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Foreword

The 2030 Agenda calls “eradicating pov-
erty in all its forms and dimensions... the 
greatest global challenge and an indispen-
sable requirement for sustainable develop-
ment.” At the start of the Third UN Dec-
ade for the Eradication of Poverty there is 
a clear need for concerted, creative, and 
rigorous efforts to measure and reduce 
multidimensional poverty in a way that 
ensures that no one is left behind.

To catalyze such progress the United Na-
tions Development Programme (UNDP) 
and the Oxford Poverty and Human De-
velopment Initiative (OPHI) at the Uni-
versity of Oxford have reinvigorated their 
collaboration to develop a new version of 
the global Multidimensional Poverty In-
dex (MPI). This collaboration started in 
2010 when the first global MPI was pub-
lished in the Human Development Report 
(HDR).

In more ways than one, the 2030 Agen-
da is a culmination of a multidimensional 
approach to sustainable development pio-
neered by UNDP’s Human Development 
Report Office. That approach is premised 
on simple but big ideas: development is 
multi-faceted, and people must be at the 
center of sustainable development. These 
ideas have shaped development theory 
and practice for several decades. They may 
appear self-evident today, but they should 
not be taken for granted.

The 2030 Agenda tells us that sustaina-
ble development is complex and integrat-
ed, and can only be addressed holistically 
and systemically. Since the adoption of 
the 2030 Agenda, UNDP has led the UN 
system in providing integrated support for 
the implementation of the 2030 Agenda at 
the national level. With this revision of the 
global MPI, which closely aligns with the 
Sustainable Development Goals (SDGs), 
UNDP is taking a further step in that di-
rection.

The MPI is already one of the preeminent 
tools to understand the many forms of 
poverty experienced by those left behind. 
The 2018 global MPI sharpens the picture 
of poverty worldwide, but it is about more 
than SDG1. The MPI assesses the inter-
secting impact of policy choices across 
multiple SDGs, and it gives us evidence to 
support integrated responses to complex 
development challenges.

However, we must recognize that the MPI 
alone still does not give us the full and pre-
cise picture of poverty deprivations. There 
are other complementary instruments, 
such as the Human Development Report 
Office’s Human Development Index and 
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related indices, that shed light on parts of 
the picture. And there are parts of the pic-
ture that remain stubbornly dark, indicat-
ing either a gap in data or limitations in 
existing instruments. Only through collab-
oration and partnerships, building on the 
strengths and complementarity of many 
stakeholders, can we hope to provide the 
full picture of poverty needed to inform 
policymaking.

The 2030 Agenda is ambitious and may 
seem out of reach. But the findings in 
this report show that the world is making 
significant progress in reducing multidi-
mensional poverty. UNDP is committed 
to working with OPHI and other partners 
in the coming months and years, to sup-
port multidimensional approaches to im-
plementation and monitoring of the 2030 
Agenda at global and national levels.

Abdoulaye Mar Dieye
Assistant Secretary-General, Director, 
Bureau for Policy and Programme 
Support, UNDP



Acknowledgements

The completion of the 2018 global Multi
dimensional Poverty Index (MPI) project 
was a large collaborative effort with support 
and contributions from many team mem-
bers. We sincerely thank everyone involved.

DATA TEAM
Foremost on this team are the research as-
sistants, consultants, collaborators and col-
leagues who energetically took to the data 
preparation and standardization of the global 
MPI indicators for 105 country datasets. We 
are extremely grateful to Giuseppe Antona-
ci, Ivana Benzaquen, Friedrich Bergmann, 
Dhruva Bhat, Cecilia Calderon, Fedora Car-
bajal, Agustin Casarini, Mihika Chatterjee, 
Charles-Alexis Couveur, Rolando Gonzales, 
Rizwan Ul Haq, Fanni Kovesdi, Saite Lu, 
Juliana Milovich, Sophie Scharlin-Pettee, 
Dyah Savitri Pritadrajati, Marco Ranaldi, 
Carolina Rivera, Monica Pinilla-Roncancio, 
Dalila de Rosa, Yangyang Shen and Chris-
toph Steinert.

Sophie Scharlin-Pettee and Fanni Kovesdi 
carried out general corrections to the data 
preparation files before these went through 
the final quality check. In addition, Hwa 
Pyung Yoo and Francis Arthur gave com-
mitted data management support.

Christian Oldiges played an invaluable 
leadership role in producing and analyzing 
the figures for India with Mihika Chatter-
jee providing support for the district-level 

analysis using the Indian data.  Bilal Malaeb 
crafted the online interactive databank, col-
laborated on the country maps for the global 
MPI and the quality checks carried out for 
the Libyan dataset.

Our data preparation co-leaders, Corinne 
Mitchell, Ricardo Nogales and Frank Voll-
mer, were indispensable in their support of 
the data team and their intense involvement 
in the first check of the data preparation 
files. Adriana Conconi and Ana Vaz carried 
out the final and authoritative quality check 
of the data preparation files. Nicolai Suppa 
oversaw the final figures for 105 country 
datasets and the creative production of 105 
country briefs. The commitment from all six 
individuals was a critical contribution to the 
overall project.

EXPERT INPUTS IN THE GLOBAL MPI
A global consultation was carried out in 
April 2018. We are grateful to Rebeca 
Kritsch for setting up the global consulta-
tion structure, to the participants from 46 
countries who gave input into the revision 
of the global MPI, and to Aparna John 
for collating and synthesizing the materi-
als.  In addition to the input on indica-
tor selection from the global consultation 
we are grateful to very many patient and 
perceptive experts for their advice, includ-
ing but not limited to: A.K. Shiva Ku-
mar, Abdul Alim, Anne-Catherine Guio, 
Attila Hancioglu, Beate Dastel, Carolina 

VI



Sanchez-Paramo, Danzhen You, Enrique 
Delamónica, Francesco Ferreira, Franc-
es Stewart, Gonzalo Hernandez Licona, 
Hetty Kovach, Jaime Saavedra, James Fos-
ter, Jean Drèze, Joao Pedro Azevedo, Jon 
Pedersen, Jose Manuel Roche, Kinnon 
Scott, Laurence Chandy, Lucia Hug, Mai-
munah Mohd Sharif, Maria Ana Lugo, 
Maria Emma Santos, Michael Walton, 
Pali Lehohla, Rinku Murgai, Rodrigo Sal-
vado, S.K. Singh, Sanjay Mohanty, Sarah 
Orzell, Shantayanan Devarajan, Suman 
Seth, Tim Evans, and Turgay Unalan. We 
are also grateful to a very large number of 
experts from national statistics offices aca-
demia, international agencies and donors, 
as well as from the amazing teams from 
the Demographic Health Surveys (under 
Sunita Kishor) and the Multiple Indicator 
Cluster Surveys (under Attila Hancioglu) 
who gave input on multiple occasions. We 
are also very deeply grateful to counter-
parts from the National dataset providers 
for extensive input and collaboration.

CONTRIBUTORS
Frank Vollmer worked tirelessly on the 
asset index that, while documented fully 
in a separate paper, underlies our section 
on assets. The HDRO and OPHI teams, 
especially Milorad Kovacevic, Natalie 
Quinn, Bilal Malaeb, and Monica Pinil-
la-Roncancio, provided key insights on 
trial measures.

A team of research assistants, consultants 
and colleagues opened questionnaires 
from 100 countries, home to 5.5 billion 
people, and identified some 280 po-
tential new and improved indicators to 
modify the global MPI. We are grateful 
to Maarit Kivilo, Saite Lu, Juliana Mi-
lovich, Corinne Mitchell, Anders Kirstein 
Møller, Ricardo Nogales, Rachel Pear-
son, Conway Reinders, Yangyang Shen, 
Sophie Song, Catherine Taylor, Santiago 
Izquierdo Tort, and Ana Vaz for carrying 
out this time-consuming but very illumi-
nating task, which enabled us to see the 
possibilities and limitations of improving 
the global MPI and extending it for wom
en and children using existing survey data.

ADMINISTRATION, COMMUNICATION 
AND PUBLICATION TEAMS
Matthew Brack and Cristina Hernandez 
were key to drawing up contracts for the 
data team and managing the financial as-
pects of the project on a tight timeline and 
budget. Carolina Moreno and Diego Zav-
aleta, with support from Paddy Coulter and 
John Hammock, led the global MPI 2018 
communications activities. They worked in 
close collaboration with the UNDP com-
munications team in New York, especially 
Anna Ortubia and Admir Janic.

VII



Sabina Alkire and 
Usha Kanagaratnam 
Oxford, August 2018

Special thanks go to the publication team 
for Global Multidimensional Poverty Index 
2018: The Most Detailed Picture to Date of 
the World’s Poorest People. Corinne Mitchell 
took a strong and calm leading role (publi
cation coordinator and data analyses and 
writing), with Ricardo Nogales, Christian 
Oldiges, Sophie Scharlin-Pettee, Kgaugelo 
Sebidi and Frank Vollmer (data analyses 
and writing). The visual layout and design 
was the work of Maarit Kivilo (publication, 
graph and map layout, and design), and 
our text was copy-edited by Ann Barham.

FINANCIAL SUPPORT
OPHI is grateful for the financial sup
port from multiple sources including the 
Swedish International Development Co
operation Agency (Sida), the Economic 
and Social Research Council of the United 
Kingdom (ESRC) and the UK Department 
for International Development (DFID). 
We are also grateful for a grant of £9,817 
from the University of Oxford’s GCRF QR 
HEFCE fund, which was specifically set 
up to support “generating impact from res
earch both within and beyond the sector.”

VIII

UNDP COLLABORATORS
The UNDP team has played a crucial role 
in the global MPI 2018 process. Under 
the leadership of Achim Steiner, UNDP 
and OPHI have worked together to revise 
the indicators and data that are the core of 
this report and have cemented the collab-
oration between our institutions for future 
ongoing calculations of the global MPI 
and their analysis to shape policy. Abdou-
laye Mar Dieye, Assistant Secretary-Gen-
eral and Head of the UNDP Bureau for 
Policy and Programme Support, has also 
been indispensable in this effort.  HDRO, 
led by Selim Jahan, was pivotal in the con-
ceptual and methodological discussion of 
this year’s MPI, as it has been since the be-
ginning. We are grateful to all the UNDP 
team for the support and commitment, in-
cluding Abdoulaye Mar Dieye, Pedro Con-
ceicao, Serge Kapto, Milorad Kovacevic, 
Anna Ortubia and Admir Jahic. A special 
mention must go to Cecilia Calderon and 
Carolina Rivera for their involvement in 
the data preparation and standardization 
of the global MPI indicators. Their feed-
back on the prototype data preparation file 
was extremely valuable to the team.

Needless to say, all errors remain our own.



IX

Albert Gonzalez Farran / UNAMID | Flickr CC BY-NC-ND 2.0

Tobin Jones / AU UN IST PHOTO | Flickr CC 0

https://www.flickr.com/photos/unamid-photo/14424354564/in/photolist-nYCA5m-nzcCu4-bjH4oq-m2MYNh-qd3F98-9uQ6Z3-4TuLs3-nYBMWY-9vBbbb-e6wrXh-TZhZZ1-dWa791-onr9FY-mxtdD2-appJqp-eaJDSK-PkVuN-cXCCv3-ZbMWUs-9vywQZ-dgvRnz-oZ1m5X-6egGvT-dWd9vY-787zZw-cP7qxm-cP7pFG-5CXPAS-pdA7cN-ha1v9T-7fH4KE-7yMz1h-om2kH3-kfqWCX-7MSmfY-8gUTwy-asrhSC-XQ5bfW-pXy4vN-5xz6JG-787VSC-7LovQJ-aqxzdk-783zZT-a6Dmzt-qoS8u9-o27Nkq-dQQMRB-88qKyV-9Wn4pR
https://www.flickr.com/photos/au_unistphotostream/10439458115/in/photolist-gUuXca-puw3rt-j4WYDA-weFQsW-918Usy-eFGQjZ-7BvxqD-7Bv1Lz-ffZH1y-7Byit1-oFLbU5-9ABCqK-75L8JX-9sRpw3-KnuyWJ-WZLyC-cvL1G5-915TQZ-919hVJ-iGvwYU-636zFe-9fkrMv-aqS5nX-7BthRx-8GMu3h-aa9DJk-jnAhPD-UyBpcy-a2rgxc-dgAgqE-eQKAHN-byNbcn-Vp1HSq-evcts4-2CzyWB-rkeXJJ-9FBqZL-wTQRr-83TzTy-dSikLo-FQoZuX-c7dXLo-ZG3s6d-4uEkcg-7YaWWp-k2qXGQ-gSpHH6-9WtdXc-79tQPi-7ByBus


Findings at a Glance

The 2018 global Multidimensional Pov-
erty Index (MPI) is an internationally 
comparable measure of acute poverty for 
105 countries, covering 5.7 billion people 
(approximately 77% of the global pop-
ulation). It is a valuable complement to 
income poverty measures as the MPI cap-
tures the simultaneous deprivations that 
each person experiences in ten indicators.

The global MPI was first developed in 
2010 by the United Nations Develop-
ment Programme (UNDP) and the Ox-
ford Poverty and Human Development 
Initiative (OPHI) at the University of Ox-
ford for the UNDP flagship publication 
Human Development Report. The global 
MPI is updated at least once per year to 
include newly released data.

For the 2018 global MPI, five of the ten 
indicators have been revised jointly by 
OPHI and UNDP to align the MPI with 
the 2030 Agenda. This is in response to 
the Agenda’s call for a better measure of 
progress toward Sustainable Development 
Goal 1 – “to end poverty in all its forms” 
– and to help achieve the principle of leav-
ing no one behind.

KEY FINDING: 1.3 billion people live in 
multidimensional poverty in the 105 
developing countries for which the 
2018 global MPI is estimated.

This represents 23% – nearly a quar-
ter – of the population of the 105 
countries for which the 2018 MPI is 
calculated. These people are being left 

behind in multiple ways. They are de-
prived in at least one-third of overlap-
ping deprivations in health, education, 
and living standards, lacking such 
things as clean water, sanitation, ade-
quate nutrition, or primary education.

The scale and detail of multidimen-
sional poverty profiled here suggests 
that income and consumption fig-
ures need to be complemented with 
multidimensional measurement for a 
more in-depth picture.

KEY FINDING: Multidimensional poverty is 
found in all developing regions of the 
world, but it is particularly acute in 
Sub-Saharan Africa and South Asia.

These two regions account together 
for 83% of all multidimensional-
ly poor people in the world – more 
than 1.1 billion.

KEY FINDING: Two-thirds of all multidi-
mensionally poor people live in mid-
dle-income countries.
889 million people in middle-income 
countries experience deprivations in 
nutrition, schooling, and sanitation, 
just like those in low-income countries.

KEY FINDING: In India, 271 million peo-
ple moved out of poverty between 
2005/6 and 2015/16, but the country 
still has the largest number of people 
living in multidimensional poverty in 
the world (364 million people).

—

—

—

—
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India has cut its poverty rate from 
55% to 28% in ten years. This has 
parallels with the phenomenal level of 
poverty reduction achieved in China a 
decade or so earlier.

KEY FINDING: The level of global child 
poverty is staggering: children ac
count for virtually half (49.9%) of the 
world’s poor. Worldwide, over 665 
million children live in multidimen
sional poverty.

In 35 countries, at least half of all 
children are MPI poor.  In South Su-
dan and Niger, some 93% of all chil-
dren are MPI poor.

Nearly two-thirds (64%) of Sub-Sa-
haran Africa’s children are multidi-
mensionally poor; in South Asia, 
39% of children are multidimen-
sionally poor.

KEY FINDING: About 611 million people 
– 46% of those who are multidimen-
sionally poor – live in severe poverty, 
that is, they are deprived in at least half 
of the weighted indicators in health, 
education, and living standards.

Sub-Saharan Africa, with 342 mil-
lion people living in severe poverty, 
accounts for 56% of the world’s se-
verely poor.

KEY FINDING: After India (364 million 
people), the countries with the larg-
est number of people living in multi-
dimensional poverty are Nigeria (97 
million), Ethiopia (86 million), Pa-
kistan (85 million), and Bangladesh 
(67 million).

KEY FINDING: Moving beyond country-
level averages, the 2018 MPI is avail
able for 1,127 subnational regions – 
showing within-country variations of 
multidimensional poverty levels for 
88 countries.

KEY FINDING: Multidimensional poverty 
is much more intense in rural areas. 
Globally there are 1.1 billion people 
living in multidimensional poverty 
in rural areas and 0.2 billion people 
living in multidimensional poverty 
in urban areas.

	 The starkest differences between rural 
and urban poverty are in countries of 
Sub-Saharan Africa.

—

—

—

—

—
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Introduction

Multidimensional poverty considers the 
many overlapping deprivations that poor 
people experience. Explaining their disad-
vantages, people living in poverty regular-
ly describe lack of education, poor health 
and nutrition, ramshackle housing, unsafe 
water and so on. These deprivations reflect 
the lived experiences of many poor people 
and the obstacles they face in achieving 
valuable capabilities. And they motivate 
the emphasis of the Sustainable Develop-
ment Goals (SDGs) on addressing pover-
ty in all its forms and dimensions (see Box 
on page 2).

A Multidimensional Poverty Index (MPI) 
takes a profile of each person’s simultane-
ous challenges as its point of departure 
and uses it to measure non-monetary pov-
erty (see Box on page 3). The motivation 
for doing so is to complement monetary 
poverty measures with relevant actiona-
ble insights. Nobel Laureate Amartya Sen 
observes that the “‘coupling’ of disadvan-
tages between different sources of dep-
rivation… can be a critically important 
consideration in understanding poverty 
and in making public policy to tackle it” 
(2009: 256).

This report presents the global MPI 2018, 
a newly revised index based on a short 
but powerful list of 10 deprivations. The 
box on pages 5–6  presents the structure 
of the global MPI 2018 – dimensions, 
indicators, weights and cutoffs. Concep-
tually, the global MPI draws on Amartya 

Sen’s capability perspective, which “is ines-
capably concerned with a plurality of dif-
ferent features of our lives and concerns” 
(2009:233). Empirically, the global MPI 
is deeply constrained by data and limited 
in relevance by the tremendous diversi-
ty of people’s lives. Yet it seeks to sustain 
and energize attention on key disadvan-
tages by offering the most detailed picture 
of poverty to date. But what is the global 
MPI? How is it made so as to align with 
the SDGs and with other priorities such as 
Agenda 2063 and the Third UN Decade 
for the Eradication of Poverty? And what 
data underlie it?

WHAT IS THE GLOBAL MPI?
The global MPI is an internationally com-
parable measure of acute poverty for over 
100 countries situated in developing re-
gions. It complements global monetary 
poverty measures by capturing the simulta-
neous deprivations that each person experi-
ences in ten indicators related to education, 
health and living standards. In 2018, five of 
the ten indicators have been revised.

WHERE DID THE GLOBAL MPI COME 
FROM? 
The global MPI was developed in 2010 
by the United Nations Development Pro-
gramme (UNDP) and the Oxford Pov-
erty and Human Development Initiative 
(OPHI) at the University of Oxford for 
the UNDP’s flagship Human Development 
Reports. The numbers and analysis are up-
dated at least once per year to include new-
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Launched in 2010, the global MPI already encompassed some of the values em
bodied by the SDGs. For example, rather than focusing on a single aspect of pov
erty, the global MPI depicts poverty in its many forms and dimensions. Rather than 
viewing challenges one by one, in silos, the MPI shows how deprivations are con
cretely interlinked in poor people’s lives. Rather than providing only national head
lines, the global MPI is disaggregated by subnational region, area, ethnicity, or age 
cohort. The indicators underlying the global MPI 2018 have been revised to better 
align with the SDGs. So how does the global MPI 2018 support the SDG agenda?

SDG GOAL 1 OF 17. End Poverty in All Its Forms Everywhere. The preamble to 
the 2030 Agenda for Sustainable Development which defined the SDGs states 
that “eradicating poverty in all its forms and dimensions… is the greatest global 
challenge and an indispensable requirement for sustainable development.” The 
global MPI addresses multidimensional poverty, focusing on the critical dimensions 
of health, education, and living standards.

SDG TARGET 1.2. Poverty in all its dimensions. The second out of 169 Targets in the 
SDGs calls for countries to halve the proportion of men, women, and children living 
in poverty in all its dimensions. Poverty is understood to be both multidimensional 
and measurable. The official national MPIs developed by countries to reflect their 
particular context and the global MPI, like national income poverty measures and 
$1.90/day, both assess progress in poverty reduction: one with respect to  national 
priorities and the other in a comparative perspective.

LEAVE NO ONE BEHIND. The 2030 Agenda for Sustainable Development pledges 
that “no one will be left behind”. Putting this idea into practice, the global MPI 
considers the depth or intensity of an individual’s poverty, going beyond the 
overall number of poor people (headcount ratio) and providing measurement 
incentives to reduce the deprivations of the poorest – even if they don’t yet exit 
poverty. This promotes policies that “leave no one behind”. Disaggregation of the 
MPI by region, age, and urban/rural area identifies specific pockets of poverty. 
This enables more targeted policies and actions, and helps ensure that particular 
areas and groups are not left behind.

INTERLINKAGES ACROSS SDGs. The global MPI reflects deprivations each person 
faces in multiple SDG areas – education, water and sanitation, health, housing, 
etc. Connecting to at least seven SDGs, the MPI brings many concerns together 
into one headline measure.  And, since people are MPI poor if they are deprived in 
one-third of the weighted indicators, the MPI focuses on people who are being left 
behind in multiple SDGs at the same time.

THE GLOBAL MPI 
AND THE SUSTAINABLE DEVELOPMENT GOALS
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POVERTY PROFILE: AMUDHA, INDIA

Amudha1 is a 14-year-old student in 10th grade at a school in a small rural com-
munity near Madurai. She lives with her father, mother, sister, nephew and niece. 

Her father’s hand was broken while picking coconuts. This stopped him from work
ing as a manual labourer.  While he was recovering, he worked as a watchman and 
her mother became a construction worker. Both parents now work in construc
tion. Her father earns Rs 400 per day, and her mother earns Rs 350 and has severe 
knee and back pain due to the strenuous work.

Amudha’ parents cook with wood, unable to afford a liquid petroleum gas (LPG) 
cylinder. The family live in a rented primitive shack next to a dried-up pond on 
wasteland owned by the local government. They have no drinking water or toilet 
facilities. They defecate in the open next to the pond. They obtain electricity from 
a neighbour’s supply. The meagre wages are not sufficient to maintain a family of 
six. Amudha’s mother dreams of having a hut of their own before she dies.

Amudha’s elder sister was married at the age of 16 years but her mother wants Amud-
ha to study more so that she can get a good job and salary to support the family.

Amudha’s day starts at 6:00am. She helps her mother at home and then walks 
to school. Her government-provided bicycle is broken and there is no money to 
repair it. The Prisoners of Hope Trust sponsors her education. After school, she at-
tends remedial classes until 9:00pm. She then comes home for dinner. Later, she 
helps her mother wash dishes and goes to sleep by 10:00 pm. Amudha’s ambition 
is to become a doctor. Her mother lost two babies, giving birth at home with no 
access to medical care. Amudha wants to help rural women like her mother. She 
works hard to achieve this goal.

Amudha is poor according to the 2018 Global MPI. The coloured boxes in the 
graphic show the deprivations she faces.
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ly released data. The revised global MPI is 
the joint work of OPHI and UNDP, and 
serves to better align the global MPI with 
the SDGs (Alkire and Jahan 2018).

HOW IS IT COMPUTED? 
The global MPI uses the Alkire-Foster 
(AF) method to measure multidimension-
al poverty. The AF method sums up the 
deprivations each person experiences in a 
weighted deprivation score, identifies who 
is poor, and aggregates this information 
into a headline and associated information 
platform. It has come to be widely used be-
cause of its simplicity yet specificity. There 
are three key figures for the global MPI 
(See box on page 8):

•	 Incidence is the percentage of people 
who are poor (or headcount ratio, H).

•	 Intensity is the average share of indi
cators in which poor people are de
prived (A).

•	 MPI is the multidimensional poverty 
index, which is the product of inci
dence and intensity (MPI = H × A).

The recent World Bank Commission Moni­
toring Global Poverty chaired by the late Sir 
Tony Atkinson advised that global poverty 
monitoring should include a non-monetary 
MPI using this methodology (World Bank 
2017) to complement the international 
monetary poverty line.

IS THE GLOBAL MPI JUST ONE NUMBER? 
The MPI is reported with an associat-
ed information platform that shows the 
number and percentage of people who 
are poor. The information platform also 
shows the intensity and composition of 
poverty by each indicator. It shows who is 
poor (incidence), how poor they are (in-
tensity), and how they are poor (by each 
indicator). Additionally, the MPI is disag-
gregated – by age group and urban/rural 

Amudha. Photo: Lady Doak College.
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This report marks the launch of a new version of the global MPI that is adapted to the SDGs 
and makes use of newly available data. The 2018 global MPI uses the same methodology 
as in previous years but has changes in indicators to reflect these new developments.

DIMENSIONS, INDICATORS, WEIGHTS, AND CUTOFFS. The global MPI is composed of 
three dimensions (health, education, and living standards) and 10 indicators. Each dimension 
is equally weighted, and each indicator within a dimension is also equally weighted. A 
person is identified as multidimensionally poor if they are deprived in at least one third of 
the weighted indicators.

GLOBAL MPI 2018 INDICATOR CHANGES. The changes from the original MPI are in the 
indicators for nutrition, child mortality, years of schooling, housing, and assets. Nutrition 
now also considers child stunting and age-specific BMI cutoffs.  For child mortality, the 2018 
global MPI considers only child deaths within the five-year period preceding the survey, if 
this information is available. In the years of schooling indicator, the new measure requires 
six years of schooling to be non-deprived, not five. For housing, a person is deprived if they 
have inadequate housing materials for their roof, walls, or floor – not just floor. Computer 
and animal cart were added to the list of assets for which a person is considered deprived if 
they do not own one.

DATA. In 2018, the global MPI relies on Demographic and Health Surveys (DHS) for 51 
countries, Multiple Indicator Cluster Surveys (MICS) for 43 countries, two combined DHS-
MICS surveys, three Pan Arab Project for Family Health (PAPFAM) surveys, plus national 
surveys for China, Ecuador, Jamaica, Mexico, and South Africa. The 2018 tables use data 
that was gathered 2006–2016.1 Ninety-six of the datasets date from 2010 to 2016, and 63 
were fielded in 2014 to 2016. The population covered by the 2018 global MPI represents 
5.73 billion people, a total aggregated using 2016 population figures. 

Health

Education

Living 
Standards

Three 
Dimensions 

of Poverty

Years of schooling

School attendance

Child mortality

Nutrition

Cooking fuel
Sanitation
Drinking water
Electricity
Housing
Assets

THE GLOBAL MPI 2018: STRUCTURE AND DATA 

1. Two datasets, Burundi and Nigeria, contain data from 2016–2017. 

5
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DIMENSIONS 
OF POVERTY INDICATOR SDG 

AREA DEPRIVED IF… WEIGHT

Health

Nutrition1 SDG 2
Any person under 70 years of age for 
whom there is nutritional information 
is undernourished.

1/6

Child mortality2 SDG 3 Any child has died in the family in the 
five-year period preceding the survey. 1/6

Education

Years of schooling SDG 4
No household member aged 10 years 
or older has completed six years 
of schooling.

1/6

School attendance3 SDG 4
Any school-aged child+ is not attending 
school up to the age at which he/she 
would complete class 8.

1/6

Living 
Standards

Cooking fuel SDG 7
A household cooks with dung, 
agricultural crop, shrubs, wood, 
charcoal or coal.

1/18

Sanitation4 SDG 11

The household’s sanitation facility is not 
improved (according to SDG guidelines) 
or it is improved but shared with other 
households.

1/18

Drinking water5 SDG 6

The household does not have access to 
improved drinking water (according to 
SDG guidelines) or safe drinking water 
is at least a 30-minute walk from 
home, roundtrip.

1/18

Electricity SDG 7 The household has no electricity. 1/18

Housing6 SDG 11

The household has inadequate housing: 
the floor is of natural materials or 
the roof or walls are of rudimentary 
materials.

1/18

Assets SDG 1

The household does not own more 
than one of these assets: radio, TV, 
telephone, computer, animal cart, 
bicycle, motorbike, or refrigerator, and 
does not own a car or truck.

1/18

Adults 20 to 70 years are considered malnourished if their Body Mass Index (BMI) is below 18.5 m/kg2. Those 5 to 20 are identified as mal
nourished if their age-specific BMI cutoff is below minus two standard deviations. Children under 5 years are considered malnourished if 
their z-score of either height-for-age (stunting) or weight-for-age (underweight) is below minus two standard deviations from the median 
of the reference population. In a majority of the countries, BMI-for-age covered people aged 15 to19 years, as anthropometric data was 
only available for this age group; if other data were available, BMI-for-age was applied for all individuals above 5 years and under 20 years.  

Child mortality draws on information from women aged 15–49. If this information is missing, and if the male in the household age 15–59 
reports no child mortality, that record is included.

Data source for age children start compulsory primary school: DHS, MICS and national country reports, United Nations Educational, 
Scientific and Cultural Organization, Institute for Statistics database, Table1. Education (fulldataset) [UIS, link].

A household is considered to have access to improved sanitation if it has some type of flush toilet or latrine, or ventilated improved pit 
or composting toilet, provided that they are not shared. If survey report uses other definitions of “adequate” sanitation, we follow the 
survey report.

A household has access to clean drinking water if the water source is any of the following types: piped water, public tap, borehole or 
pump, protected well, protected spring or rainwater, and it is within 30 minutes’ walk (round trip). If survey report uses other definitions 
of “safe” drinking water, we follow the survey report.

Deprived if floor is made of mud/clay/earth, sand, or dung; or if dwelling has no roof or walls or if either the roof or walls are constructed 
using natural materials such as cane, palm/trunks, sod/mud, dirt, grass/reeds, thatch, bamboo, sticks, or rudimentary materials such as 
carton, plastic/ polythene sheeting, bamboo with mud/stone with mud, loosely packed stones, adobe not covered, raw/reused wood, 
plywood, cardboard, unburnt brick, or canvas/tent.

5

1

2

3

4

6

6
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area, and (data permitting) by subnational 
region or characteristics such as ethnicity 
and disability status – to see how poverty 
differs within a society. Results identify 
those on the cusp of poverty and those 
suffering from severe poverty.

HOW RECENT AND COMPLETE ARE THE 
DATA USED?

Recent data:
In terms of the years of coverage,

•	 Thirty-two countries with 2.58 billion 
people and 797 million poor people 
draw on data from 2015–2016.

•	 Thirty-five countries with 2.46 billion 
people and 390 million MPI poor peo
ple draw on data from 2013–2014.

•	 Twenty-three countries with 541 mil
lion people and 89 million MPI poor 
people draw on data from 2011–2012.

•	 Fifteen countries with 151 million 
people and 68 million MPI poor peo
ple draw on data from 2006–2010.

Thus information for 59% of MPI poor 
people draws on surveys that were field-
ed in 2015 or later, and information for 
88% of MPI poor people draws on sur-
veys fielded in 2013 or later. That being 
said, the year must always be taken into 
consideration when analyzing the MPI.

Indicator coverage: As mentioned, in 
2018, the global MPI relies on DHS, 
MICS and PAPFAM surveys plus nation-
al surveys, all dated 2006–2016.1 Of the 
105 countries covered by the global MPI, 
87 have information for all ten indica-
tors. Seven countries (Afghanistan,  Co-
lombia, Dominican Republic, Indonesia, 

the Philippines, Ukraine, and Viet Nam) 
lack information on nutrition. Seven 
countries (Barbados, Bosnia and Herze-
govina, Jamaica, the former Yugoslav Re-
public of Macedonia, Mexico, Saint Lu-
cia, and Suriname) lack information on 
child mortality. Egypt lacks information 
on cooking fuel, Honduras on electricity, 
and China on housing. The Philippines 
also lacks information on school attend-
ance – the only country without data on 
two indicators. If an indicator is missing, 
the remaining indicators in that dimen-
sion are re-weighted such that each di-
mension weighs one-third.

Fourteen countries lack information on 
the date of death of children who have 
died, so we cannot identify child mortal-
ity that occurred in the five years prior to 
the survey.2 For these countries, we use 
any child mortality information reported 
by women or men in the household, so 
deprivations are comparatively higher and 
comparisons require caution.

How robust are the comparisons? The 
global MPI, like any poverty measure, in-
volves normative choices in selecting the 
indicators, weights, and poverty cutoffs 
(Alkire and Jahan 2018). Amartya Sen 
advises poverty measures to be assessed as 

1. 	 Two datasets, Burundi and Nigeria, contain 
data from 2016–17.

2. 	 Bhutan, Central African Republic, Ecuador, 
Djibouti, Kazakhstan, Montenegro, Morocco, 
Syrian Arab Republic, Serbia, Thailand, Trini-
dad and Tobago, Vanuatu, and Uzbekistan.
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Sometimes people presume that the MPI is “just” an index – a single number – show
ing the level of poverty. But the MPI is much more than that: it can also be broken 
down to show who is poor and how they are poor. Below is an example of how the 
global MPI does this.

INCIDENCE OR HEADCOUNT RATIO. Let’s start with the most familiar number: the 
percentage of people who are MPI poor. This is called the headcount ratio, incidence 
of poverty, or poverty rate. For example, in Togo, 48.4% of people are MPI poor 
because they are deprived in one-third or more of the weighted MPI indicators.

INTENSITY. This is the average deprivation score among the poor or the average 
share of deprivations that poor people experience. In Togo, intensity is 51.7%, which 
means that poor people in Togo experience, on average 51.7% of the weighted 
deprivations. Because the poverty cut-off is one-third – all people identified as MPI 
poor experience at least one-third of weighted deprivations – their deprivation 
scores lie between 33.33% and 100%.

THE MPI. The MPI is the product of incidence and intensity: it is calculated by 
multiplying them together. For instance, Togo has an MPI of 0.294 because 48.4% 
x 51.7% = 0.294. This shows that poor people in Togo experience 29.4% of the 
deprivations that would be experienced if every person in Togo was poor and 
deprived in all indicators. The MPI always ranges from zero to one, and a higher 
number signifies greater poverty.

HOW TO REDUCE THE MPI. Because the MPI is made up of two sub-indices – inci
dence and intensity – it goes down if either of these decreases. So if a poor person be
comes non-poor, the MPI will go down. And if a poor person becomes non-deprived 
in an indicator in which they were previously deprived, the MPI will also go down. 
The MPI thus tracks not just movement over the poverty line but also improvements 
among the poor, incentivizing policies that target the poorest of the poor.

The censored headcount ratio of an indicator is the percentage of the total population 
who are MPI poor and are deprived in that particular indicator. The global MPI is the 
weighted sum of the 10 censored headcount ratios. What this means is that a decrease 
in any deprivation of any poor person will decrease poverty as measured by the MPI.

The percentage contribution of an indicator shows how much it contributes to the 
overall MPI. This is used to understand how the poor are poor, or the composition 
of their poverty. The percentage contribution depends on both the number of poor 
people who are deprived in that indicator and its weight. Using this – often visualized 
as a striped bar – we can compare at-a-glance the indicators that most contribute to 
the global MPI for different countries or groups.

USER’S GUIDE TO INTERPRETING THE GLOBAL MPI

GLOBAL MULTIDIMENSIONAL POVERTY INDEX 2018
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to whether they are robust to a “plausible 
range” of specifications. A core robustness 
test evaluates the percentage of pairwise 
comparisons between countries, consider-
ing standard errors, that remain unchanged 
if the poverty cutoff is set at 20% or 40% 
instead of 33.33%. That is, if country A 
was poorer than country B (at 95% signif-
icance) with a poverty cutoff of 33.33%, is 
it also poorer if the poverty cutoff is fixed 
at 20%? In the case of the global MPI, 
94.9% of the statistically significant pair-
wise comparisons across 1043 countries are 
robust, taking the MPI cutoff of 33.33% 
as the baseline. This means that the relative 
values of the MPI remain unchanged to a 
quite large extent, across alternative cut-
offs for identifying multidimensionally 
poor people. To share information about 
alternative levels of poverty, all data tables 
provide information based on five pover-
ty cutoffs: 1%, 20%, 33.33%, 40%, and 
50%. To understand the robustness of na-
tional comparisons to the choice of weights, 
the weights on each dimension are adjusted 
such that each dimension in turn is given 
50% of the relative weight and the other 
two dimensions obtain 25% weight each. 
Each indicator is re-weighed accordingly. 
We find that, considering 95% confidence 
intervals, 89% of the pairwise comparisons 

between countries are robust to changes of 
weights between 25% to 50% per dimen-
sion. OPHI technical documents corre-
sponding to the global MPI 2018 present 
the full sets of robustness tests, including 
also robustness to indicators and weights.

Moving forward: The next chapter sketch-
es global aggregates, thereby demonstrat-
ing the value added of a global MPI that 
is as comparable as present data permit 
and can offer both a global headline and 
fine-grained analysis for children, rural 
areas, 1127 subnational regions across 88 
countries, 640 districts in India, and other 
critical subgroups. The purpose is only in 
part to inform and at times alarm. More 
fundamentally, the purpose is to empower 
and incite action that ends acute poverty 
across many dimensions.

Unless otherwise stated, all tables and fig-
ures draw on Alkire, Kanagaratnam and 
Suppa 2018, and Alkire, Kanagaratnam, 
Mitchell, Nogales and Suppa 2018.

3. 	 The only missing country is Armenia, as the 
MPI is zero for the poverty cutoff value of 40%.
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I. Global Overview

This chapter provides a global overview 
of findings from the global MPI 2018. 
Chapter 2 focuses on India, presenting 
a case study on MPI from 2005/06 to 
2015/16, with analyses of trends by age, 
state, caste, and religion, and a direct 
mapping of poverty at the district level in 
2015/16. Turning first to the youngest on 
our planet, Chapter 3 assesses child pover-
ty across all countries. Multidimensional 
poverty varies both within and across ma-
jor geographic regions like Latin America 
or East Asia and the Pacific, and Chapter 
4 presents some notable highlights. Going 
within countries, Chapter 5 scrutiniz-
es poverty levels and composition across 
rural and urban areas. Finally, Chapter 
6 zooms in to investigate circumstances 
within and across countries according to 
subnational regions.

1.3 BILLION PEOPLE ARE POOR ACROSS 
THE 105 COUNTRIES COVERED
Across the 105 countries covered by the 
global MPI, 1.3 billion people live in 
acute multidimensional poverty.4 This 
amounts to 23% of the 5.7 billion people 
living in these countries. These people are 
deprived in at least one-third of overlap-
ping deprivations in health, education, 
and living standards indicators. They may 

lack adequate housing or sanitation, prop-
er nutrition or primary education. They 
are found in every region and every coun-
try, showing that acute poverty remains a 
global phenomenon.

MOST POOR PEOPLE LIVE IN SUB-
SAHARAN AFRICA (42%) AND SOUTH 
ASIA (41%)
While poverty exists everywhere, most of 
the world’s poor people – more than 1.1 
billion – live in Sub-Saharan Africa or 
South Asia. Poor people in Sub-Saharan 
Africa tend to experience more intense pov-
erty. East Asia, despite having the largest 
population, has a much smaller share of the 
world’s multidimensionally poor people.

IN 2015/16, THERE WERE 271 MILLION 
FEWER POOR PEOPLE IN INDIA
As Chapter 2 elaborates, a change of glob-
al proportions occurred in India. Between 
2005/06 and 2015/16, the number of 
multidimensionally poor people in India 
fell from 635 million to 364 million – an 
historic shift. Furthermore, in sharp con-
trast with the trend from 1999 to 2006, 
when the poorest groups reduced mul-
tidimensional poverty the slowest, from 
2005/06 to 2015/16 the poorest reduced 
MPI the fastest. That is, poverty reduc-
tion among children, the poorest states, 

4.	 All population aggregates in this report multi-
ply the headcount ratio by the 2016 population 
data from United Nations Department of Eco-
nomic and Social Affairs, Population Division 
(2017). Data tables also provide the population 
data from the year of the survey.
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FIGURE I.2     Population Coverage by Geographic Area

FIGURE I.1     Where Do the 1.3 Billion MPI Poor People Live?
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Developing Regions 
(UN Statistics Division) MPI1 Headcount 

ratio (H)2
Intensity 

(A)3

Number of 
poor people 

(millions)4

Population 
coverage by 

MPI

Arab States 0.098 19.2% 50.8% 65.7 85%

East Asia and the Pacific 0.025 5.9% 43.1% 117.7 94%

Eastern Europe and Central Asia 0.009 2.4% 38.3% 3.5 43%

Latin America and the Caribbean 0.033 7.7% 43.2% 39.7 81%

South Asia 0.143 31.3% 45.8% 545.9 95%

Sub-Saharan Africa 0.317 57.7% 54.9% 559.4 99%

Global MPI (developing regions) 0.115 23.2% 49.5% 1.33 billion 91%

TABLE I.1    MPI Poverty by World Region

The Multidimensional Poverty Index (MPI) ranges from 0 to 1.
The headcount ratio is the percentage of the population with deprivation score of 1/3 or above.
The intensity is the average percentage of weighted deprivations among the poor.
The number of poor people uses 2016 population figures.

1.
2.
3.
4.

Source: Own computations; all aggregates are population-weighted.

Scheduled Tribes, and Muslims was fast-
est, indicating that, far from being left 
behind, they were catching up. Trends in 
the global MPI using 2018 specifications 
are at present available only for India; har-
monized analyses of trends over time for 
other countries are under construction.  

ABOUT TWO-THIRDS OF ALL MPI POOR 
PEOPLE LIVE IN MIDDLE-INCOME 
COUNTRIES
Just under 900 million poor people live 
in middle-income countries. These people 
experience deprivations in clean water, nu-
trition, and schooling – just like those in 

FIGURE I.3

Upper middle-income countries, 8%

Upper middle-income countries, 38%

High-income countries, 0% High-income countries, 0%

Low-income countries, 33%

Lower middle-income countries, 59% Lower middle-income countries, 50%

A.  Where Do the World’s Poor Live? B. Population Coverage

Low-income countries, 12%
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Least-developed countries, 43% Least-developed countries, 17%

Non-least developed countries, 57% Non-least developed countries, 83%

FIGURE I.4

A.  Where Do the World’s Poor Live? B. Population Coverage

low-income countries (LICs), despite the 
higher national GNI per capita. In absolute 
terms, their lives face clustered disadvan-
tages similar to those living in low income 
countries, and merit equivalent priority.

However, LICs do have higher propor-
tions of their population living in multi-
dimensional poverty. Whereas LICs are 
home to only 12% of the people covered 
by the 2018 global MPI, 33% of MPI 
poor people live in them. Nearly 65% 
of people in LICs are poor (compared to 
18% in middle- or high-income coun-
tries), and the average poor person in a 
LIC is deprived in 55% of weighted in-
dicators (compared to 47% in middle- or 
high-income countries). The 17 poorest 
countries by MPI are LICs. Yet within 
LICs there is great variety: the percentage 
of MPI poor people ranges from 92% in 
South Sudan and 91% in Niger to 12% in 

Tajikistan. School attendance contributes 
the most to the average MPI in LICs and 
is responsible for 18% of the overall MPI, 
followed by nutrition (16%), and child 
mortality (14%).

LEAST DEVELOPED COUNTRIES ARE 
AMONG THE POOREST
The 2018 global MPI covers 43 of the 47 
‘least-developed countries’ (LDCs) as iden-
tified by the UN. While those 43 countries 
represent only 17% of the total population 
covered by the global MPI, they represent 
43% of the poor population.

Nearly 60% of the population in the LDCs 
(579 million) are multidimensionally poor 
with an average of 54% of weighted dep-
rivations experienced by the poor. Twen-
ty-eight of the 29 poorest countries by the 
global MPI are LDCs, with Nigeria as the 
sole exception.
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FORTY-SIX PERCENT OF ALL POOR 
PEOPLE ARE SEVERELY POOR
Across the countries covered, over one in 
ten – 611 million – are deprived in at least 
half of the weighted indicators – not just 
the one-third which is the minimum dep-
rivation score to be identified as MPI poor. 
This means that 46% of the 1.3 billion 
MPI poor people are not close to the MPI 
poverty cutoff, but live in severe poverty.  
Each of these persons experiences a cluster-
ing of disadvantages that single indicators 
overlook. The MPI makes them visible.

This being said, the percentage of MPI 
poor people who are severely poor varies. 
Malawi (2015–16) and Cameroon (2014) 
both have the same MPI of 0.244, but in 
Cameroon, 57% of poor people are seve
rely poor whereas in Malawi the comparable 
figure is 35%.  While the global MPI reports 
five poverty cutoffs: 1%, 20%, 33.33%, 
40%, and 50%, every country briefing re
ports additional cutoffs up to 90%, in order 
to make visible different patterns of intensity 
among the poor.

HALF OF ALL POOR PEOPLE ARE 
CHILDREN
When we look at who the MPI poor peo-
ple are according to their ages, we find that 
half of all multidimensionally poor people 
– 49.9% – are children under 18 years of 
age. So across the countries covered, over 
665 million children are passing their 
childhood in multidimensional poverty – 
which is one out of every three children. 
Among these children, around 52% live 
in severe poverty. And in terms of conflict, 
more than half of the MPI poor children 
live in the weakest fragile states with alert, 
high alert or very high alert warning.  

The MPI includes indicators of children’s 
achievements such as school attendance 
and nutrition. It includes indicators that 
affect children’s life chances, such as ad-
equate sanitation, safe water, housing, 
and clean cooking fuel. And it reflects 
household features that shape children’s 
lives, such as whether a child has died and 
whether anyone has six years of schooling. 
Given that demographically the world has 
more children on it than, probably, it ever 
has had, the high prevalence of child pov-
erty is a clarion call for action.

THE GLOBAL MPI IS DISAGGREGATED 
INTO 1,127 SUBNATIONAL REGIONS 
The global MPI is disaggregated into 1127 
subnational regions across 88 countries to 
find pockets of poverty in otherwise pros-
perous countries and pockets of progress 
in otherwise poor countries. This also ena-
bles higher granularity analysis within and 
across borders and encourages more tar-
geted and efficient poverty alleviation pol-
icies.  In addition to this disaggregation of 
88 countries into 1127 regions, India has 
a second level of disaggregation into 640 
districts, bringing the total number of sub-
national regions investigated by the global 
MPI to 1767. Because the global MPI is 
based on deprivations that are measured 
directly – malnutrition, clean water, hous-
ing, and school attendance – comparisons 
across, as well as within, countries can be 
done directly. In this sense, disaggregated 
comparisons are simpler than for mone-
tary poverty.

HOW ARE POOR PEOPLE POOR?
We have observed that 1.3 billion peo-
ple live in acute multidimensional pov-
erty. Each one of these children, women, 
or men are being left behind in multiple 
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ways: they are deprived in one-third or 
more of the weighted indicators. But how 
are they poor, according to each indicator? 
This closing section shares insights into 
the circumstances in which this group of 
acutely poor people live.

The MPI poor people together experience 
7.4 billion deprivations. Table I.2 shows 
how many of those 1.3 billion poor peo-
ple experience each of the MPI depriva-
tions. The magnitude of human suffering 
underlying these figures, written in black 
and white, remains staggering in the in-
formation age, especially in contexts of 
bounding economic growth. And is all the 
more distressing when we remember that 
this does not even include all persons who 
are deprived in each indicator – only those 
who are also MPI poor because they are 
deprived in that indicator and other indi-
cators adding up to at least one dimension.

Over 90% of all 1.3 billion MPI poor 
persons cannot simply light a burner or 
turn on an electric burner to cook: they 
must gather or purchase cooking materi-
als, bring them home, and assemble a fire 
made out of wood, dung, coal, or charcoal. 
Solid cooking fuel is a health risk: those ex-
posed without ventilation – usually wom-
en and children – experience the indoor air 
pollution that irritates eyes and lungs and 
is a leading cause of preventable death.

Four out of five MPI poor persons live 
in a house where the floor is dirt, sand, 
or natural; or where the walls and roof 
are rudimentary – maybe cardboard, 
plastic sheeting, grass, or mud. In a heavy 
rainstorm, or in strong winds, or if a thief 
investigates, such a home is no safe haven. 

The same number lack an adequately 
hygienic toilet such as a composting toilet, 
protected pit latrine, or a toilet that flushes 
to a sewage system.

Over 60% of poor persons share their 
households with someone who is nutri-
tionally deprived. In many cases, more 
than one household member faces the 
nutritional challenges of being stunted or 
underweight. In those households, mere 
survival cannot be taken for granted, al-
though in the wider world obesity is so 
often a presenting problem.  Child mal-
nutrition is especially worrying because it 
affects a child’s physical and mental devel-
opment and shapes his or her life chances 
and future.

Electricity is a service many take for grant-
ed, feeling wistful if buses and aircraft do 
not have in-seat power. But over half of 
MPI poor persons do not have even a so-
lar-powered light bulb. The data here are 
problematic because even those who have 
access to electricity may experience hours 
of load shedding, costs that may be out of 
reach, and variability of current. So there 
are many additional challenges to consid-
er. Yet 740 million people – one in ten on 
the planet – are multiply deprived and 
cannot turn on a light or fan, or charge a 
cell phone when evening falls.

Picture that half of the MPI poor people, 
if a newspaper or letter is delivered, do not 
have anyone who has completed six years 
of schooling at home. So unless someone 
is self-taught, it may be that there is no 
one who can read the letter – they would 
have to ask for help. In a society where 
texting, surfing the internet, and filling 
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TABLE I.2     How Many People are MPI Poor and Deprived in…

How many people are MPI poor 
and deprived in: Million Share of MPI poor

Nutrition 827 62%

Child mortality 173 13%

Years of schooling 671 50%

School attendance 493 37%

Cooking fuel 1.218 91%

Sanitation 1.058 79%

Water 602 45%

Electricity 740 56%

Housing 1.064 80%

Assets 585 44%

Rod Waddington | Flickr CC BY-SA 2.0

https://www.flickr.com/photos/rod_waddington/23285009832/in/album-72157657971963156/
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out forms all require education, this is a 
huge obstacle to forming social connec-
tions, participating in economic activities, 
obtaining decent work, and engaging in 
political processes.

Forty-four percent of poor persons around 
the world lack access to clean drinking 
water within a 30-minute roundtrip walk 
from their home. These people are at risk 
for water-borne infections and diseases, 
which can also affect their health and, for 
children, their school attendance. Having 
to travel long distances for water can also 
place an additional burden on women and 
children, who are more likely to be respon-
sible for fetching water for the household.

More than two-fifths of poor people do 
not own basic assets (either a car or truck 
or at least two of these items: radio, tele-
vision, telephone, computer, bicycle, mo-
torbike, or refrigerator) that contribute 
to their wellbeing and economic activity 
and also can act as insurance against the 
economic shocks so often experienced in 
poor and fragile communities. Telephone 
includes both landlines and the mobile 
telephones that are used for gathering in-
formation on job opportunities, tracking 
weather patterns, and, in some countries, 
banking. Cars and trucks and, to a lesser 
extent, bicycles and motorbikes, can be 
critical for getting to and from work or vis-
iting families and friends. Lacking access 
to transportation can leave people feeling 
isolated and make it harder for them to 
get the jobs needed to improve conditions 
for themselves and their families.

More than one-third of poor persons live 
in a household in which a school-age child 
is not attending school. This reflects the 
reality that, despite significant gains in ac-
cess to schooling, the world failed to meet 

the Millennium Development Goal of 
universal primary education (UN 2017). 
Lack of education not only affects the 
child but also the household, which will 
not be able to benefit from the increased 
earnings the child would be able to gain 
as an educated adult. Of course, years of 
schooling are an imperfect proxy for ed-
ucational quality and learning outcomes, 
so some children who are attending school 
are still not enjoying the SDG require-
ment for “equitable and quality” educa-
tion. But children who are not in school 
have even less of a chance.

Finally, 173 million poor people live in a 
household in which a child has died in the 
five years prior to the survey. Though this 
is lower than the number of deprivations 
in the other indicators, considering the 
traumatic and devastating toll that the loss 
of a child can have on a household, this 
remains an appalling statistic.

The global MPI 2018 is, like any global 
poverty measure, imperfect and incom-
plete. In terms of indicators it does not 
include a lack of decent work, violence, or 
disempowerment – which also are key as-
pects of poor people’s lives and experienc-
es of poverty – nor quality of education 
or health functionings. And, reflecting 
acute poverty, it does not capture mod-
erate poverty of a sort that might be of 
more interest in low-MPI countries. But 
the global MPI nevertheless does focus on 
a core set of SDG indicators. Going be-
yond silos, it gives a vivid overview of the 
simultaneous deprivations that, as Amart-
ya Sen observed, continue to batter and 
diminish poor people’s lives. These over-
lapping deprivations merit measurement, 
acknowledgement, and action.
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NOT JUST A HEADLINE – GOING INSIDE THE MPI 

A key advantage of the MPI is that it not only provides a headline number for each 
country, but it can also be broken down by indicator to show what deprivations 
create poverty in that country.

For instance, Tajikistan and Peru have very similar MPIs: 0.049 and 0.052, respec
tively. The incidence (12%) and intensity (40–41%) of poverty across these two 
countries are also similar. What is not similar is the composition of their poverty.

In Peru, 18% of the overall MPI is due to deprivations in years of schooling, while 
in Tajikistan, that indicator only contributes 1%. By contrast, Tajikistan has a much 
higher contribution from malnutrition (35%), double that of Peru. Overall, the 
living standards dimension is responsible for more than half (56%) of poverty in 
Peru, while the health dimension contributes the most in Tajikistan.

By delving deeper into the numbers, we can see how two countries that look simi
lar in terms of who is poor actually have very different compositions of poverty. 
How people are poor varies a lot – necessitating very different policy responses.

Assets
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Sanitation

Cooking fuel

School attendance

Years of schooling

Child mortality
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FIGURE I.7     Percentage Contribution of Each Indicator to Poverty in Tajikistan 
	 and Peru
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Rod Waddington | Flickr CC BY-SA 2.0

https://www.flickr.com/photos/rod_waddington/30049867106/in/album-72157657971963156/
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II. MPI in India: A Case Study

271 MILLION FEWER POOR PEOPLE 
IN INDIA
The scale of multidimensional poverty 
in India deserves a chapter on its own. 
India has made momentous progress in 
reducing multidimensional poverty. The 
incidence of multidimensional poverty 
was almost halved between 2005/06 and 
2015/16, climbing down to 27.5%. The 
global Multidimensional Poverty Index 
(MPI) was cut by half due to faster pro-
gress among the poorest. Thus within ten 
years, the number of poor people in India 
fell by more than 271 million – a truly 
massive gain.

India’s scale of multidimensional poverty 
reduction over the decade from 2005/06 
to 2015/16 – from 635 million poor per-
sons to 364 million – brings to mind the 
speedy pace of China’s income poverty re-
duction, which occurred over more than 
20 years. The data necessary to measure 
changes in China’s global MPI over time 
are not available. But according to China’s 
2010 monetary poverty line, 268 million 
people exited poverty between 1995 and 
2005 (at which point there were still 287 
million poor people). By 2015, only 56 
million people were ‘consumption poor’.  
If the World Bank’s $1.25/day poverty 
line is used instead, 267 million people 
came out of poverty from 1990 to 2000 
in China.5 Even allowing that monetary 
poverty and multidimensional poverty 
affect people differently, the scale of In-

dia’s multidimensional poverty reduction 
has global implications that could parallel 
China’s progress.

ONE IN FOUR POOR PEOPLE IS A CHILD 
UNDER 10
If one considers the 364 million people 
who are MPI poor in 2015/16, 156 mil-
lion (34.6%) are children. In fact, of all 
the poor people in India, just over one 
in four – 27.1% – has not yet celebrat-
ed their tenth birthday. The good news 
is that multidimensional poverty among 
children under 10 has fallen the fastest. In 
2005/06 there were 292 million poor chil-
dren in India, so the latest figures repre-
sent a 47% decrease or 136 million fewer 
children growing up in multidimensional 
poverty. When considering the durable 
and lifetime consequences of childhood 
deprivation, particularly in nutrition and 
schooling, this is a tremendously good 
sign for India’s future.

5.	 Chen and Ravallion (2010) report the number 
of people who were poor in 1990, 1999, and 
2002. In the case of either a linear extrapolation 
forward from 1999 or back from 2002, rough-
ly 267 million people appear to have emerged 
from poverty between 1990 and 2000. Also, 
Shen, Zhan, and Li (2018) track a modified 
MPI for rural residents over three time periods: 
1995, 2002, and 2013. According to their es-
timations, 202.6 million rural residents exited 
poverty from 1995 to 2002, which if the trend 
continued in a linear fashion to ten years, would 
be 289.6 million.
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FASTEST PROGRESS FOR THE POOREST 
GROUPS
Traditionally disadvantaged subgroups 
such as rural dwellers, lower castes and 
tribes, Muslims, and young children are 
still the poorest in 2015/16. For exam-
ple, half of the people belonging to any 
of the Scheduled Tribes communities are 
MPI poor, whereas only 15% of the high-
er castes are. Every third Muslim is mul-
tidimensionally poor, compared to every 
sixth Christian. Two in five children un-
der 10 years of age are poor (41%), but 
less than one quarter of people aged 18 to 
60 (24%) are poor.

But the landscape of the poorest has im-
proved dramatically and, if current trends 
continue, is set to change. The poorest 
groups – across states, castes, religions, 
and ages – had the biggest reductions in 

MPI 2005/06 to 2015/16, showing that 
they have been “catching up,” though they 
still experience much higher rates of pov-
erty. This marks a dramatic reversal. From 
1998/99 to 2005/06 the opposite trend 
prevailed: India’s poorest groups had the 
slowest progress. They were being left be-
hind (Alkire and Seth 2015).

Among states, Jharkhand had the greatest 
improvement, with Arunachal Pradesh, 
Bihar, Chhattisgarh, and Nagaland only 
slightly behind. However, Bihar is still 
the poorest state in 2015/16, with more 
than half of its population in poverty. In 
2015/16, the four poorest states – Bihar, 
Jharkhand, Uttar Pradesh, and Madhya 
Pradesh – were still home to 196 million 
MPI poor people – over half of all the 
MPI poor people in India. Yet the least 

UNDP | Flickr CC BY-NC-ND 2.0

https://www.flickr.com/photos/unitednationsdevelopmentprogramme/4942670324/in/album-72157624842167752/


GLOBAL MULTIDIMENSIONAL POVERTY INDEX 2018

25 26

FIGURES II.2 – II.4     Absolute Change in MPI between 2005/06 and 2015/16…
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FIGURE II.1     Absolute Change in MPI between 2005/06 and 2015/16
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poor regions were not at all stagnant ei-
ther. Rather, they also reduced poverty. In 
fact, relative to their starting levels, they 
netted some of the highest relative rates 
of reduction. For example Kerala, one of 
the least poor regions in 2006, reduced its 
MPI by around 92%.

This positive trend of pro-poor poverty 
reduction is seen also across religions and 
caste groups. In both cases, the poorest 
groups (Muslims and Scheduled Tribes) 
reduced poverty the most over the ten 
years from 2005/06 to 2015/16. Yet these 
two groups still have the highest rates 
of poverty. For instance, while 80% of 
those who identified themselves as be-
ing in a Scheduled Tribe had been poor 
in 2005/06, in 2015/16, 50% of people 
belonging Scheduled Tribes are still poor.  
In fact, if we look at the societal distribu-
tion of deprivations in India among the 

poor, vulnerable, and non-poor, we see 
that whereas 91% of people experienced 
any deprivation in 2005/06, it is 82.4% 
in 2015/16. So deprivation-free persons 
have doubled from 9% to 18% of the 
population, and those with very low dep-
rivations rose also. But the percentage of 
vulnerable people increased by only 2%, 
and across all the poor people, the poor-
er they were, the more their poverty de-
creased. So for example, while 7.3% of the 
population were deprived in 70% or more 
of the weighted indicators in 2005/06 it is 
1.2% in 2015/16. This slightly technical 
mapping of all experienced deprivations 
verifies the societal change that is evident 
in the faster reduction for the poorest 
groups.

richard evea | Flickr CC BY-SA 2.0

https://www.flickr.com/photos/42027960@N04/15506962185/in/photolist-pCieAZ-6tCCGh-4dXQr5-7yv9Ai-SPbVsw-jQVKcr-6QrQFb-atSMha-RP3JPH-DhVBQ-8CKYqH-6j4Nu-k9GsNz-ckjHYE-kiLYAs-97ngWX-SahKPR-efXhB4-np2KNg-ffgUWT-SZnVn3-odzgke-i6NL3C-o4d6Jf-aVnqtV-kuk7Nr-SPbLaU-psnUHd-pGGbT5-SPbNrY-iFEzAC-RP36N8-SZojEL-St7mqL-T42oJp-mXJE7b-dxw6PP-rfEHMu-j4NeQN-St7Lgm-jetFXx-m1afh4-iipGUX-SREgsz-4xxe65-rkJpgx-muDJvo-52p2Qr-dgL9iF-9and9L
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AT-A-GLANCE: MULTIDIMENSIONAL 
POVERTY IN INDIA IN 2015/16
In 2015/16, more than 364 million people 
are still MPI poor in India. This number 
is higher than the combined populations 
of the most populous Western European 
countries, including Germany, France, the 
United Kingdom, Spain, Portugal, Italy, 
the Netherlands, and Belgium.

India’s 2015/16 MPI is 0.121, with 
27.5% of the population identified as 
multidimensionally poor and poor peo-
ple experiencing an average of 43.9% of 
weighted deprivations. Just over 9% of the 
population are still vulnerable to poverty, 
meaning that they are deprived in 20% to 
33% of weighted indicators. And, sadly, 
113 million people – 8.6% of India’s peo-
ple – live in severe poverty. Each one of 
these people experiences more than 50% 
of weighted deprivations.

Across nearly every state, poor nutrition 
is the largest contributor to multidimen-
sional poverty, responsible for 28.3% 
of India’s MPI. Not having a household 
member with at least six years of educa-
tion is the second largest contributor, at 
16%. Insufficient access to clean water 
and child mortality contribute least, at 
2.8% and 3.3%, respectively. Relatively 
few poor people experience deprivations 
in school attendance – a significant gain.

INDIA’S 640 DISTRICTS: POCKETS OF 
POVERTY AND PROGRESS
The 2015/16 district-level data for India 
reveal deep pockets of poverty but also im-
pressive progress across the country. The 
poorest district is Alirajpur in Madhya 

Pradesh, where 76.5% of people are poor 
– the same as Sierra Leone in Sub-Saharan 
Africa. Only eight countries have higher 
rates of MPI.6 In four districts more than 
70% of people are poor; these are locat-
ed in Uttar Pradesh and Madhya Pradesh. 
Twenty-seven districts have 60 to 70% of 
their people in poverty. At the other end 
of the scale, in 19 districts less than 1% of 
people are poor, and in 42 districts, pover-
ty rates are 2 to 5%.

The map depicts a clear divide be-
tween districts located in southern and 
north-central India. For example, in the 
134 districts of Maharashtra, Telanga-
na, Andhra Pradesh, Karnataka, Tamil 
Nadu, and Kerala, there are just two dis-
tricts with poverty rates above 40%. These 
are Nandurbar in northern Maharashtra 
bordering Gujarat (60%) and Yadgir in 
northeastern Karnataka, where almost 
every second person is multidimensionally 
poor. In Tamil Nadu and Kerala, most dis-
trict-level headcount ratios hover around 
10% or less – rates that are comparable 
to those of Eastern European and South 
American regions. Interestingly, districts 
in the far northern states such as Punjab, 
Haryana, and Himachal Pradesh show a 
similar pattern.

The major contrast, however, are districts 
that spread all the way from northwest-
ern Uttar Pradesh to eastern Bihar along 
the Indo-Gangetic Plain, and from pock-
ets in western Madhya Pradesh to Odisha 
via many isolated and neglected districts 
in Jharkhand and Chhattisgarh (note that  
DHS 2015/16 district level disaggregation 

6.	 South Sudan, Niger, Chad, Burkina Faso, 
Ethiopia, Somalia, Mali, and Madagascar.
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FIGURE II.5	 Percentage of MPI Poor People by District in India 2015/16

Note:	 The designations employed and the presentation of material on this map do not imply the expression of any opinion 
whatsoever on the part of the Secretariat of the United Nations or UNDP or OPHI concerning the legal status of any 

	 country, territory, city or area or its authorities, or concerning the delimitation of its frontiers or boundaries.
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FIGURE II.6     Absolute Change in Censored Headcount Ratio by State from 2005/06 to 2015/16
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groups together some of Chhattisgarh’s dis-
tricts). These states reduced MPI at a record 
pace, yet many districts still face daunting 
challenges. A case in point is Bihar. In 11 of 
its 38 districts more than six in ten peo-
ple are poor, and in two districts almost 
70 percent are multidimensionally poor 
(Madhepura, Araria).

Within India, 40.4 million people live in 
districts where more than 60% of people 
are poor – 20.8 million live in the poorest 
districts in Bihar, 10.6 million in the poorest 
districts in Uttar Pradesh, and the remainder 
in the poorest districts in Chhattisgarh, Gu-
jarat, Jharkhand, Madhya Pradesh, and Od-
isha. Outside India, in South Asia, 27.4 mil-
lion people live in subnational regions where 
more than 60% of people are poor – 6.5 mil-
lion in Pakistan’s Balochistan (72.6%), 8.5 
million in Bangladesh’s Sylhet (62.3%), and 
the remaining 12.4 million in Afghanistan.

SUSTAINING MOMENTUM
The finding that 271 million fewer Indians 
are MPI poor in 2015/16 is dramatic – es-
pecially as it came during a decade of pop-
ulation growth.  Over a quarter of a billion 
people are no longer forced to battle si-
multaneous deprivations. When observing 
these remarkable results, it is important 
to reflect on the time period considered – 
much can change in ten years. Also, these 
figures are from 2015/16, so they may not 
reflect the situation in India currently. It 
is fervently hoped that India’s data will be 
updated more regularly and, more impor-
tantly, that the trends will continue.

India’s MPI reduction redraws the global 
picture on MPI, with South Asia no longer 
housing the largest share of the world’s 
poor. The world has already acknowledged 
China’s global leadership in monetary pov-
erty reduction. Although these are differ-
ent measures, by any standard, India’s MPI 
reduction could be momentous – yet to 
end poverty it needs to be sustained across 
the next 15 years.
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III. Child Poverty

HALF OF ALL MULTIDIMENSIONALLY 
POOR PEOPLE ARE CHILDREN
With the adoption of the Sustainable De-
velopment Goals (SDGs), the internation-
al community affirmed the importance of 
eradicating child poverty, identifying with-
in Goal 1 the need to reduce the propor-
tion of men, women, and children living 
in multidimensional poverty.  The interna-
tional definition of a child, also used here, 
is anyone less than 18 years of age.

This briefing disaggregates the 2018 glob-
al Multidimensional Poverty Index by age 
group to analyze the situation of the 1.96 
billion children who live in 105 countries. 
Carrying forward our findings from 2017, 
these most recent results continue to be 
deeply concerning:

•	 Half of all multidimensionally poor 
people – 49.9% – are children. A to-
tal of 665 million children are living 
in multidimensional poverty.

•	 One out of every three children – 
34% – are multidimensionally poor, 
whereas it’s 18% of adults. Fully 18% 
of children – over one in six – live in 
severe poverty.

•	 Eighty-five percent of poor children 
are growing up in South Asia (37%) 
and Sub-Saharan Africa (48%). Yet 
the India case study shows that be-
tween 2005/06 to 2015/16, child 
poverty reduced the fastest of all age 
cohorts – a sign of what is possible.

•	 Nearly two-thirds (64%) of Sub-Saha
ran Africa’s children are multidimen
sionally poor. In 35 countries, at least 
half of all children are MPI poor. In 
South Sudan and Niger, around 93% 
of all children are MPI poor. Further
more, in Burkina Faso and Ethiopia, 
over 90% of children aged 0 to 9 years 
are MPI poor.

•	 More than half of the MPI poor chil-
dren (53%) live in the weakest fragile 
states with alert, high alert or very high 
alert warning.

The MPI includes indicators of children’s 
achievements such as school attendance 
and nutrition. It includes indicators that 
affect children’s life chances, such as ade-
quate sanitation, safe water, flooring, and 
clean cooking fuel. Furthermore, it reflects 
household features that shape children’s 
lives, such as whether a child has died and 
whether anyone has six years of schooling.

OVER ONE IN THREE CHILDREN ARE 
POOR 
Of the 1.96 billion children covered by the 
global MPI, 34% are multidimensionally 
poor, whereas for adults aged 18 and above 
it is close to 18%. That means that more 
than one in three children is living in acute 
multidimensional poverty. The urgency 
of addressing child deprivations in nutri-
tion and education that have long-term 
consequences on that child’s life chances 
as well as on their society – deprivations 
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that are, for MPI poor children, embed-
ded in a nexus of additional disadvantages 
in health, housing, assets, and services – is 
clear.

SOUTH ASIA AND SUB-SAHARAN 
AFRICA ARE HOME TO 85% 
OF POOR CHILDREN
Most of the 665 million poor children – 
85% of them – live in South Asia (37%) 
or Sub-Saharan Africa (48%).  Two factors 
explain why. First, these two regions con-
stitute 58% of the children in our sample. 
Second, and more troubling, the incidence 
of poverty among children is about 64% 
in Sub-Saharan Africa, much higher than 
any other part of the world. The incidence 
of poverty among children in South Asia 
is about 39%, the second highest regional 
incidence. The region with the third high-
est incidence is the Arab States, with 25% 
of children living in poverty.

In terms of countries, nearly one-fourth of 
the 665 million poor children (23%) live 
in India, followed by Nigeria (9%), Ethio-
pia (7%), and Pakistan (7%).

HOW POOR ARE THE CHILDREN?
In our sample, poor children are on aver-
age deprived in 52% of the weighted indi-
cators, compared to 47% of the indicators 
for adults.

The region with the highest intensity of 
poverty is Sub-Saharan Africa, where poor 
children are simultaneously deprived on 
average in 56% of the indicators.  In Ni-
ger, the intensity of poverty among chil-
dren is the highest, at 67%; thus poor 
children on average are deprived in the 
equivalent of two dimensions.

The Alkire-Foster method, used in the global MPI, can also be used to de-
fine a Child MPI. In Child MPIs, each child is identified as poor or non-poor 
based on both household deprivations (which may be the global MPI itself ) 
and age-specific overlapping deprivations she or he experiences personally 
across the cycle of childhood. For example, the education indicators could 
include cognitive development for children aged 0–2, preschool or stimu-
lating activities for 3–5 years old, school attendance for those 6–14, and not 
being in education, employment, or training for people aged 15 and above.

Child MPIs are disaggregated by age and gender and are analyzed to see 
whether all children in a household are poor and whether poor children live 
in households that are poor according to the global MPI or a nationally de-
fined MPI. They are broken down by indicator to shape policy responses. 
While many national Child MPIs are being designed, data are not available to 
compute a global Child MPI that can be compared across over 100 countries.

CHILD MPIs
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In both the regions of East Asia and the Pa-
cific and South Asia, children are on average 
deprived in 47% of the weighted indica-
tors. The Lao People’s Democratic Republic 
(54%), the Philippines (53%), Myanmar 
(48%) and Timor-Leste (47%) drive the 
high intensity of poverty for East Asia and 
the Pacific. Pakistan (53%) and Afghanistan 
(49%) have the highest intensity of poverty 
among children in South Asia.

MORE THAN HALF OF POOR CHILDREN 
LIVE IN THE WEAKEST FRAGILE STATES
The Index of Fragile States 2018 codes 32 
countries as ‘alert’, ‘high alert’, or ‘very high 
alert’.7  The global MPI is available for 30 of 
these 32 countries. The Democratic People’s 
Republic of Korea and Eritrea are the only 
two countries for which we did not have 
data. Some 53% of the children in these 
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FIGURE III.1     Incidence and Intensity of MPI Child Poverty by Region

30 countries are living in multidimensional 
poverty. Among alert-level countries, around 
59% of children are poor. In high alert-level 
and very high alert-level countries – where 
nearly one in six global MPI poor children 
live – the figure is 60%.

ALMOST TWO-THIRDS OF POOR 
CHILDREN LIVE IN MIDDLE-INCOME 
COUNTRIES
Thirty-eight percent of poor children live 
in low-income countries, even though 
these countries are home to only 18.4% of 
the children in our sample, and the high-
est child poverty levels are in low-income 

7.	 The classification is based on the 2018 numbers 
of the Fragile State Index published by The 
Fund for Peace. Link (accessed on 22.08.2018).
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countries.8 Still, the majority of poor chil-
dren – over 62% – pass their childhood 
in middle-income countries. So because 
of many intervening factors including 
inequalities, a higher national average in-
come per capita does not automatically 
imply that children’s acute need for nutri-
tion and schooling, clean water, sanitation 
and so forth, are met in middle income 
countries. Once again, direct policy atten-
tion to these deprivations is required.

This chapter profiles children – more of 
whom dwell on this planet than at any 
time in the past. But for that reason it is 
even more the case that the high level of 
multidimensional poverty among chil-
dren globally, merits energetic attention.

8.  This income level categorization comes from the 
World Bank 2018 classification scheme.  Data 
and methodology available here (accessed on 
24.08.2018).

https://fundforpeace.org/fsi/analytics/fsi-heat-map/
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IV. World Regions

Across major geographical regions, roughly equal numbers of multidimensionally poor peo-
ple live in Sub-Saharan Africa (42%) and South Asia (41%), but variations within regions 
at the national level can be stark. This chapter introduces the commonalities and diversities 
among multidimensionally poor people by region, beginning in Africa.

SUB-SAHARAN AFRICA
Sub-Saharan Africa has the highest rate of 
multidimensional poverty and the great-
est number of poor people of any of the 
world regions. The global MPI datasets 
cover 969 million people in 40 countries 
in Sub-Saharan Africa, making it the re-

FIGURE IV.1    MPI by Subnational Region in Nigeria
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gion with the most countries in the global 
MPI. Of these, some 559 million are MPI 
poor. Overall, the region has an MPI of 
0.317, with 58% of the population expe-
riencing multidimensional poverty and an 
average intensity of 55%.
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FIGURE IV.2     Where Do the 559M Poor People in Sub-Saharan Africa Live?

FIGURE IV.3     Population Coverage in Sub-Saharan Africa
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The poorest countries in the region are 
South Sudan and Niger, where more than 
90% of the populations are multidimen-
sionally poor. Nearly three-quarters of 
the populations of both countries experi-
ence severe poverty, with at least 50% of 
weighted deprivations.  South Africa is the 
least poor country in Sub-Saharan Africa, 
with a headcount ratio under 6%. Nigeria 
and Burundi have the most recent data-
sets: 2016–17. But Nigeria is still home 
to more MPI poor people than any other 
country: 97 million.

Using UN geographic definitions, we find 
that East and Central Africa are the poor-
est, with 64% of people living in multidi-
mensional poverty. Southern Africa is by 
far the least poor, with only 8.6% of its 
population in poverty.

The 2018 global MPI is disaggregated by 
458 subnational regions in Sub-Saharan 
Africa. In 310 regions more than half of 

the people are poor, and in 160 regions 
the figure is over three-quarters. In fully 
42 regions, over 90% of people are poor, 
and these are found in ten countries: 
Burkina Faso, Central African Republic, 
Chad, Ethiopia, Gambia, Madagascar, 
Mali, Niger, Sierra Leone and Uganda.

The subnational region in Sub-Saharan 
Africa with the highest incidence is Wadi 
Fira in Chad with a staggering headcount 
ratio of 99% and a severity rate of 95%, 
meaning that they are deprived in at 
least half of the weighted indicators. This 
means that of the 350,000 people who 
live in Wadi Fira, 347,900 are multidi-
mensionally poor, of whom 335,000 are 
severely poor.

Intra-country variations are particularly 
pronounced between cities and rural or 
remote areas. For example, in the capi-
tals and largest cities of Kenya (Nairobi), 

Julien Harneis | Flickr CC BY-SA 2.0

https://www.flickr.com/photos/julien_harneis/4340707476/in/album-72157623377242240/
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Assets
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Electricity

Drinking water
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Cooking fuel
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Nutrition

Nigeria (Lagos), Uganda (Kampala) and 
Mozambique (Maputo), MPI poverty 
affects less than one in ten people, while 
the provinces of North Eastern in Kenya, 
Sokoto in Nigeria, Karamoja in Uganda 
and Zambezia in Mozambique show pov-
erty rates of 85% or above.

The largest contributor to poverty in 
Sub-Saharan Africa is nutrition (respon-
sible for nearly 19% of the overall MPI), 
closely followed by years of schooling 
(15%) and school attendance (13%). In 
Sao Tome and Principe, deprivation in 
years of schooling accounts for nearly 
28% of its MPI, while in Zimbabwe it is 
less than 5%. The Central African Repub-
lic is the only country in the world with 
high levels of poverty (headcount ratio of 
79%) in which child mortality is the lead-
ing contributor.
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SOUTH ASIA
The global MPI covers seven countries in 
South Asia, representing more than 1.7 
billion people of whom 546 million are 
poor. South Asia is the second poorest re-
gion in the world, behind only Sub-Saha-
ran Africa in both MPI and poverty rate. 
Additionally, 11% of people in South Asia 
are severely poor, being deprived in at least 
half of the weighted indicators, and 19% 
are vulnerable to poverty, meaning that 
they are deprived in 20% to 33% of the 
weighted indicators.

Even in 2009, the Maldives had by far the 
lowest poverty rates, with less than 2% of 
its population identified as multidimen-
sionally poor and 5% being vulnerable to 

poverty. In the poorest country, Afghan-
istan, over half (56%) of the population 
are poor. In Afghanistan and Pakistan one 
in four people lives in severe poverty.

In South Asia, nutrition deprivations alone 
contribute more than one-quarter to the 
overall MPI, even though nutrition infor-
mation was not available for Afghanistan. 
This is more than in any other region ex-
cept Europe and Central Asia, where low 
levels of poverty make analysis by indicator 
difficult. Child mortality and electricity 
each contribute less than 4%.

Joydeep Mukherjee / UNDP | Flickr CC BY-NC-ND 2.0

https://www.flickr.com/photos/unitednationsdevelopmentprogramme/4942081887/in/album-72157624842167752/
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FIGURE IV.6    Population Coverage in South Asia

FIGURE IV.5     Where Do the 546M Poor People in South Asia Live?

Af
gh

an
is

ta
n 

(3
.6

%
)

Ban
glad

esh
 (1

2.3%
)

Bhutan (0.05%
)

India (66.7%)

Maldives (0.001%)

N
ep

al
 (1

.9
%

)

Pakistan (15.5%)



GLOBAL MULTIDIMENSIONAL POVERTY INDEX 2018

47 48

Seventeen of the 19 poorest subnational 
regions in South Asia were in Afghani-
stan. The other two regions were Sylhet in 
Bangladesh and Balochistan in Pakistan. 
The poorest subnational regions were 
Nooristan and Urozgan in Afghanistan, 
where 94% and 95% of people were poor, 
respectively. Other regions are doing bet-
ter. In Kabul, the capital city, 18% of peo-
ple are multidimensionally poor and 5% 
are severely poor.

The data in South Asia at present vary great-
ly in terms of years collected. The Maldives 
(2009) and Pakistan (2012/13) will both 
be updated shortly with datasets fielded in 
2016 – at which point in time Afghanistan, 
India, the Maldives, Nepal and Pakistan 
will all have data from 2015 or 2016, which 
will make for fascinating comparisons.
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FIGURE IV.7    South Asia: Value of the MPI and its Composition

M
al

di
ve

s

In
di

a

N
ep

al

Bh
ut

an

Ba
ng

la
de

sh

Pa
ki

st
an

Af
gh

an
is

ta
n

Assets

Housing

Electricity

Drinking water

Sanitation

Cooking fuel

School attendance

Years of schooling

Child mortality

Nutrition



GLOBAL MULTIDIMENSIONAL POVERTY INDEX 2018

47 48

Co
un

tr
y

Su
rv

ey
Ye

ar
M

PI
 

(M
PI

 =
 H

×A
)1

H
ea

dc
ou

nt
 

ra
tio

 (H
)2

In
te

ns
it

y 
(A

)3  
N

um
be

r o
f 

po
or

 p
eo

pl
e4   

Vu
ln

er
ab

le
 

to
 p

ov
er

ty
5 

In
 s

ev
er

e 
po

ve
rt

y6
M

is
si

ng
  

in
di

ca
to

rs

M
al

di
ve

s
D

H
S

 2
00

9 
0.

00
7

1.
9

36
.6

 8
,0

20
5.

3
0.

1
0

In
di

a
D

H
S

 2
01

5/
16

 
0.

12
1

27
.5

43
.9

 3
64

,2
25

,0
00

 
19

.1
8.

6
0

N
ep

al
D

H
S

 2
01

6 
0.

15
4

35
.3

43
.6

 1
0,

21
7,

46
0

24
.3

12
.0

0

Bh
ut

an
M

IC
S

 2
01

0 
0.

17
5

37
.3

46
.8

 2
97

,8
94

 
17

.7
14

.7
0

Ba
ng

la
de

sh
D

H
S

 2
01

4 
0.

19
4

41
.1

47
.3

 6
6,

91
6,

35
2

21
.5

16
.2

0

Pa
ki

st
an

D
H

S
 2

01
2/

13
 

0.
22

8
43

.9
52

.0
 8

4,
77

2,
71

1
14

.5
24

.7
0

A
fg

ha
ni

st
an

D
H

S
 2

01
5/

16
 

0.
27

3
56

.1
48

.7
 1

9,
44

2,
02

5 
18

.0
25

.1
N

ut
rit

io
n

TA
BL

E 
IV

.2
   

 G
lo

ba
l M

PI
 fo

r S
ou

th
 A

si
a

Th
e 

M
ul

tid
im

en
si

on
al

 P
ov

er
ty

 In
de

x 
(M

PI
) r

an
ge

s 
fr

om
 0

 to
 1

.
Th

e 
he

ad
co

un
t r

at
io

 is
 th

e 
pe

rc
en

ta
ge

 o
f t

he
 p

op
ul

at
io

n 
w

ith
 d

ep
riv

at
io

n 
sc

or
e 

of
 1

/3
 o

r a
bo

ve
.

Th
e 

in
te

ns
ity

 is
 th

e 
av

er
ag

e 
pe

rc
en

ta
ge

 o
f w

ei
gh

te
d 

de
pr

iv
at

io
ns

 a
m

on
g 

th
e 

po
or

.
Th

e 
nu

m
be

r o
f p

oo
r p

eo
pl

e 
us

es
 2

01
6 

po
pu

la
tio

n 
fig

ur
es

.
Vu

ln
er

ab
le

 to
 p

ov
er

ty
 sh

ow
s 

th
e 

pe
rc

en
ta

ge
 o

f t
he

 p
op

ul
at

io
n 

th
at

 e
xp

er
ie

nc
es

 2
0%

–3
3.

32
%

 o
f w

ei
gh

te
d 

de
pr

iv
at

io
ns

.
In

 se
ve

re
 p

ov
er

ty
 s

ho
w

s 
th

e 
pe

rc
en

ta
ge

 o
f t

he
 p

op
ul

at
io

n 
w

ith
 a

n 
in

te
ns

ity
 o

f 1
/2

 o
r a

bo
ve

.

1. 2. 3. 4. 5. 6.



GLOBAL MULTIDIMENSIONAL POVERTY INDEX 2018

49 50

ARAB STATES
Analysis of poverty in the Arab States is 
affected by older data that may not reflect 
the current situation. The most recent data 
from Somalia and Djibouti dates from 
2006; the Syrian Arab Republic’s data 
is from 2009; and Yemen’s data is from 
2013.  But according to existing data, 
poverty varies dramatically. In Somalia, 
82% of people were multidimensional-
ly poor whereas in Palestine, Jordan and 
Libya it is less than 2%. Seventy percent 
of MPI poor people in the Arab States live 
in Sudan, Yemen, and Somalia.

Altogether, the global MPI covers 342 
million people in 13 countries in the 
Arab region of whom 66 million (19%) 
are multidimensionally poor. The popu-
lation-adjusted MPI is 0.089, and poor 
people are deprived, on average, in 51% 
of weighted indicators.

Education and health contribute relatively 
more to multidimensional poverty across 
the region (44% and 33%, respectively), 
while living standards indicators contrib-
ute relatively less (22%).

In many countries in this region, and also 
in Latin America and the Caribbean and 
in Europe and Central Asia, the global 
MPI rates are low. Thus, the global MPI 
– which measures acute multidimensional 
poverty – is not sufficient for understand-
ing poverty in these countries. The glob-
al MPI analysis of acute poverty must be 
complemented by a measure of moderate 
multidimensional poverty, whose indica-
tors and cutoffs reflect the aspirations and 
standards of poverty across each region. 

Mark Fischer | Flickr CC BY-SA 2.0

https://www.flickr.com/photos/fischerfotos/34907325152/in/photolist-VbDaBE-cCPqbm-e52u9j-UCmHhv-4nXmry-4nStLc-4nXhb1-aHp6Az-39Mjbe-28QqsaF-5QQKXo-24sC8i3-4nSD5p-dYM3ML-4nXkeb-4nWDbC-SHgP3J-SX1sbx-Mz3uV5-NPbNhS-p2wnvN-Cy43qS-4nTrLk-9bP2FF-21kXLFB-4nXtT5-SU57jK-SVP2en-aRwWE8-EHjKpH-cBjfD7-Rjeo1J-e7dDX-yWWG5u-Hh1MUJ-MZApEE-24soUj5-9e2cGu-9eE8To-4vDUV8-9HbL8E-dYMVkL-9U2cmy-dZgqTX-kPqjW8-qdEPyd-e663a4-ZJYSmA-7Rp3s9-8df915
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FIGURE IV.8     Where Do the 66M Poor People in the Arab States Live?

FIGURE IV.9     Population Coverage in Arab States
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An example can be found in the 2017 
Arab Multidimensional Poverty Report  
published by UN-ESCWA.9 These figures 
also give further credence to the recom-
mendation of the World Bank’s Atkinson 
Commission on Global Poverty that work 
and security be included in a multidimen-
sional poverty measure to better reflect 

the conditions of the poor (World Bank 
2017). Unfortunately, data does not yet 
permit this for the global MPI; it is nec-
essary to include these dimensions in the 
future.

9.  Accessed here.

https://www.unescwa.org/sites/www.unescwa.org/files/publications/files/multidimensional-arab-poverty-report-english.pdf
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LATIN AMERICA AND THE CARIBBEAN
The global MPI covers 20 countries in 
Latin America and the Caribbean, which 
are home to 516 million people. Around 
40 million (8%) live in multidimensional 
poverty and experience an average of 43% 
of weighted deprivations. This results in 
an MPI of 0.033.

In this region, 11 million people (2%) 
suffer severe multidimensional poverty, 
meaning that they are deprived in 50% or 
more of the weighted indicators. The inci-
dence of severe poverty is below 5% except 
in Haiti (23%), Guatemala (11%), Boliv-
ia (7%), Honduras (7%), and Nicaragua 
(6%). So most poor people have depriva-
tion scores that are relatively close to the 
poverty cutoff.

Interestingly, the latter statement is also 
true for a non-negligible part of the non-
poor population. More than 39 million 
people (8%) are identified as vulnerable to 

multidimensional poverty, meaning that 
they are deprived in 20% to 33% of the 
weighted indicators. The share of the vul-
nerable population is higher than that of 
severe poverty in all countries except Hai-
ti, where they are similar (2.4 and 2.2 mil-
lion). Over 5% of people are vulnerable 
in most of the countries, and over 20% 
of people are vulnerable in Haiti (20%), 
Guatemala (21%), and Honduras (22%).

There is a high amount of heterogeneity 
across countries at different levels. Taking 
the region as a whole, the multidimen-
sional poverty headcount ratio ranges 
from 48% (Haiti) and 29% (Guatemala) 
to 2% (Saint Lucia) and 0.6% (Trinidad 
and Tobago). Surprisingly, both the high-
est and the lowest incidences of poverty 
can be found in Central America and 
the Caribbean. Multidimensional pover-
ty rates in South American countries are 
towards the middle of the regional distri-

Rod Waddington | Flickr CC BY-SA 2.0

https://www.flickr.com/photos/rod_waddington/7117438783/in/album-72157629306543724/
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FIGURE IV.12     Population Coverage in Latin America and the Caribbean

FIGURE IV.11     Where Do the 43M Poor People in Latin America and the Caribbean Live?
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bution. The highest incidence is found in 
Bolivia (20%) and the lowest incidence in 
Guyana (3%). The largest number of se-
verely poor people live in Haiti, Brazil and 
Guatemala. 

On average, multidimensionally poor people 
tend to be concentrated in rural areas across 
the region (68%), though this is a smaller 
disparity than in other world regions and 
there is considerable heterogeneity between 
countries. Internal disparities are most flag
rant in Colombia and Bolivia. Other coun
tries, such as Mexico and Saint Lucia, have a 
smaller urban-rural poverty gap.

Digging into the contribution of each in
dicator to the MPI value, child mortality 
(23%), nutrition (21%) and years of 
schooling (18%) are most responsible for 
the region’s overall MPI. In Haiti, more 
than 5% of the total population is poor and 
living in a household that has experienced 
the death of a child in the last five years.



GLOBAL MULTIDIMENSIONAL POVERTY INDEX 2018

55 56

Co
un

tr
y

Su
rv

ey
Ye

ar
M

PI
 

(M
PI

 =
 H

×A
)1

H
ea

dc
ou

nt
 

ra
tio

 (H
)2

In
te

ns
it

y 
(A

)3
N

um
be

r o
f 

po
or

 p
eo

pl
e4

Vu
ln

er
ab

le
 

to
 p

ov
er

ty
5

In
 s

ev
er

e 
po

ve
rt

y6
M

is
si

ng
  i

nd
ic

at
or

s

Tr
in

id
ad

 a
nd

 T
ob

ag
o

M
IC

S
 2

01
1 

0.
00

2
0.

6
38

.0
 8

,6
89

 
3.

7
0.

1
0

Sa
in

t L
uc

ia
M

IC
S

 2
01

2 
0.

00
7

1.
9

37
.5

 3
,4

20
 

1.
6

0.
0

Ch
ild

 m
or

ta
lit

y

Ba
rb

ad
os

M
IC

S
 2

01
2 

0.
00

9
2.

5
34

.2
 7

,1
00

 
0.

5
0.

0
Ch

ild
 m

or
ta

lit
y

G
uy

an
a

M
IC

S
 2

01
4 

0.
01

4
3.

4
41

.9
 2

6,
03

1 
5.

9
0.

7
0

D
om

in
ic

an
 R

ep
ub

lic
M

IC
S

 2
01

4 
0.

01
6

4.
1

38
.9

 4
41

,4
39

 
5.

2
0.

5
N

ut
rit

io
n

Br
az

il
PN

A
D

20
15

0.
01

6
3.

8
42

.5
 7

,9
78

6.
2

0.
9

N
ut

rit
io

n

Be
liz

e
M

IC
S

 2
01

5/
16

 
0.

01
7

4.
4

39
.8

 1
5,

96
8 

8.
5

0.
6

0

Ec
ua

do
r

EC
V

 2
01

3/
14

 
0.

01
8

4.
5

40
.0

 7
35

,5
54

 
7.

5
0.

8
0

Ja
m

ai
ca

JS
LC

 2
01

4 
0.

01
8

4.
7

38
.7

 1
35

,0
46

 
6.

4
0.

8
Ch

ild
 m

or
ta

lit
y

Pa
ra

gu
ay

M
IC

S
 2

01
6 

0.
01

9
4.

6
42

.0
 3

07
,6

07
 

7.
3

1.
0

0

Co
lo

m
bi

a
D

H
S

 2
01

5/
16

 
0.

02
1

5.
0

40
.8

 2
,4

48
,4

96
 

6.
2

0.
9

N
ut

rit
io

n

M
ex

ic
o

EN
SA

N
U

T
 2

01
6 

0.
02

5
6.

3
39

.2
 8

,0
60

,9
69

 
4.

7
1.

0
Ch

ild
 m

or
ta

lit
y

El
 S

al
va

do
r

M
IC

S
 2

01
4 

0.
03

3
7.

9
41

.3
 5

04
,3

15
 

9.
9

1.
7

0

Su
ri

na
m

e
M

IC
S

 2
01

0 
0.

04
1

9.
4

43
.4

 5
2,

39
2 

4.
5

2.
5

Ch
ild

 m
or

ta
lit

y

Pe
ru

D
H

S
 2

01
2 

0.
05

2
12

.4
41

.5
 3

,9
54

,3
58

 
12

.5
2.

7
0

N
ic

ar
ag

ua
D

H
S

 2
01

1/
12

 
0.

07
4

16
.3

45
.2

 1
,0

02
,7

09
 

13
.2

5.
5

0

H
on

du
ra

s
D

H
S

 2
01

1/
12

 
0.

09
0

19
.5

46
.4

 1
,7

75
,8

53
 

22
.2

6.
6

El
ec

tr
ic

ity

Bo
liv

ia
D

H
S

 2
00

8 
0.

09
4

20
.5

46
.0

 2
,2

26
,6

16
 

15
.6

7.
1

0

G
ua

te
m

al
a

D
H

S
 2

01
4/

15
 

0.
13

4
29

.1
46

.2
 4

,8
20

,6
14

 
21

.1
11

.3
0

H
ai

ti
D

H
S

 2
01

2 
0.

23
1

47
.6

48
.6

 5
,1

62
,8

17
 

20
.4

22
.5

0

TA
BL

E 
IV

.4
   

  G
lo

ba
l M

PI
 fo

r L
at

in
 A

m
er

ic
a 

an
d 

th
e 

Ca
rib

be
an

Th
e 

M
ul

tid
im

en
si

on
al

 P
ov

er
ty

 In
de

x 
(M

PI
) r

an
ge

s 
fr

om
 0

 to
 1

.
Th

e 
he

ad
co

un
t r

at
io

 is
 th

e 
pe

rc
en

ta
ge

 o
f t

he
 p

op
ul

at
io

n 
w

ith
 d

ep
riv

at
io

n 
sc

or
e 

of
 1

/3
 o

r a
bo

ve
.

Th
e 

in
te

ns
ity

 is
 th

e 
av

er
ag

e 
pe

rc
en

ta
ge

 o
f w

ei
gh

te
d 

de
pr

iv
at

io
ns

 a
m

on
g 

th
e 

po
or

.
Th

e 
nu

m
be

r o
f p

oo
r p

eo
pl

e 
us

es
 2

01
6 

po
pu

la
tio

n 
fig

ur
es

.
Vu

ln
er

ab
le

 to
 p

ov
er

ty
 sh

ow
s 

th
e 

pe
rc

en
ta

ge
 o

f t
he

 p
op

ul
at

io
n 

th
at

 e
xp

er
ie

nc
es

 2
0%

–3
3.

32
%

 o
f w

ei
gh

te
d 

de
pr

iv
at

io
ns

.
In

 se
ve

re
 p

ov
er

ty
 s

ho
w

s 
th

e 
pe

rc
en

ta
ge

 o
f t

he
 p

op
ul

at
io

n 
w

ith
 a

n 
in

te
ns

ity
 o

f 1
/2

 o
r a

bo
ve

.

1. 2. 3. 4. 5. 6.



GLOBAL MULTIDIMENSIONAL POVERTY INDEX 2018

57 58

EAST ASIA AND THE PACIFIC
The global MPI covers 11 countries in East 
Asia and the Pacific, representing more 
than 2 billion people, of whom fewer than 
6%, or 118 million, are multidimension-
ally poor. The percentage of poor people 
in each country ranges from 46% in Ti-
mor-Leste to less than 1% in Thailand. 
This region has the largest population of 
any region covered by the global MPI, but 
it does not have the most poor people, re-
flecting its relatively low levels of poverty.

The low level of poverty in the region is 
largely reflective of very low multidimen-
sional poverty in China, where the head-
count ratio of the global MPI is now just 
over 4%. However, due to the great pop-
ulation differentials between countries, 
nearly half of the region’s poor in 2014 
resided in China.

The average population-adjusted MPI 
across the region is 0.025. However, there 
is a significant amount of variation across 
the countries. The Lao People’s Democrat-
ic Republic and Timor-Leste have the two 
highest MPIs, at 0.211, while Thailand has 
the lowest MPI at 0.003.

Zooming further within the countries, we 
can see that even some countries with rel-
atively low levels of poverty have pockets 
of higher levels of poverty. For example, in 
Indonesia, 7% of people are poor nation-
ally, but in the Papua region of Indonesia, 
nearly 44% are multidimensionally poor. 
In Cambodia, the levels of poverty across 
the subnational regions range from 7% in 
Phnom Penh to 64% in Preah Vihear and 
Steung Treng – one of the poorest regions 
in East Asia and the Pacific.

Tom Cheatham / UNDP | Flickr CC BY-NC-ND 2.0

https://www.flickr.com/photos/unitednationsdevelopmentprogramme/9724294307/in/album-72157635496161790/
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FIGURE IV.14     Where Do the 118M Poor People in East Asia and the Pacific Live?

FIGURE IV.15     Population Coverage in East Asia and the Pacific
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Examining the different components of 
the MPI suggests some interesting pat-
terns. The Philippines and the Lao People’s 
Democratic Republic both have a similarly 
high intensity of poverty at 52%, but in the 
Lao People’s Democratic Republic 40% of 
people are multidimensionally poor, while 
in the Philippines it is only 7%.

Across the region, more than 24 million 
people live in severe poverty, meaning that 
they experience at least one-half of the 
weighted deprivations. Myanmar has the 
greatest number of severely poor people 
with 7.3 million. Although Timor-Leste 
has the highest MPI poverty rate, the Lao 
People’s Democratic Republic has the high
est rate of severe poverty, at 22%.

The greatest contributor to poverty in East 
Asia and the Pacific is nutrition (account-
ing for 26% of the overall MPI), followed 
closely by years of schooling (22%) – even 
though three countries in East Asia and 
the Pacific (Viet Nam, Indonesia, and the 
Philippines) did not have nutrition infor-
mation in the data. Electricity (1%) and 
assets (4%) contribute relatively little to 
poverty in the region. Vanuatu is a bit of 
an outlier in these regional trends: depriva-
tion in years of schooling is not as promi-
nent (7%), while electricity and assets each 
contribute more than 11% to its MPI.
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EUROPE AND CENTRAL ASIA
Europe and Central Asia is the least poor 
region included in this report and also the 
one with the least complete coverage of its 
population. Of the 149 million people in-
cluded from Europe and Central Asia, 3.5 
million of them are poor, for a headcount 
ratio of 2% and an MPI of 0.009. A fur-
ther 6% of the population is vulnerable to 
poverty, meaning they experience 20% to 
33% of the weighted deprivations. 

The poorest country in the region is the 
low-income country of Tajikistan – 12% 
of its population is multidimensionally 
poor and another 25% is vulnerable to 
multidimensional poverty. All other coun-
tries have headcount ratios under 5%. 
More than 10% of Tajikistan’s total popu-
lation is poor and lacks adequate housing. 

Still, Tajikistan has one of the lowest MPI 
of all low-income countries, showing what 
is possible. The most encouraging fact is 
that vanishingly small levels of acute mul-
tidimensional poverty (MPI of 0.001 
or 0.002 and headcount ratio less than 
0.5%) are found in Armenia, Ukraine, 
Serbia, Turkmenistan, Kazakhstan and 
Montenegro.

It is difficult to draw too many conclusions 
from the results of the global MPI for Eu-
rope and Central Asia because this inter-
nationally comparable measure of acute 
poverty does not adequately capture the 
higher aspirations with respect to poverty 
that are held in the region. A measure of 
more moderate poverty would be better 

Bruno Vanbesien | Flickr CC BY-NC-ND 2.0

https://www.flickr.com/photos/132466470@N05/35569830531/in/photolist-WcbFoc-7D5G5p-6VUcQH-V7pW9Q-WcbETe-agT97Y-26uNVwQ-WoKyxv-arN75b-arxqUJ-27CHqvV-aruPL4-aretki-agT9eb-W8P9os-8jBeCs-y2wg8-Vsm31h-dvUvX5-6VKLy5-dvP5ca-dvUCxQ-dvUHUS-2idvb1-2idu1Q-5LWXxi-WcbDET-WXCWnK-WXE7Qr-VTG8mN-WXDdmP-XazgTi-X6Ts4Y-Xaz2va-VTFwqf-g1tzv9-qLxdTP-agQkAc-26uRGwL-8iER1j-8iBzYz-8iBCF6-8iEQfG-8iBAFV-8iBBA4-27bHmQY-2i8ZDB-WXx8Rc-5LX1yT-agT9vA
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FIGURE IV.17    Where Do the 3.5M Poor People in Europe and Central Asia Live?

FIGURE IV.18    Population Coverage in Europe and Central Asia
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FIGURE IV.19     Europe and Central Asia: Value of the MPI and its Composition
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suited to understanding the pockets of 
poverty that exist within the region, as well 
as potential areas for improvement more 
broadly. We continue to calculate the MPI 
here for two reasons. First, it depicts the 

variations in poverty across the globe, and, 
second, it is genuinely encouraging to see 
that the kind of acute poverty that the 
MPI covers can actually be eradicated.
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V. Rural and Urban Areas

EIGHTY-FIVE PERCENT OF MPI POOR 
PEOPLE LIVE IN RURAL AREAS10

Out of all the MPI poor people across 105 
countries, 85% live in rural areas accord-
ing to the definitions used in the survey.11  
Only nine countries, housing 2.8% of the 
combined population, have a rural share of 
MPI poverty that is less than 50% (mean-
ing that less than half of that country’s poor 
people live in rural areas). In fully 80 out of 
the 105 countries covered, the rural share 
of MPI poverty is 70% or higher, which 
means that 70% or more of poor people 
live in rural areas. So the MPI draws atten-
tion to pervasive urban-rural disparities.

10. The 2018 global MPI covered an estimated 
population of 5,731,716,617. However, in the 
rural-urban area estimation, the total popula-
tion covered is 5,731,289,073. Some 427, 470 
individuals are excluded from the area estima-
tion. These are individuals who live in camps 
in the State of Palestine. In the country report, 
camps are identified as an additional area be-
sides urban and rural areas. We do not present 
the figures here since this chapter is limited to 
the dichotomous rural-urban indicator. De-
spite this limitation, we recognize the abject 
deprivation experienced by the many displaced 
communities living around the world.

 11.	The definitions of “rural” and “urban” are taken 
directly from the surveys used to construct the 
MPI. These definitions vary across countries 
and it is not possible to apply a standard defini-
tion. Following the definition from the surveys, 
we find that 55% of the global population are 
living in rural areas, while 45% are living in 
urban areas.

RURAL-URBAN POVERTY VARIES BY 
GEOGRAPHIC REGIONS
The share of poor people who live in ru-
ral areas varies across geographic regions, 
from 68% in Latin America and the Car-
ibbean to 85% in Sub-Saharan Africa and 
88% in South Asia, where the rural popu-
lation share is substantially greater.

The rural poverty share is particularly high 
in Sub-Saharan Africa, where 34 countries 
have a share greater than 70%. Burundi, 
Malawi, and Madagascar have the most 
striking rural-urban divides, with around 
95% of poor people living in rural are-
as (and rural population shares of above 
85%). The situation in Sao Tome and 
Principe is significantly different with a 
rural poverty share of 45%, making it the 
only country in Sub-Saharan Africa with 
more poor people in urban areas. How-
ever, only 33% of the population in Sao 
Tome and Principe lives in rural areas.

India’s rural-urban divide is reflective of 
South Asia as a whole, and 89.3% of India’s 
poor live in rural areas (while 67.3% of its 
population is rural). Among South Asian 
countries, Nepal has the smallest share of 
the poor population living in rural areas 
(55%, at a 41% rural population share). 
Among East Asian and Pacific countries, 
Cambodia has the largest share of the poor 
population living in rural areas (97%, with 
84% rural population share).
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and urban MPI are located in this region. 
Burkina Faso, a country characterized 
by a high rural population share (78%), 
showed the greatest difference between 
the rural MPI (0.604) and the urban 
MPI (0.218). Angola’s difference between 
its rural MPI (0.523) and its urban MPI 
(0.145) is similarly pronounced, though 
with a lower rural population share (36%), 
which makes it the only Sub-Saharan Af-
rican country covered that has more of its 
population in urban areas.

Comparing across countries can also elicit 
some surprises. For example, South Sudan 
and Niger are the two poorest countries 
nationally, with MPIs of 0.581 and 0.591, 
respectively. However, the urban popula-
tion of Niger shows that 58% of people 
live in poverty, and in its capital Niamey, 
the figure is 45%. But in Niger’s rural 
areas it is 97% - higher than all but the 

Overall, 30 of the 39 countries with a rural 
population share of below 50% have a ru-
ral poverty share greater than 50%. Most 
of the countries are in Europe and Central 
Asia (6 of 14 countries), Latin America 
and the Caribbean (10 of 20 countries) 
and Arab States (5 of 13 countries). Only 
Nepal in South Asia and five Sub-Saharan 
African countries were part of this group 
of countries.

The incidence and intensity of poverty are 
consistently higher in rural areas for all re-
gions. In Sub-Saharan Africa the intensi-
ties are substantially higher in rural areas, 
where they differ by approximately nine 
percentage points.

COUNTRY EXAMPLES
The starkest differences between rural and 
urban poverty are in countries of Sub-Sa-
haran Africa. Nineteen of the 20 coun-
tries with the greatest differences in rural 

TABLE V.2     MPI Poverty by Urban and Rural Areas

 

URBAN AREAS RURAL AREAS 

MPI1 Incidence 
(H)2

Intensity 
(A)3 MPI1 Incidence 

(H)2
Intensity 

(A)3

Arab States 0.036 8.2% 43.5% 0.158 30.0% 52.8%

East Asia and the  
Pacific 0.010 2.4% 39.3% 0.042 9.5% 44.1%

Eastern Europe and 
Central Asia 0.003 0.7% 35.7% 0.016 4.0% 38.7%

Latin America and 
the Caribbean 0.013 3.3% 40.2% 0.094 21.2% 44.6%

South Asia 0.052 12.0% 43.1% 0.187 40.5% 46.1%

Sub-Saharan Africa 0.124 26.4% 46.8% 0.412 73.1% 56.3%

Global MPI 0.035 8.0% 44.0% 0.179 35.5 50.5%

1. The multidimensional Poverty Index (MPI) ranges 0 to 1. 
2. The headcount ratio is the percentage of the population with deprivation score of 1/3 or above.
3. The intensity is the average percentage of weighted deprivations among the poor.

Source: Own computations; all aggregates are population-weighted.
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very poorest subnational regions global-
ly. In contrast 84% of urban residents in 
South Sudan are multidimensionally poor 
and 95% of rural ones. So the difference 
is stark.

HOW IS RURAL POVERTY DIFFERENT 
FROM URBAN POVERTY?
For each indicator in the MPI, the per-
centage of poor people globally who are 
deprived in that indicator is greater in rural 
areas than in urban areas. Rural-urban dif-
ferences are particularly pronounced in the 
indicators for the living standards dimen-
sion, with Sub-Saharan Africa, South Asia, 
and East Asia and the Pacific as the regions 
with the greatest rural-urban divides. 

While measuring the population that is 
poor and deprived in each indicator is 
informative, the global MPI can also be 
decomposed by the contribution of each 
of the ten weighted indicators to the over-
all MPI. The living standards indicators 
contribute more to the MPI in rural areas 
throughout all regions, with the exception 
of electricity in Europe and Central Asia 
and cooking fuel in Sub-Saharan Africa, 
where the contributions to the overall 
MPI in urban areas are marginally greater 
than in rural areas. Nutrition, child mor-
tality and school attendance on the other 
hand contribute more to the urban MPI 
in almost all regions.   

Once the contributions are weighted by 
the respective urban and rural populations 
in poverty, as can be seen in Figure V.1, we 
find that the weighted contributions in all 
indicators are greater in rural than in ur-
ban areas. In this figure, the height of the 
bar indicates the number of poor people 
experiencing this average composition of 

poverty. Only in Latin America and the 
Caribbean, the region with a substantially 
lower rural population share, do nutrition 
and child mortality contribute more to 
the MPI in urban than in rural areas.

In an information age, an age of big data, 
of rapid technological change, and one in 
which the elite dwell in cities, the MPI 
brings into focus ongoing real deprivations 
experienced in rural areas. Nonetheless, 
the global MPI is not a complete meas-
ure. Rural assets such as land and livestock 
could not be incorporated due to problems 
in data availability. And urban travails in-
cluding crime and violence, poor waste 
disposal, congestion, and unemployment 
are missing from the global MPI. But 
while these deprivations could and will, 
when data permit, be used to create a wid-
er-angle view on multidimensional pover-
ty, the deprivations and associated levels of 
rural poverty reported here are acute, and 
must be addressed.
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FIGURE V.1     Urban-Rural Contributions of Each Weighted Indicator to the Overall MPI by Regions 	
			   (Weighted by Number of Poor People)
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VI. Subnational Regions

WHY DISAGGREGATE – AND HOW?
The global MPI is disaggregated by dif-
ferent population groups: rural and urban 
areas, age cohorts, and, as in this chapter, 
subnational regions. The India case study 
is disaggregated by caste and religion, and 
other studies using the global MPI have 
focused on disparities across ethnic groups  
(Alkire, Roche and Vaz 2017) or persons 
who experience a disability (Pinilla-Ron-
cancio and Alkire 2017). The subnational 
disaggregation of the global MPI allows 
us to identify the poorest regions in the 
world and see to what extent people in 
these regions are being left behind in the 
dimensions of health, education, and liv-
ing standards. This can be useful for im-
proving policy planning to more precisely 
target areas most in need. It can also yield 
surprising insights into the complexi-
ty and variation of geographical poverty 
traps not just across the globe, but also 
within countries.

Disaggregation is only useful if it can make 
inferences beyond the survey sample, so it 
needs to be done with an understanding of 
the constraints and limitations of the data. 
In all disaggregated analyses, we follow the 
survey report guidelines for disaggregation 
in each country to ensure that the survey 
was designed to allow for this type of anal-
ysis. We also check that the disaggregation 
is valid for our own precise calculations, 
given how we have treated the data. This 
means that there are some countries for 
which we can estimate a national-level 
MPI but cannot further disaggregate at the 
subnational level. 

This chapter presents the 2018 global 
MPI subnational estimation of poverty 
and its composition for 88 countries and 
1,127 subnational regions; Chapter 2 al-
ready presented insights across the 640 
districts of India. Of the 105 countries 
covered in the global MPI 2018, subna-
tional disaggregation was not possible for 
17 countries.12

12.	 Three countries – Armenia, Bosnia and Herzegovina, and Saint Lucia – have sample sizes that are represent-
ative at the national level but not at the subnational level. In 10 countries (Jordan, Kazakhstan, Republic 
of Moldova, Montenegro, the State of Palestine, Serbia, Trinidad and Tobago, Tunisia, Turkmenistan and 
Ukraine) the national MPI value is very low (MPI<=0.005). This renders impossible any meaningful sub-
national analysis for these ten countries. Furthermore, in four of the countries – Maldives, South Africa, 
South Sudan and Vanuatu – the final number of observations used to estimate the MPI was below 85% of 
the total observations in the datasets. In Maldives, close to one-third of the eligible women and children 
did not provide information on their weight and height. This results in high missing observations for the 
final nutrition indicator. In South Africa, some 16% of the individuals were identified as living in house-
holds where there is lack of information on school attendance despite having a school aged child or chil-
dren living in those households. In South Sudan, close to 24% of the individuals were identified as living in 
households where there is a child or children under 5 years, but those children lack nutrition data. Further-
more, close to 8% of the individuals live in households where eligible women did not provide information 
on child mortality. In Vanuatu, the high non-response rate is associated with the lack of under-5 nutrition 
information. A bias analysis was carried out across the subnational regions for these four countries. The 
results indicate a subnational bias, hence ruling out these countries for subnational disaggregation.
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DISAGGREGATION IN GLOBAL MPI 2018
A total of 1,127 subnational regions can 
be assessed through the lens of the global 
MPI. Many of these subnational regions 
– 41% – are in Sub-Saharan Africa (458 
regions). Europe and Central Asia is the 
region with the fewest subnational units, 
with a total of 41 regions or 4% of the 
total subnational units in our analyses. In 
addition, the analysis covered 243 subna-
tional regions in the Latin America and the 
Caribbean region, 133 in the East Asia and 
the Pacific region, 143 in the Arab States 
region and 109 in the South Asia region.  
In addition to these, India can be further 
disaggregated by 640 districts, bringing 
the total number of units to 1,767.

The countries with the highest number of 
subnational regions are Nigeria (37), India 
(36 states; 640 districts), Afghanistan (34), 
and Indonesia (33). Countries with large 
populations tend to have the highest sub-
national variations in terms of subnation-
al population size. In China, the Western 
region is the least populated subnational 
unit with 381 million habitants, whereas 
the East/Coastal region, the most popu-
lated unit, is home to 179 million more 
people (560 million). In India, the least 
populated district is Lakshadweep with 80 
thousand people, whereas the population 
in Uttar Pradesh is more than 2,500 times 
greater (207.1 million people). At a global 
scale, the population size of the subnation-
al units ranged from 560 million people 
in the East/Coastal region in China to 3.5 
thousand people in Coronie, Suriname.

INTRICATE VARIETY

National averages obscure subnational 
variation.
Our subnational analyses reveal that there 
is substantial variation in poverty within 
all 88 countries covered in the analysis. 
This pattern is observed in Chad, a coun-
try with the highest number of poorest 
regions, as well as in Albania – a country 
with one of the lowest shares of poor peo-
ple. In Chad, the survey data from 2014 to 
2015 indicate that on average some 86% 
of the population is poor. But by zooming 
into the 21 administrative regions of the 
country,13 we find that poverty ranges be-
tween 48% in the capital city of N’Djamé-
na to 99% in Wadi Fira, a region located in 
the eastern part of the country that shares a 
border with Sudan. In Albania, on average 
some 2% of the population is multidimen-
sionally poor. Across the four major subna-
tional regions of the country, the poverty 
headcount is under 1% in the urban Tira-
na and coastal regions, but is slightly more 
than 6% in the mountain region.

Notably, for most countries, a north-south 
or east-west divide is apparent. In the land-
locked country of Mali, average poverty is 
78%. Within the country, poverty in the 
southern capital city of Bamako is 30%, 
but it is three times higher in the region 
of Timbuktu up north. In Indonesia, pov-
erty is as low as 2% in the metropolitan 
city of Jakarta, but as high as 45% in the 
eastern province of Papua. On average, 
some 7% of Indonesians are identified as 
multidimensionally poor. The geographic 

13. It should be noted that there are 23 adminis-
trative regions in Chad. However, in the Chad 
DHS 2014–2015 survey, the regions of Borkou 
and Tibesti was grouped into one area of study, 
and the regions of Ennedi West and Ennedi 
East was grouped into a single region.
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trend is also apparent in upper middle-in-
come countries such as Belize. The country 
with the lowest population density in Cen-
tral America has subnational poverty rates 
ranging from under 1% in Belize City to 
18% in the southern region of Toledo, de-
spite recording a nation-wide average of 
4% poverty.

Disaggregating by subnational region can 
highlight pockets of poverty in otherwise 
less poor countries. For instance, Uganda 
has an MPI of 0.279, much less than that 
of the poorest countries like Chad (0.535) 
and Niger (0.591). However, the region of 
Karamoja in Uganda is poorer than either 
of these countries, with an MPI of 0.631 
and 96% of its population identified as 
multidimensionally poor. A similar situa-
tion is found in Indonesia, where the value 
of the MPI (0.021) is lower than the Phil-
ippines (0.038), but the region of Papua 
has an MPI of 0.216 and 44% of the pop-
ulation live in multidimensional poverty.

In contrasting fashion, there are some poor-
er countries that have less poor regions rep-
resenting pockets of progress. The clearest 
examples are Lagos in Nigeria and Yaounde 
in Cameroon. According to the MPI, Ni-
geria (0.294) and Cameroon (0.244) are 
among the 30 poorest countries, and they 
are even poorer than a number of countries 
categorized as ‘least developed’ by the Unit-
ed Nations. Lagos, however, has an MPI of 
0.010 and 2% of its population lives in mul-
tidimensional poverty. Similarly, the MPI in 
Yaounde is 0.015 and the headcount ratio 
is 4%. While the MPI in India is 0.121, 
we observe remarkable progress in Kerala 
(0.004) and Lakshadweep (0.007) in coun-
terpoint to the scale and intensity of India’s 

remaining MPI poverty. In both states, less 
than 2% of the population lives in multidi-
mensional poverty, which is comparable to 
the situation in Lima (Peru), Grand Casa-
blanca (Morocco), and Suez (Egypt).

These sets of analyses indicate that national 
averages often obscure the important varia-
tion that is found at the subnational level.

Variation in the major regions of the 
world.
In Chapter 4, we identified that in this 
decade, a higher share of the multidimen-
sionally poor live in Sub-Saharan Africa 
than in any other of the major regions of 
the world. Interestingly, this region also 
has the greatest variation in its subnation-
al poverty. The region of Lagos in Nigeria 
has an MPI of just 0.010, and the district 
of Lac in Chad has an MPI of 0.711.

Similarly, significant variation is also ob-
served in the Europe and Central Asia 
region, which on average has a very low 
share of multidimensionally poor people. 
In this region, MPI ranges between 0.077 
in the region of Khatlon in Tajikistan to 
zero in Bishkek City in Kyrgyzstan.

In East Asia and the Pacific, home to the 
fastest growing economies, the poorest 
region located in the Lao People’s Dem-
ocratic Republic has an MPI of 0.391, 
while it is zero in Bangkok. Of the poorest 
20 subnational regions within East Asia, 
16 are located in the fertile region of the 
Mekong Delta. The other four are located 
in Timor-Leste, a country that gained its 
independence in 2002, making it the first 
sovereign state born in the 21st century.
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The poorest and most prosperous regions.
The poorest subnational region out of 
all 1,127 regions is Lac, located in Chad 
(MPI = 0.711). Ninety-eight percent of 
the 763,000 inhabitants of Lac are identi
fied as multidimensionally poor. On aver
age, each poor person in Lac is deprived in 
nearly 73% of the MPI indicators, which 
also makes it the region with the highest 
intensity of poverty. Furthermore, eight of 
the ten poorest MPI regions of the world 
are in Chad and two are in Burkina Faso.

The least-poor regions are the city of 
Kingston in Jamaica, Bishkek City in 
Kyrgyzstan, and Bangkok in Thailand. A 
common factor between the ten least-poor 

regions of the world is that these are all 
either the capital or major cities of their 
country. Furthermore, four of the ten 
multidimensionally prosperous regions are 
located in the Latin America and the Car-
ibbean region.

Interestingly, pockets of progress and 
pockets of poverty may be closer than 
one would imagine. While Karamoja in 
Uganda is a conspicuous poverty pocket, 
6% of the population in Kampala lives in 
multidimensional poverty, and the value of 
the MPI in this region (0.026) is similar 
to that of Mexico (0.025) and Colombia 
(0.021) at the country level. 

Stevie Mann / ILRI | Flickr CC BY-NC-SA 2.0

https://www.flickr.com/photos/ilri/4574436166/in/photolist-7Yebv5-68QqrW-UyBquU-h9ZoGP-djc1FW-Wxywoy-eUGYNS-2HLBzJ-4QGGJP-9qjA8V-4z5uRH-dScKXp-7BvF1Z-7eqoUu-79xH8U-5b99Jg-oWdDaU-efz7A-6bW3EL-ffNLNp-7aztfG-pvxGwd-ts5Zxj-ffNLrg-bBEgiR-fPRFqG-aa9LDg-7YedPY-8NrGnf-7ByLiJ-97cHWM-6pL7Fa-7YebN1-qKo9HK-oUQ2qg-415wo-5nB5C3-9i6qaz-9NC9uz-7YaWMR-7YaWuD-n2pYmc-8Noovm-fb8AEE-5DdS29-oGDEL4-r9SQGb-916mY5-9vGCwT-bPQxSR
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GLOBAL MPI AND MONETARY POVERTY:
COMPLEMENTS, NOT SUBSTITUTES

Are people who experience multidimensional poverty also identified as poor by 
monetary measures? Not necessarily. The case of Sylhet, a subnational region in 
Bangladesh, provides a useful example.

Sylhet is the poorest region in Bangladesh according to the MPI, with more than 
62% of its population suffering from multidimensional poverty in 2014. However, 
in the 2010 Bangladesh Household Income and Expenditure Survey, Sylhet 
already was one of the least poor regions according to the cost of basic needs 
(CBN) method (upper line), with only 28% reported as poor1, and by 2016 Sylhet 
was second least poor with a headcount ratio of 16.2%. Furthermore, in 2016 
Sylhet has the lowest poverty gap (2.6%) and squared poverty gap (0.7%) in the 
country. Thus taking a purely monetary approach to poverty would not suggest 
the high levels of non-monetary poverty.

What explains this difference? Sylhet has large numbers of emigrants, primarily 
to the United Kingdom and other developed countries. They send remittances 
to their families in Bangladesh. According to the Survey on Investment from 
Remittance 2016, the average amount of annual remittances per household in 
Sylhet (US$4282) is the second highest after Dhaka ($4625). Furthermore, from 
2013 to 2015, Sylhet’s remittance income grew at the fastest rate (76%) among 
all the regions of Bangladesh. So far, however, these remittances do not seem to 
have lessened the other deprivations experienced in Sylhet, which require more 
structural improvements and coordinated policy action.

Multidimensional and monetary measures capture different experiences. By using 
them together as complements, we can obtain a more complete picture of the 
lives of the poor and better recommendations for policymaking.

_______________
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1. See here. Note that the World Bank’s $1.90/day measure cannot be disaggregated subnationally, 
and this is the most recent available official monetary measure of poverty.

http://203.112.218.65:8008/WebTestApplication/userfiles/Image/LatestReports/HIES-10.pdf
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FIGURE VI.1     MPI and Monetary Poverty in Bangladesh
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COMPOSITION OF POVERTY: 
A SUBNATIONAL ANALYSIS
Subnational data can also show how the 
ways in which people are poor differ with-
in countries. These differences in compo-
sition of poverty imply different policy 
responses by national governments are 
needed for different districts. Even subna-
tional regions with relatively similar levels 
of poverty can have different composi-
tions of poverty. In Malawi, the Mzim-
ba region has an MPI of 0.164 and the 
Thyolo region has an MPI of 0.239. Both 
are in the middle range of subnational 
regions. However, the contribution from 
malnutrition in Mzimba is more than a 
quarter – double that of Thyolo, while the 
years of schooling indicator contributes 
19% in Thyolo and only 5% in Mzimba. 
In general, the living standards indicators 
tend to be more similar across subnational 
regions, while health and education indi-
cators tend to show more variation.

In Egypt and Viet Nam, the average pro-
portion of people who experience multidi-
mensional poverty is close to 5% for each 
country. In addition, the average national 
MPI and intensity value is also very simi-
lar. Subnationally, there is substantial pov-
erty variation within both countries. In 
Egypt, across its 26 subnational regions, 
MPI ranges between 0.043 in Matroh and 
0.001 in Port Said. In Viet Nam, MPI 
ranges between 0.041 in the Central High-
lands and 0.004 in the Red River Delta 

region. Despite the similarities in the na-
tional average and subnational poverty fig-
ures, the geographic poverty trap is differ-
ent between both nations. In the poorest 
region of Egypt, the weighted deprivation 
in school attendance contributes 36% to 
overall MPI poverty. In the poorest region 
of Viet Nam, this is only 17%.

In Timor Leste, the MPI ranges between 
0.093 in Dili, the capital city, to 0.322 
in Oecussi located in the western part of 
the island. The highest contribution to 
MPI for both regions as well as all other 
regions within the country is from malnu-
trition. This suggests that a national policy 
response to mitigate stunting among chil-
dren and malnourishment among children 
and adults would be favorable in the poor-
est and least poor regions of the country.
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Conclusion and Next Steps

The global MPI 2018, although data con-
strained, provides a headline figure and an 
associated information platform, enabling 
comparisons of multidimensional poverty 
to a degree no other measure at present 
permits. A closing example encapsulates 
how the MPI moves from a national head-
line to an information platform. Using 
2015/16 data, India has an MPI of 0.121, 
depicting lower levels of multidimensional 
poverty compared to Bangladesh’s MPI of 
0.194 (which uses 2014 data). The glob-
al MPI permits us to zoom in on adjacent 
regions. In Rangpur, Bangladesh, the pov-
erty rate according to data collected 28 
June to 9 November 2014 amounts to 
45.2% and the MPI is 0.201. In neighbor-
ing West Bengal, India, where data were 
collected 25 February to 21 July 2015 the 
figures are considerably lower:  26% and 
0.109. Yet in West Bengal, 26 million 
people are poor whereas in Rangpur, the 
figure is 8.2 million. Looking at the com-
position of poverty by each of the ten indi-
cators, the percentage of the people living 
in each of these regions who are poor and 
experienced child mortality is roughly the 

same. However, in eight indicators Rang-
pur shows higher deprivations. Differences 
are particularly stark in the case of electric-
ity, with 34% of people in Rangpur being 
MPI poor and lacking electricity and only 
4% in West Bengal. In contrast, water dep-
rivations are vanishingly small in Rangpur 
whereas in West Bengal nearly 5% of peo-
ple are MPI poor and lack access to safe 
drinking water. Acute multidimensional 
poverty affects one-quarter to 45% of peo-
ple in both regions and must be addressed. 
But the shape of poverty differs, and the 
composition of the MPI provides insights 
– which can be complemented with other 
information – on how to match policy pri-
orities to pressing deprivations.

Naturally, not all comparisons can be as 
precise as this: data on neighboring coun-
tries may differ by several years, an indi-
cator could be missing, or disaggregation 
by region may not be permitted. But in-
terpreted with data constraints in view, the 
detailed picture of the world’s poorest peo-
ple the global MPI provides could spark 
concerted and informed action.

Country Region World 
region Survey Year

Population 
share of 

the region

MPI 
of the 

country

MPI 
of the 
region

H of the 
region

A of the 
region 

Vulnerability 
(20–33.2%) 

Severe 
poverty 

(50%)

Bangla-
desh Rangpur South 

Asia DHS 2014 11.2 0.194 0.201 45.2 44.5 23.4 10.6

India West 
Bengal

South 
Asia DHS 2015/16 7.6 0.121 0.109 26.0 41.9 19.6 3.7

TABLE C.1     The MPI Information Platform for Subnational Regions
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Censored Headcount Ratio

Number of 
MPI poor 
(1000s)

Population 
2016 

(1000s)
NU CM YS SA CF SN DW EL HO AS Total 

indicators

8,263 18,271 25.5 1.6 26.1 7.0 45.2 32.6 0.1 34.0 44.4 25.2 10

25,966 99,995 18.3 1.4 12.9 3.1 25.3 21.8 4.8 3.9 23.4 9.5 10

NU	 Nutrition
CM	 Child mortality
YS	 Years of schooling
SA	 School attendance
CF	 Cooking fuel
SN	 Sanitation
DW	 Drinking water
EL	 Electricity
HO	 Housing
AS	 Assets

So first and foremost, this report seeks to 
provide evidence that ignites ongoing in-
teraction, improvement, and engagement 
among those intending to engage, so we 
learn together and join efforts to fight pov-
erty in all its dimensions.

SOME NEXT STEPS
In that spirit, it seems apt to communicate 
to the interested community some other 
resources that are available now or are un-
der construction. The results in this report 
reflect only a fraction of the information 
that might be obtained from the 2018 
data tables available on both the UNDP 
and OPHI websites. 

For example, for simplicity, aggregates use 
point estimates in this document. But the 
data tables share standard errors and confi-
dence intervals – and these matter. It could 
be asked, “Do more poor people live in 
Sub-Saharan Africa than South Asia?” to 
which the answer is, “We do not know.”  
Hence, this report’s observation that simi-
lar numbers of poor people live in both re-
gions. To be precise, aggregating across the 
95% confidence intervals for each country 
reveal that in South Asia between 531 and 
561 million people are MPI poor, and the 
total in Sub-Saharan Africa is between 539 
and 573 million. The Atkinson Commis-
sion on monitoring global poverty recom-
mended that conventions change away 

from point estimates to ranges, so all aca-
demic work is encouraged to include these. 

To take another example of information 
available in the data tables, global aggre-
gates must select which year of population 
to use. This report uses 2016, but as con-
ventions and the purposes of analysis vary, 
the data tables provide the “year of the 
survey” population, as well as 2015 and 
2016 population data; so the authors of 
academic papers might easily explore find-
ings using alternative years.

In terms of a wider set of findings as well 
as a fuller analysis of the global MPI 2018 
revisions, emerging papers document ad-
ditional empirical and technical features 
of the global MPI and its analysis. This 
includes the conceptual justification of 
the revised MPI structure with respect 
to human development, capabilities, and 
the SDGs, and an elaboration of the new 
principles governing internationally com-
parable multidimensional poverty meas-
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ures (Alkire and Jahan 2018). Self-critical 
empirical tests of every indicator revision 
were undertaken, and over 20 addition-
al trial MPIs using alternative indicators 
were computed and analyzed (Alkire and 
Kanagaratnam 2018). Another paper out-
lining the results of the global MPI enables 
us to answer questions like: How many 
people would be poor in 2018 according 
to the original MPI specifications? (1.38 
billion). Or, how would global figures 
change if we used only child stunting in 
the nutrition indicator? (1.31 billion in-
stead of the 1.33 billion) (Alkire, Kana-
garatnam, Mitchell, Nogales and Suppa 
2018). A study on India also compares 
India’s state-level monetary and MPI val-
ues, considers state-level GDP growth, and 
analyses changes over time by caste and re-
ligious group within each states, to explore 

finer degrees of pro-poorness (Alkire, Old-
iges and Kanagaratnam 2018). A paper on 
assests implements nearly 30 asset indices 
as well as many technical analyses of the 
chosen asset index specifications (Vollmer 
and Alkire 2018). Another paper articu-
lates precise data possibilities and limita-
tions for 100 countries, not only for the 
global MPI revisions but also for generat-
ing comparable child MPIs and women’s 
MPIs in the future.

The sheer volume of computational work 
underlying this report was significant. 
Every country’s MPI was recomputed from 
the original micro data, in a harmonized 
form, which was then checked, double- 
and triple-checked for accuracy. The de-
tailed algorithms (Stata do-files) underly-
ing the global MPI 2018 for each country 

Julien Harneis | Flickr CC BY-SA 2.0

https://www.flickr.com/photos/julien_harneis/2293411017/in/photolist-fDvBBk-4uEkcg-sc7BZ9-qKo9HK-nkNNWH-7BvF1Z-2pjxNf-esaDsJ-oUjFRX-TjN2j-7iSvcP-4RzmVk-JmHuzz-3RquEx-21e2um-5WmfTK-bAWKgz-pXcVpb-3cuj7Z-9i6qaz-3RvUSw-7Bzg75-e2pSKB-25fzTXb-eHNWNe-29o4vx-2MiuYU-hyC82Z-4REecG-c3sB1h-hxfDZF-8X92yU-ryVhLk-4RzK9T-4ttVFf-cWKZL-7L85qD-Pupjr-oBu1G4-o7MBb-22xV8AT-P6xa7-KYE9Y-Z1RCYm-ruZAzd-9CVVDt-4sghnX-bo62SE-4RA3Yz-hB85Fq
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will be posted online later in 2018. And 
it is our hope that this will lead to more 
engagement with the MPI by experts and 
academics in policy analysis.

Other products are in process.  Estima-
tions for 15 additional countries whose 
datasets were fielded in 2003–2005 will 
be released. The original MPI covered 120 
countries and included estimations from 
these datasets. Those will be completed so 
that the new MPI will also enjoy that cov-
erage, even as we strongly hope for more 
recent datasets.

A second avenue of work is to harmonize 
datasets over time, as was done previous-
ly for 34 countries (Alkire, Roche and 
Vaz 2017), in order to be able to extend 
the kinds of analysis done here for India 
to many more countries. The amount of 
work required to harmonize every indica-
tor definition over time – nationally and 
for strictly comparable disaggregated units 
– by indicator as well as MPI, H, and A, is 
quite considerable. Yet the deeper insights 
into effective actions to fight poverty that 
the eventual dataset will permit, in terms 
of analyses of micro-, macro-, and mul-
ti-level determinants of change in multi-
dimensional poverty, may be well worth 
the effort.

Another new frontier is the individual 
information that is linked to the glob-
al MPI. In that regard, one associated 
study using the global MPI 2018 focuses 
on child poverty in South Asia. It analy-
ses individual children’s contribution to 
three indicators: nutrition for people 0–5, 
school attendance, and years of school-
ing for children 10–17. It is possible that 

studies, for example, of out-of-school chil-
dren, can be usefully enriched by a) con-
textualizing these children within their 
households – for example, seeing whether 
all children in a given household are out of 
school or only some and whether others in 
their household have completed six years 
of schooling, and b) contextualizing these 
deprivations among others – what propor-
tion of out-of-school children live in MPI 
poor households? And are there common 
patterns of deprivation that households 
with out-of-school children have? While 
these questions have been asked in the lit-
erature in a myriad of ways, the MPI can 
vividly share this information as a starting 
point for analysis, across many countries, 
at times with disaggregated detail.

CONCLUSION
In 2018, UNDP and OPHI revised and 
produced the new global MPI. Some of 
whose results are shared in this report. If 
we look at the average MPI across all the 
105 countries for which the global MPI 
was computed, it is 0.115. This means 
that, on average, the 1.3 billion MPI poor 
people experience 11.5% of the depriva-
tions that would be experienced if all 5.7 
billion people were multidimensionally 
poor and were deprived in all dimensions. 
Why is this important?

A lead story in this report is India. It is the 
only country at present with strictly har-
monized data on changes in MPI over time 
(others are forthcoming).  After a decade 
of impressive progress, India’s 2015/16 
MPI stood at 0.121. This makes India the 
country whose MPI is closest in value to 
the population-weighted MPI across all 
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countries of 0.115. So in some sense, In-
dia can be seen as a global representative 
of the developing regions and the acute 
multidimensional poverty they yet con-
tain. The pressing question – for India as 
for all the developing regions covered – is 
whether rates of progress similar to those 
India demonstrated 2005/06–2015/16 
will be realized in the ensuing years.

If they are, then, when the SDGs close in 
2030, the global MPI will show progress 
on reducing poverty in all its forms, as 
considered by SDG indicators in Goals 
1, 2, 3, 4, 6, 7, and 11. Indeed, consider-
ing that the population-weighted average 
year of global MPI 2018 is part way into 
2014,14 the global MPI 2018 reflects, in a 
sense, a baseline for those left behind in 
several of these SDGs, taken on the eve 
of 2015. 

If they are, then when the global MPI is 
considered at the close of the Third Dec-
ade of Poverty, 2018–2027, it is likely to 
document a success.

If they are, then integrated and multisec-
toral policies will probably have been ef-
fectively deployed.  And because the global 
MPI will continue to profile disaggregat-
ed poverty levels for the poorest groups, 

14. The median year of the 105 included countries is 
2014.5; the population-weighted year is 2014.2; 
the poor-population weighted year is 2014.4.

it is likely that if progress is leaving these 
groups behind, this will be observed and 
could be redressed.

Achieving such a step-change in the land
scape of multidimensional poverty requir
es far more than mere measurement. It re
quires apt policy analysis. It requires steady 
and consistent attention by those work
ing in governments, civil society organi
zations, international agencies, and social 
movements. And it requires innovative 
leadership by persons in the private sector, 
by philanthropists, and, most of all, by 
poor people and their communities. Our 
hope is that the global MPI 2018 and the 
detailed picture of multidimensional pov
erty it paints will, as it is updated across the 
coming years, be a useful tool to help end 
acute poverty in all its forms.  
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UNDP Senegal | Flickr CC BY-NC-ND 2.0

https://www.flickr.com/photos/unitednationsdevelopmentprogramme/9303763982/in/album-72157634597166510/
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Annex
Calculating the Global Multidimensional 
Poverty Index: 2018 Revision

In 2018, five indicators of the global Mul-
tidimensional Poverty Index (MPI) were 
revised to better align with the Sustain-
able Development Goals (SDGs). The 
methodology remains unchanged and is 
described below. The MPI is calculated us-
ing the Alkire-Foster (AF) method, which 
consists of counting the simultaneous 
deprivations that negatively affect a per-
son’s life – see Alkire and Foster (2011) for 
a complete explanation. The AF method 
uses individual deprivation scores to iden­
tify multidimensionally poor people. The 
percentage of people living in this condi-
tion and the intensity of their average dep-
rivation score are combined in the value of 
the MPI.

METHODOLOGY 
Using the AF method, the MPI reflects 
simultaneous deprivations in the ten in-
dicators that were chosen based upon 
principles of international comparability, 
accuracy, and parsimony. The brief expla-
nation provided here follows the nota-
tions and definitions in Alkire and Foster 
(2011), except that weights are expressed 
in percentage terms and sum to one.

In order to identify whether or not a per-
son is deprived with respect to each in-
dicator, a deprivation cutoff is set for each 
indicator. This enables the creation of a bi-
nary deprivation profile for every person, 

in which each indicator takes the value of 
one if that person is deprived according to 
the indicator deprivation cutoff and zero 
otherwise. For instance, any person living 
in a household where no member aged 
ten years or older has completed six years 
of schooling is deprived in the years of 
schooling indicator, and thus is assigned 
a value of one in their deprivation profile. 
Conversely, any person living in a house-
hold where a least one person aged ten 
years or older has completed six years of 
schooling is not deprived in this indicator, 
and thus is assigned a value of zero in their 
deprivation profile for years of schooling.

Once the deprivation profile is created 
across ten binary variables for each per-
son, it is weighted by the deprivation val-
ue (weight) of each indicator. The depriva-
tion value of each indicator reflects
1.	 the roughly equal importance given to 

each one of the three dimensions in the 
MPI (1/3 each), and

2. the roughly equivalent importance of 
each indicator within each dimension 
(two in health, two in education, and 
six for living standards). Each indica-
tor in the education and health dimen-
sions is assigned a deprivation value of 
1/6, and each of the six living standards 
indicators obtains a weight of 1/18.
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The weighted deprivations are summed 
to create each person’s deprivation score 
denoted as c, indicating the proportion of 
weighted deprivations that person experi-
ences. The deprivation score c is defined 
to take values ranging between zero (in-
dicating that the person does not experi-
ence any weighted deprivation) and one 
(indicating that they experience weighted 
deprivations in each of the ten indicators). 

In order to identify the people who suffer 
multidimensional poverty, the deprivation 
score c is compared to the poverty cutoff 
k. For the global MPI, the cutoff takes a 
value of 1/3. Every person with a depri-
vation score c equal to or greater than 1/3 
(or 0.3333) is identified as multidimen-
sionally poor.

Once the poor people are identified, the 
MPI is computed as the product of two 
measures: the multidimensional head-
count ratio and the intensity of multidi-
mensional poverty. The headcount ratio, 
H, is the proportion of the population 
who are multidimensionally poor:

H =     ,qn

A= 1  ∑c.q

q

1

where q is the number of people who are 
identified as multidimensionally poor and 
n is the total population. 

The intensity of poverty, A, reflects the 
proportion of the weighted indicators in 
which, on average, multidimensionally 
poor people are deprived. To compute A, 
the weighted deprivation scores c of all poor 
people (and only poor people) are summed 
and then divided by the total number of 
multidimensionally poor people (q):

To make visible different intensities of 
deprivation, four additional poverty cut-
offs are reported for the global MPI. The 
union MPI – which identifies a person as 
poor if they experience deprivation in any 
indicator – is reported, with its associat-
ed statistics, as using the poverty cutoff of 
1%. Every person with a score c between 
1/5 and 1/3 is identified as belonging to 
a band of people who are still vulnerable 
to multidimensional poverty. And every 
person with a score c of 1/2 (or 0.5) or 
greater is identified as (both MPI poor 
and) living in severe multidimensional 
poverty. The MPI statistics for a final cut-
off of 40% is also reported.
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School attendance
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