled mem-
ber) is encouraging and highlights that the 
programme targets predominantly the poor in 
these groups. Yet, many non-poor households 
were also targeted (most of which still faced 
deprivations close to the poverty line), par-
ticularly among households with four or more 
children and households with a dependency 
ratio of above or equal to 1.5. This allows for 
an informed debate on the design of targeting 
mechanisms in various contexts that should 
account both for household demographics as 
well poverty profiles.

7.	 Overall, the key strength of the new index is 
that it moves towards an MPI informed by the 
needs of refugees, but also by their rights and 
their own voices as captured through partici-
patory focus group discussions.

8.	 Key challenges remain with regards to data 
collection that captures all population groups 
adequately. Future survey designs will be able 
to profit from the new index’s design as it al-
lows for a more targeted data collection strat-
egy specifically designed for refugees.

9.	 The SASF discretionary allowance mechanism 
and SASF household visits are promising tools 
to complement ESSN’s demographic crite-
ria and to address exclusion errors by adding 
vulnerable households who did not meet de-
mographic criteria into the programme and 
removing non-poor households from the 
caseload, addressing inclusion errors.

10.	 The key to success for the SASF discretionary 
allowance mechanism lies in household vis-
its prior to making decisions on adding or re-
moving the households. WFP’s field monitor-
ing assistants (FMA) were more likely to agree 
with decisions made by SASF officers when a 
decision was taken following actual household 
visits.

11.	 Through the SASF allowance mechanism, 
each SASF is allocated a quota that is equiva-
lent to 5% of ESSN applications received. Quo-
ta usage has increased over time; however, on 
average it remained as low as 30% by March 
2020.

12.	 SASF officers performed better when adding 
vulnerable households into the programme 
than when removing less vulnerable ones.

13.	 Future research will explore further the two 
eligibility criteria relating to households with 
more than four children and dependency ra-
tios of greater than 1.5, and if and how this tar-
geting mechanism can best be combined with 
the poverty analysis of the RMPI.
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1. Review and assessment of CVME MPI and MDDI

The CVME MPI, designed by WFP Vulnerability Anal-
ysis and Mapping (VAM) in 2019, was a step forward 
from earlier similar work. With the benefit of hind-
sight, time, and a consultation of the pertinent litera-
ture, this section explains some of the design features 
of the CVME MPI that need to be improved in order 
to create a fit-for-purpose index of multidimensional 
poverty for refugees. 

The most important recommended change is in the 
weighting structure of the CVME MPI. The first-gen-
eration weights were flawed. Statistical weights were 
used, but, upon further scrutiny, these were not ap-
propriate for binary data. Statistical weights make 
comparisons over time impossible and reflect an as-
sumption that relevant dimensions should be highly 
correlated. The weights also were difficult to interpret 
normatively (a kitchen is given far greater impor-
tance than a ‘bad quality’ apartment). The statistical 
assessment of the CVME MPI could also be improved. 
It relied upon the very elementary Cronbach’s Alpha, 
which is not aligned with an index that seeks to cap-
ture different dimensions that describe a person’s 
poverty at the same time. Also, the poverty cutoff 
justification could be improved and robustness tests 
should be implemented. 

The second index we analyse is the MDDI, which is an 
index designed at WFP Headquarters in close collab-
oration with country offices. Interim guidelines were 
published in 2018, and the final guidance note was 
published in December 2020. The MDDI is a work in 
progress, and the process and methodology to date is 
a natural extension of other multidimensional poverty 
measures, such as the global MPI. The MDDI is framed 
around the Essential Needs package of the WFP. The 
aim of the index is to be flexible and adaptable to 
different country contexts where WFP works. This en-
deavour can be applauded as it attempts to create a 
conceptual MPI for refugees. However, as it stands, 

the index is solely built around a needs-based frame-
work and thus insufficient for a Refugee MPI (RMPI), 
which should also include the Rights of Refugees and 
other normative considerations. The justifications of 
the choices of proposed dimensions and indicators, 
as well as poverty cutoff lines, need to be articulated 
more fully for the index to be viable in the field.

This section introduces the CVME MPI and MDDI as 
they were explained by their respective authors, then 
details the technical suggestions for improvement. 
These improvements are offered with a great appreci-
ation for the innovation of both indices and with warm 
recognition of the need for and value of innovating 
to better capture the situation of refugees – but also 
with a conviction that the best technical tools need to 
be put in the service of this important problem.

1.1 THE CVME MPI: REVIEW AND ASSESSMENT

The CVME MPI (see WFP VAM, 2019) is based on CVME 
data from wave 3, which was conducted between 
March and August 2018. CVME3 includes responses 
from 1,301 refugee households and adopted a re-
spondent-driven sampling method based on GPS 
points that ensures the data is representative of all 
refugees living in Turkey.1

The following assessment briefly summarises the 
identification choices made in the CVME MPI (for 
a full description of the steps taken to identify the 
CVME MPI, please refer to WFP VAM, 2019). Along 
with the summary, this chapter provides constructive 
feedback on the identification process. 

The design of the CVME MPI loosely followed the 
Alkire-Foster (AF) method (Alkire and Foster, 2011).2 
The authors described the process of identifying di-
mensions and indicators of the CVME MPI as an itera-
tive process where statistical methods and normative 
considerations were combined. The unit of analysis is 
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the household, and the choice of dimensions follows 
normative considerations and the availability of data 
in CVME3.

Five dimensions of poverty were chosen. Education, 
health, and living standards were selected because 
they were considered fundamental concepts of 
household wellbeing usually adopted in most MPIs. 
The fourth dimension is food security, a critical di-
mension for capturing household welfare, and the 
fifth is income resources to meet basic needs. The 
last dimension was chosen with a particular view to 
capturing the needs of refugees in Turkey (WFP VAM, 
2019: p. 2). The income resources dimension was es-
tablished using a set of indicators that capture house-
holds’ ability to generate income and assorted coping 
behaviours for livelihood purposes. 

While the last dimension was chosen with the ba-
sic needs of refugees in mind, the other dimensions 
were selected in order to capture household wellbe-
ing and welfare. From a conceptual point of view, this 
should be highlighted as a first point for possible im-
provement. The first three dimensions were adapted 
from MPIs developed in different contexts and with 
different purposes. Therefore, the CVME MPI would 
benefit from a normative debate as to what makes 
these dimensions relevant to household wellbeing 
in a refugee context. Further, the distinction between 
wellbeing and welfare made by the authors may war-
rant further explanation.

Following the choice of dimensions, the CVME MPI 
identified indicators, their deprivation cutoffs, and 
their corresponding weights in an iterative process 
that combined statistical methods and normative 
considerations. Frequency analysis was combined 
with Principal Component Analysis (PCA) (repeated 
over several rounds) and a Cronbach’s Alpha statis-
tic. During the frequency analysis, indicators were 
either excluded or adjusted when more than half of 
the refugee population was deprived in that indica-
tor (with one notable exception in the form of the 
self-assessed ‘bad quality apartment’ indicator, which 
had a deprivation score of 60% (see Table 3 in WFP 
VAM, 2019: p. 5). PCA was then adopted as the core 

statistical method, which is a descriptive statistical 
approach to model a latent concept. PCA was applied 
to each dimension to analyse the internal consistency 
of each dimension (see Table 2 in WFP VAM, 2019: p. 
4). The Cronbach’s Alpha was then used to measure 
the internal consistency of the overall MPI, apparent-
ly to assess whether all retained indicators measure 
one key concept (in the case of the CVME MPI, mul-
tidimensional poverty, viewed here as a single con-
dition). A Cronbach’s Alpha of 0.609 was retained, 
interpreted by the authors, in line with Taber (2018), 
as an acceptable internal consistency of the MPI (see 
WFP VAM, 2019: p. 6). It should be noted here that, 
depending on social science context, for instance in 
poverty indices based on assets schedules, an alpha 
below 0.7 may be considered non-acceptable (see 
Guio et al., 2017). Apart from differences in interpre-
tation of the value of the statistic, a deeper debate 
concerns the suitability of the application of this sta-
tistic in multidimensional poverty contexts.

In the next step, the component loading, the stand-
ard deviation, and the frequency of the indicator 
were used to generate indicator weights (see Table 5 
in WFP VAM, 2019: p. 7). For the setting of the cross-di-
mensional poverty cutoff, the authors compared the 
distribution of the MPI value with the distribution of 
per capita expenditure. They made an assumption 
that monetary and multidimensional poverty ‘should 
roughly align’ (WFP VAM, 2019: p. 8). Consequently, 
a poverty cutoff of 4 was chosen (a household with 
an MPI score ≥ 4 is considered poor), which identifies 
roughly the same share of the population as poor as 
was identified according to the 2018 monetary pov-
erty line in Turkey of 372 Turkish Lira per month (see 
Figure 1 in WFP VAM, 2019: p. 8).

In reviewing the choices made in the identification 
function of the CVME MPI, it is clear that PCA was 
chosen ostensibly ‘to verify the selection of variables 
within each dimension, thereby validating the inter-
nal consistency of the dimension’ (WFP VAM, 2019, 
p. 3). The computed component loadings were also 
used to derive statistical weights for each indicator 
(ibid, pp. 7–8). It should be noted that while those 
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aims are valid, statistical methods such as PCA have 
limitations in multidimensional poverty measure-
ment. These limitations include the following.

First, and as noted by Townend et al. (2015), the line-
arity assumption in PCA is inappropriate if the model 
includes binary and categorical data (as is the case in 
the CVME MPI), which led to the wider application of 
tetrachoric and polychoric correlations in the calcu-
lations, if at all, or Multiple Correspondence Analysis 
(MCA), as this analysis is better suited for discrete and 
categorical data because it imposes fewer constraints 
on the data. 

Second, statistical approaches reflect relationships 
within a given dataset and thus produce weights 
that are relative to that dataset. This implies that 
the weights could change with every update, which 
would impede robust cross-country and intertempo-
ral analyses (Alkire et al., 2015).

Third, indices with a design based on PCA strong-
ly assume that components with medium to strong 
correlations with each other are relevant for the dep-
rivation measure, which, according to Klasen, who 
applied PCA to design a composite measure of dep-
rivation in South Africa, ‘may be debatable in some 
cases’ (2000, p. 39). For example, the three indicators 
retained in the education dimension all have children 
as the reference population and refer to school at-
tendance in the last semester and year. Similarly, of 
the six indicators in the living standards dimension, 
the four that were retained are related to housing, in 
the form of overcrowding, no kitchen, no toilet, and a 
‘bad quality’ apartment.3

Fourth, the interpretation of the results, or com-
ponents of the results, may not be straightforward 
(Alkire et al., 2015: p. 100). For example, some of the 
produced weights seem counterintuitive from a nor-
mative perspective: while a bad quality apartment re-
ceives the lowest of all weights with 0.41, ‘no kitchen’ 
receives the second highest weight with 3.13 (see Ta-
ble 5 in WFP VAM, 2019: p. 7). In other words, no kitch-
en is given a far greater statistical importance than a 
bad quality apartment, an indicator that takes the 

availability and quality of the facilities of the apart-
ment into account. This is counterintuitive and poses 
a challenge: while deprivation in the indicator for bad 
quality apartment was 60.1%, only 8.1% of surveyed 
households had no kitchen. How could the weight 
be explained normatively? The weight difference be-
tween both variables is not trivial.

In addition, the CVME MPI used a Cronbach’s Alpha 
statistic to judge whether the index was fit for pur-
pose. The Cronbach’s Alpha is a statistic that is prob-
lematic in multidimensional poverty assessments. 
The α coefficient is the average inter-item covariance 
(weighted by the total number of items) as a pro-
portion of the total variance. The statistic is based 
on the assumption of ‘τ-equivalence, which entails 
that all items measure the same underlying variable, 
that they do so on the same scale, and that they are 
equally strongly associated to that underlying varia-
ble’ (Peters, 2014, p. 59, cited in Santos and Villatoro, 
2019: p. 1785). This assumption of equal variance is 
hardly met in practice (Guio et al., 2017), let alone in 
multidimensional poverty measures that capture the 
breadth of poverty. Therefore, the application of the 
statistic to judge the value fit for the index is not ad-
visable. 

Finally, the setting of the cross-dimensional cutoff 
line would benefit from some greater explanations of 
the assumptions, choices, and robustness tests. First, 
the assumption that monetary and multidimensional 
poverty should roughly align needs to be better ex-
plained. The global MPI 2020 report finds that multi-
dimensional poverty trends do not match monetary 
poverty trends, suggesting different drivers (2020, p. 
3). Thus, more explanation as to the setting of the cut-
off of 4 would be advisable – or changing the cutoff 
to one that has a normative justification. Second, the 
point in Figure 1 where the MPI distribution and per 
capita expenditure cross is at 453 Turkish Lira and an 
MPI score of 5 (see WFP VAM, 2019: p. 8). This alterna-
tive setting could be used in a robustness test.
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1.2 THE MULTIDIMENSIONAL DEPRIVATION 
INDEX

The second indicator we review and assess is the 
MDDI. The MDDI was designed at WFP Headquar-
ters, in close collaboration with country offices, with 
interim guidelines published in 2018 and the final 
guidance note published in December 2020 (WFP 
VAM, 2020: pp. 24–28). The index adopts the AF 
method and is framed around the six essential needs 
dimensions of the essential needs framework: food, 
health, education, shelter, WASH (water, sanitation 

TABLE 1.   STRUCTURE OF THE MDDI

Dimension Indicator Weight Deprivation

(dimension weight 
*indicator weight)

Food Food consumption (FCS) 1/6*1/2 Borderline or poor*

Food coping (rCSI)** 1/6*1/2 >=19

Education School attendance 1/6*1/1 At least one school-aged child not 
attending***

Health Medical treatment 1/6*1/2
At least one household member did not 
consult a medical practitioner despite 
being chronically or acutely ill****

Illness 1/6*1/2 >1 household member of >50% of 
household members sick

Shelter Cooking fuel 1/6*1/3 Household uses solid fuels

Crowding 1/6*1/3 >3 persons/room

Energy source 1/6*1/3 Household has no electicirty in their 
dwelling

Wash Toilet type 1/6*1/2 Household uses unimproved toilet

Water source 1/6*1/2 Household uses unimproved water 
source

Safety Insecurity 1/6*1/2 Feels unsafe or suffered violence

Forced displacement 1/6*1/2 Displaced by force in past 12 months

Notes
*	 Thresholds may vary by country (see FCS guidelines).

**	 To strengthen the nutrition perspective, the food dimension should be complemented with Minimum Dietary Divertisty 
for Women (MDD-W) if available.

***	 Compulsory school age may vary from country to country.

****	 Health indicators can be biased such that better-off households report more deprivation. If possible, collect and test 
complementary indicators.

Source:	 WFP VAM (2020: p. 24).

and hygiene), and safety (Table 1). While the MDDI 
dimensions are intended to be kept constant, indi-
cator specifications and deprivation cutoffs can be 
flexible to adapt to different country contexts. The 
starting point for the selection of indicators is an es-
sential needs assessment that identifies the essential 
needs and gaps in meeting the needs of refugees, es-
timates the number of people in need, and profiles 
them. Crucially, indicators included in the index aim 
to measure outcomes and should avoid, where possi-
ble, subjective or self-reported indicators (WFP VAM, 
2020: p. 28).
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The MDDI proposes the adoption of a nested weight-
ing structure, where each dimension and each indi-
cator within each dimension are weighted equally. 
Two cross-dimensional poverty cutoffs are proposed, 
set at 1/3 (or 33.33% of the weighted indicators) for 
‘moderate multidimensional deprivation’, and 1/2 (or 
50%) of the weighted indicators for ‘severe multidi-
mensional deprivation’. These were chosen as they 
are in line with the global MPI.

The MDDI process and methodology seems to be a 
natural extension of other MPI indicators. It is of course 
difficult to create an index for international compar-
isons, but the normative justification of the dimen-
sional structure is articulated well. Notably, the index 
is strongly embedded in the needs-based framework 
tradition, which can be an advantageous orientation 
when designing an RMPI as it can reveal ‘systemic vul-
nerabilities’ (WFP VAM, 2020: p. 24). On the other hand, 
an overt focus on the needs of refugees may also limit 
the ability of a Multidimensional Poverty Index for ref-
ugees to consider holistically the needs and rights of 
refugees, as discussed in section 1.3.

1.3 RECOMMENDATIONS ON REVISIONS OF EX-
ISTING INDICES TO MOVE TOWARDS 
A REFUGEE MPI

The design of an RMPI can clearly benefit from an 
analysis of both the CVME MPI and the MDDI. Both 
indices assemble intuitive indicators and show in-
formative overlaps. For example, school attendance 
and illness feature in both indices and are crucial 
when considering the needs (and rights) of refugees. 
The inclusion of begging and warm winter clothes 
in the CVME MPI seem useful in the Turkish refugee 
context but also appears to speak to the context of 
refugees elsewhere who lack a livelihood and crucial 
assets. Finally, interesting results are presented too 
that can help to understand the life cycle of refugees 
and thus strengthen the design of an RMPI. For ex-
ample, the CVME MPI found that ‘new arrivals’, those 
who arrived less than 6 months ago, are the poorest 
(see WFP VAM, 2019: p. 9). This finding is crucial from 
an integration and adaptation perspective for refu-

gees and can help to identify dimensions and indi-
cators that capture the different needs (and rights) of 
refugees in dynamic contexts elsewhere. Further, it is 
interesting that beneficiaries and non-applicants are 
almost equally affected by poverty when the MPI is 
disaggregated by ESSN status. For the design of an 
RMPI, this finding raises the question of whether tar-
geting considerations, including targeting modalities 
such as cash transfers, should influence the choice of 
dimensions and indicators of an RMPI.

Departing from the strengths of both measures, we 
suggest several improvements that span both statis-
tical and normative choices. The CVME MPI correctly 
highlights that the AF method was not fully imple-
mented, and, as a point of departure, we suggest im-
plementing the AF method more comprehensively: 

First, there appears to be some conflict between 
the two methodologies used. The AF method 
recommends establishing a parsimonious in-
dex, avoiding inclusion of indicators with high 
correlation. However, PCA and Cronbach’s alpha 
check the internal coherence and reliability of the 
indicators and give higher scores for higher cor-
relation. In the end, we compromised and used 
recommended components of both methods, 
however this may require more research in the 
future (WFP VAM, 2019, p.10).

The advantages of a parsimonious index are man-
ifold, however. A parsimonious index is useful for 
communicative purposes, for ease of analysis, and 
transparency. The first recommendation is there-
fore to test the final selection of indicators for the 
CVME MPI (see Table 3 of WFP VAM 2019: p. 5) with 
a so-called redundancy test. Redundancy describes a 
measure of association between indicators and was 
developed by Alkire et al. (2015, pp. 228–232; see also 
UNDP and OPHI, 2019: 77). The measure is denoted 
as R0 and displays the number of observations that 
have the same deprivation status in two variables, 
which reflects the joint distribution, as a proportion 
of the minimum of the two frequencies. Using the 
‘minimum’ of the frequencies ensures that the max-
imum value of R0 is 100%. The higher any of the fre-
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quencies, the higher the measure of redundancy as 
the probability increases that people are deprived in 
two indicators simultaneously. High redundancy (e.g. 
100%) at low frequencies of deprivations, however, 
would indicate that every individual who is deprived 
in the indicator with the lower incidence of depriva-
tion is also deprived in the other indicator. As a result, 
one indicator may be dropped for statistical reasons 
to maintain parsimony (yet could be retained if nor-
mative reasons exist to do so). The test is particularly 
useful given the adopted 50% frequency rule in the 
CVME MPI, which means that high redundancies (that 
is, simultaneous deprivations) are less likely to be 
caused by high frequencies of deprivations.

A second recommendation is to analyse, in great-
er depth, the reference population used in each di-
mension. For example, all education indicators of the 
CVME MPI have children aged 0–17 as the reference 
population, which should be re-assessed not only 
for households without children, but also regarding 
the greater normative debate considering the role of 
adult education of refugees. 

Third, a closer implementation of the AF method at 
the aggregation stage is recommended. For example, 
while the CVME MPI assesses the proportion of house-
holds deprived in each dimension, it defines depriva-
tion by dimension as being deprived in at least one 
indicator within the given dimension. This effectively 
collapses the indicators into a weighted subindex of a 
single indicator, and that subindex is not properly val-
idated. For example, the living standards dimension 
assembles six indicators (the most indicators by di-
mension) and includes of ‘bad quality apartment’ the 
one indicator for which an exception from the 50% 
frequency rule was made. Unsurprisingly, the living 
standards dimensions has a deprivation rate of 87%, 
which is the highest proportion of deprived house-
holds and is almost double the rate of deprivation for 
food security (44%), which is the dimension with the 
next highest proportion of deprived households (see 
Table 6 in WFP VAM, 2019: p. 9). 

The AF method can use subindices, but creating such 
extensive internal aggregation diminishes the power 
of ‘dimensional breakdown’. That is, where each indi-
cator is entered individually, the analysis will depict 
the so-called ‘censored headcount ratio’, which pre-
sents the percentage of people who are poor and 
deprived in each component indicator. The weighted 
sum of the censored headcount ratios makes up the 
MPI. Further, the ‘percentage contribution’ to poverty 
depicts the censored headcount ratio and the weight 
assigned to each indicator. This reflects the relative 
value of the indicators to an MPI. Whenever the con-
tribution to poverty of a certain indicator exceeds its 
weight, there is a relatively high censored headcount 
in this indicator, meaning that the poor are more de-
prived in this indicator than in others. 

Further, the adoption of nested weights and norma-
tive weights should be considered (in line with the 
MDDI). As previously highlighted, and also noted in 
the CVME MPI, PCA weights are overly sensitive to 
change and often counterintuitive (as was the case 
with the weights given to ‘no kitchen’ versus ‘bad 
quality apartment’). 

Finally, and wherever possible, indicator selection 
should be better anchored in international conven-
tions for the protection of refugees (e.g. the 1951 
Refugee Convention and its 1967 Protocol as well as 
the 2006 Refugee Act) and in the voices of refugees, 
ideally captured through participatory methods such 
as focus group discussions (for further reading on rec-
ommendations on how best to choose dimensions 
and indicators in MPIs, please see UNDP and OPHI, 
2019, p. 64). The selection process should include, 
ideally, a debate about dimensions and indicators 
that are characteristic deprivations of refugees at dif-
ferent stages of their life cycle.
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1.4 REDUNDANCY RESULTS

Following the first recommendation above, this sec-
tion provides a brief overview of results from the 
redundancy analysis (full results are presented in Ap-
pendix 1). Redundancy R0 ranges from 0 to 1, where 
a coefficient of 0 shows that no one is identified as 
deprived in both indicators and 1 means that every 
deprived household in the indicator with the lower 
incidence of deprivation is also deprived in the other 
indicator. 

Two indicators stand out as showing 100% joint dis-
tributions. In the education dimension, we find that 
all households deprived in ‘absence from school 
because children need to work and/or assist fam-
ily’, were simultaneously also deprived in ‘absence 
from school more than a semester’. In the income 
resources dimension, all households deprived in ‘no 
income source other than ESSN/other assistance or 
no income at all’ were also deprived in ‘no household 
member worked within last 30 days’. 

The income resources dimension is further charac-
terised by another indicator with high simultaneous 
deprivations with another indicator. Eighty-six per-
cent of the households deprived in the ‘begging’ indi-
cator were also deprived in ‘accepted high risk, illegal, 
socially degrading or exploitative temporary jobs’. 

Simultaneous deprivations in the high percentag-
es can also be reported in the living standards di-
mension. Here ‘no kitchen’ stands out as showing 
high overlaps with ‘no toilet’. Eighty-seven percent 
of households deprived in ‘no kitchen’ were also de-
prived in ‘no toilet’.

Less pronounced yet still in the high percentages are 
the joint distributions in the food security dimension. 
Seventy-seven percent of households deprived in 
‘household with unacceptable food consumption’ 
showed a ‘dietary diversity score’ of less than 6. 

These are strong results because the frequency dis-
tributions of the five indicators are low, ranging from 

7.1% in ‘begging’ to 13.4% in ‘absence from school 
because children need to work and/or assist family’. 

This is different in the case of ‘bad quality apartment’, 
where 63% of households are deprived. Due to the 
higher frequency in this indicator, we find high si-
multaneous deprivations with the other indicators 
throughout, particularly in the living standards di-
mension. Eighty-six percent of households deprived 
in the ‘overcrowding’ indicator are simultaneously 
deprived in the ‘bad quality apartment’ indicator, 
and 99% and 94%, respectively, of those deprived in 
kitchen and toilet also reported living in a bad qual-
ity apartment. It should be noted that in wave 3 of 
the CVME, respondents were asked to assess their 
apartment based on privacy (‘the covered area ena-
bles safe separation and privacy between the sexes, 
between different age groups and between separate 
families within a given household’) and the quality of 
facilities (‘the household should have access to a toi-
let, running water, place to bathe and space to cook 
as a part of the accommodation’), among others (nat-
ural light and ventilation, secure and safe space). This 
explains the observed simultaneous deprivations of 
the ‘bad quality apartment’ indicator with overcrowd-
ing, toilet, and kitchen indicators.
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2. Refugee MPI

Following the review and assessment of the CVME 
MPI and MDDI, an alternative RMPI was developed. 

First, a data inventory was conducted to assess avail-
able indicators that could act as alternative candidate 
measures to the proposed CVME MPI indicators. For 
example, the inventory looked at additional items 
that could be used to strengthen the winter clothes 
indicator in the living standards dimension. Further, 
the inventory gauged whether the proposed indica-
tors of the MDDI could be included, such as indicators 
in relation to security and forced displacement. Final-
ly, the inventory looked at candidate indicators that 
could be considered based on relevant literature on 
the Rights of Refugees. The 1951 Refugee Convention 
and its 1967 Protocol, as well as the 2006 Refugee Act, 
were consulted (UNHCR, 2017), with the goal of pos-
sibly identifying indicators that could be considered 
to measure the fundamental rights of refugees:

1.	 Freedom of movement
2.	 Family life, including family unity
3.	 The right to work
4.	 The right to education
5.	 Access to courts
6.	 The right to social welfare and health care
7.	 Other rights.

CVME3 was used for the inventory, as this wave was 
used to design the CVME MPI. However, other waves 
were also included in the final analysis.

Based on the results of the data inventory and the 
redundancy results, a new measure was developed 
which is presented in Section 2.1. In sum, five so-
called trial measures with different indicator spec-
ifications, dimensional structures, and different 
weights were developed, statistically assessed, and 
extensively debated in internal meetings between 
August 2020 and January 2021. The analysis included 
breakdowns by regions, ESSN status, and arrival time. 

It also followed the AF method and thus computed 
the censored headcount ratios and contributions of 
indicators. In this report, we present the final choice 
of an alternative RMPI, while a forthcoming paper will 
debate in more depth the identification and valida-
tion process of the RMPI.

2.1 REFUGEE MPI STRUCTURE

The RMPI takes as its starting point the CVME MPI but 
incorporates some adjustments based on the assess-
ment in Table 2. First, the RMPI opted to retain the five 
dimensions from the CVME MPI. The chosen dimen-
sions are convincing in the Turkish context. They fit 
the ESSN program and available data in the CVME. 
The inclusion of food security was considered crucial 
for a refugee context, and the Report of the Commis-
sion on Global Poverty suggests having separate di-
mensions for food security and health (World Bank, 
2017). To what degree these dimensions are applica-
ble in other refugee contexts is part of an ongoing 
debate, and the dimensions may need to be revised 
in the future.

Second, the four identified ‘redundant’ indicators 
were excluded to achieve greater parsimony of the 
measure. Third, an education variable was added to 
the education dimension. A household is deprived 
if neither the household head nor the second re-
sponsible person of the household (if applicable) has 
completed at least primary school (equivalent to six 
years of schooling). The variable was added as it can 
be considered an outcome variable, with a different 
reference population (adults) that complements the 
school attendance indicator of children within the 
education dimension. By also considering the second 
household member in the computation, the indi-
cator becomes more adaptable to change and thus 
overcomes one of the main concerns raised against 
its inclusion in the CVME MPI (where only the highest 
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TABLE 2.   STRUCTURE OF THE  REFUGEE MPI

DIMENSION INDICATOR DEPRIVED IF... WEIGHT

Education

School 
attendance

A household is deprived if children (girls and boys 
aged 6–17) are absent from school more than a 
semester.

1/10

Highest 
education 
achieved

A household is deprived if neither the household head 
nor the second responsible person of the household 
(if applicable) has completed at least primary school.

1/10

Health

Illness A household is deprived if more than half of the 
household members reported sick in the past 30 days. 
Sickness includes diarrhoea, fever/chills, or cough (i.e. 
not a simple cold).

1/10

Treatment A household is deprived if any member is not treated 
when sick.

1/10

Food Security Consumption A household is deprived if the household has a Coping 
Strategy Index (CSI) Score >18 (equating to using 
every consumption coping strategy at least three 
times per week).

1/10

Diet A household is deprived if the Dietary Diversity Score 
DDS is <6.

1/10

Income 
Resources

Precarious work
A household is deprived if members of the household 
begged or engaged in illegal or high-risk work.

1/10

No income A household is deprived if no household member 
worked within last 30 days.

1/10

Living Standards

Overcrowding A household is deprived if there are more than 3 
persons per room.

1/20

Sanitation A household is deprived if it does not have a toilet in 
the house.

1/20

Winter assets A household is deprived if it does not own more than 
one of the following winter assets: sufficient winter 
clothes, sufficient blankets, a heating stove, and 
central heating.

1/20

Hygiene items A household is deprived if its members do not have 
sufficient soap and hygiene items.

1/20
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education of the household head was assessed and 
eventually the indicator was deemed too static for in-
clusion in the measure).4 Note that it may appear that 
the indicator does not speak to the immediate vul-
nerabilities and needs of refugees as it measures ed-
ucational outcomes for adults. Its inclusion, however, 
is justified by the Refugee Right to Education, which, 
although placing a strong emphasis on refugee chil-
dren, also stresses the importance of advocating ‘for 
refugees to be treated in the same way as nationals 
[…] At a minimum, as provided for under Article 22 
of the 1951 Convention, refugees should be treated 
in the same way as other legally residing foreigners’ 
(UNHCR, 2017: p. 210). Additionally, Sustainable De-
velopment Goal 4 is ‘Ensure inclusive and equitable 
quality education and promote lifelong learning for 
all’. The addition of an adult indicator thus great-
ly strengthens the entire dimension as it places the 
right of refugees to lifelong learning next to the im-
mediate educational needs of children. Using this 
newly designed indicator, 25.6% of households were 
found to be deprived.

Fourth, after revisiting the redundancy tests, several 
more changes are proposed. Based on the redundan-
cy results, the ‘income resource’ dimension was fur-
ther revised. As 86% of the households deprived in 
‘begging’ were also deprived in ‘accepted high risk, 
illegal, socially degrading or exploitative temporary 
jobs’, it was decided to merge both indicators. Follow-
ing this merger, 9.6% of households were found to be 
deprived in the indicator.

Also, the ‘living standards’ dimension was further 
reworked following the redundancy results. ‘Bad 
quality apartment’ will be excluded, as basically the 
indicator measures what is already captured by the 
overcrowding and no toilet indicators. An ‘assets’ in-
dicator is added to the living standards dimension 
and combined with the CVME MPI indicator ‘sufficient 
winter clothes’. Note that more than half of the sur-
veyed households in CVME3 arrived three to six years 
ago (689 households, 53%). This strengthened the 
assumption that sufficient time has passed for house-
holds to start accumulating assets following their ar-

rival, which sets those who are better off apart from 
those who are less well off. It was deemed logical to 
add several winter-specific assets to the indicator 
‘sufficient winter clothes’, for which the assessment of 
what is ‘sufficient’ is somewhat subjective. Thus, the 
indicator ‘no sufficient winter clothes’ is revised by a 
‘winter assets’ indicator that classifies a household as 
deprived if the household does not own more than 
one of the following winter assets: sufficient winter 
clothes, sufficient blankets, a heating stove or cen-
tral heating. Twenty-two point four percent were 
deprived in this indicator. The decision to create a 
‘winter assets’ indicator is informed by a Thematic Fo-
cus Group Discussion (FDG) on Shelter conducted by 
the Turkish Red Crescent (TRC) and WFP Field Moni-
toring Assistants (FMAs) in January 2020. In sum, 17 
thematic FDGs were implemented in eight provinces 
across Turkey and the views of 146 beneficiaries and 
non-beneficiaries of the ESSN programme were cap-
tured. A crucial finding of the discussions was that 

All participants reported living in apartment 
buildings or houses connected to basic infra-
structure/services (electricity, water and sewage 
system). Most participants complained about 
their housing quality, saying that the apartment 
buildings are old, poorly insulated, and very cold 
and humid during the winter months. Further-
more, participants living in basement accommo-
dation added that they do not get enough sun-
light (WFP, 2020, p. 2).

Therefore, the ‘winter assets’ indicator includes heat-
ing stoves, blankets, central heating, and winter 
clothes because refugees in Turkey suffer in the win-
ter according to the thematic FDG results. In some 
parts of the country, it is reported to be humid. So, 
adding an appropriate item from the list of available 
assets in CVME3, namely air conditioning, was con-
sidered. However, thematically it made more sense to 
create a winter-only assets indicator. Note that of the 
four items included, two are based on self-assessed 
sufficiency (clothes and blankets), while two are not 
self-assessed (‘Does the household have a heating 
stove/central heating?’). By expanding the list of 
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items to four and by including items not based on 
self-assessed sufficiency, the information base used 
to judge deprivation in this indicator is expanded and 
strengthened. Note that the actual list of assets can 
be adjusted in the RMPI, depending on the context 
where the index is applied (e.g. climate conditions in 
south-south migration).

Fifth, the indicator ‘insufficient access to any of the 
items below; water, hygiene items, cooking fuel for 
cooking’ was critically assessed in the ‘living stand-
ards’ dimension. The indicator combines two areas 
whose policy response is different (WASH and ener-
gy source). It is therefore a challenging indicator for 
policy planning purposes (although it speaks to the 
MDDI indicators WASH and energy). It is also unclear 
which of the three deprivations drive the results, and, 
finally, the indicator combines answers to three ques-
tions where respondents self-assess insufficient ac-
cess to each one of the items across several thematic 
areas. For example, participants were asked to assess 
whether the household has access to sufficient water 
for drinking, cooking, washing, and toilet purposes. 
In other words, respondents were asked if water is 
sufficient for four different thematic purposes. What 
is more, it is unknown what the water source is and 
if it can be considered ‘safe’, crucial information for 
assessing sufficient ‘drinking water’. In other words, 
this indicator in the CVME MPI is a proxy that uses 
subjective information across different thematic ar-
eas. Subjective information is usually less preferred 
than objective indicators as respondents may suffer 
from adaptive preferences (UNDP and OPHI, 2019, p. 
64). By analysing the highest frequency of each of the 
three questions the indicator is based on, it became 
apparent that the main driver of this indicator is that 
‘members of the household do not have sufficient 
soap and hygiene items’ with a deprivation frequen-
cy of 17.7%. This is compared to a frequency of 12.2% 
in cooking fuel (‘Does your household have access to 
sufficient cooking fuel to cover your cooking needs?’) 
and 3.84% in sufficient water (‘Does your household 
have access to sufficient water for drinking, cooking, 
washing, and toilet purposes?’). Taking into consider-

ation that the enquiry into the sufficiency of access 
to soap and hygiene items is more straightforward 
than the enquiry into water access – and arguably, it 
is also easier to assess subjectively if these items are 
sufficiently available for an entire household – it was 
decided to take only the question related to soap and 
hygiene for this indicator in the RMPI. The quality of 
soap and hygiene items in Turkey can also be consid-
ered ‘safe’ and ‘good’. The indicator captures the con-
cept of WASH (although not fully) and, depending on 
data availability in future applications of the RMPI, 
should be expanded with water-related questions.

The RMPI thus used a total of 12 indicators across 
five dimensions. It is the most parsimonious of all tri-
als. It uses a nested weighting structure, and it was 
computed with a cross-dimensional poverty cutoff of 
20%. By lowering the poverty cutoff to an equivalent 
of the weight of one dimension, households could 
potentially be classified as poor if they are deprived 
in a combination of indicators that sum up to one di-
mension only, which seems very realistic for an RMPI. 
Robustness test results on the poverty cutoff choice 
were also conducted and are presented below.

2.2 DISCUSSION POINTS: RMPI STRUCTURE

Looking ahead, future consultations on the RMPI 
should discuss alternative indicator options that have 
so far been excluded. While further indicator options 
were assessed considering the proposed MDDI and 
relevant literature, such as on the rights of refugees, 
no new indicators outside the five dimensions of the 
CVME MPI were included. For example, adding ‘inse-
curity’ to one of the trials was debated, as it featured 
in the MDDI (as one of two indicators in the safety di-
mension). A corresponding question featured in the 
CVME survey (‘Has any of your household members 
experienced any kind of insecurity during the last 
three months in Turkey’). Four point seven percent of 
households reported that they did, and 2.8% report-
ed that the insecurity reduced the free movement 
of household members. As this relates closely to the 
refugee right to freedom of movement, the indicator 
was considered, yet not included, as it did not match 
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the existing dimensions. The low response rate may 
also indicate some element of adaptation to (or hav-
ing gotten used to) insecurity by refugees, who may 
underestimate the level of insecurity they face after 
their flight (although further research into this as-
sumption is required). The creation of an additional 
dimension was considered but discarded, given the 
lack of data on the second indicator in the safety di-
mension of the MDDI (‘forced displacement’). In oth-
er words, the potential new dimension would have 
featured only one indicator (‘insecurity’), so this in-
dicator would have received the entire weight of the 
dimension in a nested weighting structure. Justifica-
tion of this requires a very robust and well-defined 
indicator. Overall, it was decided that in this specific 
case the creation of a new dimension with just one in-
dicator is not justifiable. In future trials, and possibly 
with better data availability on ‘forced displacement’, 
this may be re-considered.

Also, adding ‘negative coping mechanisms’ such as 
accumulating an unsustainable level of debt or not 
seeking healthcare when ill (just to name two exam-
ples) was also considered, but eventually not includ-
ed at this stage as this would require a larger debate 
on typologies of ‘good’ versus ‘bad’ coping strategies 
in refugee contexts (which should be considered a 
crucial debating point in consultations moving for-
ward with the RMPI). At this stage, note though that 
the food security indicator CSI is already based on a 
Coping Strategy Index.

Further debates on electricity and shelter indicators 
were also held, but eventually no indicator was in-
cluded because most refugees in Turkey are urban 
and live outside of camps, which explains why only 
49 households (3.8%) in CVME3 reported living in 
tents (barns, makeshift shelter), most likely living in 
informal settings, while 98.46% used electricity for 
lighting. These extremes rendered the indicator op-
tions less suitable to measure poverty in the Turkish 
refugee context, while it may be more meaningful in 
contexts where refugees live in worse conditions.

Finally, the decision to exclude water access in the 
RMPI could be revisited if the indicator can be con-
structed based on objective information, such as 
whether a household has access to safe drinking wa-
ter within a 30-minute walk from home (roundtrip). 
Given the importance of water – aside from school 
attendance, housing, and sanitation, it is almost a 
universal indicator that is included in most national 
multidimensional poverty indices (UNDP and OPHI, 
2019, p. 59) – the decision to exclude the indicator 
was solely based on data concerns.

Overall, such debates are crucial to gauging whether 
the newly designed multidimensional measure could 
be adjusted to be applicable to other refugee con-
texts and WFP projects, one of the key questions of 
Focus Area 2.

2.3 ROBUSTNESS OF RMPI STRUCTURE

The results of the RMPI were assessed in a series of 
robustness tests (a full presentation of all test results 
is in Appendix 2). Here, we present some of the most 
important findings. First, Figure 1 plots the value of 
the adjusted headcount ratio M0 (which is the prod-
uct of the headcount ratio (H) – the proportion of 
people who are identified as poor – and the average 
intensity (A) – the average proportion of (weighted) 
deprivations faced by the people identified as mul-
tidimensionally poor) for each arrival time of refu-
gees, and for different poverty cutoff lines (so-called 
k values), ranging from 10% to 50%. In the context 
of refugees, different arrival times may help to under-
stand why certain groups of refugees are poorer than 
others, so finding robust results by this aggregation 
is important. The range of alternative poverty cutoffs 
from 10%–50% was chosen because these are within 
the vicinity of the chosen cross-dimensional poverty 
cutoff of 20%. In other words, these are alternative 
poverty cutoffs within a plausible range. Testing ro-
bustness on the adjusted headcount ratio was con-
sidered crucial as it is the MPI figure. Poverty rankings 
by arrival time are maintained, and thus robust, when 
curves do not cross. By looking at Figure 1, we see 
that the arrivals ‘before conflict’ – thus before 2011 – 
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FIGURE 1. RMPI VALUES FOR DIFFERENT VALUES OF THE POVERTY CUTOFF k FOR DIFFERENT ARRIVAL 
TIMES OF REFUGEES

show a sharp decline in the adjusted headcount ratio 
with rising k values, causing the crossing of lines with 
the other groups. In other words, for this group with 
a population share of 1.15% in the CVME3 (see Ap-
pendix 3), their poverty ranking is not clear. The four 
other arrival times show greater robustness in this 
poverty class, and all rankings hold for all k values. 
This test result shows that the rankings are robust to 
reasonable changes in the k value for a population 
share of 98.85% of the CVME3.

As a follow up robustness test, Kendall’s and Spear-
man’s rank correlation coefficients were computed to 
rank the five regions (Istanbul, Aegean, Mediterrane-
an, Anatolia and South-east) from poorest to best-off 
under different k values. The Kendall rank correlation 
coefficient (R^τ) then compares rankings that are 
concordant where one ranking dominates the other 
in both the initial and the alternative specification, 
against the discordant rankings (those that change in 

rankings), divided by all possible rankings (see UNDP 
and OPHI, 2019: 97). Ranging from -1 to 1, a perfectly 
negative R^τ indicates the dis-concordance of rank-
ings under different scenarios, whereas a value of 1 in-
dicates a perfectly positive association between rank-
ings. While similar, the Spearman’s rank correlation 
coefficient computes the square of the difference in 
the ranks of two specifications and averages it across 
all subgroups. It is also bound between -1 and 1.
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TABLE 3.  	CORRELATION OF RMPI AMONG 
	 SUBNATIONAL RANKS FOR 

DIFFERENT POVERTY CUTOFFS, k

k=20%

k=10% Spearman 1.000*

Kendall Tau-b 1.000*

k=30% Spearman 0.900*

Kendall Tau-b 0.800

k=40% Spearman 1.000*

Kendall Tau-b 1.000*

k=50% Spearman 0.900*

Kendall Tau-b 0.800

Note:	 RMPI * indicates correlation coefficients significant at 
the 5% level or lower.	

TABLE 4.   MPI, INCIDENCE (H), AND INTENSITY (A)

MPI Headcount ratio (H) Intensity (A)

Conficence interval Confidence interval Confidence interval

Refugee MPI 0.190 0.159 0.222 61.1% 52.5% 69.8% 31.2% 27.3% 35.0%

Table 3 presents the Spearman and Kendall rank 
correlation coefficients between the subregional 
rankings of the MPI, using the selected k value of 
20%, and the ranking for alternative poverty cutoffs 
ranging from 10% to 50%. The Spearman coefficient 
is higher than 0.90 for all alternative k values, show-
ing that the differences in the rankings in this pover-
ty class are minimal and almost perfectly positively 
associated. The Kendall coefficient ranges from 0.8 
values of k = 30% and k = 50%, and 1 for k = 10% and 
k = 40%. This implies that at least 80% of the com-
parisons are concordant to k values in the closest vi-
cinity to the selected k value of 20%. In other words, 
the rank correlation between the selected poverty 
cutoffs is largely preserved under different choices, 
which adds confidence that the presented results in 
this report are robust.

2.4 REFUGEE MPI RESULTS

Table 4 presents the main headline figures of the 
RMPI, including their confidence intervals. Recall that 
the incidence or headcount ratio of multidimensional 
poverty (H) describes the proportion of people who 
are identified as poor. The intensity or average share 
of deprivations (A) describes the average proportion 
of (weighted) deprivations faced by the people iden-
tified as multidimensionally poor. The MPI is simply 
the product of the headcount ratio (H) and the aver-
age intensity (A).

As can be seen in the table, the incidence of multi-
dimensional poverty is 61.1%. In other words, over 
three-fifths of the population is identified as multidi-
mensionally poor. The average intensity of poverty is 
31.2%. Thus, the multidimensionally poor face, on av-

erage, deprivations in nearly one-third of the dimen-
sions included in the RMPI. Finally, the RMPI, which 
multiplies H and A, has a value of 0.190. This means 
that multidimensionally poor refugees in Turkey ex-
perience 19% of the total deprivations that would 
be experienced if everyone was fully deprived in all 
indicators.

Note that because each indicator weight is either 
1/20th (5%) or 1/10th (10%), we can describe the 
deprivation scores, which are the weighted sum of 
the number of deprivations of each person, in terms 
of the percentage of the population who experience 
each 5% ‘step’ of deprivation scores, i.e. from just be-
low the poverty line to severely poor. This is present-
ed in Figure 2.
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By looking more closely at the intensities of the mul-
tidimensionally poor, it can be seen that a bit more 
than one-third (36.1%) face the lowest threshold for 
being classified as multidimensionally poor, namely if 
a household is deprived in a weighted sum of 20% of 
the indicators. Cumulatively, the majority of the mul-
tidimensionally poor (77%) face intensities of up to 
35%. This is encouraging news as this indicates that 
most poor refugees face poverty intensities in prox-
imity to the poverty cutoff line of 20%. 

Next, we present the breakdown by indicator. Figure 
3 shows results of the uncensored headcount ratios 
(the percentage of the population that is deprived 
in each indicator) and censored headcount ratios 
(the percentage of the population that is poor and 
deprived in each indicator). Note that the censored 
headcount ratios will, thus, always be equal to or low-
er than the uncensored. We see that the education 
indicators both have the highest uncensored and 
censored headcount ratios.

Figure 4 shows the composition of poverty or how 
much each indicator is contributing to the MPI. The 
two biggest contributors are the education indica-
tors, suggesting that education would be an impor-
tant indicator for reducing poverty, but more as-
sessments are required. Food consumption and lack 
of income in the past month are also relatively high 
contributors, suggesting that food security and the 
ability to earn a living remain issues in this context.

Looking at different refugee characteristics – such as 
ESSN status, arrival time, origin, and region – sheds 
further light on the drivers of poverty that help guide 
more targeted programmes and policies. The figures 
below highlight key results, with full tables, including 
population shares and confidence intervals, availa-
ble in Appendices 3, 4, and 5. Please note that due to 
some stark differences in population shares and small 
sample sizes for specific groups, the disaggregated 
results and the results for targeting in point 3 are de-
scriptive and do not claim statistical significance.

Based on CVME3 data, and as shown in Figure 5, we 
see that non-applicants are the poorest group by 
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FIGURE 5.   MPI BY ESSN STATUS
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ESSN status, with an MPI of 0.251, compared to 0.194 
for beneficiaries and 0.140 for ineligible populations. 
More than three-quarters of non-applicants were 
identified as being multidimensionally poor. This sug-
gests that the ESSN was reaching multidimensionally 

poor households, but those who had not applied may 
also be in need of support.5 The treatment effect of 
the ESSN and potential impact on the non-applicant 
group is further investigated and discussed in the 
next focus area.

Figure 6 digs deeper into these results, showing the 
percentage of the population in each group that is 
poor and deprived in each indicator. This shows how 
deprivations by indicator vary according to ESSN sta-
tus (again, based on CVME3 data). Some interesting 
patterns emerge. For instance, while the non-appli-
cants (at a population share of 13%) are much more 
likely to be poor and deprived in the indicators within 
the education and food dimensions, beneficiaries (at 
a population share of 51%) are more likely to be poor 
and not report any income (meaning no household 
member worked in the past 30 days). The ineligible 
population (36% population share), while facing few-
er deprivations in most indicators, was more likely to 
suffer from precarious work than were beneficiaries, 
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meaning that members of those households were 
forced to beg more or to engage in illegal or high-risk 
work.

As shown in Figure 7, new arrivals (those who arrived 
less than 6 months ago (WFP VAM, 2019: p. 8) are the 
poorest (with an MPI of 0.423 and population share 
of 3.5% in CVME3), which is in line with results from 
the CVME MPI. New arrivals have both the greatest in-
cidence (91.5%) and the greatest average intensities 
of poverty (46.2%). In general, it seems that the ear-
lier the refugees arrived, the less likely they are to be 
poor. This seems intuitive as the longer one is in the 
country, the more one is likely to develop the tools 
to integrate (for example to speak Turkish), to find 
work, to accumulate assets, to build social networks, 
etc. The exception is for refugees who arrived before 
2011, who are still worse off, on average, than those 
who arrived between one and six years ago. Because 
these households arrived in Turkey before the Syrian 
conflict began, it may be that there are other charac-
teristics that differentiate them from the later arrivals 
and have made it more difficult for them to move out 
of multidimensional poverty.

Interestingly, Figure 8 shows that for the new arrivals, 
winter assets have a much larger contribution than 
for any of the earlier arrivals. This seems to validate 
the assumption that refugees who arrived earlier 
started to accumulate important assets that sepa-
rate those who are better off from the less well off. 
The measured winter assets indicator includes win-
ter clothes, mattresses, stoves, and heating that new 
refugees are less likely to bring with them; therefore, 
for the new arrivals the results are less surprising. It 
highlights, though, the complications in designing an 
index for refugees at different stages of their journeys 
and integration into the host country.
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FIGURE 8.   PERCENTAGE CONTRIBUTION OF INDICATORS TO MPI BY ARRIVAL TIME
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FIGURE 9.   MPI BY REGION
Figure 9 shows how multidimensional poverty 
among refugees differs by region. The Mediterranean 
region shows the highest levels of multidimensional 
poverty with an MPI of 0.286, nearly double that of 
the Aegean region at 0.152.
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Figure 10 shows that the patterns of multidimension-
al poverty differ quite substantially by region. Sanita-
tion contributes more than 10% of multidimensional 
poverty in the Mediterranean (the poorest region, 
with a population share of 3.8%), but less than 0.03% 
in the Aegean region (with a population share of 
11.6% and the lowest level of poverty among the five 
regions).6 Even among regions with relatively similar 
MPIs, there are differences in the composition of pov-
erty. In the South-East region (MPI of 0.178, popula-
tion share 19.2%), highest education achieved, diet, 
and income resource indicators contribute more than 
three times as much to poverty as they do in Istanbul 
(MPI of 0.167, population share 5.8%). The reverse is 
true for the indicators of food consumption, precari-
ous work, and treatment when sick. Finally, winter as-
sets contribute least where the climate is moderate, 
i.e. in the Mediterranean region (less than 1%).

0.000

0.100

0.200

0.300

0.400

0.500

0.600

M
PI

SyrianIraqiAfghan
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Finally, Figure 11 shows that Afghans (7.7% share of 
the sample) are the poorest nationals with the high-
est levels of multidimensional poverty with an MPI of 
0.460. Syrian refugees, who present 70.9% of the sam-
pled households in CVME3, show a lower MPI value of 
0.168, thus less than half of the MPI value of Afghans.

As Figure 12 demonstrates, the main drivers of pover-
ty for Afghans are consumption (20.2%) and highest 
education achieved (18.3%). In comparison, for Iraqis, 
the main percentage contribution stems from school 
attendance (22.5%), and for Syrians it is the highest 
education achieved (19.6%). Overall, for all three na-
tionalities, the contributions of no income over the 
last month and the highest education achieved are 
similar. Yet, strong differences emerge in other indi-
cators. While a lack of medical treatment contributes 
quite substantially to multidimensional poverty for 
Iraqis (12.5%), the contribution of this indicator to 
multidimensional poverty for Afghans is much lower, 
only 1.8%. Equally, while the contribution of precari-
ous work is 8.7% to poverty for Syrians, its contribu-
tion is minimal for Afghans and Iraqis.
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3. Targeting

RMPI results were matched against the eligibility cri-
teria for ESSN programme participation. Households 
were eligible to apply for the ESSN if it matched one or 
more of the following six criteria: a household consist-
ing of a single female, a household with a single par-
ent, an elderly-headed household, a household with a 
disabled member, a household with four or more chil-
dren, or a household with a dependency ratio of above 
or equal to 1.5. We cross-tabbed the multidimensional 
poverty status of households who met these criteria 
against the ESSN status variable (Table 5).

Of the ESSN beneficiaries, we find that in four eligi-
bility criteria (single female, single parent, elderly 
households, and households with a disabled mem-
ber) more households were multidimensionally poor 
than non-poor, ranging from 70.3% in single-parent 
households to 100% in elderly households. While this 
is an encouraging result in terms of matching, the 
overall sample size in these groups is rather small. In 
contrast, in households with four or more children, 
which is overall the second largest eligible group for 
the ESSN programme with 523 households in the 
CVME3, we find 45.6% of ESSN beneficiaries are clas-
sified as non-poor. However, 74% of the non-poor 
among households with four or more children (166 
households) faced deprivations close to the poverty 
line – between 10% and 20% of deprivations – which 
makes them vulnerable to poverty. Of the ESSN ben-
eficiaries in the largest eligible group for the ESSN 
programme, those households with a dependency 
ratio of above or equal to 1.5 (with 655 households), 
we find a mixed result: half of the beneficiaries in this 
group were classified as multidimensionally poor, 
while the other half was non-poor. Equally, 68% of 
the non-poor in that eligible group (204 households) 
were vulnerable to poverty, thus with deprivations 
between 10% and 20%.

Another noteworthy result is that among the non-ap-
plicants to the ESSN programme (170 households, 13% 
of the sample size in CVME3), we find six single-parent 
households that were multidimensionally poor and 
two households with a disabled member. Thirty-eight 
households, or 80.6% of the non-applicants, in the 
four-or-more-children category were living in multi-
dimensional poverty. Furthermore, several of the in-
eligible households by ESSN status (470 households, 
36% of the sample) are multidimensionally poor, in-
cluding three households with disabled members and 
39 households with four or more children.7

Note that results can be viewed against some match-
ing results from the CVME MPI. Based on CVME4 data, 
which unfortunately did not have data on the disabil-
ity criteria, all households with elderly members were 
identified as multidimensionally poor, and 62.4% of 
single-parent households. Further, 43.4% of house-
holds with four or more children were identified as 
multidimensionally poor, as well as 40.2% of house-
holds with a dependency ratio of 1.5 or above. Thus, 
we can conclude that for these eligibility criteria, 
matching results from the CVME MPI and the RMPI, 
although based on two different waves (3 and 4) of 
the CVME, are similar.

3.1 OPTIMIZING VULNERABILITY TARGETING 
IN THE ESSN: PERFORMANCE ANALYSIS OF THE 
SASF DISCRETIONARY ALLOWANCE AND SASF 
HOUSEHOLD VISITS

The SASF discretionary allowance was introduced in 
December 2018 within the broader framework of the 
ESSN Programme as a mechanism to help reduce ex-
clusion error.8 Monitoring results indicated that the 
exclusion error in the ESSN, using the six demograph-
ic criteria for targeting, fell to 4% in September 2019, 
which is equal to 70,326 individuals for the current 
ESSN caseload.
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TABLE 5.  REFUGEE MPI RESULTS MATCHED AGAINST ELIGIBILITY CRITERIA AND ESSN STATUS

Multidimensionally Poor 
Single female

Multidimensionally Poor 
Single Parent

ESSN Status No Yes Total No Yes Total

Beneficiary 1 4 5 11 26 37

20.0% 80.0% 100% 29.7% 70.3% 100%

Ineligible 0 2 2 2 5 7

0.0% 100% 100% 28.6% 71.4% 100%

Non-applicant 0 0 0 0 6 6

0% 0% 0% 0% 100% 100%

Total 1 6 7 13 37 50

14.3% 85.7% 100% 26% 74% 100%

Multidimensionally Poor 
Elderly Household

Multidimensionally Poor HHs 
with disabled members

ESSN Status No Yes Total No Yes Total

Beneficiary 0 2 2 1 15 16

0% 100% 100% 6.3% 93.8% 100%

Ineligible 0 0 0 0 3 3

0% 0% 0% 0% 100% 100%

Non-applicant 0 0 0 0 2 2

0% 0% 0% 0% 100% 100%

Total 0 2 2 1 20 21

0% 100% 100% 4.8% 95.2% 100%

Multidimensionally Poor HHs 
with 4 or more children

Multidimensionally Poor HHs 
with Dependency Ratio >=1.5

ESSN Status No Yes Total No Yes Total

Beneficiary 186 222 408 258 260 518

45.6% 54.4% 100% 49.8% 50.2% 100%

Ineligible 29 39 68 37 45 82

43% 57% 100% 45.1% 54.9% 100%

Non-applicant 9 38 47 5 50 55

19.2% 80.6% 100% 9.1% 90.9% 100%

Total 224 299 523 300 355 655

42.8% 57.8% 100% 45.8% 54.2% 100%
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Targeting can never be perfect unless a programme 
adopts a universal approach (which means no tar-
geting). In effect, the SASF allowance functions as 
the ‘seventh criteria’ or, more precisely, as a second 
tier of, or filter for, targeting. This second filter also 
comes chronologically after the demographic criteria 
because it usually requires a household visit, which 
is typically only conducted after an ESSN application 
has been received and adjudicated according to the 
demographic criteria. The SASF allowance gives dis-
cretionary power to SASFs to admit households that 
do not meet the six ESSN criteria but are considered 
vulnerable to the ESSN programme. While this mech-
anism caused some concerns about how the poten-
tial biases of social workers would be eliminated, how 
effective the tool used to capture poverty would be, 
and how a standardized and uniform application 
would be ensured among widespread SASF offices 
etc., the SASF discretionary allowance is a promis-
ing tool to complement the demographic targeting 
of the ESSN programme. Note that since December 
2016, households that were on the ESSN programme 
but not considered vulnerable (inclusion error) were 
already being gradually removed through the SASF 
household visits. The pace of adding or removing de-
pends on SASF’s capacity to conduct household visits 
and current capacity is insufficient. Furthermore, it is 
highly possible that household visits have been put 
on hold due to COVID-19 since March 2020.

Through the SASF allowance mechanism, each SASF 
is allocated a quota that is equivalent to 5% of ESSN 
applications received by 30 October 2018. The total 
quota is 23,879 households for all SASFs in Turkey. 
This quota provides a limit to the number of house-
holds that can be added onto the ESSN programme 
through this mechanism. The SASF allowance uses 
the Integrated Social Assistance Information System 
(ISAIS) algorithm that categorizes household vulner-
ability into groups A to E; group A is the most vulnera-
ble and group E is the least vulnerable. The SASFs can 
only add group A households to the ESSN. 

Following the introduction of the SASF discretionary 
allowance, joint monitoring visits to households that 
have been added or removed through this mecha-
nism have been conducted by WFP and the TRC with 
the view of checking the effectiveness of the mech-
anism. This section summarizes the results of moni-
toring activities on the SASF allowance since March 
2019.

3.1.1 Sampling methodology9

Sampling for the SASF-allowance-added house-
holds is taken directly from the ESSN caseload for the 
households that are added through the SASF discre-
tionary allowance.

Sampling for the removed households is rather diffi-
cult as the system has no descriptor to identify a house-
hold that has been removed because it is considered 
‘not vulnerable’ after a household visit by the SASFs. As 

TABLE 6.  SASF ALLOWANCE MONITORING ACTIVITY TIMELINE

Rounds Data collection period Number of SASF allowance 
added household visits

Number of removed 
household visits

1st March to May 2019 111 86

2nd June to August 2019 239 100

3rd September to December 2019 397 89

4th January to March 2020 306 74



bb

bb

j

j

j

bb bb

jj

jj

jj

jj

j

Mediterranean Sea

Black Sea

I r a n

R u s s i a n  F e d e r a t i o n

I r a q

Greece

B u l g a r i a

S y r i a n  A r a b  R e p u b l i c

G e o r g i a

A r m e n i a

C y p r u s

KONYA

SIVAS

VAN

ANKARA
ERZURUM

ANTALYA

AGRI

KAYSERI

MERSIN

IZMIR

KARS

ADANA
SANLIURFA

YOZGAT

MUS

MUGLA

DENIZLI

BURSA

CORUM

TOKAT

BOLU

ESKISEHIR

BITLIS
ELAZIG

MALATYA

AYDIN

BINGOL

KASTAMONU

MANISA

BALIKESIR

DIYARBAKIR

KUTAHYA ERZINCAN

SIIRT
ISPARTA NIGDE

SAMSUN

MARDIN

USAK

ARTVIN
ORDU

SIRNAK

CANKIRI

TUNCELI

SINOP

HATAY

AKSARAY

RIZE

EDIRNE

BURDUR

KARAMAN
HAKKARI

AFYONKARAHISAR

GIRESUN

KAHRAMANMARAS

KIRSEHIR

CANAKKALE

ADIYAMAN

AMASYA

TEKIRDAG

IGDIR

GAZIANTEP

KIRKLARELI

BILECIK

NEVSEHIR

SAKARYA

BATMAN

GUMUSHANE

ARDAHAN
TRABZON

KIRIKKALE

KARABUKKOCAELI

BAYBURT

ISTANBUL

DUZCE

BARTIN

OSMANIYE

KILIS

ZONGULDAK

YALOVA

40°0'0"E30°0'0"E

40
°0

'0
"N

Date Created: 16 Nov 2020
Contact: turkey.info@wfp.org
Website: www.wfp.org
Prepared by: WFP Turkey CO
Map Reference: 
SASF quotas and beneficiaries 
by province, March 2020

±
0 200 400100

Kilometres

The designations employed and the
presentation of material in the map(s)
do not imply the expression of any
opinion on the part of WFP concerning
the legal or constitutional status of any
country, territory, city or sea, or concerning
the delimitation of its frontiers or boundaries.

© World Food Programme 2019

UNGIWG, GeoNames, GAUL, WFP, DGMM, 
AFAD, MoFLSS
...

SA
SF

 Q
U

O
TA

S 
A

N
D

 B
EN

EF
IC

IA
R

IE
S 

B
Y 

PR
O

VI
N

C
E 

- M
A

RC
H

 2
02

0

S
YR

IA
 C

R
IS

IS

CHANGING
LIVES

SAVING
LIVES

SASF quotas at provincial 
level

f

WFP

b
Area Office

b Country Office

j Field Office

b

b

j

TK
SASF quaotas and 

beneficiaries at 
provincial level

151 - 450

451 - 1250

> 1250

0

1 - 50

51 - 150

Quota
Quota usage
March 2020

FIGURE 13.  SASF ALLOWANCE DATA COLLECTION LOCATIONS

27

a result, WFP defines a household as removed for not 
being vulnerable if it meets the criteria below:

i.	 Household still meets the demographic 
criteria;

ii.	 Household has been eligible for the ESSN in 
the last six months but is currently ineligible;

iii.	 Removal reason is coded as ‘not being 
vulnerable’.

This monitoring activity started in March 2019, soon 
after the SASF discretionary allowance implementa-
tion started. There have been four monitoring rounds 
in different places, covering all different parts of Tur-
key (Table 6). The map (Figure 13) below shows the 
SASF allowance monitoring locations.

3.2 KEY FINDINGS OF SASF PERFORMANCE 
ANALYSIS

1.	 SASF quota utilization has increased, with 
7,087 households added to the ESSN as of 
March 2020, up from 3,735 households in June 
2019. Overall utilization nonetheless remains 
low at only 30% of the allocated allowance 
although there are a few SASFs that used all 
their allocated quota.

2.	 Gradually more households report having re-
ceived a visit prior to being ‘added’ to the ESSN 
through the SASF allowance. The proportion 
of households visited, however, started to de-
crease from 2019 Q3 and remains much lower 
among removed households.
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3.	 SASF-discretionary-allowance-added house-
holds are generally economically vulnerable, 
with lower incomes; more than half are mul-
tidimensionally poor; and they are more likely 
to live under the World Bank poverty line than 
an average ineligible household. 

4.	 SASF-removed households are relatively eco-
nomically less vulnerable with higher income, 
and they are less likely to live under the World 
Bank poverty line10 than an average eligible 
household. However, as of 2020 Q1, half of 
them are multidimensionally poor (based on 
CVME MPI) mainly driven by deprivation in 
food security and health.

5.	 Field Monitoring Assistants (FMAs) are more 
likely to agree with decisions made by SASF of-
ficers when the decision was taken following 
actual household visits.

3.3 RESULTS OF SASF PERFORMANCE ANALYSIS

3.3.1 SASF allowance quota usage by March 2020

By March 2020, 7,087 households (28,312 individuals) 
had been enrolled into the ESSN through the SASF 
allowance criteria. This is equivalent to 29.7% of the 
total SASF allowance quota that had been allocated 
nationwide (Figure 14). Although quota usage has in-
creased over time, it remained lower than expected 
more than one year after the launch. On one hand, 
this may reflect that the concerns that the SASF al-
lowance would be used too liberally were misplaced 
but, on the other hand, it can indicate a natural re-
sult of the limited capacity of the SASFs to conduct 
household visits in the absence of additional staff, 
vehicles, interpreters, etc. Furthermore, it is impor-
tant to highlight that quota usage differs significantly 
among the locations: while some SASF offices used 
all their quota allocated to them, others did not use 
any of their quota to add households to the ESSN.

Challenges of using quotas

SASFs have raised some issues that have affected the 
use of quotas and overall SASF allowance implemen-
tation. These issues include their findings that there 

are not enough households classified as Group A in 
their district, there are not enough vulnerable fami-
lies or there is no need for the SASF allowance, the 
quota is too small, and the number of vulnerable 
households in Group B.

A systematic effort is required to address these is-
sues. SASF allowance uses the ISAIS algorithm (the 
same system used for the identification of vulnerable 
Turkish households), which categorizes household 
vulnerability into groups A to E. The SASFs can only 
add group A households to the ESSN while the ISAIS 
system, which is unknown to the authors, categorizes 
Turkish families in both group A and B as vulnerable. 
Some SASFs indicate that there are vulnerable group 
B households. Further analysis with more data on the 
distribution of group A and B households is recom-
mended to inform this discussion.

Policy makers may need to reconsider how quotas 
should be allocated among different locations, giv-
en the diversity of views from various SASF officers. 
In this context, allocating the quota based on the to-
tal number of households identified and classified as 
vulnerable according to the ISAIS system in each dis-
trict would be a more effective approach than setting 
the quota at 5% of the total number of applications 
that each office received in 2018 (Figure 15). Addi-
tional analysis with more data on the distribution of 
households in the ISAIS system in each district is rec-
ommended to inform this discussion.

3.3.2 Household visits

Ideally all households need to be visited prior to 
any decision to either add or remove is made; how-
ever, mainly due to a lack of resources at local-level 
SASF offices, social workers were not able to conduct 
household visits with their whole portfolio. Results 
show that social workers prioritized visiting ineligible 
households over eligible households, meaning that 
they took a more normative and attentive approach 
to include households than to exclude them from the 
ESSN.

As a result, despite an increase in 2019 Q3 compared 
to 2019 Q2, the percentage of removed households 
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that reported having received a visit from SASF of-
ficers before removal decreased significantly in the 
last round, falling to 39% (Figure 16). However, over-
all, there was a progress in visiting households before 
adding them to the ESSN caseload. Three-quarters 
of added households indicated receiving a visit from 
officers before they started to benefit from the assis-
tance in 2020 Q1. This is a positive trend and suggests 
the potential to reach even more households, there-
by ensuring the most vulnerable are protected.

3.3.3 Comparative analysis on vulnerability of SASF 
added and removed households

Household income
Given that demographic targeting criteria are good, 
but not perfect proxies for vulnerability, the SASF al-
lowance mechanism is a crucial tool for identifying 
vulnerable people who cannot be captured through 
demographic criteria and for including them in the 
caseload to ensure they receive the support neces-

FIGURE 16.  HOUSEHOLDS VISITED BEFORE BEING ADDED OR REMOVED FROM ESSN (BASED ON 
DECLARATION BY HOUSEHOLDS)

sary to meet their basic needs. However, it is equally 
important that SASF officers regularly visit eligible 
households to determine whether a household that 
meets the demographic criteria is actually vulnerable 
enough to deserve the assistance. Therefore, it is ideal 
to observe that households with higher monthly in-
come or with a good asset base are being removed 
while households that could not generate sufficient 
income and/or that were asset-poor are being added 
to the programme by social workers.

Analysis shows that there has been a significant dif-
ference between the average income of added and 
removed households over time, especially in the last 
round when removed households earned almost 
three times more than added households in a month 
(Figure 17). While SASF officers consistently managed 
to add households with low income over time, their 
performance in removing households was compara-
tively lower in 2019 Q3 and Q4 when they excluded 
households that earned less (1,200 TRY and 1,100 TRY, 
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respectively) compared to the households removed 
in 2019 Q2 (1,600 TRY). However, it recovered in the 
last round when they successfully identified house-
holds with relatively high income generation and re-
moved them from the caseload.

Household expenditure
Household expenditure is an important indicator of 
the household’s vulnerability level. However, the re-
sults may not always reveal the full truth due to dif-
ferences in household size. As shown in Table 7 (next 
page), total expenditure is generally much higher 
among the removed households in both Q1 and Q2, 
which is probably due to the larger household size 
among ex-beneficiaries and the fact that newly add-
ed beneficiaries typically have lower expenditures.

In per capita and adult equivalent scale11 terms, anal-
ysis shows that worse-off households were added to 
the ESSN over time with the exception of 2019 Q4 
when there was a slight increase in per capita and per 

adult equivalent indicators. Similarly, social workers 
removed better-off households with the exception 
of 2019 Q3 when the increasing trend reversed; how-
ever, the upward trend resumed in 2019 Q4 and an 
increasing trend was maintained in 2020 Q1. Over-
all, the decreasing trend, implying lower expendi-
ture and therefore higher vulnerability among add-
ed households, and the increasing trend, indicating 
higher expenditure and therefore lower vulnerability 
among removed households, demonstrate a positive 
performance of the SASF allowance mechanism – at 
least by monetary indicators.
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TABLE 7.  EXPENDITURE PATTERNS FOR SASF ADDED AND REMOVED HOUSEHOLDS

2019 Q2 2019 Q3 2019 Q4 2020 Q1 2019 Q2 2019 Q3 2019 Q4 2020 Q1

Total Expenditure TRY 2.074 TRY 1.928 TRY 2.053 TRY 2.096 RY 2.806 TRY 2.146 TRY 2.851 TRY 3.422

Expenditure Per 
Capita TRY 503 TRY 432 TRY 475 TRY 464 TRY 518 TRY 391 TRY 465 TRY 591

Expenditure 
Adult Equivalent TRY 691 TRY 624 TRY 678 TRY 673 TRY 782 TRY 599  TRY 732 TRY 955

Poverty prevalence
The World Bank calculates poverty lines12 per person 
per day for middle- and high-income countries on a 
yearly basis. These two classifications showing the 
percentage of people living below moderate and ex-
treme poverty lines are widely used in the develop-
ment world to identify economically poor populations 
and make necessary adjustments to programmes and 
policies. Figure 18 shows the percentage of added 
and removed households living below the moderate 
poverty and extreme poverty lines over time. 

One hundred percent poverty among added house-
holds and 0% poverty among removed households is 
possible in theory but not in practice, given that the 
refugee population in Turkey is homogenously vul-
nerable. Therefore, the results are expected to reveal 
that ineligible households that were relatively poor-
er were added to the ESSN, while less poor eligible 
households were removed from the caseload. When 
read from this perspective, the analysis demonstrates 
that almost half of the added households were eco-
nomically poor, and this was more or less stable over 
time. In Q1 2020, on average, 22% of all ineligible 
households were living below the moderate poverty 
line, while 47% of added households were below the 
moderate poverty line, implying that SASF officers 
managed to identify poorer households to include 
into the ESSN. 

Findings also reveal that social workers started to ex-
clude relatively better-off households over time with 
the exception of 2019 Q3. Even though the percent-

age of removed households living below the poverty 
line increased in 2019 Q3 compared to 2019 Q2, since 
then there has been a steady decrease, reaching 28% in 
the last round. Comparison between removed house-
holds and all eligible households in Q1 2020 indicates 
that, on average, 59% of all eligible households were 
living below the moderate poverty line while 28% of 
removed households were below the moderate pov-
erty line, suggesting that social workers succeeded in 
removing relatively less poor households.

Overall, results in monetary-related outcome indica-
tors indicates that SASF allowance mechanism has 
shown progress over time and has improved its per-
formance by March 2020.

Household food consumption
Household food consumption during the week 
preceding the survey is a useful proxy for vulnerabili-
ty. Consistent with prior vulnerability assessment and 
monitoring reports published over the course of the 
ESSN, the majority of households have acceptable 
food consumption. The main reason behind these 
figures is the fact that food expenditures represent 
the biggest portion of total household expenditure, 
implying that households tend to cover their food 
needs first and foremost by allocating any cash inflow 
to buy food products. 

However, interestingly, analysis showed that food 
consumption levels were high for added households 
compared to removed ex-beneficiaries except in 
2019 Q2 (Figure 19). The difference in the food con-
sumption scores between the two groups became 



0%

10%

20%

30%

40%

50%

60%

43

5

48

11

39

9

47

8

44

14

57

12

42

6

28

7

FIGURE 18.  HOUSEHOLDS BELOW THE WB POVERTY LINES

Below moderate poverty rate

Below extreme poverty rate

2019 Q2 2019 Q3 2019 Q4 2020 Q1 2019 Q2 2019 Q3 2019 Q4 2020 Q1

Added households Removed households

FIGURE 19.  HOUSEHOLD FOOD CONSUMPTION PATTERNS

Poor

Borderline

Acceptable

Re
m

ov
ed

 h
ou

se
ho

ld
s

Ad
de

d 
ho

us
eh

ol
ds

2020 Q1
7% 7% 86%

2019 Q4
3% 8% 89%

2019 Q3
5% 7% 88%

2019 Q2
3% 97%

2020 Q1
2% 4% 94%

2019 Q4
1%7% 95%

2019 Q3
2% 8% 90%

2019 Q2
1% 5% 95%

Food consumption groups

33



0% 10% 20% 30% 40% 50% 60% 70%

CVME MPI

FIGURE 20.  CVME MULTIDIMENSIONAL POVERTY INDEX ANALYSIS

Re
m

ov
ed

 h
ou

se
ho

ld
s

Ad
de

d 
ho

us
eh

ol
ds

2020 Q1 51

2019 Q4

2019 Q3

2020 Q1

2019 Q4

2019 Q3

47

52

61

61

53

34

statistically significant in Q1 2020, though it was not 
significant in previous quarters.13 While this could 
be partially because vulnerable ineligible house-
holds are receiving donated/shared resources/food 
items from their neighbours, relatives, and friends, 
this could also imply that social workers could not 
capture households’ deprivation in food security 
and removed them from the ESSN. The latter may 
be explained by the low level of household visits by 
officers among the removed group prior to removal, 
which therefore would be improved once more fre-
quent visits are ensured before any decision is made.

Multidimensional poverty
Poverty is usually measured based on the mon-
ey-metric concept, which considers someone as poor 
if they do not have enough economic resources. This 
implies that the indicators used to measure poverty 
are only related to prices and expenditures on goods 
and services (UNICEF, 2014). However, since the 1990s, 
multiple methods have been developed to measure 
poverty. In this case, the Multidimensional Poverty In-
dex (MPI) has been adapted14 to the situation of the 
refugee population living in Turkey, using principal 

component analysis. This is called the CVME MPI, and 
a review of the index is included in section 1.1.

Overall, despite its limitations, as outlined in section 
1.1, the CVME MPI provides a useful way to meas-
ure household wellbeing across sectors, to identify 
specific needs, and to compare groups. This is par-
ticularly of interest within Essential Needs program-
ming, allowing for synthesis of data across a variety 
of household needs.

Results of the CVME MPI analysis in Figure 20 demon-
strate that the multidimensional poverty of added 
households slightly increased from 53% to 61%, in-
dicating that multidimensionally poorer ineligible 
households were added to the ESSN. However, results 
also show that half of the eligible households that were 
removed from the programme were multidimension-
ally poor; the percentage decreased in 2019 Q4 and 
then it reversed again in the last round, reaching 51%. 
Further analysis indicated that poverty among re-
moved households was mainly driven by deprivation 
in food security and health. This is consistent with the 
findings on food consumption that showed that the 
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FIGURE 21.  CVME MULTIDIMENSIONAL POVERTY BY DIMENSIONS

SASF officers could not detect deprivation in food se-
curity, probably due to the low level of visits to eligible 
households before removal (Figure 21).

Field Monitoring Assistant opinions 
In the monitoring tool, staff are asked to state wheth-
er they agree with the decision taken to remove or 
add the household to the ESSN. The results demon-
strate that majority of FMAs agree that SASF-added 
households were deserving of the assistance (Figure 
22). The proportion of agreement has increased over 
time, climbing to 99% in the last round – for house-
holds both visited and not visited by SASF officers. On 
the other hand, FMAs do not always agree with de-
cisions regarding the removal of some households. 
It is important to highlight that FMAs are more likely 
to agree with decisions taken for the households that 
were reported as having visits prior to removal, while 
over time they gradually became more opposed to 
decisions taken to remove households without con-
ducting a visit. More than half (65%) of FMAs thought 

that households that were visited by SASF officers 
should not have been removed from the ESSN in 2019 
Q3, but this ratio reduced to 38% in 2020 Q1, implying 
increasing alignment over time. However, in 2020 Q1, 
73% of FMAs – an increase from 55% – expressed that 
households removed without being visited by social 
workers did not deserve to be excluded from the pro-
gramme. This is consistent with previous findings on 
the removal of multidimensionally poor households 
and the decreasing number of visits to eligible house-
holds by SASF officers. This finding again emphasizes 
the necessity of household visits before making any 
decision on removal. 



FIGURE 22.  SUBJECTIVE ASSESSMENT RESULTS FOLLOWING FIELD MONITORING VISITS
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4. Concluding Remarks: Focus Area 2

This focus area report aimed to review the vulnerability 
analysis used in the ESSN programme, with a focus on 
multidimensional vulnerability in key socioeconom-
ic indicators. Building on an evaluation of the CVME 
MPI and MDDI, combined with the analysis of partici-
patory focus group discussions, as well as an analysis 
of international refugee conventions such as the 1951 
Refugee Convention, the approach was to make a se-
ries of adjustments to develop a Refugee MPI that is 
statistically strong and normatively convincing. The 
strength of the new approach is that the index moves 
towards an RMPI informed by the needs of refugees 
but also by their rights and their own voices as cap-
tured through participatory focus group discussion. 
Broadening the normative view to justify the design 
of the index, in light of available data, truly helped to 
design an index that complements the CVME MPI and 
the MDDI, and makes it more applicable in refugee 
contexts that are both needs- and rights-based. 

The revision applied more stringently the Alkire-Fos-
ter method than the CVME MPI did and achieved an 
index that is parsimonious, inclusive of different refer-
ence populations in each dimension, and robust in its 
design. Indicators were selected based on normative 
and statistical grounds, making it a viable alternative 
to the CVME MPI with lessons learned for the design 
of RMPIs in different contexts. This measure was then 
analysed to draw out important findings about the 
characteristics of refugees in Turkey and the multi-
dimensional poverty that they were experiencing. A 
key finding here is that over three-fifths of the pop-
ulation is identified as multidimensionally poor, an 
incidence of multidimensional poverty of 61%. The 
majority of the multidimensionally poor face poverty 
intensities of up to 35%, which is encouraging news 
as this indicates that most poor refugees face poverty 

intensities in proximity to the poverty cutoff line of 
20%. This finding will allow policy makers to design a 
clear response strategy.

Future survey designs will profit from the new index’s 
design as it allows for a more targeted data collection 
strategy, one specifically designed for refugees and 
their needs and their rights. For example, by including 
an indicator on winter assets, more data on specific 
winter items can be collected in contexts of countries 
with harsh winter conditions, or if the index is applied 
in other contexts (e.g. in situations of south-south 
migration), the actual list of items can be adjusted. A 
rights-based focus will need data with longer recall 
periods (e.g. on educational attainments of children 
and adults beyond the last semester, or on income 
resources and sicknesses beyond the past 30 days). 
Further, a water indicator would strengthen the index 
but requires objective information on the quality of 
the water source, among other crucial information. 

In very practical terms, the new index also proves 
useful for targeting purposes because it is designed 
to capture multidimensional poverty for all types of 
household demographics, which underpin the ma-
jority of eligibility criteria of the ESSN programme. 
The finding that more households were multidimen-
sionally poor than non-poor among ESSN benefi-
ciaries in four eligibility criteria (single female, single 
parent, elderly households, and households with a 
disabled member) is encouraging – even with a small 
sample size in CVME3 – as it highlights that the pro-
gramme predominantly targets the poor in these 
groups. Yet, many non-poor households were also 
targeted among households that qualified through 
the other two criteria, namely those with four or more 
children and households with a dependency ratio of 
above or equal to 1.5 (both with substantially greater 
population shares). Therefore, households that be-
came eligible through these two criteria should be 
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prioritized for SASF household visits so as to minimize 
the inclusion error, but also because many of these 
households were found to be vulnerable to poverty 
(facing deprivations close to the poverty line). Also, 
as research by Oxford Policy Management (OPM) has 
shown, households moved between poverty quin-
tiles frequently, both up and down. Analysis revealed 
that 56% of those who were in the richest quintile, 
by monetary poverty measures, in 2017 moved to a 
lower quintile by December 2018, and 57% of those 
in the poorest quintile moved up over this time peri-
od (OPM (2020). This suggests that any snapshot of 
their status through a household visit may cease to 
be valid a few months later. Future research will fur-
ther explore how the targeting mechanism in these 
two eligibility groups can best be combined with the 
poverty analysis of the RMPI. Furthermore, indicators 
proposed for measuring refugee multidimensional 
poverty can be used to further develop the existing 
SASF tool/ checklist. 

There is no targeting system without exclusion error. 
Universal targeting ends up with the inevitable in-
clusion of some non-poor households, which causes 
inclusion errors. Therefore, policy makers are encour-
aged to use the evidence base to improve the per-
formance of the targeting mechanism. Currently the 
ESSN targeting is based on a two-tier or filter mecha-
nism. The first filter is simple demographic targeting 
via demographic criteria, while a second filter uses 
some observable characteristics that are linked to 
welfare of the households through the SASF discre-
tionary allowance and SASF household visits. The sec-
ond filter currently uses an existing checklist that is 
also used to assess Turkish households. An improved 
version would probably more closely align with the 
RMPI proposed in this paper.

Findings on the performance of the SASF allowance 
mechanism and household visits reveal that perfor-
mance has improved over time with the increase in 
quota usage and frequent household visits prior to 
adding vulnerable households to the programme. 
However, household visits prior to removing rel-
atively less vulnerable households remained at a 

lower frequency than hoped for. This is confirmed 
by the figures that demonstrate SASF officers’ better 
performance when it comes to adding vulnerable 
households than shown when removing less vulner-
able ones. It is also important to mention that WFP’s 
FMAs were more likely to agree with decisions made 
by SASF officers when a decision was taken follow-
ing actual household visits. However, regular and 
frequent household visits are not always feasible 
due to a lack of resources for SASFs at the local level, 
which includes human resources, vehicles, time, and 
an existing high workload. Also as stated above, a 
small event such as a disease or finding a job etc., can 
quickly move a household across the poverty line in 
either direction, meaning that a satisfactory system 
would not only require good checklists and empa-
thetic, but objective, social workers, but also periodic 
visits to the same household. While for the ESSN all 
three prerequisites appear problematic in the Turkish 
context for the immediate future, all three can be im-
proved over time if sufficient resources are invested.

4.1 RECOMMENDATIONS FOR THE RMPI

1.	 The design of multidimensional poverty indi-
ces for refugees need to account holistically 
for the needs, rights, and voices of refugees. 
The newly designed RMPI in this report is a 
first step to achieving this ideal. 

2.	 Future data collection strategies are required 
to meet the data needs of refugees found in 
this report. This includes better objective in-
formation for key indicators and for different 
reference populations, as well as the use of 
longer recall periods where needed. 

3.	 Multidimensional poverty measures for refu-
gees need to be disaggregated by arrival time 
and other characteristics to assess results in 
context. Recent arrivals have other poverty 
drivers than refugees who arrived some time 
back, and the newly designed RMPI allows for 
that.
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4.	 In the Turkish context, it was found that the 
majority of the multidimensionally poor 
(measured by the RMPI) face poverty inten-
sities of up to 35%, thus in proximity to the 
poverty cutoff line of 20%. This finding should 
encourage policy makers to design a targeted 
response to alleviate poverty and avoid refu-
gees moving back into poverty.

5.	 Syrians have the greatest population share in 
the CVME3 and were found to suffer substantial-
ly from precarious work and a lack of adult edu-
cation. These should be targeted as a priority.

4.2 RECOMMENDATIONS FOR TARGETING

1.	 First and foremost, the findings reiterate the 
importance of conducting household visits, 
therefore it is recommended that no decision 
to add or remove households should be ac-
tioned without such a visit after COVID-19.

2.	 The decision-making tool used by the SASFs to 
assess refugee household vulnerability should 
be aligned with the RMPI proposed in this pa-
per so as to better capture the information re-
quired to measure each household’s multidi-
mensional poverty. The same tool should not 
be used for Turkish and refugee households. 

3.	 There should be greater systemization of 
identification. Despite the promising perfor-
mance of SASF officers when adding vulner-
able households to the programme and re-
moving relatively better-off households (on 
economic terms) from the ESSN, the removal 
of households that were multidimensionally 
poor by the CVME MPI negates the extent to 
which exclusion error is reduced by the same 
mechanism. This brings up a discussion of the 
difficulties of measuring the vulnerability of 
households as there are specific conditions 
that may skew the results. Further systematiz-
ing the approach used to identify vulnerable 

households during monitoring visits would 
help reduce observed discrepancies. System-
atisation would include agreeing on which 
conditions a household is determined to be 
vulnerable, ensuring a standardized process 
among SASF offices. 

4.	 Involving other implementing partners and 
local NGOs by allowing them to refer cases di-
rectly to SASF officers would help reduce the 
burden on SASF officers and ensure a collabo-
rative decision-making process. 

5.	 There should be an appeals mechanism. Given 
that there remains some dissent on the deci-
sions taken to remove households (as shown 
by the field monitor assessment and findings 
on multidimensional poverty analysis), there is 
a need for a structured process that would al-
low for such cases to get swift remedial action. 

6.	 Further research should be conducted to ex-
plore how a multidimensional poverty per-
spective can be embedded into ESSN target-
ing, especially for the dependency ratio and 
the four-plus children criteria as those criteria 
led to significant inclusion errors. 
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Introduction to Focus Area 3

In the past decade, Turkey has seen a tremendous 
increase in the number of refugees who make their 
home there, and, just like the host population, refu-
gees are affected by macroeconomic changes within 
the country. As refugees have been rebuilding their 
lives from scratch, changes in the nation’s economic 
conditions have had particularly strong impacts on 
refugees’ resilience and self-reliance, but they also 
have influenced the degree to which humanitarian 
programmes remain necessary. This section aims to 
provide a background on the macroeconomic situa-
tion in Turkey and to summarize policy responses in-
troduced to address macroeconomic challenges. 

WFP partnered with the European Civil Protection and 
Humanitarian Aid Operations (ECHO), the Ministry of 
Labour, Family and Social Services (MoFLSS), and the 
Turkish Red Crescent (TRC) for the implementation of 
the Emergency Social Services Network (ESSN) pro-
gramme from September 2016 to March 2020. Dur-
ing this period, the Turkish economy has undergone 
drastic changes. First, the GDP growth rate gradually 
decreased from 7.47% in 2017 to 0.88% in 2019 (Mac-
rotrends, 2021). It increased to 4.5% in the first quarter 
of 2020 but decreased in the second quarter following 
the start of the COVID-19 pandemic. The exchange 
rate for the Turkish lira to the US dollar has drastical-
ly increased by 79% from June 2017 to March 2020 
(3.53TL to 6.33TL). Along with the deterioration in the 
foreign exchange rate, the CPI inflation rate peaked in 
2018 Q4 and has remained above 10% every month 
from May 2017 to March 2020 with the exception 
of 2019 Q4 (Appendices 1 and 2). Similarly, the un-
employment rate increased from 10.82% in 2017 to 
13.49% in 2019 (Statista, 2020). In general, the macro-
economic downturn began in 2018 Q2 and partially 
recovered in 2019 Q4 and 2020 Q1 before it was hit by 
the global pandemic starting from 2020 Q2.

These economic changes in Turkey affected the lives 
of the refugees. The Minimum Expenditure Basket 
(MEB) cost15 for refugees in Turkey increased signif-
icantly by 43.6% from 2017 to 2020 (264 TL in June 
2017 to 379 TL in February 2020), resulting in a wid-
ening of the gap between the minimum amount re-
quired to cover their basic needs and the sum of as-
sistance (which did not change except for an increase 
in top-ups in 2019, which was insufficient to make up 
for the loss of purchasing power), and income gener-
ated by households. 

Consequently, macroeconomic changes during the 
period led to a reduction in the purchasing power 
of refugees living in Turkey, and it has become more 
challenging for refugees to meet their basic needs. 
Moreover, labour market demand has decreased, 
which made it difficult for refugees to secure sustain-
able income sources. As a result, refugees tend to rely 
more on international assistance. While Emergency 
Social Safety Net (ESSN) stakeholders have adjusted 
the programme over the course of implementation, 
the transfer value has not been changed since June 
2017. Quarterly top-ups were approximately doubled 
in 2019, but this represents only a small increase in 
transfer value that is insufficient to compensate for 
the loss of purchasing power caused by inflation.

A number of changes were made to the ESSN to incor-
porate lessons learned and improve its effectiveness 
and efficiency. The changes are as follows: i) target-
ing criteria regarding dependency ratio and house-
hold members with disabilities were modified in June 
2017 to increase the coverage of the programme by 
reaching more vulnerable households; ii) the month-
ly transfer value was increased from 100 TL to 120 TL 
in June 2017; iii) quarterly top-ups were introduced in 
June 2017 to assist small-sized households that could 
not take advantage of economy of scale, and the top-
up amount.
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were increased in August 2019 (ranging from TRY 100 
to 600, with larger top-ups allocated to smaller house-
holds) to compensate partially for deteriorating pur-
chasing power; iv) disability top-ups were introduced 
in August 2018 in order to provide further support to 
households with severely disabled member(s); and 
v) the Social Assistance and Solidarity Foundations 
(SASF) Discretionary Allowance Mechanism16 was in-
troduced in December 2018 to complement demo-
graphic targeting criteria as a second tier or filter of 
targeting by including households that were exclud-
ed for not meeting demographic criteria but which 
were actually vulnerable. 

Both the deteriorating economic situation and the 
adjustments made over the course of WFP’s imple-
mentation period – either to address challenges 
that arose from the macroeconomic situation of the 
country or to improve the programme to better assist 
refugees – have directly and indirectly impacted out-
come indicators of the ESSN.

This chapter focuses on identifying the intended ben-
efits and unintended impacts of the ESSN. The body 
of this focus area report has three parts: i) intended 
impacts, ii) unintended impacts, and iii) potential 
impacts on non-applicants. The first part covers ex-
isting evidence and analyses ESSN programme per-
formance in addressing multidimensional poverty 
among refugees and their ability to meet basic needs. 
The area of focus for this section is ESSN beneficiaries. 
The second part explores how the programme has af-
fected refugees’ lives in areas like employment, fertili-
ty decisions, social cohesion, and the economy at the 
macro- and micro-levels by comparing beneficiaries, 
non-beneficiaries, and the host society. The third 
section describes the ESSN’s hypothetical impact on 
non-applicants and provides results on the potential 
effects on multidimensional poverty among refugees 
if refugees who did not apply to the ESSN had applied 
to receive the assistance. This chapter ends with some 
concluding remarks and recommendations.
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5. Intended impacts of the ESSN Programme

The ESSN is designed to support vulnerable refugees 
living in Turkey to meet their basic needs. This section 
explores to what extent beneficiaries i) have been 
able to meet their basic needs, ii) have adopted cop-
ing behaviours due to the inability to meet their basic 
needs, iii) have had sufficient economic capacity to 
meet their needs, and iv) how the ESSN has impacted 
multidimensional poverty among refugees.

5.1. METHODOLOGY

In analysing the programme’s intended impacts, data 
and resources from WFP programme implementa-
tions are mainly utilized, along with external studies 
from academics. The range of datasets and resourc-

es include ESSN’s Post Distribution Monitoring (PDM), 
Comprehensive Vulnerability Monitoring Exercise (CVME), 
WFP Market Bulletins, Multi-purpose Cash Assistance 

and Health (Johns Hopkins), an analytical study on the 
contribution of assistance to the nutritional well-be-
ing of Syrian refugee women and children (Hacet-
tepe, 2020), and an ESSN analysis from the World 
Bank (Özler et al., 2020). All the PDM rounds and 
CVME rounds 3, 4, and 5 are representative for refu-
gees living in Turkey. The pre-assistance baseline is 
May 2017. In this section, only ESSN applicants (ben-
eficiaries/ non-beneficiaries) will be analysed when 
assessing the intended impacts.

KEY FINDINGS

1.	 Overall performance of ESSN applicants follows similar patterns across most indicators: an 
improvement between 2017 and 2018 following the start of the assistance is followed by 
a decline during the second half of 2018, following high inflation and an increased cost of 
living. Indicator values then recover until March 2020 following an increment in quarterly 
top-ups in 2019.

2.	 Despite macroeconomic challenges, the ESSN cash assistance has successfully supported the 
beneficiaries. Beneficiaries have managed to outperform non-beneficiaries in nearly all of 
the outcome indicators (Food consumption level, nutrition, health conditions, debt manage-
ment, use of coping strategies, Refugee Multidimensional Poverty Index, etc.).

3.	 The ESSN assistance caused a significant reduction in the intensity of multidimensional pov-
erty among eligible applicants, and the impact was more evident on refugees who had ar-
rived more recently. The largest impact of the assistance was found on the dimensions of food 
security, living standards, and education, all of which had statistically significant improve-
ments. Also, the largest reductions of poverty occurred among those who are relatively less 
poor (poor, but not extremely so).

4.	 Nevertheless, household debt and high cost of living (as measured by the Minimum Expend-
iture Basket) remain as key concerns. Increasingly more households report that their debt 
level is not manageable as they have to borrow more to meet their basic needs.
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5.2 ACCESS TO BASIC NEEDS

5.2.1 Food security and nutrition

Food security, which means that all people, at all 
times, have physical, social, and economic access to 
sufficient, safe, and nutritious food that meets their 
food preferences and dietary needs, is crucial for an 
active and healthy life (World Food Summit, 1996). 
Food security, which is at the core of basic needs, 
is measured through the Food Consumption Score 
(FCS), which is associated with household food ac-
cess and is therefore used as a proxy for household 
food security. The FCS is a measure of dietary diver-
sity, food frequency, and the relative nutritional im-
portance of the food consumed. A high FCS means 
that a household’s food intake is adequate. The FCS is 
a good proxy for a household’s current food security 
status and is highly correlated with other food secu-
rity proxy indicators, including coping strategies and 
income. It is often classified in three groups: poor, 
borderline, and acceptable food consumption (WFP 
2020).

•	 Poor FC: Households that are not consuming 
staples and vegetables every day and never or 
very seldom consume protein-rich food such as 
meat and dairy.

•	 Borderline FC: Households that are consuming 
staples and vegetables every day, accompanied 
by oil and pulses a few times a week.

•	 Acceptable FC: Households that are consuming 
staples and vegetables every day, frequently 
accompanied by oil and pulses, and occasion-
ally meat, fish, and dairy. 

WFP’s ESSN PDM shows that at the baseline, 77% of 
both beneficiary and non-beneficiary households 
had an acceptable food consumption level. The pro-
portion of refugee households with acceptable food 
consumption peaked in 2018 (89% for beneficiaries 
and 84% for non-beneficiaries) before gradually de-
creasing until March 2020.

The proportion of households with acceptable food 
consumption decreased in 201917 and 2020 main-
ly due to high inflation, which led to decreased real 
income (Appendix 1). Nevertheless, beneficiary 
households continued to show significant progress 
when compared to the baseline. The proportion of 
beneficiary households with acceptable food con-
sumption increased from 77% to 84%, whereas that 
of non-beneficiaries only reached 79% in March 2020 
(Figure 23). As both groups were affected by similar 
macroeconomic conditions, it indicates that the ESSN 
assistance played an important role in enhancing 
food security for beneficiary households.

The findings from the World Bank analysis (Özler et 
al., 2020) also confirms the positive impact of ESSN 
cash assistance on refugees’ food consumption lev-
els and dietary diversity. It was found that the pro-
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gramme clearly had a positive and meaningful effect 
on the food consumption score. The effect is most 
likely between 0.15–0.25 Standard Deviation (using 
the Kullback Leibler (0.1) bounds), especially at the 
6- and 12-month follow-ups. Consumption for all 
food groups increased. The consumption of fruits, 
vegetables, and food containing animal-based pro-
tein showed the largest growth rate. For example, 
at the 6-month follow-up, beneficiary households 
report consuming eggs, meat, or fish and dairy prod-
ucts about 0.3 days more than the control group per 
week, representing a roughly 10% increase. However, 
the average effect decreased over time, particularly 
during the 18-month follow-up survey, which coin-
cided with the macroeconomic recession in the coun-
try as well as the associated loss of purchasing power 
for ESSN beneficiaries starting from mid-2018. 

Ensuring adequate nutrition is another core element 
of the programme. To examine the contribution of 
financial assistance to the nutritional well-being of 
refugee women and children, Hacettepe University 
has conducted a study with WFP (Hacettepe, 2020). 
The prevalence of stunting, wasting, underweight, 
overweight, type of foods consumed, iron-rich foods 
consumed, minimum dietary diversity, and birth 
weight are considered in order to examine nutritional 
well-being. The analysis reveals that while the nutri-
tional well-being of Syrian children has significantly 
improved over time after fleeing to Turkey, they re-
main more malnourished than Turkish children. Nine-
teen percent of Syrian refugee children have multiple 
forms of malnutrition, which is relatively low com-
pared to 35% to 40% in the pre-conflict period. Nev-
ertheless, the prevalence of malnutrition is found to 
be 4% only among host community children. Further-
more, around 30% of Syrian refugee children aged 6 
months to 23 months consume iron-rich foods and 
only 8% are fed meals with minimum dietary diver-
sity, whereas these ratios go up to 63% and 39%, re-
spectively, for average Turkish children. Results also 
indicate that 20% of Syrian children under age 5 were 
born weighing less than 2.5 kilograms, compared to 
12% of Turkish children.

The Hacettepe University-WFP study also examined 
Syrian refugee women in Turkey from a nutritional 
perspective. The findings indicate that, while Syri-
an refugee women do not suffer from malnutrition, 
many of them are overweight or obese. Based on 
Body Mass Index (BMI), only 3% of Syrian refugee 
women aged 15 to 49 are underweight. Twenty-eight 
percent of Syrian refugee women are overweight 
and 31% have an obesity problem. The results show 
that in this regard there is no significant difference 
between Turkish and Syrian refugee women. Also, 
the impact of financial assistance on the nutritional 
well-being of Syrian women is found to be limited 
and not significant.

Overall, the Hacettepe University-WFP analysis shows 
that having a household member with a paid job has 
a more positive impact on the nutritional well-being 
of refugee children than receiving financial assis-
tance. Financial assistance, including the ESSN, does 
have a positive impact on chronic malnutrition; how-
ever, its impact on acute malnutrition among Syrian 
refugee children is limited.

5.2.2 Living conditions

Everyone has the right to adequate housing. This 
right is recognized in international legal instruments 
and includes the right to live in security, peace, and 
dignity, and with security of tenure. Key aspects of 
the right to housing include the availability of servic-
es, facilities, materials, and infrastructure; affordabil-
ity; habitability; accessibility; location; and cultural 
appropriateness. The right to housing also extends 
to safe drinking water; energy for cooking, heating 
and lighting; sanitation and washing facilities; means 
of food storage; refuse disposal; site drainage; and 
emergency services. People should have adequate 
space and protection from cold, damp, heat, rain, 
wind, and other threats to health, structural hazards, 
and disease vectors.18 Identified as a fundamental 
human right by the United Nations, adequate hous-
ing has been regularly tracked and reported through 
WFP’s vulnerability assessments.
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5.2.3 Housing quality and crowding

Housing conditions are one of the most important fac-
tors determining a refugee’s well-being. Good quality 
housing can be defined as houses that meet minimum 
humanitarian standards: privacy, natural light, venti-
lation, security, and essential facilities. Since August 
2018, the percentage of households living in good 
quality housing has fallen sharply (43% to 23% for 
beneficiaries and 35% to 24% for non-beneficiaries). 
As seen in Figure 24, only a quarter of ESSN applicants 
were living in good quality housing in February 2020. 

According to round 5 of WFP’s CVME, this change is 
most likely due to a decrease in purchasing power 
and a 36% increase in rental costs in the given period 
(WFP, 2020). It can be deduced that refugees moved 
to cheaper housing to cope with their economic con-
straints. Analysis shows that 26% of refugee house-
holds have moved in the last 12 months (reference 
point: February 2020), and 18% of them reported eco-
nomic reasons (including the search for more afforda-
ble housing) as the primary motivation for moving. In 
addition, paying rent was the second most common 
reason for households incurring debt, as indicated by 
about one-quarter of indebted households.

Crowding is another component that determines the 
living conditions of refugees. In February 2020, ben-

Non-beneficiary

Beneficiary

35

43
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24 23

eficiary households had 2.5 people per bedroom and 
non-beneficiary households had around 2 people per 
bedroom. While 60% of beneficiary households had 
more than two people per bedroom, this ratio was 
22% for non-beneficiaries. The difference is mainly 
attributed to demographic characteristics: benefi-
ciaries have larger households because one of the 
ESSN targeting criteria is the dependency ratio and 
another includes households with 4 or more children.

5.2.4 Access to basic needs at home

In February 2020, most refugee households (89%) had 
a toilet inside the house and nearly all households re-
ported having access to sufficient water (98.5%) for 
drinking, cooking, washing, and toilet purposes. For 
hygiene items, 88% reported having sufficient access. 
Most households (94%) lived in houses that had a 
separate kitchen, but there was a slight variation ob-
served by ESSN status: 7% of beneficiary households 
did not have a separate kitchen as compared to 3.5% 
among non-beneficiary households. For cooking fuel, 
around 80% of refugee households rely on propane 
and natural gas.

With regard to mobile phone data connectivity, it was 
found that there is a notable difference between ben-
eficiaries and non-beneficiaries. Some 65% of benefi-
ciaries have access to the Internet, whereas only 46% 

Type of household
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had internet access among non-beneficiaries. Access 
to mobile phones is reported to vary slightly by gen-
der. Male-headed households tend to own smart-
phones more often (Q1 2020: 90% for male-headed 
hoouse-holds, 75% for female-headed households).

5.2.5 Health expenditure and care seeking

The CVME (round 5) assessment showed that in 
February 2020 roughly 11% of refugee households 
reported having at least one member with spe-
cial health needs. The rate was slightly higher for 
non-beneficiary households (14%). This is a nota-
ble improvement from August 2018 where 40% of 
beneficiary households and 47% of non-beneficiary 
households had been in need of healthcare. When a 
household member felt sick, 95% of ESSN applicants 
and non-applicants sought treatment (WFP, 2020).

The study conducted to evaluate the impact of ESSN 
on access to healthcare showed that the ESSN played 
a vital role in helping vulnerable (mainly Syrian) refu-
gees meet their basic needs in Turkey, although the 
direct link to healthcare utilization was not very evi-
dent.19 Care-seeking rates for both adult and children 
are high, while about half of refugee households in 
Turkey reported that they had no recent health ex-
penditures. This can be understood in light of the 
Turkish context, which provides free access to public 
healthcare for refugees under temporary protection. 
In terms of health expenditures, refugee households 
in Turkey spend around 40 to 80 TL per month, which 
can be attributed to indirect health expenses such as 
transportation to the hospitals and non-prescription 
medicine. The data shows that the overall health-re-
lated expenses of refugees in Turkey are quite low rel-
ative to the amounts reported in the two other ma-
jor refugee-hosting countries in the region (Jordan 
and Lebanon) (UNHCR Jordan, 2018). Although not 
directly related to healthcare, the study shows that 
beneficiaries were less likely to reduce essential ex-
penditures or borrow as compared to non-beneficiar-
ies, which could be interpreted as a potential benefit 
of the cash assistance.

5.2.6 Healthcare for the disabled

The ESSN cash assistance showed positive effects on 
beneficiaries’ healthcare-seeking behaviour; how-
ever, the need for special care for severely disabled 
refugees remained. This vulnerable group of people 
faces difficulties in meeting basic needs that arise 
from having severely disabled family members who 
can barely contribute to the family budget and have 
higher needs for special care. Given the context, 
the ‘severe disability top-up’ was introduced in Au-
gust 2018 to provide support for additional needs 
amongst households with severely disabled mem-
ber(s). This additional assistance was provided to 
households that include a member with a disability 
level of 50% or higher. By March 2020, 9,228 individu-
als were supported through severe disability top-ups.

After receiving the additional assistance, the house-
holds benefiting from severe disability top-ups have 
performed better in major indicators than the re-
mainder of the ESSN beneficiaries. In the baseline 
survey (April 2018 to August 2018), disability top-up 
beneficiaries had higher debt (median) than general 
ESSN beneficiaries (disability allowance beneficiaries: 
620TL; ESSN beneficiaries: 400TL) but the order re-
versed by September 2019 (disability allowance ben-
eficiaries: 800TL; ESSN beneficiaries: 1000TL). Moreo-
ver, disability allowance beneficiaries achieved better 
food consumption levels following the introduction 
of the disability allowance. At the baseline, the per-
centage of households with acceptable food con-
sumption was higher for general ESSN beneficiaries. 
However, more disability allowance beneficiaries had 
acceptable food consumption while that number de-
creased for their counterparts in September 2019 (Fig-
ure 25). This tendency was similarly found when look-
ing at the use of negative coping strategies in both 
the short-term and long-term. Despite unfavourable 
macroeconomic changes in the given period, top-up 
beneficiaries have resorted to fewer coping strate-
gies when compared to general ESSN beneficiaries. 
In September 2019, the Livelihood Coping Strategy 
Index (LCSI) and Consumption-based Coping Strate-
gy Index, reduced CSI (rCSI) were lower for disability 
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allowance beneficiaries by 32% and 6%. With respect 
to these results, lower is better, as using negative cop-
ing strategies to meet basic needs is not desirable. As 
shown from the above analysis, top-up beneficiaries 
have registered notable improvements following the 
assistance, which proves the positive impact of the 
severe disability top-ups. These data may also give an 
indication that the amount of ESSN assistance after 
the inflation of recent years is inadequate and that 
when households are given a higher amount, as is the 
case for households with a disabled member, the as-
sistance is more effective in tackling poverty.

5.3 COPING BEHAVIOURS TO COVER BASIC NEEDS

5.3.1 Short-term (Consumption-based coping 

strategy)

In the face of hardship, refugees in Turkey adopt 
various coping strategies to meet their basic needs. 
In the short term, such behaviour can be assessed 
through the rCSI. ESSN applicants were asked if they 

FIGURE 25.  FOOD CONSUMPTION GROUP BY DISABILITY ALLOWANCE BENEFICIARIES AND ESSN 		
	 BENEFICIARIES

had resorted to negative consumption coping strat-
egies, such as relying on less preferred/cheaper food 
or reducing the number of meals per day, in the last 
seven days. In March 2020, the most frequently used 
consumption coping strategy was relying on less pre-
ferred, cheaper food (beneficiary: 80.2%; non-benefi-
ciary: 77.4%) and the least-used strategy was borrow-
ing food or money to buy food (beneficiary: 16.3%; 
non-beneficiary: 18.3%). Again, households with a 
lower rCSI are better off, as a higher rCSI means that 
households need to use a wider range of coping 
strategies to meet their basic needs. 

Throughout the period, beneficiaries have relied less 
on the consumption-based coping strategies as com-
pared to non-beneficiaries. From the baseline, benefi-
ciary households’ rCSI showed a far greater decrease 
than that of non-beneficiary households. As with 
other major indicators, the rCSI for ESSN applicants 
also peaked in 2018 (a low value representing a good 
outcome), presumably at least partially due to the as-
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sistance (ineligible households improve, but at a less 
steep rate) before deteriorating gradually in 2019 and 
2020, most likely due to the broader economic context.

Despite the challenging economic conditions, ben-
eficiary households still demonstrated evident im-
provements from 2017 to 2020. The rCSI for ben-
eficiary households fell by 41% from 16.39 in May 
2017 to 9.74 in March 2020, whereas non-beneficiary 
households only showed a 16% decrease from 12.25 
to 10.35 (Figure 26).

Adding to the above findings, impact analysis 
showed that rCSI is significantly improved (by 0.15 to 
0.25 SD) at the 6-month follow-up in the beneficiary 
group. Specifically, it was observed that the treat-
ment group was less likely to reduce i) the number of 
meals per day, ii) portion sizes, and iii) consumption 
among adults so that children can eat at the 6-month 
follow-up, although the effect likely diminishes with a 
longer period of follow-up. 

We can therefore conclude that we have sufficient 
evidence to determine that the ESSN assistance 
helped beneficiaries to meet their basic needs as on 
all indicators observed they fared better than the 
non-beneficiaries.

5.3.2 Long-term (Livelihood coping strategy)

In addition to the evidence from short-term coping 
strategies mentioned above, longer term coping 
strategies are examined through the Livelihood Cop-
ing Strategies Index (LCSI). Households were asked if 
they had resorted to negative coping strategies over 
a longer recall period (in the last 30 days) – such as 
selling assets, reducing health expenditures, or with-
drawing children from school. 

The last PDM round (March 2020) results show that 
the most common livelihood coping strategies were 
borrowing food on credit, borrowing money from 
non-relatives, and reducing food expenditures. From 
the baseline, LCSI has significantly decreased (i.e. im-
proved) again with a greater decrease among bene-
ficiaries. LCSI for beneficiary households was reduced 
by 31%, from 5.5 to 3.77, whereas for non-beneficiary 
households, LCSI only decreased by 11%, from 4.36 to 
3.89 (Figure 27).
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FIGURE 27.  LIVELIHOOD COPING STRATEGY INDEX (LCSI)

The impact of the assistance on LCSI shows results 
consistent with the previous analysis of rCSI at the 
6-month follow-up. The beneficiary group relied 
more on livelihoods-based coping strategies at base-
line, which is consistent with the fact that they were 
selected due to being more vulnerable. The need to 
rely on such strategies decreased quickly and over-
took the non-beneficiary group following the assis-
tance. From 2018 onwards, both groups show a simi-
lar level of livelihood coping. 

Examining the components of the index, at the 
6-month follow-up, the treatment group is less like-
ly to sell household assets, dip into savings, borrow 
money from non-relatives, buy food on credit, or re-
duce expenditures on food, or to have moved or re-

turned to country of origin during the past 30 days. 
Overall, it can be assessed that ESSN cash assistance 
significantly supported beneficiary households to re-
duce negative livelihood coping strategies.

5.4 ECONOMIC CONDITIONS AND CAPACITY

5.4.1 Household debt

At baseline, the level of average household debt for 
beneficiaries and non-beneficiaries did not show a 
noticeable difference (1297 TL for beneficiary house-
holds and 1234 TL for non-beneficiary households). 
Undoubtedly influenced by the evolving macroeco-
nomic context, household debt was lowest in 2018 
and peaked in 2020. For beneficiary households, 
average debt decreased from 1297 TL at baseline to 

FIGURE 28.  AVERAGE DEBT (TL)
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899 TL in January 2018, showing how the onset of the 
ESSN allowed households to improve their econom-
ic situation, but increased again to 1718 TL in March 
2020 (Figure 28).

Although it was inevitable that the average debt 
increased from 2018 due to external shocks, benefi-
ciary households managed their debt far better than 
their counterparts, as shown in the Figure 28. At the 
baseline, beneficiary households started with a high-
er level of debt. However, since the launch of ESSN 
cash assistance, average debt for beneficiary house-
holds has remained consistently lower compared to 
non-beneficiaries, which, despite the debt trend re-
versal, implies a continued positive impact of ESSN 
assistance on coping with debt.

5.4.2 Economic capacity to meet basic needs

Refugees’ economic capacity is also a crucial element 
to be investigated when analysing whether their ex-
penditures are sufficient to meet basic needs. It can 
be examined using the Minimum Expenditure Basket 
(MEB). As MEB captures the minimum essential needs 
for average individuals, it can be assessed that refu-
gees whose monthly consumption is above MEB are 
likely to be able to meet their basic needs. As articu-
lated in the introduction, the MEB for refugees in Tur-
key has increased by 43.6% from 2017 to 2020 (264 TL 
in June 2017 to 379 TL in March 2020) – again reflect-
ing inflation induced by the progressive devaluation 
of the Turkish lira. 

Despite the steep increase in the MEB value, it is 
noteworthy that the proportion of ESSN applicants 
(for both beneficiary and non-beneficiary) whose 
consumption is below MEB has constantly decreased. 
It indicates that the refugee households successful-
ly maintained their expenditure levels to meet basic 
needs, despite the economic recession. From May 
2017 to March 2020, the proportion of beneficiary 
individuals with consumption below MEB decreased 
from 74.5% to 55.3%, and that of non-beneficiary in-
dividuals decreased from 52.4% to 36%. It is impres-
sive that both groups showed more than a 25% de-
crease. Nonetheless, it is also important to note that 

continued assistance is required as over 50% of the 
beneficiaries still exhibit monthly expenditure be-
low MEB. In the next section, various indicators will 
be used to examine the impact of ESSN assistance on 
the Refugee Multidimensional Poverty Index (RMPI).

5.5 REFUGEE MULTIDIMENSIONAL POVERTY 
INDEX

5.5.1 Methodology

Multidimensional poverty considers deprivations 
across a range of sectors, intending to capture a more 
comprehensive picture of the overlapping depriva-
tions experienced by the poor. This is particularly use-
ful for understanding the conditions in refugee com-
munities, where individuals are often living in more 
tenuous circumstances than host communities, with 
potential issues relating to accessing education and 
health services, stable jobs, quality housing, and food 
security. The RMPI developed in Focus Area 2 uses 12 
indicators of poverty within five key dimensions: ed-
ucation, health, food security, income resources, and 
living standards (Table 8). To identify the effects of the 
ESSN on RMPI we focus on the intensity of poverty, 
Ai; the weighted deprivation score of householdi; and 
headcount, Hi – whether a household is classified as 
multidimensionally poor or not: i.e., if Ai is at or above 
the poverty threshold.

To estimate the causal effects of the ESSN on mul-
tidimensional poverty we use an inverse-probabil-
ity-weighted regression adjustment. This is a dou-
bly robust method that, first, estimates propensity 
weights for the inverse-probability of treatment in 
order to balance control and treated groups accord-
ing to observable characteristics. Then, using these 
weights, fits a weighted regression of the outcome 
variable to predict outcomes for each household with 
and without treatment. The difference between these 
potential outcomes identifies the estimated treat-
ment effects. These effects can be averaged to identi-
fy statistics of interest. Here, we primarily focus on the 
average treatment on the treated (ATET), which is the 
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TABLE 8.   STRUCTURE OF THE  REFUGEE MPI

Note: This table is the same as Table 2 in Focus Area 2 section (page 11). 

DIMENSION INDICATOR DEPRIVED IF... WEIGHT

Education

School 
attendance

A household is deprived if children (girls and boys 
aged 6–17) are absent from school more than a 
semester.

1/10

Highest 
education 
achieved

A household is deprived if neither the household head 
nor the second responsible person of the household 
(if applicable) has completed at least primary school.

1/10

Health

Illness A household is deprived if more than half of the 
household members reported sick in the past 30 days. 
Sickness includes diarrhoea, fever/chills, or cough (i.e. 
not a simple cold).

1/10

Treatment A household is deprived if any member is not treated 
when sick.

1/10

Food Security

Consumption A household is deprived if the household has a Coping 
Strategy Index (CSI) Score >18 (equating to using 
every consumption coping strategy at least three 
times per week).

1/10

Diet A household is deprived if the Dietary Diversity Score 
DDS is <6.

1/10

Income 
Resources

Precarious work
A household is deprived if members of the household 
begged or engaged in illegal or high-risk work.

1/10

No income A household is deprived if no household member 
worked within last 30 days.

1/10

Living Standards

Overcrowding A household is deprived if there are more than 3 
persons per room.

1/20

Sanitation A household is deprived if it does not have a toilet in 
the house.

1/20

Winter assets A household is deprived if it does not own more than 
one of the following winter assets: sufficient winter 
clothes, sufficient blankets, a heating stove, and 
central heating.

1/20

Hygiene items A household is deprived if its members do not have 
sufficient soap and hygiene items.

1/20
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average effect of the ESSN on the eligible applicants. 
Ineligible applicants and non-applicants form the 
control group, which is used to estimate these effects. 

The observable characteristics used are (1) house-
hold characteristics: region, arrival date, number of 
children, number of adults, and number of elderly; (2) 
household head characteristics: nationality, age, gen-
der, and profession; and (3) ESSN eligibility criteria: 
dependency ratio, single female, elderly headed, sin-
gle parent, disabled members and large family. The 
inclusion of ESSN eligibility criteria, alongside demo-
graphic characteristics, is important as this ensures 
that the control and treated groups are balanced in 
terms of their vulnerability to poverty.

This method allows the treatment effects of receiving 
ESSN assistance to be estimated based on observed 
characteristics. Potential outcomes can then be pre-
dicted to identify the expected levels of the outcome 
the eligible applicants would have had with and with-
out ESSN assistance. This analysis is conducted below 
at the average level for intensity, headcount ratios, 
and separate dimensions of the RMPI. Further analy-
sis on the distribution of treatment effects, which re-
lates the intensity of poverty to the headcount ratio is 
also conducted using predicted potential outcomes. 
This is followed by a predictive analysis of changes in 
the headcount ratio according to the time of the sur-
vey and arrival time of the applicants.

5.5.2 Results

Average treatment on the treated

Table 9 shows the effects of the ESSN programme 
on the uncensored intensity of RMPI poverty. The 
predicted level of RMPI intensity that the eligible 
applicants’ group would have had without the ESSN 
programme is 0.2331. The causal effect of the ESSN 
programme on RMPI intensity is a significant reduc-
tion of 0.058, down to 0.1751. In other words, with-
out the ESSN programme, eligible applicant house-
holds were expected to be deprived in 23.31% of 
the (weighted) indicators, but, with the help of the 
programme, the intensity of poverty was reduced to 
17.51%. This result is the ATET.

(1) ATET
Coef. / S.E.

Treatment effects -0.0580***

(0.0138)

PO (no treatment) 0.2331***

(0.0144)

N 4042

* p<0.10  
** p<0.05  
*** p<0.01

TABLE 9.  RMPI INTENSITY: AVERAGE 
TREATMENT ON THE TREATED

Table 10 (next page) shows the effect of the ESSN pro-
gramme on the headcount ratio at different poverty 
thresholds. The first model shows the 20% threshold, 
where households are classified as poor if they are de-
prived in 20% or more of the weighted deprivations. 
The second model shows the 33.3% threshold, while 
the third model shows the 40% threshold. The head-
count ratio that the eligible applicant group would 
have had without the ESSN programme is 0.666 (i.e., 
67% of eligible applicants would have been in pover-
ty) at the 20% threshold, 0.218 at the 33.3% threshold, 
and 0.178 at the 40% threshold. The ESSN is shown to 
significantly reduce the incidence of poverty at each 
of these thresholds. At the 20% level there is a sig-
nificant reduction of 0.180, reducing the headcount 
ratio to 0.486, at the 33% level of 0.108 and at the 40% 
level of 0.1034.
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TABLE 10.  RMPI HEADCOUNT: AVERAGE TREATMENT ON THE TREATED

20%
Coef. / S.E.

33%
Coef. / S.E.

40%
Coef. / S.E.

Treatment effects -0.1798*** -0.1083** -0.1034**

(0.0437) (0.0435) (0.0426)

PO (No Treatment) 0.6655*** 0.2178*** 0.1784***

(0.0354) (0.0411) (0.0413)

N 4042 4042 4042

* p<0.10  
** p<0.05  
*** p<0.01

Distributional and quantile treatment effects
To move beyond average treatment effects, we esti-
mate the effects of the programme on the distribu-
tion of RMPI intensity. Graph A on Figure 29 shows 
the cumulative density functions (CDF) of the pre-
dicted potential outcomes of RMPI intensity. The plot 
shows at each level of RMPI intensity (x-axis) what the 
proportion of the population (quantile, y-axis) is with 
a level of intensity equal to or lower than that level 
(this is equivalent to the inverse of the headcount ra-
tio at different threshold levels). Taking the threshold 
of 0.2, for example, we see that 0.43 have an intensity 
less than or equal to 0.2 (i.e., they are not considered 
poor) without treatment, and 0.72 with treatment. In 
other words, the headcount ratio or the percentage 
of people considered poor falls from 0.57 to 0.28 (or 
55% to 28%).

Distributional treatment effects (DTE) and quantile 
treatment effects (QTE) in Figure 29 can be estimat-
ed to identify the effect of the ESSN programme on 
the RMPI headcounts and the distribution of RMPI 
intensity. These two effects are best explained in re-
lation to the cumulative density plot (graph A). For a 
given level of RMPI intensity, if we take the vertical 
difference between the treated cumulative density 
function (CDF) and the control CDF, in the graph A, 
we get the DTE (see dashed line). For a given quantile 

of RMPI, if we take the horizontal difference between 
the treated CDF and control CDF, we get the QTE (see 
dotted line). Together, the DTEs and QTEs allow for 
insights into both how the ESSN programme reduc-
es poverty headcounts (at different thresholds) and 
changes the intensity of poverty for those with differ-
ing initial levels of intensity.

The DTEs (graph C) can be interpreted as the increas-
es (or decreases) in the proportion of the population 
who have a level of RMPI intensity below that thresh-
old. What the results show is that the largest reduc-
tions in headcount ratios occurred between the 0.1 
and 0.33 thresholds, i.e., for those who are poor, but 
not extremely so. The QTEs (graph B), on the other 
hand, show the changes in intensity at different parts 
of the distribution. These effects are smaller (but 
significant) at the lower end of the distribution (i.e., 
those with a low intensity) and increase towards the 
higher end of the distribution (but not significantly 
so). This indicates that the ESSN programme reduced 
the intensity of poverty to a greater degree for those 
with a higher intensity. These analyses together pro-
vide a more complete picture of the effect of the ESSN 
programme on the distribution of poverty among el-
igible applicants.
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FIGURE 29.  CUMULATIVE DENSITY FUNCTIONS, DISTRIBUTIONAL AND QUANTILE TREATMENT EFFECTS
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Dimensions

One benefit of using the RMPI is that the dimensions 
of poverty can be decomposed. Table 11 shows the 
effect of the ESSN programme on the dimensions of 
the RMPI, separately. These are weighted, so that if a 
household is deprived in all indicators in a particular 
dimension they would receive a 1, and with no dep-
rivations, 0. Results show that, had the eligible bene-
ficiary group not received the ESSN assistance, their 
deprivation in the dimension of food security (0.373) 
would be the greatest, followed by education (0.366), 
living standards (0.236), and ability to generate in-
come (0.115). They would be least deprived in health 
(0.0764). The ESSN programme has led to significant 
reductions in deprivation in food security (-0.153), 
living standards (-0.079), and education (-0.063), but 
there have been no significant effects on health or 
ability to generate income. This finding is not unex-
pected since refugees in Turkey have good access 
to health services, largely thanks to the Government 
of Turkey’s establishment of a social system that al-
lows Syrian refugees to benefit fully from free health 
services in public hospitals throughout the country, 
as well as other nationalities with emergency condi-

tions. Even so, challenges over access to healthcare 
in areas like transportation and language barriers at 
the health centres partially remained. The ability to 
generate income was captured through measuring 
the number of household members who had worked 
within the last 30 days or who had begged or engaged 
in high risk or illegal work. ESSN’s multi-purpose cash 
assistance, in spite of being an effective tool to help 
refugees meet their basic needs, was not designed to 
improve household capacity to secure long-term sus-
tainable income sources and, therefore, has not been 
found to impact refugees’ ability to generate income.

One potential limitation of our dataset is the inabil-
ity to separately identify the effect the conditional 
cash transfer for education (CCTE) had on the RMPI. 
The CCTE provides cash payments to eligible families, 
which are conditioned on the regular school attend-
ance of their children. Data on whether households 
receive CCTE support is not available for all waves of 
the CVME surveys except the last round. Based on 
the last round survey, we observe that 66.8% of ES-
SN-eligible applicant households also received the 
CCTE, compared to 27.8% of ineligible applicants. 
This shows that a significant number of those receiv-

TABLE 11.  RMPI WEIGHTED DIMENSIONS: UNCENSORED

(1)
Education

Coef. /S.E.

(2)
Health

Coef. /S.E.

(3)
Food Security

Coef. /S.E.

(4)
Income 
Resources
Coef. /S.E.

(5)
Living 
Standards
Coef. /S.E.

Treatment effect -0.0630* -0.0177 -0.1528*** 0.0230 -0.0794***

(0.0352) (0.0184) (0.0341) (0.0199) (0.0285)

PO (no treatment) 0.3658*** 0.0764*** 0.3727*** 0.1145*** 0.2359***

(0.0308) (0.0170) (0.0318) (0.0192) (0.0235)

N 4042 4042 4042 4042 4042

* p<0.10  
** p<0.05  
*** p<0.01
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ing ESSN assistance also received the CCTE. This is ex-
pected as having children influences ESSN eligibility. 
Due to data limitations, we cannot run the inverse 
probability weighted regression (IPWRA) to separate-
ly identify the effect of the CCTE. However, by using 
our existing analysis, we can predict the potential out-
comes for households with and without the CCTE. We 
observe that there is a significant average treatment 
effect on the RMPI headcounts (33.3% threshold) for 
households both with and without CCTE, where larg-
er effects are observed for CCTE households. While 
this analysis is not causal, it indicates that we would 
still expect to observe significant effects of the ESSN 
assistance for those who did not receive the CCTE 
and that together these programmes could be com-
plementary in reducing poverty. Further research 
would need to be conducted to ascertain the inter-
action between the ESSN and CCTE assistance, with 
data that would allow for such analysis.

Arrival time and wave

As we use three waves of the CVME dataset, we can 
predict the expected RMPI intensities that the eligi-
ble applicants would have with and without the ESSN 
assistance, across these waves. Figure 30 shows these 

FIGURE 30.  PREDICTED INTENSITY ACROSS WAVES: ELIGIBLE APPLICANTS 

levels across Waves 3, 4, and 5.20 Results show that, 
across the waves, RMPI intensity is decreasing, i.e., 
the average intensity of multidimensional poverty 
amongst eligible applicants is decreasing over time. 
The effect of the ESSN programme (the difference be-
tween the bars) is large and significant, for each wave.

In addition to this, we can predict the RMPI intensity 
among eligible applicants according to their arriv-
al time in Turkey. Figure 31 plots the expected RMPI 
intensity that the eligible applicants would have 
with and without ESSN assistance for arrival times of 
less than 12 months, between one and three years, 
between three to six years, and before the conflict 
began. Results show extremely high levels of pov-
erty for recent arrivals, with an average intensity of 
0.325 for eligible applicants, if they had not received 
ESSN assistance. Over time, these levels of poverty 
do rapidly decrease, down to 0.17 after six years in 
Turkey. The predicted effect of the ESSN programme 
(difference between the blue and red bars), while 
significant across all arrival times, is greater for the 
more recent arrival times (<3 years). This highlights 
the importance of providing support quickly, given 
the high poverty among new arrivals. For the ESSN 
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programme, this could mean that it may be a good 
idea to include all arrivals for the first six months, re-
gardless of the targeting criteria, as we know this is 
the most vulnerable time. After an initial period of 
general assistance, the targeting criteria would ap-
ply. This may no longer be relevant today as there are 
barely any new arrivals, almost a decade after civil 
war erupted in Syria and with the borders currently 
closed. However, on other occasions and in future 
programmes stakeholders might take policy actions 
to ensure that recent arrivals are able to start receiv-
ing programme benefits to cover their immediate 
needs without necessarily waiting for a registration 
process to be completed.

FIGURE 31.  PREDICTED INTENSITY ACROSS ARRIVAL TIME: ELIGIBLE APPLICANTS
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6. Unintended Impacts

The purpose of the ESSN programme is to alleviate 
the suffering of the most vulnerable among the ref-
ugees who experienced forced migration to Turkey 
due to a crisis in their country. However, any humani-
tarian intervention can have unintended impacts; the 
presence of such unintended consequences, which 
had been hypothesized as possibilities, was tested for 
throughout the programme’s implementation period 
using quantitative and qualitative data.

In this section, the potential unintended impacts on 
(1) beneficiaries, (2) non-beneficiaries, and (3) the 
host community (as assistance is exclusively given to 
refugees in Turkey) have been examined.

6.1 METHODOLOGY

To examine ESSN’s impact on the labour participation 
of refugees in Turkey, descriptive statistics from the 
Turkish Statistical Institute and the WFP-Türk Kızılay 
Livelihoods Survey, which covered 5,332 ESSN appli-
cant households in 19 provinces between June and 
November 2018, were used to determine livelihood 
situations, activities, and patterns among refugees in 
Turkey.

For the study, which investigated the impact of the 
ESSN programme on the refugees’ fertility based on 
CVME data, the researchers implemented the pro-
pensity score matching technique to compare the 
fertility behaviours of the two intrinsically different 
groups. By using the nearest neighbour matching 
and stratification methods, similar beneficiary and 
non-beneficiary households in terms of household 
characteristics other than number of children were 
identified. A logit model was used for analysis.

The impact of the ESSN on the social cohesion be-
tween the host and refugee communities was ana-
lysed through social cohesion surveys. The surveys 
were conducted online, both with refugee and host 

community members, and were nationally represent-
ative for the online population – a population skewed 
toward younger generations and slightly more male 
than female. In the five rounds between July 2017 and 
June 2019, a total of 16,498 people of whom 13,249 
were Turkish citizens, participated in the surveys.

The potential impact of the ESSN on the economy of 
the host country was also studied. By using the ad-
ministrative data from ESSN PDM data and secondary 
government data on economy, the researchers used 
the Leontief inverse method to determine the multi-
plier effect of the ESSN assistance. For the impact on 
the local economy, a difference in difference frame-
work is used and regression analyses were conducted 
for education, health, labour market, food prices, and 
housing market outcomes. 

The ESSN Impact study used a pre-assistance base-
line and three follow-up panel-designed PDM sur-
veys. The research team applied a propensity score 
matching technique to identify the causal impact; 
however, due to a violation of some assumptions, the 
intent-to-treat effect could not be captured. Instead, 
researchers presented ‘value of treatment’ estimates, 
which is the ‘value of being an ESSN beneficiary’ for 
an applicant. As always, the propensity score match-
ing makes treated and untreated samples compara-
ble by using the available variables. These included 
mostly demographic and geographic variables, but 
did not include information on Directorate General 
of Migration Management (DGMM) status, disability, 
education, and income. This is a limitation to keep in 
mind when discussing its findings. The study also suf-
fered from very unequal attrition from the interview 
panel where non-beneficiaries deserted in much 
higher numbers making the comparability question-
able. The analyses were modified so as to account for 
this unequal attrition. The ESSN’s impact on pre-de-
fined outcomes was then analysed; these included 
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total and per capita expenditure, food consumption 
score, coping behaviours, and school attendance of 
children. The study also identified a possible unin-
tended impact of the ESSN: children between 6 and 
17 years old moved from ineligible to eligible house-
holds, which is broadly discussed in section 3.5 (Özler 
et al., 2020).

KEY FINDINGS

1.	 The concerns over potential negative consequences of the ESSN programme were largely un-
founded; the ESSN did not discourage labour participation among the refugees overall, but 
perhaps played a role in reducing formal employment of refugees. It also does not encourage 
non-beneficiaries to have more children to become eligible.

2.	 The ESSN has had a positive impact on the Turkish economy at the national and local level as 
it increased economic activity by injecting money into the economy. These funds created a 
multiplier effect by circulating through the economy and stimulating demand. 

3.	 The ESSN potentially contributes to social cohesion between the host society and the ref-
ugees because it is ‘international assistance’ – which, despite deteriorating social cohesion 
indicators, remains the host population’s preferred way of covering the needs of refugees.

6.2 LABOUR PARTICIPATION

The ESSN is a monthly multipurpose cash assistance 
programme. As it is regular assistance that is pro-
vided to those who are not officially employed, an 
important, long-debated question to ask is whether 
the assistance could be a potential disincentive for 
labour participation (Banerjee et al., 2017; Jonassen, 
2013; Shepherd et al., 2011). The data from the liveli-
hood survey conducted by the WFP and Türk Kızılay 
was used to examine refugee labour participation to 
determine (1) whether ESSN assistance discourages 
refugees from working altogether and (2) whether 
ESSN assistance discourages refugees from working 
formally to continue benefitting from the ESSN.

ESSN as a potential disincentive for labour partici-
pation in general (formal and informal).

The data indicates that in 84% of all ESSN applicant 
households, there is at least one working member. 

The rest of the households reported that there is no 
working member in the household. Having a disabil-
ity or being responsible for childcare were found to 
be the primary reasons for not working. In the house-
holds with working member(s), 47% of them worked 
regularly – that is 20 days a month – and 53% of them 
worked irregularly during the survey period.

Furthermore, among the ESSN beneficiary house-
holds, only 10% were ‘unemployed and not looking 
for a job due to childcare and/or disability’, and 9.3% 
stated that ‘they were currently unemployed and 
looking for a job’. Even excluding the 0.8% who left 
their jobs recently and 0.2% in training, in 79.4% of 
the beneficiary households there was at least one 
person working.

WFP monitored the minimum acceptable cost of liv-
ing for a refugee household in Turkey through the 
MEB. The MEB determines how much of basic needs 
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the ESSN covers, while survey data are used to esti-
mate how much is covered by the refugees’ income 
from labour. By subtracting the ESSN transfer and 
estimated income from labour, WFP calculates the 
remaining gap (Figure 32). Per capita income of a ref-
ugee household, on average, was 132 TRY (36 USD) 
for 2017, 142 TRY (29 USD) for 2018, and dropped to 
134 TRY (24 USD) in January 2019, following the eco-
nomic turmoil of the summer of 2018. The conversion 
of these figures to US dollars begins to show the true 
loss of purchasing power due to high inflation in Tur-
key during this period of time.

Between June 2017 and March 2020, the ESSN cov-
ered 42% of the MEB for beneficiaries, on average. 
Even at the time when the ESSN had the highest 
share in September 2017, after the top-ups were in-
troduced, it was covering only 49% of the MEB. There-
fore, the beneficiary households needed further in-
come to fill the gap. 

Although it was still possible to receive further assis-
tance from other institutions, international and na-
tional institutions mostly avoided such duplications 
of assistance thanks to the cross-check and verifica-
tion mechanism put in place by Türk Kızılay. After all, 
given that the ESSN assistance amount is not ade-

FIGURE 32.   COMPARISON OF THE ESSN AGAINST THE MEB FROM JUNE 2017 TO MARCH 2020

quate for refugees to cover their basic needs in spite 
of being the largest programme assisting refugees in 
Turkey, it is unlikely that assistance provided by other 
institutions would prevent refugee households from 
working altogether. If one excludes refugee house-
holds where no adult is able to work due to childcare 
or disability, there is at least one person working to 
generate income in every household. They were sim-
ply too poor or the assistance was too little to afford 
them the choice not to seek work.

ESSN as a potential disincentive for formal 
employment

Since 2016, all refugees in Turkey under temporary 
protection are allowed to apply for work permits in 
their province of residence. However, by design, ESSN 
eligibility status is lost in case of formal employment, 
which provides social security benefits along with 
a wage. Mechanically, when the monthly eligibility 
list is generated, all ESSN applications are checked 
against the eligibility criteria, but also any recipients 
for whom a social security number is detected are re-
moved. Therefore, there has been a long-lasting de-
bate on whether the ESSN would discourage formal 
employment among the beneficiaries. 

Note: This figure is the same as Figure 2 in Part 1 (Focus Area 1), and the figure in Appendix 1 of Focus Area 3 (page 94).
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The data from a livelihoods survey conducted in 2018 
by the WFP and Türk Kızılay indicated that only 3% of 
the ESSN applicants held work permits and were for-
mally employed. This finding is in line with the official 
records in 2018 having demonstrated that, among 
the 1,349,949 refugees over 18 years old (Türkiyedeki 
Suriyeli Sayısı Aralık 2018, 2018), 34,573 of them (3%) 
held work permits (Çalışma İzni Verilen Suriyeli Sayısı, 
2018). There are multiple reasons for the relatively low 
number of issued work permits. There is a maximum 
quota of foreign employees at any given business. 
Rules prohibit the employment of refugees below the 
minimum wage, which eliminates a motivation that 
employers might have for hiring refugees formally 
(Donmez-Kara, C. O., 2016). Besides, employers need 
to request the work permit and doing so is associat-
ed with bureaucracy and a fee. When given, the work 
permit only applies to the specific job and should 
the holder resign or be laid off, the work permit also 
becomes invalid. Agricultural work, often seasonal in 
nature, does not require a permit and, therefore, there 
are many reports of abuse in that sector. In summary, 
one may conclude that for many employers it is easier 
and cheaper to hire citizens when offering a formal 
job and, usually, citizens also bring better language 
skills and a better cultural fit to the workplace.

Considering that the average household size in the 
ESSN programme is 5.8 people (rounded to 6) and 
average assistance was 133 TRY with top-ups during 
the survey period (which ended before top-ups were 
increased in the summer of 2019), an average refugee 
household received a 798 TRY payment per month, 
which was half of the minimum wage in 2018 (1603 
TRY). According to Livelihoods Survey data from 
2018, on average, beneficiary households were able 
to generate 1012 TRY per month, mostly from infor-
mal labour, which was not necessarily full time. That 
is, a total of 1810 TRY, including the assistance for a 
beneficiary family of six, which was 203 TRY more 
than the minimum wage. Besides the reality that 
refugees have higher chances of employment when 
they accept lower pay without social security and fear 
of losing their current jobs if they demand formal em-

ployment (Icduygu & Diker, 2017), beneficiaries might 
be inclined to pursue informal employment in order 
to maintain their ESSN eligibility status and maximize 
their monthly income. 

In January 2019, as a result of the steep increase in 
inflation triggered by the mid-2018 devaluation of 
the Turkish lira and the resulting economic crisis, 
the minimum wage was increased from 1604 TRY to 
2020 TRY. Since ESSN assistance remained the same, 
it would now have been less likely to discourage ref-
ugees from working formally. On the other hand, it 
should also be noted that the crisis negatively influ-
enced the supply of both formal and informal em-
ployment (WFP, 2020). Studies show that in economic 
downturns, it is harder for refugees and migrants to 
find jobs (Mask, 2018) and PDM data from December 
2018 confirm that the monthly income generated by 
refugees per person from labour dropped from 142 
TRY to 134 TRY (this has to be multiplied by 5.8 to get 
the household income). Furthermore, the further de-
terioration in economic activity due to the Covid-19 
outbreak does not paint a positive picture for the 
near future.

As employee rights are not protected in the informal 
job market, it is possible we may observe even lower 
payments and fewer benefits for refugees – and some 
host community members – risking their lives and 
dignity. In such an environment with scarce employ-
ment opportunities, ESSN beneficiaries might feel 
obligated to accept exploitative job conditions in the 
informal sector to avoid losing their eligibility status. 

Along with policy improvements to encourage formal 
employment of refugees, the employment criteria of 
the ESSN might be temporarily revised to facilitate 
refugees’ integration into the formal job market and 
to help refugees find sustainable solutions in the long 
run. For example, if the ESSN benefit could taper off 
instead of being cut, or there could be a return guar-
antee should formal employment cease in the future, 
i.e., pausing assistance rather than discontinuing it.
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6.3 FERTILITY BEHAVIOURS

The ESSN aims to assist the most vulnerable refugee 
households, thus, one of the targeting criteria is the 
presence of four or more children in the household. 
However, the criterion has raised some concerns 
among humanitarian actors about whether the ESSN 
unintentionally encourages non-beneficiaries to 
have more children to become eligible for the pro-
gramme. Other empirical studies found positive, but 
weak, relationships between cash transfers (social 
welfare benefits, family allowances etc.) and fertility 
behaviours, signalling families generally do not tend 
to make fertility decisions in order to generate addi-
tional income (Schellekens, 2009).

The Paris 1 Demography Institute of Panthéon 
Sorbonne University, together with WFP, conducted 
a study to examine this hypothesis using the ESSN 
programme data from December 2016 to April 2019. 
Demographic profiles of beneficiary and non-bene-
ficiary households are different by design due to the 
nature of ESSN targeting: beneficiaries that have a 
larger household size and more children compared 
to non-beneficiaries. Yet, the statistical methods ex-
plained above have enabled such a comparison. Find-
ings indicate that beneficiaries have slightly higher 
fertility rates than non-beneficiaries (+0.06); howev-
er, this difference is not statistically significant. Even 
though the average number of children decreased 
significantly among Syrian refugees (3.07) compared 
to pre-conflict times (5.13) for all Syrian refugees in 
Turkey, households who already are beneficiaries 
continue to have additional children over time com-
pared to non-beneficiaries, perhaps due to some lev-
el of income stability provided by the ESSN.

Also, findings suggest that, while the ESSN targeting 
criteria are not an incentive for ineligible households 
to have more children to become eligible for ESSN 
assistance, the criteria may encourage applicants to 
have their third child one month earlier than benefi-
ciary households. The third child is often the one who 
triggers eligibility in a two-parent household. 

The study also examined whether early marriages 
were occurring in order to meet the eligibility criteria. 
It was found that underage marriages were less likely 
to occur in eligible households, yet the difference be-
tween eligible and noneligible households is also not 
statistically significant. These findings indicate that 
the ESSN programme appears not to provide a per-
verse incentive for ineligible households to become 
eligible by adding underage children to the family 
through marriage.

There is anecdotal evidence that households tend to 
manipulate their household composition to become 
eligible for the programme, yet the prevalence of 
these attempts is unknown. The ESSN Impact Study 
conducted by the World Bank found that there were 
significant changes in household composition over 
time for the weighted eligible and ineligible groups. 
Within six months of the baseline survey, household 
size declined by 6.7% in the ineligible group and in-
creased by 4.6% in the eligible group. The main driv-
er of this change seems to be the change in young 
household members, in particular the number of 
children between the ages of 6 and 17. The results 
could suggest that the onset of ESSN may have in-
duced the movement of children from ineligible to 
eligible households, especially within the first six 
months after baseline. Further analysis showed that 
children between 6 and 17 years old were sent from 
worse-off ineligible households to better-off eligible 
households to secure their food intake, which also 
led to a decrease in the per capita expenditure of the 
households and is therefore a negative impact creat-
ed by the programme. The ESSN Impact Study hence 
suggests that adjustments should be made to target-
ing criteria – arguing that if the programme treated a 
larger group of households but offered a smaller cash 
transfer per individual, some of this churn in house-
hold composition could be avoided.

Although the ESSN Impact Study presents interesting 
findings, the methodology (propensity score match-
ing) and the data used have some limitations. First and 
foremost, propensity score matching was selected as 
the best possible methodology, but it matches based 
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on the available variables between treatment and 
control groups. Estimates made using this methodol-
ogy might be biased in the presence of unobservable 
variables that determine programme participation as 
well as some important observables such as disability 
(one of the targeting criteria), income, education, and 
registration status that could not be included in the 
analysis due to unavailability – hence violating the 
conditional independence assumption. Also, the like-
lihood of spillover effects between the two groups 
makes it very difficult to isolate the treatment effect 
by violating the stable unit treatment value assump-
tion (SUTVA). The SUTVA violations also indicate that 
limited changes in total consumption may be due to 
contamination of the treatment group; likely spillo-
ver effects such as sharing assistance make it difficult 
to properly quantify the value of treatment. Another 
challenge was the large and differential attrition. Of 
the 8,690 households interviewed in the baseline sur-
vey, 24.7%, 28.9%, and 42.8% could not be reached 
in the respective follow-up surveys. It is worth men-
tioning that drop-out rates are considerably different 
between beneficiary and non-beneficiary house-
holds. In the first follow-up survey, it has not been 
possible to interview 33% of non-beneficiary house-
holds interviewed for the baseline survey, compared 
with 16% of beneficiary households interviewed for 
the baseline survey. This difference increases further 
in the following rounds of surveys, reaching 54% for 
non-beneficiary households and 32% for beneficiary 
households. The researchers corrected for this chal-
lenge in their analysis.

The above-mentioned challenges indicate the neces-
sity of ground-truthing – as the findings, if found true, 
also may raise serious protection concerns that need 
to be tackled case by case and very carefully by the 
project partners and experts.

It is quite possible that there are other reasons that 
we cannot ascertain based on the available data. One 
straightforward explanation would be the ‘organic’ 
reasons of change in household compositions such as 
newborns, deaths, moving back to Syria/other coun-
tries, people moving to another age group, marriages, 
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divorces, and separations – although the propensi-
ty score matching should correct for these changes. 
Given that ESSN beneficiaries have, on average, more 
children, they would also tend to be further along in 
their life cycle. In other words, older families are more 
likely to be ESSN beneficiaries than younger ones. This 
may imply a significantly different attitude toward 
life in Turkey and an ability to adapt to it. While the 
propensity score matching again attempts to correct 
for this by comparing households of similar character-
istics, it is unclear whether there are some elements 
here that are not measured that may compromise the 
ability to make households truly comparable – except 
for their ESSN status.

More importantly, field reality shows that, unlike the 
eligible group, the ineligible group cannot rely on any 
stable source of assistance such as the ESSN. There-
fore, they may need to be more mobile to generate 
their income. Given income sources, access to em-
ployment, and skills were not captured in the inter-
views, we may in fact have two significantly different 
groups. This may imply ineligible households may 
have to move in search of income and it could in par-
ticular affect older children. It may also imply a bigger 
tendency to separate families, for example by an in-
come earner moving elsewhere, or explain the need 
to send a child to live with a relative. In this regard, 
absolute figures show that the number of household 
members between 18 and 59 years old decreased by 
464 people among ineligible households and only 
by 65 people among eligible households in the first 
follow-up survey as compared to the baseline survey.

Moreover, the ESSN targets households and not fam-
ilies. While the study finds children may have moved, 
we do not know whether this movement is away from 
their immediate families or back to their immediate 
families. It is possible that, prior to the ESSN, children 
lived with a household belonging to the extended 
family, for example due to better childcare availabil-
ity (a single working parent may request such help), 
a better economic situation (we know that control 
households are better off than their treatment peers), 

or in order to live closer to school. The ESSN assistance 
may have encouraged or reversed such a decision.

It is important to point out that such movement does 
not generate additional entitlement for the house-
holds receiving the children unless the household 
size in the respective Government of Turkey regis-
tration system is modified. The paper makes no such 
claim and the anecdotal evidence WFP has collected 
over the years does show that households at times do 
attempt to modify their officially registered house-
hold composition so as to remain or become eligible. 
Previous ESSN qualitative data confirmed that many 
households manipulated their composition in order 
to capture additional benefits; many of these ma-
nipulations involved officially registering additional 
children within their household through government 
institutions. This was a change in paperwork, rath-
er than a change in actual household composition. 
Household composition in these surveys is based on 
respondents’ declarations so it is possible that benefi-
ciary households would align their survey responses 
with their official paperwork – thus the paperwork 
may have a spillover effect on the impact analysis. 

Finally, all data was collected through phone inter-
views. All respondents may report the current house-
hold composition (at the time of the call) or report 
the original composition they know was reported 
when they entered the programme. Both treated 
and untreated households may have considered that 
their answers could influence their ESSN entitlement, 
although it was clearly stated that there is no connec-
tion between what is stated in the interview and the 
eligibility decision. While this may have encouraged 
both types of households to inflate their household 
size, it is unclear to us whether this would have affect-
ed both types in the same way.

Therefore, in the light of the study results, limitations, 
and discussions around the possible reasons for the 
quantitative findings, we believe that further qual-
itative research is needed to validate whether this 
movement actually took place and, if so, the reasons 
for it. Such ground-truthing could involve follow-up 
interviews with households who report having ‘lost a 
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child’ and those who reported having added one. The 
reasons for a possible movement could be analysed. 
Such follow-up research could not only validate what 
is observed in the data but also help understand 
whether parents do indeed send their children to 
other households or whether children are returning 
to their immediate families to share in the assistance. 
While both would be unintended consequences of 
the ESSN, the former may imply protection concerns 
and the latter may be a positive outcome in the sense 
that refugees do what they can to manage vulnera-
bility within their extended families in a way that is 
not adequately captured at the micro-level by the 
ESSN targeting criteria. It is therefore not possible to 
determine without additional research whether what 
is observed in the data is an actual change, and, if so, 
if it is positive or negative.

6.4 SOCIAL COHESION

The Syrian refugee influx began in April 2011 and by 
2014 Turkey had become the largest refugee-hosting 
country in the world (UNHCR, 2019). Besides refugees 
starting a new life in Turkey, the presence of refugees 
was novel and the host society had to adapt to this 
novelty. As it has been a decade and the crisis in Syr-
ia does not seem likely to end soon, anxiety among 
Turkish citizens about the permanent settlement of 
refugees has increased. Empirical studies have found 
that, as in other countries, the trends over the years 
show a decreasing acceptance of refugees and re-
duced solidarity (Erdogan, 2020; KONDA 2019).

In general, humanitarian interventions tend to in-
crease social cohesion by reducing tension, provid-
ing relief, reducing competition over resources, and 
contributing to peacebuilding between conflicting 
communities (Delgado, 2019). During its operations, 
WFP emphasizes the ‘Do No Harm’ principle – that is, 
to not exacerbate conflict between groups as a result 
of providing assistance (WFP, 2016). As the ESSN is 
a programme that targets refugees only, the WFP’s 
country office in Turkey has monitored perceptions 
among the host society regarding the assistance pro-
vided for refugees through Social Cohesion Surveys. 

The overall findings, in line with other studies like The 
Syrian Barometer (Erdogan, 2020) indicate that the 
social cohesion index has deteriorated, most likely 
triggered by the economic downturn since mid-2018. 
The fierce refugee-return debates that were used to 
justify the Turkish military occupation of parts of 
Northern Syria, which intensified during the local 
elections in early 2018, may have been an additional 
cause or a consequence of the reduced social cohe-
sion observed.

To monitor the impact of the ESSN on social cohe-
sion, the survey had a specific section that focused 
on understanding how host community members 
perceive the vulnerability of refugees and the assis-
tance provided to them to cover their basic needs. 
The findings show that most Turkish citizens think 
that refugees are not more vulnerable than the Turk-
ish poor. This opinion became more prevalent over 
time; it increased from 44% in July 2017 to 52% in 
June 2019, which might be a result of the fading of 
the emergency nature of the refugee crisis. Never-
theless, the host population still agrees that refugees 
are in need of assistance. The host community was 
somewhat reluctant when asked about governmen-
tal assistance for refugees. Although more people 
were supportive of the Turkish government covering 
the basic needs of refugees between 2017 (41%) and 
2018 (43%), perhaps due to the concerns over Turkish 
economy after the mid-2018 crisis, that support fell 
to 32% in 2019 (with another 24% of participants nei-
ther agreeing nor disagreeing). Even though financial 
assistance from the government is not seen favoura-
bly among the host community, there is more open-
ness to sharing public facilities such as hospitals and 
schools with refugees: some 46% in July 2017, 50% 
in January 2018, and 42% in June 2019 agreed that 
refugees should benefit from public services.

While it is important to highlight that the Turkish 
host population is often not aware that the ESSN and 
other refugee assistance is paid for with EU or other 
donor funds and may therefore not take this fact suf-
ficiently into account, support for the assistance pro-
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vided by nongovernmental sources is big. Despite a 
decrease over time between July 2017 (55%) to June 
2019 (49%), half of the host community still thinks 
that international organizations should be respon-
sible for covering the basic needs of refugees (with 
another 21% who neither agree nor disagree). Since 
the ESSN is funded by ECHO, it corresponds with the 
host community’s expectations that international as-
sistance provides for the refugees in Turkey. Engag-
ing in a discourse that emphasizes more clearly the 
foreign financing of the programme – particularly 
after the economic downturn – is likely to correct the 
misperception of ‘refugees receiving salaries from 
the government’ and may possibly reduce potential 
resentment among the host society. The focus group 
discussions also revealed that refugees did not ex-
perience mistreatment from their vulnerable Turk-
ish neighbours for being ESSN beneficiaries. Using 
appropriate language about the ESSN and the gov-
ernmental assistance provided for vulnerable people 
may reduce potential tensions over such assistance.

6.5 TURKISH ECONOMY

Currently, the ESSN is the largest multipurpose cash 
transfer programme in the world. Between Decem-
ber 2016 and November 2018, almost 3 billion Turk-
ish Liras were delivered to over 1.5 million refugees in 
Turkey. Since refugees injected this money into the 
economy by purchasing goods and services from lo-
cal stores and paying rents/utilities, etc., it has been 
argued that the ESSN assistance might indirectly con-
tribute to the host community. In collaboration with 
WFP, Sabanci University conducted a study in 2020 to 
examine the impact of the money injected into the 
Turkish economy through ESSN assistance.

Literature shows that refugee arrivals in a community 
have a positive impact on the economy by increasing 
demand and therefore igniting expansion of both 
goods and labour supply (Altindag, Bakis & Rozo, 
2018). It also changes the dynamics of informal em-
ployment. Studies show that, while the refugee labour 
supply leads to lower wages in the nonskilled sector 
and reduces employment of the host population in 
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the sector, it also upgrades the host society to more 
skilled jobs with higher income (Constant, 2014).

The ESSN impact on economy study, while controlling 
for the presence of refugees and changes in the eco-
nomic context, focused on analysing the specific im-
pact of the ESSN. The researchers found that for every 
1 TRY transferred through the ESSN there was 1.86 to 
2.1 TRY worth of economic output generated. That 
is, the ESSN resulted in a positive contribution to the 
host society that is close to twice the amount trans-
ferred to ESSN beneficiaries.

Besides the national economy, the ESSN has an im-
pact on local economies as well. The ESSN impact 
on economy study found a positive impact on new 
business creation and a decrease in unemployment 
insurance claims in locations where ESSN beneficiar-
ies were concentrated in comparison to areas where 
there were fewer refugees present. Health and educa-
tion services in local economies were also influenced 
by the ESSN transfers, at times in ways that would 
lead to additional expenditures for the Turkish gov-
ernment. The study determined a causal effect be-
tween the ESSN transfers and some important health 
and education indicators. According to the analysis, 
the ESSN increases the number of healthcare person-
nel in hospitals/health centres, obviously at a cost 
to the Turkish national budget, and better health 
outcomes were observed, such as reduced mortality 
rates in some provinces.

It was also found that the number of students in 
schools and classroom size increased. In some prov-
inces with high refugee populations, a significant 
increase in the number of teachers – again at a cost 
to the national budget – was observed in elemen-
tary and middle schools. It could be argued that the 
increase in class size might affect the quality of edu-
cation services. However, it should be noted that the 

increase in student numbers also indicates that the 
ESSN increases the schooling of children who would 
otherwise engage in child labour. Furthermore, edu-
cation is one of the prominent indicators for migrant 
and refugee integration into the host communities. 
Lastly, some increases in rents, as well as in prices for 
some food items, have been observed in areas with 
a high concentration of refugees when compared 
to those that had fewer refugees, likely due to the 
increasing demand and added purchasing power of 
the ESSN beneficiaries.
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7. Potential Impact of Non-Applicants

Throughout the ESSN project, monitoring activities 
were primarily focused on those who applied to the 
programme. As shown in the above analysis, these 
applicants were split into beneficiaries and non-ben-
eficiaries. There is, however, another group: the 
non-applicants. These were refugees who for various 
reasons had not applied for ESSN assistance during 
the study period. This section explores their pover-
ty levels, as well as the potential impact of ESSN on 
non-applicants if they had applied.

7.1 METHODOLOGY

Data was gathered on non-applicants in the CVME 
surveys, allowing for a comparison with the appli-
cants. The following analysis will focus on the poten-
tial impact the ESSN could have had on non-appli-
cants, using the RMPI.21

While in the previous analyses we can separate ap-
plicant households into beneficiaries and non-ben-
eficiaries by their survey response, to identify the 
potential impacts of the ESSN on non-applicants a 
distinction between non-applicants, who would have 
been eligible, and those who would have been in-
eligible is needed. By using the eligibility criteria of 
the ESSN, both applicants and non-applicants can be 
split into eligible and ineligible.22 We therefore con-
sider four groups for comparison: ineligible appli-
cants, eligible applicants, ineligible non-applicants, 
and eligible non-applicants.

We use the inverse-probability-weighted regression 
adjustment method described in Section 2.5. This 
method first estimates propensity weights for the 

inverse-probability of treatment and then, second, 
regresses potential confounders using an extensive 
list of covariates relating to household characteristics 
and ESSN eligibility criteria. This method allows for 
the estimation of separate treatment effects (of the 
ESSN) for different households, conditional on their 
observed covariates. With this, the potential out-
comes for every household both with and without 
treatment (the ESSN) can be predicted. Hence, we 
can predict the potential outcomes of non-applicants 
(as they have overlapping characteristics with the 
applicant) with and without treatment. This analysis 
can be conducted separately for different outcomes 
of interest, below we focus on RMPI headcounts and 
the different dimensions of the RMPI. 

It is important to note, that this analysis is a counterfac-
tual analysis without a causal interpretation, as we can-
not observe the actual eligibility status of the non-ap-
plicants (which we can for applicants), and estimates 
could be biased due to the omission of unobservable 
characteristics, which may affect outcomes. For future 
data collection used to assess programmes similar to 
the ESSN, gathering panel data inckuding non-appli-
cants, with a pre-treatment baseline (as in the PDM) 
who might later become applicants, would allow for a 
more rigorous causal analysis to be undertaken. With 
the data available, however, the analysis below pro-
vides a basis for important discussion.
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KEY FINDINGS

1.	 Nearly 80% of eligible non-applicants were living in multidimensional poverty, a higher rate 
than among eligible applicants (62.9%).

2.	 The predicted potential impact of the ESSN on multidimensional poverty is significant, even 
for eligible non-applicants.

3.	 Eligible non-applicants have higher levels of deprivation in the dimensions of food security, 
income resources, and living standards than eligible applicants.

7.2 RESULTS

Figure 33 shows the predicted RMPI headcounts, at 
the 20% cutoff, across these four groups. The red bars 
show the expected potential outcome with the ESSN 
(treatment), the blue bars show the expected poten-
tial outcome without ESSN (no treatment). We observe 
significant differences between ineligible and eligi-
ble groups, for both applicants and non-applicants. 
Among non-applicants (without treatment), for exam-
ple, 79.7% of eligible households are in poverty, com-
pared to 53.5% of ineligible households. This confirms 
the overlap between the eligibility criteria and multi-
dimensional poverty, and shows that it also remains 

true for non-applicants. Non-applicants are shown 
to face greater multidimensional poverty than appli-
cants. Without treatment, 62.9% of eligible applicants 
are in multidimensional poverty, compared to 79.7% 
of eligible non-applicants. The difference between the 
red (with treatment) and blue (without) shows the pre-
dicted impact that the ESSN programme could have 
had. While effects are smaller for ineligible house-
holds, there are large and significant differences for 
eligible households, particularly for non-applicants. 
While eligible applicants are indeed receiving ESSN 
assistance, the non-applicants, even if eligible, are not. 

FIGURE 33.  PREDICTED POTENTIAL OUTCOMES OF RMPI HEADCOUNTS (20%):  ELIGIBLE AND 
INELIGIBLE, APPLICANTS AND NON-APPLICANTS
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This highlights the importance of encouraging eligible 
non-applicants to apply for ESSN assistance.

Significant reductions in poverty for this group could 
occur. Even though the majority of non-applicants 
could have been encouraged to apply to the pro-
gramme through further outreach activities, some 
14% of the non-applicants could not apply to the 
ESSN programme because they were registered in 
another province. Refugees might tend to move to 
another location for employment purposes. There-
fore, remedies should be found through policy dis-
cussions among stakeholders to assist those in need 
– such as tolerating movements, unless they became 
a habit, instead of castigating them for having moved 
to another province.

By decomposing the RMPI we can identify the dimen-
sions in which the eligible non-applicants are par-
ticularly deprived, and, indeed, where the ESSN could 
have the most impact. Figure 34 shows the predict-
ed potential outcomes of the uncensored weighted 
dimensions. Consistent with earlier analysis on ap-
plicants, eligible non-applicants (without treatment) 
are more deprived in education (0.40), food security 
(0.46), and living standards (0.3), with less deprivation 
in income resources (0.18) and health (0.08). Com-
pared to the eligible applicants, without treatment 

(see Table 4), levels are similar for education and 
health; however, non-applicants have higher levels 
of deprivation in food, income resources, and living 
standards. The differences between the blue and 
red bars show that the largest and most significant 
reductions would have been in food security (-0.13), 
living standards (-0.10), and education (0.66), with no 
significant difference in the health and income gen-
eration dimensions. As presented above, the ESSN’s 
imperceptible impact on health and income gener-
ation is an expected finding, mainly due to existing 
government policy that provides refugees with free 
access to public hospitals throughout the country 
and the fact that the ESSN’s multipurpose cash as-
sistance was not designed to improve a household’s 
capacity to secure income.

It is, however, important to consider the differences 
in characteristics of these four groups. Table 5 shows 
the descriptive statistics across these four groups: 
arrival time, region, characteristics of the household 
head, and their eligibility criteria. These statistics use 
data from CVME Waves 3 to 5, using sample weights, 
so they are representative of the population from 
March 2018 to February 2020. Of these, the starkest 
differences are in the arrival time. For applicants, only 
3% of ineligible and 5% of eligible applicants arrived 

FIGURE 34.   PREDICTED POTENTIAL OUTCOMES OF RMPI UNCENSORED WEIGHED DIMENSIONS:
	 ELIGIBLE NON-APPLICANTS
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within the last 12 months, for non-applicants this is 
17% and 34%, respectively. This recent arrival time 
of eligible non-applicants partially explains the high 
levels of multidimensional poverty and hopefully in-
dicates that, in time, these non-applicants will apply. 
As analysis on eligible applicants shows (see Figure 
31) arrival time has a significant effect on poverty lev-
els, and potential reductions in poverty are highest 
for those with more recent arrival times.

The main regional differences stem from differences 
in Anatolia and the South-East. We observe non-ap-
plicants are more likely to have male and younger 
household heads (Table 12). While eligible house-
holds are still mostly male-headed, the percentage of 
female-headed ones is higher and the heads of house-
holds tend to be slightly older. With respect to the eth-
nicity of the household head, we observe that eligible 
non-applicants are more likely to be Afghan and less 
likely to be Syrian. While eligible non-applicant house-
hold heads are similarly skilled as applicants, ineligible 
non-applicants have more highly skilled jobs. This is 
a good sign as skilled refugees should have an easi-
er time integrating themselves into the labour mar-
ket and, therefore, earning sufficient income. Finally, 
across eligibility criteria, we see similar characteristics 
between applicants and non-applicants. When inter-
preting the results shown in Figures 30 and 31, this 
needs to be taken into account.

The evidence suggests that the ESSN would have 
helped if non-applicants applied, therefore facili-
tating their application process is recommended. 
According to the last round of the Comprehensive 
Vulnerability Monitoring Exercise (CVME5), 37% of 
non-applicant households did not apply to the ESSN 
because they believed, or were told, they were not 
eligible, 18.6% did not register with DGMM, 11.3% 
reported that SASF officers said that they would not 
meet the criteria, and 10.3% stated that they did not 
know about the ESSN. An additional 6% did not regis-
ter with the Directorate General of Population & Citi-
zenship Affairs (NÜFUS) and another 6% registered in 
another province, while only 9% said that they did not 
apply because they did not need an assistance. Con-

siderable effort over the course of the ESSN’s imple-
mentation has been devoted to increasing awareness 
among refugees via the programme’s implementing 
partners. In this regard, WFP and Türk Kızılay monitor-
ing assistants in the field conducted sensitization ex-
ercises regarding applying for ESSN assistance during 
their visits to reduce the number of households that 
were not aware of the programme. They also report-
ed cases to the Accountability to Affected Population 
(AAP) and Protection Unit that uses referral mecha-
nisms to provide relief for refugees who cannot ben-
efit from the ESSN programme as they do not meet 
some of the preconditions. Even though the efforts of 
the field staff provide some remedy, for a systematic 
improvement of the programme, policies such as only 
allowing applications for ESSN assistance in the prov-
inces where applicants registered for temporary or 
international protection should be revisited. Another 
improvement could be the earlier recommendation 
to include all recent arrivals for a limited period of 
time in the ESSN before applying the eligibility crite-
ria. Stakeholders might want to consider other ways 
of reaching out to non-applicants to encourage par-
ticipation, especially among new arrivals given that a 
considerable amount of non-applicants did not know 
about the ESSN and believed that they would not be 
eligible. Once introduced, it would help to inform po-
tential beneficiaries that they can be eligible through 
the SASF allowance even though they cannot meet 
the demographic criteria. This should become a focus 
on future outreach efforts. Lastly, as some refugees 
report difficulties in the registration process, imple-
menting partners could further encourage govern-
mental authorities (especially NÜFUS) to solve regis-
tration-related problems.
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TABLE 12.   DESCRIPTIVE STATISTICS: INELIGIBLE AND ELIGIBLE, APPLICANTS AND NON-APPLICANTS 

Applicants Non-Applicants

Ineligible Eligible Ineligible Eligible

Arrival Time

<12 months 3% 5% 17% 34%

1-3 years 23% 18% 41% 23%

3-6 years 64% 62% 40% 42%

Before conflict 9% 16% 3% 1%

Region

Istanbul 8% 5% 5% 8%

Aegean 16% 9% 8% 6%

Mediterranean 18% 15% 15% 21%

Anatolia 35% 30% 26% 45%

South-East 23% 40% 46% 20%

Household Head

Female Headed 15% 21% 1% 11%

Age (Years) 41.48 40.07 39.4 37.11

Afghan 3% 4% 6% 17%

Iraqi 10% 8% 3% 11%

Syrian 87% 87% 91% 70%

Highly Skilled 4% 3% 14% 2%

Eligibility Criteria

Dependency Ratio > 1.5 0% 85% 0% 86%

Single Female 0% 3% 0% 1%

Elderly Headed 0% 2% 0% 2%

Single Parent 0% 9% 0% 12%

Disabled Members 0% 18% 0% 12%

Num. Children >= 4 0% 55% 0% 44%

N 1030 2531 342 203





75

8. Concluding Remarks: Focus Area 3

Focus Area 3 aimed to incorporate all existing data 
and conduct analysis on intended benefits and un-
intended impacts of ESSN cash assistance. Diverse 
datasets and resources were used, including WFP 
monitoring results and various external studies. The 
analysis for intended benefits was mainly conducted 
by comparing the relative performance of beneficiar-
ies and non-beneficiaries, while the analysis for unin-
tended impacts covers non-applicants and the host 
community as well. The potential impact analysis 
mainly focused on non-applicants.

The analysis on intended benefits shows that ESSN 
cash assistance successfully supported beneficiary 
households to better meet their basic needs. Despite 
the macroeconomic changes and recession over the 
period, beneficiary households managed to increase 
their food consumption and promote nutritional 
well-being as compared to the pre-assistance base-
line. Moreover, beneficiary households relied less on 
negative coping strategies both in the short- and 
long-term. Similarly, the debt level for beneficiaries 
remained lower than for their counterparts following 
the start of assistance. The RMPI analysis also demon-
strated ESSN’s positive impacts by showing that the 
assistance has led to significant improvements in 
food security, living standards, and education.

The unintended impacts of ESSN assistance were 
assessed from a variety of angles, including labour 
participation, fertility rates, social cohesion, external 
money injections, and potential impacts on non-ap-
plicants; the assessment also included the ESSN Im-
pact study’s findings on the movement of children 
from ineligible to eligible households (Özler et al., 
2020). On the one hand, the analysis provides some 
indications that ESSN assistance may have served 
as a disincentive to ESSN beneficiaries from seek-
ing formal employment due to their desire to retain 

their eligibility status and maximize their short-term 
income. On the other hand, no significant impact 
was found for fertility rates and early marriage. The 
social cohesion assessment showed that, over time, 
a higher percentage of the host community came to 
believe that refugees are not more vulnerable than 
the Turkish poor. Nevertheless, almost half of the host 
community agreed that international organizations 
should cover refugees’ basic needs. The impact of the 
ESSN programme on the Turkish economy was found 
to be positive in that every 1 TRY transferred through 
ESSN is worth 1.86 to 2.1 TRY in the output. However, 
a claim regarding the unintended impact of children 
being moved from ineligible to eligible households 
turned out to be limited by the available data and the 
methodology, which indicates that this claim requires 
ground-truthing and further qualitative research to 
prove its veracity.

The effects on RMPI were also analysed to explore the 
potential impact of the programme on those who 
had not applied (yet). Nearly 80% of eligible non-ap-
plicants were living in multidimensional poverty, a 
higher rate than among eligible applicants (62.9%). 
The predicted potential impact of the ESSN on mul-
tidimensional poverty is significant, even for eligible 
non-applicants. Eligible non-applicants are shown to 
have higher levels of deprivation in the dimensions of 
food security, income resources, and living standards 
than eligible applicants.

The above findings support the claim that ESSN cash 
assistance has successfully fulfilled its purpose to 
help beneficiary households meet their basic needs 
in the face of old (being a refugee) and new hard-
ships (the economic context). Nevertheless, it is also 
shown that its impact has been weakened over time 
as the relative purchasing power beneficiaries gained 
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from the ESSN was devalued by inflation. In addition, 
unintended positive and negative impacts were also 
observed in various fields.

While the Turkish economy overall benefited from 
the influx of the ESSN funds, the ESSN may have been 
a disincentive in seeking formal employment.

8.1 RECOMMENDATIONS FOR FOCUS AREA 3

1.	 One of the challenges the ESSN programme 
faced was the drastic macroeconomic changes 
experienced, which resulted in the deteriora-
tion of programme gains. For future humani-
tarian cash-based assistance, it is recommend-
ed that the transfer value be indexed to the 
purchasing power of the beneficiaries to im-
prove the programme’s resilience to external 
changes and to ensure timely interventions for 
the vulnerable. In Turkey, this was hampered 
by the fact that national social protections are 
not indexed to inflation either, but indeed such 
an adjustment would seem a best practice for 
all programmes to combat poverty.

2.	 Stakeholders might want to consider provid-
ing some transfers immediately for new ar-
rivals so they can address their urgent needs, 
even before the registration process has been 
completed. These are consistently the poorest 
group, and among those who benefited most 
from the ESSN programme.

3.	 As some refugees were not able to apply be-
cause they had moved provinces since reg-
istering, adjustments to the criteria should 
be made to enable them to access the pro-
gramme in their new provinces.

4.	 Stakeholders might want to consider other 
ways of reaching out to non-applicants to 
encourage participation, especially among 
new arrivals. Once it had been introduced, it 
would help to inform potential beneficiaries 
that they can be eligible through the SASF al-

lowance even though they cannot meet the 
demographic criteria. This should become a 
focus for future outreach efforts.

5.	 As some refugees reported difficulties in the 
registration process, it is recommended to 
further encourage governmental authorities 
(especially NUFÜS) to solve registration-relat-
ed problems.

6.	 For future projects, it may be helpful for base-
line data to be collected from non-applicants 
to improve the identification of the impact of 
the programme.

7.	 Over time, attrition had become an obsta-
cle for ESSN PDM panel rounds. An intensive 
tracking exercise found that the major reasons 
for attrition are changes in phone numbers 
and a lack of motivation. For future projects, it 
is recommended that contact information be 
updated on a regular basis and that new ways 
to motivate refugees to respond to surveys, 
for example by providing a financial incentive, 
especially for non-beneficiaries who other-
wise have little to gain from making their time 
available, be considered.

8.	 Although beneficiary households have shown 
overall improvements, male-headed house-
holds outperformed female-headed house-
holds in most of the indicators. In this regard, 
additional gender-specific strategies should 
be considered for future projects or future 
phases of the ESSN.

9.	 Refugee households in Turkey do work to gen-
erate income, regardless of being ESSN bene-
ficiaries or not. The causal impact of the ESSN 
on refugee employment warrants a more de-
tailed analysis, such as a better understanding 
of employment conditions and job-seeking 
behaviours. These studies would also provide 
further insights on how to improve the design 
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of both basic needs assistance and livelihood 
projects, as well as ensuring pathways exist 
between them.

10.	 Social cohesion between the refugees and the 
host society indicates a decrease over time. It 
is unlikely the ESSN is to blame, but rather the 
deteriorating economic conditions for both 
communities as well as a natural fatigue with 
prolonged refugee responses that we see in 
many contexts. While data is not available to 
prove this, it is likely that, in the absence of 
the ESSN, social cohesion would have been 
much worse, as abject poverty among refu-
gees could have irritated the host population 
and encouraged socially unacceptable coping 
behaviours.
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FOCUS AREA 2 APPENDIX 1. Redundancy Results of CVME MPI
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FOCUS AREA 2 APPENDIX 2. Robustness Test Results

Selective robustness tests were conducted to assess 
the statistical strength of the identification function 
of the headcount ratio (H) and for the adjusted head-
count ratio (M0, or RMPI). Robustness of results were 
analysed with first-order stochastic dominance (SD) 
and the Spearman’s and Kendall’s rank correlation co-
efficients for changes in the cross-dimensional cutoff 
k, set at 20%, at the regional level and for arrival time. 
Statistical inference analysis and robust pairwise 
comparisons were also used to gauge the sensitivi-
ty of the results given the sample population (and 
hence sampling error) from which the poverty class-
es were computed (see Alkire et al., 2015: pp. 232ff.; 
UNDP and OPHI, 2019: p. 97).

Figure A2.1 presents the SD analysis for a pair-by-pair 
cluster analysis for the adjusted headcount ratio at 
the regional level for different k levels ranging from 
10% to 50%, thus within the vicinity of the chosen k 
value of 20%. SD is established when curves do not 
cross. We observe that for k values of 10% and 20%, 
the lines do not cross. However, the Istanbul and 

FIGURE A2.1.   SUBREGIONAL RMPI VALUES FOR DIFFERENT VALUES OF THE POVERTY CUTOFF k
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Aegean regions cross lines between 20% and 30%, 
meaning that these rankings in the RMPI do not hold 
in the vicinity of 20% for those two regions. For three 
regions, however, rankings do hold for almost all al-
ternative k values. 

Similar results can be presented for arrival time (as 
shown in Figure A2.2). While all rankings hold for k 
values of 10% and 20%, the lines do cross for arriv-
als ‘before conflict’ and an arrival time of ‘1–3 years’ 
close to a k value of 30%, and again for arrivals ‘be-
fore conflict’ and an arrival time of  ‘3–6 years’ at 30%. 
However, while arrivals ‘before conflict’ show a sharp 
decline in the adjusted headcount ratio with rising k 
values, the four other arrival times show greater ro-
bustness in this poverty class and all rankings hold for 
all k values.

As SD is considered the most stringent and hence 
strongest form of robustness (Alkire et al., 2015: pp. 
235–238), these are results for this poverty class in 
the RMPI worth highlighting. Also note that placed 

Aegean
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Anatolia
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Istanbul
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FIGURE A2.2. RMPI VALUES FOR DIFFERENT VALUES OF THE POVERTY CUTOFF k FOR DIFFERENT 
ARRIVAL TIMES OF REFUGEES

next to an SD analysis of another poverty class, the 
headcount ratio H, results seem more robust for 
breakdowns by arrival time – where rankings hold 
throughout all k values for arrivals less than 6 months 
ago, 6 months to 1 year ago and 3 to 6 years ago (see 
Figure A2.3) – when compared to regional results (see 
Figure A2.4). Yet, this finding needs to be seen in a 
refugee context where it seems reasonable that ar-
rival time is a strong determinant of robust wellbeing 
outcomes. At the regional level for different k values 
we nonetheless find that the South-East region is 
consistently the poorest region by this poverty class, 
which is a robust indication of this region’s poverty 
status (see Figure A2.4).

As a follow-up robustness test, Kendall’s and Spear-
man’s rank correlation coefficients were computed 
that ranked regions and arrival time from poorest to 
best-off under different k values. The Kendall rank 
correlation coefficient (R^τ) then compares rankings 
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Note: Figure A2.2 is the same as Figure 1 in p. 15.

that are concordant where one ranking dominates 
the other in both the initial and the alternative spec-
ification, against the discordant rankings (those that 
change in rankings), divided by all possible rankings 
(see UNDP and OPHI, 2019: 97). Ranging from -1 to 
1, a perfectly negative R^τ indicates the dis-concord-
ance of rankings under different scenarios, whereas 
a value of 1 indicates a perfectly positive association 
between rankings. While similar, the Spearman’s rank 
correlation coefficient computes the square of the 
difference in the ranks of two specifications and aver-
ages it across all subgroups. It is also bound between 
-1 and 1.
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Table A2.1 presents the Spearman and Kendall rank 
correlation coefficients between the subregional 
rankings using the selected k value of 20%, and the 
ranking for alternative poverty cutoffs ranging from 
10% to 50%. Given the results from the SD analysis we 
limit the presentation on the M0 results. The Spear-
man coefficient is higher than 0.90 for all alternative 
k values, showing that the differences in the rankings 
in this poverty class are minimal and almost perfectly 
positively associated. The Kendall coefficient ranges 
from 0.8 values of k = 30% and k = 50%, and 1 for k = 
10% and k = 40%. This implies that at least 80% of the 
comparisons are concordant to k values in the closest 
vicinity to the selected k value of 20%.

TABLE A2.1. CORRELATION OF RMPI AMONG 
SUBNATIONAL RANKS FOR 
DIFFERENT POVERTY CUTOFFS k

k=20%

k=10%
Spearman 1.000*

Kendall Tau-b 1.000*

k=30%
Spearman 0.900*

Kendall Tau-b 0.800

k=40%
Spearman 1.000*

Kendall Tau-b 1.000*

k=50%
Spearman 0.900*

Kendall Tau-b 0.800

RMPI * indicates correlation coefficients significant at the 
5% level or lower.

TABLE A2.2. CORRELATION OF RMPI FOR 
DIFFERENT POVERTY CUTOFFS k 
FOR DIFFERENT ARRIVAL TIMES 

	 OF REFUGEES

k=20%

k=10%
Spearman 1.000*

Kendall Tau-b 1.000*

k=30%
Spearman 0.900*

Kendall Tau-b 0.800

k=40%
Spearman 0.700

Kendall Tau-b 0.600

k=50%
Spearman 0.700

Kendall Tau-b 0.600

RMPI * indicates correlation coefficients significant at the 
5% level or lower.

Similar strong results can be reported for first arrival 
time (see Table A2.2).

Finally, we present results from statistical inference 
tests that investigated the percentage of pairwise 
comparisons for different k values ranging from 10% 
to 50% across the five subnational regions. The test 
computes the confidence intervals for RMPI for the 

different k values and statistically significant robust 
rankings are only achieved if the 95% confidence in-
tervals do not overlap. If they do overlap, a hypothe-
sis test is required to assert that subnational region A 
is poorer than region B.

Given five subregions in the sample, we find 10 possi-
ble pairwise comparisons (m(m-1)/2) and considered 
a pairwise comparison to be robust if the orderings 
established at baseline, set at 20%, are preserved 
under the alternative cutoffs scenarios. We find that 
7 of the possible 10 pairwise comparisons were sig-
nificant at baseline level, and 5 of 10 were significant 
under the alternative k values. Hence, the overall ratio 

of robustness, that is the ratio of significant pairwise 
comparison at baseline against all possible pairwise 
comparisons, is 50%, whereas the significant only 
ratio of robustness (the ratio of significant pairwise 
comparisons at baseline and its alternatives), is 71%. 
Hence, we conclude that the orderings of regions are 
stable in half of the cases when k values are altered.
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FOCUS AREA 2 APPENDIX 3. Refugee MPI results (MPI, H, A) by Regions, ESSN Status, 
Arrival Time, and Origin/Nationality
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FOCUS AREA 2 APPENDIX 4. Percentage Contributions by Region, ESSN Status, Arrival 
Time, and Origin/Nationality: Education and Health dimensions
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FOCUS AREA 2 APPENDIX 4. Percentage Contributions by Region, ESSN Status, Arrival 
Time, and Origin/Nationality: Food Security and Income Resources dimensions
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FOCUS AREA 2 APPENDIX 4. Percentage Contributions by Region, ESSN Status, Arrival 
Time, and Origin/Nationality: Living Standards dimension
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FOCUS AREA 2 APPENDIX 5. Uncensored Headcount Ratios by Region, ESSN Status, 
Arrival Time, and Origin/Nationality: Education and Health dimensions
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FOCUS AREA 2 APPENDIX 5. Uncensored Headcount Ratios by Region, ESSN Status, 
Arrival Time, and Origin/Nationality: Food Security and Income Resources dimensions
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FOCUS AREA 2 APPENDIX 5. Uncensored Headcount Ratios by Region, ESSN Status, 
Arrival Time, and Origin/Nationality: Living Standards dimension
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Note: This figure is the same as Figure 2 in Part 1: Focus Area 1, and Figure 32 in Part 2: Focus Area 2 and 3 (page 61).
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FOCUS AREA 2
1 	 In other words, in the absence of data for a representative survey of the refugee population in 

Turkey, the CVME used a two-staged sampling approach. In the first stage, GPS points were se-
lected based on the density of the refugee population residing there using S3M (Simple Spatial 
Sampling), then respondent-driven sampling was used to select 25 households for each GPS 
point and weighted households based on their probability of being selected. This provided a 
representative sample for the refugee population living in Turkey. For further information on 
the CVME sampling method, see the report.

2 	 The AF method is a flexible approach that allows poverty to be measured in different dimen-
sions and summarized in one index characterizing the overall level of deprivation. The meth-
od requires the selection of relevant dimensions, indicators, and weights; the identification of 
various deprivation cutoffs for each indicator; the setting of a cross-dimensional poverty cutoff 
to identify who is poor; and, finally, the computation of the MPI. Crucially, the choice of dimen-
sions and indicators within the index reflect the context in which poverty is measured.

3 	 A practical recommendation for the CVME MPI is to reconsider the preemptive setting of the 
dimensions prior to the application of the PCA. PCA is a descriptive rather than a confirmatory 
statistical method. The approach allows for the identification of different component labels 
that possibly better reflect the underlying concept of the correlated indicators in each dimen-
sion. As noted by the CVME MPI, indicators with very high correlations should be avoided as it 
essentially leads to double counting. Yet, no working members in the households and having 
no income resources were retained despite high correlations because their exclusion would 
have impeded the use of the preemptively selected dimensions. By adopting a greater flexibil-
ity in the naming of component labels this trade-off could be solved.

4 	 One limitation of the construction of the indicator is that data were only available for the house-
hold head and the second household head (if applicable). In future applications of the RMPI, 
and if data were available, the indicator should also account for all eligible household members 
meeting a meaningful minimum age requirement, such as 10 years or older (such as is applied 
in the years of schooling indicator in the global MPI).

5 	 Disaggregated by reasons for their non-application, we found the highest MPI values for the 
group of non-applicants that did not register with the DGMM (0.418).

6 	 Note that toilets outside the house are common in the Mediterranean region (36 of 50 sampled 
households, 72%, in the Mediterranean region reported to use a toilet outside, compared to 
29.6% of sampled households in South-East region to 2% in Aegean). Even if not shared with 
other households, these sanitation facilities were considered a sign of deprivation in both the 
CVME MPI and the RMPI. This may be revised in future applications of the measures.

7 Some households were ineligible even though they met demographic criteria for reasons such as 
not being registered with DGMM or the Population Agency, having moved to another province, 
formal employment, being removed by SASFs for not being vulnerable, etc.

Endnotes

https://reliefweb.int/sites/reliefweb.int/files/resources/CVME5_03072020.pdf
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8 	 Exclusion error is defined as the proportion of extreme poor in monetary terms among ESSN 
applicants who are ineligible for the cash assistance.

9 	 Surveys were conducted in locations where quotas were used by SASFs and the results are 
therefore not nationally representative. It is assumed that there is no significant difference 
among the locations where the surveys were conducted. 

10 The moderate poverty line was 418.4 TRY and 445.1 TRY in 2019 and 2020, respectively, while 
the extreme poverty line was 243.4 TRY and 259 TRY in the same periods.

11 Unlike the per capita expenditure metric (which assumes that total household expenditure is 
distributed equally among the members and that members have similar needs), expenditure 
per adult equivalent takes account of the household composition and the different needs be-
tween individual members, e.g. children vs. adults.

12 World Bank Poverty Lines. 
13 p=0.079, significant at 90% confidence interval.
14 See this paper on construction of a Multidimensional Poverty Index.

FOCUS AREA 3
15 	MEB is defined as what a household requires in order to meet their essential needs, on a regular 

or seasonal basis, and its cost (WFP MEB Guidance Note, Dec 2020).
16 	Exceptional assistance within the ESSN programme, through which SASFs may make a very 

limited number (not more than 5% of all applications received) of very vulnerable ineligible 
households eligible for the ESSN.

17 	ESSN Post Distribution Monitoring Cross-section rounds (March 2019, September 2019).
18 	For more information see ch. 4, ‘Minimum Standards in Shelter, Settlement and Non-Food Items’ in the 

Humanitarian Charter and Minimul Standards in Disaster Response by the Sphere Project (2004).
19 	Shannon, D. and Eva, L. (2019). Multi-Purpose Cash Assistance and Health: An Analysis of the Emergen-

cy Social Safety Net (ESSN) Program for Refugees in Turkey.
20 	Data collection period: CVME 3 (Mar–Aug 2018), CVME 4 (Sep–Dec 2018), CVME 5 (Nov 2019–

Feb 2020).
21 	Note that this is a counterfactual analysis, where outcomes are predicted; this is, therefore, not 

a causal analysis of the ESSN effect, but rather provides an informative discussion.
22 	Households are eligible for the ESSN if they adhere to any of the following criteria: number of 

children is greater or equal to four, dependency ratio is greater or equal to 1.5, at least one dis-
abled member, or they are a single-female, elderly-headed or single-parent household.

Endnotes

https://reliefweb.int/report/world/comprehensive-vulnerability-monitoring-exercise-multidimensional-poverty-index-may-2019
https://www.ifrc.org/PageFiles/95884/D.01.02.a.%20SPHERE%20Chap.%204-%20shelter%20and%20NFIs_%20English.pdf
https://www.refworld.org/pdfid/3d64ad7b1.pdf
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